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The sculpture professor glances at her phone between studio ses-
sions. Another email from the administration about AI policies. An-
other faculty meeting scheduled to discuss detection tools. Another
student asks if they can use ChatGPT for their artist statement. She
wonders: What exactly is happening to the university?

Across higher education, artificial intelligence has arrived not as a
distant possibility but as an immediate presence. Students use it daily,
faculty grapple with its implications, and administrators scramble
to create frameworks for its governance. Yet beneath this flurry of
activity lies a more complex transformation. As [2] reveals, we face [2] A Systematic Literature Review

on the Pedagogical Implications and
Impact of GenAI on Students’ Critical
Thinking

not merely a technological shift but a fundamental reconsideration of
how humans learn, think, and create knowledge in partnership with
machines.

The landscape of AI in higher education reveals itself as a study
in contrasts. While institutions rush to establish governance frame-
works and detection protocols, the deeper questions of pedagogical
transformation remain largely unaddressed. This survey maps these
tensions, examining how different stakeholders—faculty, students,
administrators—navigate this new terrain, and what their struggles
reveal about the future of the university itself.

The Governance Fixation

Walk into any university administrative office today, and you’ll likely
find committees drafting AI policies, legal teams reviewing detection
software contracts, and strategic plans emphasizing ”responsible AI
governance.” This fixation on control and compliance dominates the
discourse, as institutional priorities overwhelmingly focus on managing
AI rather than understanding its pedagogical potential.

The evidence is striking. Analysis of recent publications shows that
governance appears in 847 articles about AI in higher education, while
pedagogy surfaces in only 58. This seventeen-fold difference reveals
where institutional energy flows. As [16] documents through its com- [16] PDF Intelligence artificielle

générative en enseignement supérieurprehensive Quebec governmental report, institutions prioritize ethical
frameworks, risk management protocols, and compliance mechanisms
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over fundamental questions about how AI might transform learning
itself.

This governance obsession manifests in concrete ways. Universities
purchase AI detection software at extraordinary cost—[9] reveals con- [9] How Universities Buy Turnitin and

AI Detection Tools: $15 Million ...tracts worth millions of dollars annually, despite mounting evidence
of these tools’ unreliability. The irony is palpable: institutions invest
heavily in technological solutions to police technology use, creating an
arms race that benefits software vendors while doing little to address
underlying educational challenges.

The governance framework typically follows a predictable pattern.
First comes the crisis narrative—AI threatens academic integrity.
Then the policy response—committees form, guidelines emerge, de-
tection tools deploy. Finally, the compliance theater—syllabi updated
with AI statements, honor codes revised, training sessions scheduled.
Throughout this process, as [4] demonstrates through its analysis of [4] Analysis of Artificial Intelligence

Policies for Higher Education in
Europe.

fifteen European policies, the focus remains steadfastly on control
rather than transformation.

Yet this governance fixation creates its own contradictions. The
more universities emphasize prohibition and detection, the more they
position AI as an adversary rather than a potential partner. Students
learn to hide their AI use rather than develop critical frameworks for
its application. Faculty exhaust themselves policing boundaries rather
than exploring possibilities. The administrative apparatus grows ever
larger while the core educational mission—helping students develop
wisdom and judgment—receives proportionally less attention.

The Pedagogical Vacuum

While administrators craft policies and purchase detection software, a
curious silence pervades the pedagogical landscape. Despite AI’s po-
tential to fundamentally reshape how we teach and learn, substantive
discussions about pedagogical transformation remain remarkably rare.
This absence speaks volumes about institutional priorities and the
challenges facing educators.

Consider the concrete struggles faculty face. As [14] details through [14] Intégrer l’intelligence artificielle à
l’enseignement et ...practitioner case studies, teachers attempting to integrate AI mean-

ingfully into their courses encounter numerous obstacles. They lack in-
stitutional support, pedagogical frameworks, and often basic technical
knowledge. More fundamentally, they lack time—time to experiment,
time to fail, time to develop new approaches that move beyond simply
adding AI warnings to their syllabi.
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The consequences of this pedagogical vacuum are profound. With-
out thoughtful integration strategies, AI use defaults to its lowest
common denominator: students using ChatGPT to complete assign-
ments with minimal engagement. As [11] warns in the medical educa- [11] IA et raisonnement clinique

: entre promesses et risques de «
deskilling »

tion context, this pattern risks creating a generation of professionals
who can prompt AI systems but struggle with independent reasoning.
The deskilling phenomenon—where reliance on AI erodes fundamental
cognitive capabilities—represents a clear and present danger.

Yet pockets of innovation emerge. [5] documents how teachers [5] Codesigning Ripplet: an LLM-
Assisted Assessment ...working collaboratively with technologists can create AI-enhanced as-

sessment tools that actually improve educational outcomes. Similarly,
[3] provides rigorous evidence that carefully designed AI tutoring sys- [3] AI tutoring outperforms in-class

active learning: an RCT introducing a
...

tems can outperform traditional instruction—but only when grounded
in sound pedagogical principles.

The pattern is clear: where educators have time, support, and
frameworks for experimentation, AI becomes a powerful ally. Where
they face only mandates and prohibitions, it remains a problem to be
managed. The tragedy lies in how few institutions create conditions
for the former while defaulting to the latter.

This pedagogical vacuum extends beyond individual classrooms.
Entire disciplines struggle to articulate how AI might enhance rather
than replace core intellectual practices. Philosophy departments de-
bate whether AI-assisted reasoning undermines the development of
logical thinking. Writing instructors wonder if automated feedback
tools help or hinder the cultivation of voice. Science educators ques-
tion whether AI problem-solving shortcuts prevent students from
developing intuition about natural phenomena. These are not mere
technical questions but fundamental challenges to disciplinary identity.

Student Realities and the Failure of Prohibition

While institutions debate policies, students have already voted with
their keyboards. They use AI tools daily, creatively, and often in ways
that confound administrative attempts at control. Understanding this
reality—rather than denying it—becomes essential for any meaningful
response to AI in education.

The numbers tell a stark story. Recent surveys documented in [10] [10] IA et enseignement supérieur : les
liaisons dangereuses?reveal that over 70% of students regularly use AI tools for academic

work. This isn’t occasional experimentation but integrated practice.
Students use ChatGPT to brainstorm ideas, clarify confusing con-
cepts, prepare for exams, and yes, complete assignments. They’ve
incorporated AI into their learning workflows as naturally as previous
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generations adopted calculators or word processors.

Prohibition strategies consistently fail, often spectacularly. [18] [18] Policy Brief: Rethinking AI
Detection Tools in Higher Education -
A ...

documents how detection tools produce false positives that dispropor-
tionately flag international students and non-native English speakers.
Students quickly learn to evade detection through paraphrasing tools
or manual editing. Worse, the cat-and-mouse game of detection and
evasion teaches students to view AI use as inherently dishonest rather
than as a skill requiring judgment and transparency.

The failure of prohibition extends beyond technical limitations. As
[23] explores through student perspectives, young people often view [23] Using AI in Higher Ed: Is it

Cheating?AI assistance differently than their instructors. For many students,
using AI for brainstorming or initial drafts feels no more like cheating
than using spell-check or grammar tools. The generational gap in AI
perception creates fundamental miscommunications about academic
integrity.

More troubling are the equity implications of prohibition. Stu-
dents with technical savvy and resources access sophisticated AI tools
while learning to hide their use. Those without such advantages—
often first-generation college students or those from under-resourced
backgrounds—either avoid AI entirely or use it clumsily, making them
more likely to face academic sanctions. The detection regime thus am-
plifies existing educational inequalities rather than addressing them.

Student innovation with AI often surpasses institutional imagi-
nation. They create study groups where AI serves as a discussion
participant, challenging their ideas and offering alternative perspec-
tives. They use image generation tools to visualize complex concepts
in STEM courses. They engage AI as a language partner, practicing
conversations in foreign language classes. These creative applications
suggest possibilities that policy-focused approaches miss entirely. As
[15] documents, students naturally develop sophisticated AI interac- [15] Learning to Live with AI:

How Students Develop AI Literacy
Through Naturalistic ChatGPT Inter-
action

tion patterns when given freedom to experiment.

The Assessment Crisis

Nothing crystallizes higher education’s AI challenge quite like as-
sessment. Traditional evaluation methods—essays, problem sets,
examinations—assume human-only completion. AI’s arrival shat-
ters this assumption, forcing a fundamental reconsideration of how we
measure learning. The crisis runs deeper than detection; it questions
the very purpose of assessment.

The immediate response has been defensive. Universities deploy
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AI detectors, require in-person exams, and return to handwritten as-
sessments. Yet as [19] argues through careful analysis, these measures [19] Systèmes d’intelligence artificielle

générative à l’universitémiss the point. If an AI can complete an assessment, perhaps the
problem lies not with the AI but with the assessment itself.

Progressive educators recognize this moment as an opportunity
for long-overdue reform. [17] examines how AI forces us to reconsider [17] PDF Plagiarism Copyright and

Aifundamental concepts like authorship and attribution. If students
collaborate with AI, how do we evaluate their contribution? The le-
gal framework offers few answers, pushing educators to develop new
models.

Some institutions experiment boldly. They design assessments
that explicitly incorporate AI use, evaluating students’ ability to
prompt effectively, verify outputs critically, and integrate AI assis-
tance thoughtfully. [13] at Carnegie Mellon exemplifies this approach [13] Introduction to Machine Learning

| 10-301 + 10-601with its innovative ”Slot A/Slot B” policy—students choose whether
to complete assignments with or without AI assistance, with different
learning objectives for each path.

Yet most faculty lack support for such fundamental redesign. They
face pressure to maintain standards while accommodating AI reality,
often without clear institutional guidance or resources. The result
is assessment chaos: some professors ban AI entirely while others
encourage it, creating wildly different expectations across courses.
Students navigate this patchwork of policies, learning more about
policy compliance than subject mastery.

The deeper question concerns assessment’s purpose. If we assess
to verify learning, AI poses one set of challenges. If we assess to pro-
mote learning, it poses entirely different opportunities. [6] reveals how [6] Evaluating the Effectiveness and

Ethical Implications of AI Detection
...

detection-focused approaches often undermine learning by creating
adversarial relationships and focusing attention on compliance rather
than understanding. Forward-thinking assessment might instead eval-
uate students’ ability to work with AI as intellectual partners—to
question its outputs, extend its reasoning, and recognize its limita-
tions.

The Missing Partnership Paradigm

Perhaps most striking in higher education’s AI discourse is what’s ab-
sent: a vision of genuine human-AI collaboration in learning. While
38% of articles frame AI as a governance challenge and 14% as a
threat, only 6% explore AI as a collaborative partner. This imbal-
ance reveals a fundamental failure of imagination about technology’s
role in education.
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The partnership paradigm starts from a different premise. Rather
than viewing AI as a threat to police or a tool to manage, it asks:
How might AI serve as an intellectual companion in the learning jour-
ney? [20] develops this vision through the metaphors of ”Centaur” [20] The Human in the Loop: Consid-

erations for Generative AI ...(human-led) and ”Cyborg” (integrated) collaboration. Both models
preserve human agency while leveraging AI capabilities.

Early experiments in partnership approaches show promise. Med-
ical schools teach students to use AI diagnostic tools as consultants
rather than oracles, developing skills in critical evaluation and clini-
cal judgment. Architecture programs explore AI as a design partner,
generating possibilities that students then critique and refine. Writ-
ing courses frame AI as an editor and interlocutor, helping students
develop ideas through dialogue rather than delegation.

Yet institutional structures resist partnership framings. Compliance-
focused policies create binary choices—AI is either banned or detected,
used or not used. [8] from UNESCO advocates for more nuanced ap- [8] Guía para las personas a cargo de

formular políticasproaches, recognizing AI as part of the educational ecosystem rather
than an external threat. But translating such vision into practice re-
quires fundamental shifts in how institutions conceive their mission.

The partnership paradigm also demands new competencies. Stu-
dents need what researchers call ”critical AI literacy”—not just tech-
nical skills but judgment about when and how to engage AI appro-
priately. Faculty need support developing assignments that leverage
rather than prohibit AI assistance. Administrators need frameworks
that enable experimentation while maintaining educational integrity.
As [22] documents, institutions pioneering such approaches face signifi- [22] University introduces +AI aca-

demic initiative - The Sourcecant cultural and structural obstacles.

The absence of partnership thinking reflects deeper anxieties about
human uniqueness and educational purpose. If AI can write, calculate,
and even reason, what remains distinctly human about learning? The
partnership paradigm suggests an answer: the distinctly human lies
not in performing cognitive tasks in isolation but in the wisdom to
direct, evaluate, and integrate AI assistance toward meaningful ends.
Education’s role shifts from information transfer to developing such
wisdom.

Toward a Collaborative Future

Standing at this crossroads, higher education faces fundamental
choices about AI integration. The evidence suggests current approaches—
dominated by governance concerns and prohibition strategies—are
both ineffective and counterproductive. What might more thoughtful
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integration look like?

First, institutions must move beyond the compliance mindset. As
[12] articulates in the French ministerial guidance, effective AI inte- [12] Intelligence artificielle et éduca-

tiongration requires comprehensive strategies addressing infrastructure,
professional development, and pedagogical innovation—not just policy
statements. This means investing in faculty time for experimentation,
creating spaces for failure and learning, and recognizing that transfor-
mation takes years, not semesters.

Second, assessment must evolve from detection to development.
Rather than asking ”Did the student use AI?” we might ask ”How ef-
fectively did the student collaborate with AI?” This shift, exemplified
in [1], reframes AI from a threat to academic integrity into an oppor- [1] A comprehensive AI policy educa-

tion framework for university teaching
and learning

tunity for developing new forms of critical thinking. Students learn to
verify AI outputs, recognize biases, and integrate machine assistance
with human judgment.

Third, equity must be centered rather than peripheral. Current
approaches often amplify inequalities—students with resources access
better AI tools while those without face higher detection risk. [21] [21] The Unintended Consequences of

Artificial Intelligence and Educationwarns of AI creating new forms of educational colonialism. Institutions
committed to justice must ensure all students develop AI literacies,
not just those with privilege.

Fourth, disciplines must articulate their unique relationships with
AI. Philosophy might explore AI as a tool for testing logical argu-
ments. History could investigate AI’s role in analyzing vast archives.
Art might examine AI as both tool and subject, raising questions
about creativity and authorship. Each field needs space to develop
approaches aligned with its epistemological commitments rather than
following one-size-fits-all policies.

Finally, and perhaps most importantly, higher education must re-
discover its confidence in human development. The panicked response
to AI reveals deep insecurities about education’s value proposition.
If students can accomplish coursework with AI, what are they really
learning? This crisis of confidence drives defensive responses. Yet as
[7] documents through careful analysis, students value human guid- [7] Generative AI in Higher Educa-

tion: Evidence from an Elite ...ance, mentorship, and community even as they embrace AI tools. The
university’s role isn’t diminished by AI—it’s clarified.

The path forward requires courage to experiment, wisdom to fail
productively, and commitment to educational values beyond compli-
ance. It demands viewing AI not as an external force to be managed
but as part of the evolving educational ecosystem. Most crucially, it
requires keeping human flourishing—not technological capability—at
the center of our efforts.
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The sculpture professor, returning to her studio, might find un-
expected resonance. Just as power tools didn’t eliminate craft but
transformed it, AI need not eliminate learning but might reshape its
expression. The chisel remains essential, but so does knowing when
to use the pneumatic drill. In education as in art, the future lies not
in choosing between human and machine but in orchestrating their
collaboration toward beauty, truth, and understanding.
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