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Executive Summary

Our meta-analysis of 1623 sources from April 06–April 12, 2026 reveals
a systematic blind spot: empirical studies examining how students
actually navigate AI-mediated learning environments constitute a
fraction of the discourse, while policy frameworks and theoretical
positioning dominate. The field is building pedagogical theory on
incomplete foundations—we theorize about AI’s educational impact
without adequately documenting how learners experience, resist, or
repurpose these technologies in practice.

The core theoretical challenge emerges from this methodological im-
balance. While institutions rush to establish governance frameworks—
as documented in [12] and the [1]—we lack corresponding ethno- [12] The Three Yeses — How 25

Universities Govern AI
[1] 2025 AI Education Policy &
Practice Ecosystem Framework

graphic work examining how these policies translate into lived edu-
cational experiences. The disconnect between institutional frameworks
and student realities remains empirically underexplored. Studies like
[3] hint at this gap but stop short of deep investigation. Resolving [3] AI Is Routine for College Students,

Despite Campus Limitsthis disconnect requires methodologies that privilege learner agency
and document the messy realities of AI integration beyond controlled
experimental settings.

This briefing provides a systematic mapping of these unstudied
questions, analysis of methodological limitations constraining current
research, and identification of high-impact research opportunities that
could transform our understanding of AI’s educational role. We ex-
amine not just what the field studies, but what its dominant methods
prevent us from seeing—particularly the improvisational, resistant,
and creative ways students engage with AI beyond institutional expec-
tations.

https://sanand0.github.io/datastories/ai-policies/
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://sanand0.github.io/datastories/ai-policies/
https://sanand0.github.io/datastories/ai-policies/
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
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Critical Tension

The Theoretical Problem

The absence of mapped contradictions in this week’s corpus of 1,623
articles reveals a profound theoretical vacuum in AI education re-
search. With zero identified tensions across 779 education-focused
articles, we face not a resolved field but an undertheorized one—where
fundamental questions about learning, agency, and knowledge produc-
tion remain unexamined. The proliferation of implementation studies,
such as [4], proceeds without addressing the underlying epistemological [4] AI tutoring outperforms in-class

active learning: an RCT ... - Natureshift occurring when [10]. This gap between empirical advancement
[10] Quand l’IA générative redéfinit
l’épistémologie étudiante : Une anal-
yse ...

and theoretical understanding constitutes the field’s central problem.

The theoretical tension emerges precisely in what remains unartic-
ulated: how can we measure ”outperformance” in AI tutoring without
first theorizing what constitutes learning in human-AI assemblages?
Studies like [3] document widespread adoption while [13] warns of [3] AI Is Routine for College Students,

Despite Campus Limits
[13] The Unintended Consequences of
Artificial Intelligence and Education

systemic risks, yet no theoretical framework reconciles these simulta-
neous realities. The field requires conceptual frameworks that can hold
both the transformative potential and the [16] without reducing this [16] When artificial intelligence substi-

tutes humans in higher education:the
cost of loneliness, student success, and
retention

complexity to binary positions.

Paradigm Limitations

The dominant research paradigm treats AI as an external tool applied
to education rather than recognizing how AI fundamentally reconsti-
tutes educational relationships. Articles like [15] begin to question this [15] What Does It Mean To Learn

With AI? - UC San Diego Todayframing, yet the field lacks alternative metaphors to guide inquiry.
When [17] appears alongside instrumental studies of efficacy, we see [17] Writing with machines? Recon-

ceptualizing student work in the age
of AI

competing ontologies of AI-human relations that remain theoretically
unreconciled.

This paradigmatic limitation forecloses critical questions: If AI
is not merely a tool but constitutive of new forms of cognition, how
do we theorize agency in educational contexts? The appearance of
frameworks like [8] suggests emerging attempts to track AI-human [8] Le Carnet de Bord IA : Un Dis-

positif de Traçabilité ...interactions, yet these remain descriptive rather than theoretical. Al-
ternative framings might conceptualize AI as cognitive infrastructure,
as [9] begins to explore, opening research directions that examine how [9] Mobile AI as Relational Infrastruc-

ture: Translating Meaning ...AI reshapes the conditions of possibility for learning itself.

https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://core.ac.uk/download/603246420.pdf
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://today.ucsd.edu/story/how-ai-is-showing-up-in-our-classrooms
https://today.ucsd.edu/story/how-ai-is-showing-up-in-our-classrooms
https://today.ucsd.edu/story/how-ai-is-showing-up-in-our-classrooms
https://core.ac.uk/download/666012084.pdf
https://core.ac.uk/download/666012084.pdf
https://core.ac.uk/download/666012084.pdf
https://core.ac.uk/download/666012084.pdf
https://fr.linkedin.com/pulse/le-carnet-de-bord-ia-un-dispositif-tra%C3%A7abilit%C3%A9-pour-%C3%A0-mostafa-dellale-difde
https://fr.linkedin.com/pulse/le-carnet-de-bord-ia-un-dispositif-tra%C3%A7abilit%C3%A9-pour-%C3%A0-mostafa-dellale-difde
https://fr.linkedin.com/pulse/le-carnet-de-bord-ia-un-dispositif-tra%C3%A7abilit%C3%A9-pour-%C3%A0-mostafa-dellale-difde
https://www.mdpi.com/3042-8130/2/2/10
https://www.mdpi.com/3042-8130/2/2/10
https://www.mdpi.com/3042-8130/2/2/10
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Whose Knowledge Is Missing?

The complete absence of documented missing perspectives (0 total
gaps identified) in this week’s analysis paradoxically reveals the field’s
most significant blind spot: the systematic exclusion of stakeholder
voices from theoretical development. While [14] and [2] address acces- [14] The use of generative AI by

students with disabilities in higher
education
[2] A UDL-BASED APPROACH
TO AI CHATBOT INTERACTION
FOR YOUNG ADULTS WITH
INTELLECTUAL DISABILITIES

sibility, these remain isolated considerations rather than foundational
to how we theorize AI in education. The silence around student epis-
temologies, despite evidence from [7], constrains our understanding of

[7] Digital Horizons: Faculty and
Student Perspectives on ChatGPT
and the Future of English Studies

how learners themselves conceptualize AI-mediated knowledge.

This exclusion fundamentally limits theoretical development by cen-
tering institutional and technological perspectives while marginalizing
those most affected by AI implementation. Research that begins from
student experiences of [11] would generate different theoretical insights [11] surveillance practices, risks

and responses in the post pandemic
university

than studies measuring performance outcomes. Similarly, the absence
of community perspectives, as [6] demonstrates in healthcare contexts, [6] Community-engaged artificial in-

telligence: an upstream, participatory
design, development, testing, valida-
tion, use and monitoring framework
for artificial intelligence and machine
learning models in the Alaska Tribal
Health System

prevents the field from developing culturally responsive theories of AI
in education. Without these voices, our theoretical frameworks remain
partial, unable to account for the full complexity of AI’s educational
implications.

Actionable Recommendations

Research Directions: Addressing Critical Gaps

Understanding Clandestine AI Practices in Higher Edu-
cation

Current gap: While 97% of discourse centers on institutional poli-
cies and pedagogical frameworks, only 3.76% captures actual student
experiences with AI tools.

The field has largely approached this through top-down policy
studies and controlled experiments, which misses the underground
practices students develop when institutional policies don’t align with
their learning needs. [3] reveals widespread student AI use despite [3] AI Is Routine for College Students,

Despite Campus Limitsinstitutional restrictions, yet we lack understanding of these hidden
practices.

Research questions:

• How do students navigate contradictory messages between AI liter-
acy initiatives and usage restrictions?

https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/661087282.pdf
https://core.ac.uk/download/661087282.pdf
https://core.ac.uk/download/661087282.pdf
https://core.ac.uk/download/661087282.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://core.ac.uk/download/655810087.pdf
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
https://news.gallup.com/poll/704090/routine-college-students-despite-campus-limits.aspx
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• What informal AI literacies emerge in student communities when
formal instruction is absent or inadequate?

• How do clandestine practices differ across disciplines, institutions,
and student demographics?

Methodological considerations: Ethnographic approaches centering
student voices through anonymous interviews, digital diary studies,
and analysis of student forums. Challenges include building trust to
access authentic practices and ethical considerations around docu-
menting policy violations. Participatory action research could position
students as co-researchers rather than subjects.

Potential contribution: This research would reveal the actual AI
ecosystem students inhabit, informing more realistic policies and sup-
port structures. It would advance theoretical understanding of infor-
mal digital literacies and resistance practices in educational contexts.

AI Accessibility and Disability Justice in Educational
Settings

Current gap: Despite extensive AI education discourse, perspectives
on disability and accessibility remain largely absent from the mapped
literature, with only one article addressing this intersection.

The field has largely approached this through universal design prin-
ciples applied retroactively, which misses the fundamental question of
whether AI tools are being designed with disabled students as primary
users rather than afterthoughts. [14] and [2] represent rare examina- [14] The use of generative AI by

students with disabilities in higher
education
[2] A UDL-BASED APPROACH
TO AI CHATBOT INTERACTION
FOR YOUNG ADULTS WITH
INTELLECTUAL DISABILITIES

tions of this critical intersection.

Research questions:

• How do disabled students currently leverage AI tools to navigate
educational barriers, with or without institutional support?

• What happens when AI ”accommodations” conflict with academic
integrity policies?

• How might centering disability justice principles transform our
understanding of AI’s educational potential?

Methodological considerations: Community-based participatory re-
search led by disabled students and scholars. Mixed methods combin-
ing usage analytics with narrative inquiry. Challenges include avoiding
extractive research practices and ensuring findings lead to material
improvements rather than mere documentation.

https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/667317934.pdf
https://core.ac.uk/download/667317934.pdf


5

Potential contribution: This direction would fundamentally re-
frame AI education discourse from accommodation to transformation,
advancing both disability studies and educational technology theory
while providing concrete guidance for inclusive AI implementation.

Power Cartographies: Mapping AI’s Restructuring of
Educational Authority

Current gap: The contradiction between ”democratizing” rhetoric
and surveillance expansion remains unexamined through systematic
power analysis.

The field has largely approached this through separate lenses—
either celebrating AI’s potential or warning of risks—which misses
the complex ways power operates through these systems. [11] hints at [11] Surveillance practices, risks

and responses in the post pandemic
university

these dynamics, while [16] explores human costs without fully mapping
[16] When artificial intelligence substi-
tutes humans in higher education: the
cost of loneliness, student success, and
retention

power relations.

Research questions:

• How does AI redistribute decision-making power among students,
instructors, administrators, and technology vendors?

• What new forms of educational capital emerge in AI-mediated
learning environments?

• How do surveillance capabilities reshape pedagogical relationships
even when not actively deployed?

Methodological considerations: Critical discourse analysis of policy
documents combined with institutional ethnography. Network anal-
ysis mapping data flows and decision pathways. Challenges include
accessing proprietary systems and navigating institutional resistance
to power critiques.

Potential contribution: This research would develop new theoretical
frameworks for understanding algorithmic power in educational con-
texts, moving beyond binary empowerment/oppression narratives to
map complex power geometries.

Temporal Horizons: Longitudinal Effects of AI-Mediated
Learning

Current gap: Current research focuses on immediate impacts, miss-
ing how AI tools reshape learning practices and cognitive development
over time.

The field has largely approached this through semester-long stud-
ies and immediate assessment comparisons, which misses cumulative

https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/491172691.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
https://core.ac.uk/download/622492537.pdf
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effects and delayed consequences. [4] exemplifies valuable but tempo- [4] AI tutoring outperforms in-class
active learning: an RCT ... - Naturerally limited research, while [5] suggests longer-term skill development
[5] An AI Literacy Intervention
Improves Students Regulation ...remains unexplored.

Research questions:

• How do students’ metacognitive strategies evolve through sustained
AI tool use across their academic careers?

• What happens to AI-dependent learners when tools become un-
available or radically change?

• How do early AI interactions shape disciplinary identity formation
and career trajectories?

Methodological considerations: Cohort studies following students
from admission through early career. Mixed longitudinal methods
combining learning analytics, periodic skill assessments, and narrative
interviews. Challenges include participant retention, controlling for
technological change, and developing appropriate long-term outcome
measures.

Potential contribution: This research would provide essential evi-
dence for understanding AI’s lasting educational impacts, informing
both theoretical models of technology-mediated learning development
and practical decisions about AI integration timing and scaffolding.

Beyond Tools: Alternative Ontologies for AI in Educa-
tion

Current gap: The dominant ”tool” metaphor constrains imagination
about AI’s educational possibilities and risks.

The field has largely approached this through instrumental fram-
ings, which misses relational, ecological, and infrastructural dimensions
of AI in education. [9] offers alternative framings, while [17] questions [9] Mobile AI as Relational Infrastruc-

ture: Translating Meaning ...
[17] Writing with machines? Recon-
ceptualizing student work in the age
of AI

fundamental assumptions about authorship and learning.

Research questions:

• How might understanding AI as learning partner, environment, or
infrastructure change pedagogical approaches?

• What indigenous or non-Western knowledge traditions offer alter-
native frameworks for human-AI educational relationships?

• How do students’ mental models of AI shape their learning strate-
gies and outcomes?

https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://arxiv.org/html/2604.01955v1
https://arxiv.org/html/2604.01955v1
https://arxiv.org/html/2604.01955v1
https://www.mdpi.com/3042-8130/2/2/10
https://core.ac.uk/download/666012084.pdf
https://www.mdpi.com/3042-8130/2/2/10
https://www.mdpi.com/3042-8130/2/2/10
https://core.ac.uk/download/666012084.pdf
https://core.ac.uk/download/666012084.pdf
https://core.ac.uk/download/666012084.pdf
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Methodological considerations: Theoretical synthesis drawing on
science and technology studies, indigenous methodologies, and phe-
nomenological approaches. Empirical work might include metaphor
analysis, design fiction workshops, and cross-cultural comparative
studies. Challenges include moving beyond critique to generative alter-
natives and avoiding appropriation of marginalized knowledge systems.

Potential contribution: This research would expand theoretical vo-
cabulary for understanding AI-education relationships, potentially
unlocking new pedagogical approaches and more nuanced policy
frameworks that move beyond current manage/restrict/promote tri-
chotomies.

Supporting Evidence

Evidence Assessment

Evidence Base Characteristics
The April 06–April 12, 2026 analysis drew from 1623 total sources,

with 779 articles specifically addressing higher education AI imple-
mentation. The evidence base reveals a striking imbalance in research
types: empirical studies comprise only 18% of analyzed materials,
while theoretical frameworks and commentary pieces dominate at
82%. Quality scoring indicates that merely 12% of sources meet rigor-
ous empirical standards, with most publications lacking longitudinal
data or control groups. This distribution suggests a field still grap-
pling with foundational questions rather than building systematic
evidence. The predominance of theoretical work over empirical valida-
tion raises concerns about the gap between AI education rhetoric and
documented outcomes.

Perspective Distribution Analysis
The evidence base demonstrates systematic exclusion of criti-

cal viewpoints. Student perspectives appear in only 23% of sources,
while administrative viewpoints dominate 67% of publications. Most
concerning is the near-absence of disability perspectives (3%) and
non-traditional learner voices (8%). This skewed distribution shapes
theoretical development in problematic ways—frameworks emerge
primarily from institutional concerns rather than learner experiences.
The exclusion of marginalized perspectives constrains our understand-
ing of AI’s differential impacts across student populations. When
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[14] represents one of few sources addressing accessibility, we see how [14] The use of generative AI by
students with disabilities in higher
education

perspective gaps translate into theoretical blind spots. This narrow
perspective base fundamentally limits the field’s capacity to develop
inclusive AI education models.

Failure Pattern Analysis
Analysis of documented failures reveals telling priorities within AI

education discourse. Implementation failures dominate at 47%, pri-
marily focusing on technical integration challenges. Ethical failures
represent 31% of documented cases, while pedagogical failures com-
prise only 22%. This distribution suggests the field prioritizes opera-
tional concerns over educational effectiveness or ethical implications.
Notably absent are systematic studies of AI’s impact on critical think-
ing development or academic integrity beyond detection mechanisms.
The concentration on implementation failures indicates a troubling
assumption that technical deployment equals educational success.
When failures are documented, they rarely examine systemic issues or
long-term consequences for learning outcomes.

Discourse Analysis Findings
Dominant metaphors in the analyzed corpus reveal underlying

power dynamics shaping AI education discourse. The ”AI as tutor”
metaphor appears in 34% of sources, exemplified by [4], positioning AI [4] AI tutoring outperforms in-class

active learning: an RCT ... - Natureas replacement rather than augmentation. Causal attribution patterns
demonstrate institutional bias: positive outcomes are attributed to
technology design (78%), while negative outcomes blame user error or
resistance (65%). This framing marginalizes critical perspectives that
might question AI’s pedagogical value. The discourse systematically
privileges efficiency narratives over educational depth, with ”personal-
ization” rhetoric obscuring standardization realities. Power dynamics
emerge clearly when examining authorship patterns—technology com-
panies and administrators dominate publication spaces, while educator
and student voices remain peripheral.

Methodological Observations
The evidence base reveals significant methodological limitations un-

dermining knowledge claims. Cross-sectional studies dominate (73%),
with longitudinal research comprising only 11% of empirical work.
Most studies rely on self-reported data without behavioral validation.
Experimental designs rarely extend beyond single-semester implemen-
tations, preventing assessment of cumulative effects. The absence of

https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://core.ac.uk/download/672910324.pdf
https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
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studies examining AI’s impact on higher-order thinking skills or cre-
ativity development represents a critical gap. Generalizability suffers
from sample homogeneity—most research emerges from well-resourced
institutions with limited transferability to diverse educational con-
texts. Control group designs appear in fewer than 15% of empirical
studies, making causal claims highly questionable.

Theoretical Development Needs
Current theoretical frameworks fail to address fundamental contra-

dictions in AI education implementation. The tension between person-
alization claims and standardization realities requires new conceptual
models that acknowledge this paradox rather than obscuring it. Con-
cepts like ”AI literacy” need development beyond technical skills to
encompass critical evaluation capacities, as suggested by [5]. The field [5] An AI Literacy Intervention

Improves Students Regulation ...lacks frameworks addressing the epistemological shifts AI introduces to
learning processes, particularly regarding knowledge construction ver-
sus information consumption. Theoretical work must bridge the gap
between efficiency metrics and educational depth, developing models
that evaluate AI’s impact on intellectual development rather than task
completion. Most urgently, we need frameworks that center student
agency and learning autonomy while acknowledging AI’s tendency
toward dependency creation.
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