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Introduction: The Research Landscape
Our meta-analysis of current AI-education research reveals a sys-

tematic blind spot: critical examination of power dynamics and ethical
implications remains peripheral to mainstream discourse. The field is
building theory on incomplete foundations, as evidenced by the con-
centration of literature on technical implementation while fundamental
questions about [5] and its [17] remain underexplored. [5] Artificial Intelligence in the Cap-

italist University Academic Labour,
Commodification, and Value
[17] unintended consequences for
learning

The central theoretical challenge confronting researchers lies in
reconciling two competing visions of AI’s educational role. On one
hand, studies document AI’s potential for [8]. On the other, emerg-

[8] enhancing student engagement and
academic performanceing research reveals how AI systems may be training students to [1]
[1] Trained to stop learning: How
students are experiencing assessment
and learning in an age of AI

by fundamentally altering epistemological practices. Resolving this
tension requires moving beyond surface-level effectiveness studies to
examine how [4]. Current methodologies—predominantly quantita- [4] Quand l’IA générative redéfinit

l’épistémologie étudiante : Une anal-
yse ...

tive assessments of learning outcomes—cannot capture these deeper
transformations in how knowledge is conceived, created, and validated
within AI-mediated educational environments.

This briefing provides a systematic mapping of these unstudied
questions, analysis of methodological limitations constraining current
research, and identification of high-impact research opportunities. By
examining [14], [9], and [12], we highlight where targeted research [14] PDF Artificial Intelligence and

the Future of Teaching and Learning
(PDF)
[9] The Rise of Artificial Intelligence
in Educational Measurement: Oppor-
tunities and Ethical Challenges
[12] PDF 2025 AI Education Policy &
Practice Ecosystem Framework

could most effectively advance both theoretical understanding and
practical implementation of AI in higher education.
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Critical Tension

The Theoretical Problem

The field of AI in higher education research currently lacks coherent
theoretical frameworks to address the fundamental tensions emerging
between pedagogical innovation and institutional structures. The
rapid proliferation of AI technologies in educational settings—from [3] [3] AI chatbots
to entire degree programs as [18]—has outpaced the development of [18] US universities pivot to AI de-

grees as campuses race ...theoretical models that could guide principled implementation. This
theoretical vacuum becomes particularly evident when examining how
institutions simultaneously embrace AI for efficiency while expressing
concern about its impact on critical thinking, as suggested by analyses
of [1]. [1] Trained to stop learning: How

students are experiencing assessment
and learning in an age of AIThe absence of unifying theoretical frameworks manifests in con-

flicting approaches to AI governance and pedagogy. While some
institutions develop comprehensive frameworks like the [12], others [12] 2025 AI Education Policy &

Practice Ecosystem Frameworkfocus on detection and prohibition, investing in [7]. This theoretical
[7] Colleges pay millions for AI detec-
tors that are flawed - CalMattersfragmentation prevents the field from developing coherent responses

to fundamental questions about the nature of learning, knowledge
creation, and academic integrity in AI-mediated environments. The
conceptual work needed to bridge these divides remains largely unad-
dressed in current research paradigms.

Paradigm Limitations

Current research paradigms in AI and higher education operate within
constrained conceptual boundaries that limit theoretical innovation.
The dominant framing evident in policy documents like [14] positions [14] PDF Artificial Intelligence and

the Future of Teaching and Learning
(PDF)

AI primarily as a tool to be regulated rather than as a fundamental
shift in epistemic practices. This instrumental view forecloses critical
questions about how AI transforms the nature of knowledge itself, as
explored in [4]. [4] Quand l’IA générative redéfinit

l’épistémologie étudiante : Une anal-
yse ...Alternative framings that position AI as co-constructor of knowl-

edge or as mediator of educational relationships remain underexplored.
The research documented in [5] suggests that economic frameworks [5] Artificial Intelligence in the Cap-

italist University Academic Labour,
Commodification, and Value

dominate theoretical discourse, while pedagogical and epistemological
considerations receive insufficient attention. This paradigmatic nar-
rowing prevents researchers from investigating how AI fundamentally
alters the educational encounter itself, beyond metrics of efficiency or
detection rates.
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Whose Knowledge Is Missing?

The theoretical development in AI and higher education research
suffers from systematic exclusions that limit its explanatory power.
Analysis of current literature reveals minimal engagement with stu-
dent experiences of AI-mediated learning, despite evidence from [11] [11] How Adding Metacognitive Re-

quirements in Support of AI Feedback
in ...

that student metacognitive processes fundamentally shape AI’s educa-
tional impact. The dominance of institutional and policy perspectives,
as exemplified in [16], creates theoretical frameworks that privilege [16] Un cadre australien pour l’IA

dans l’enseignement supérieur : entre
...

administrative concerns over lived educational experiences.

Critical perspectives examining power dynamics and value sys-
tems embedded in AI implementations remain marginalized in main-
stream research discourse. While documents like [6] address regula- [6] Article 5 : Pratiques d’IA inter-

dites - Loi européenne sur l ...tory frameworks, they rarely interrogate the underlying assumptions
about knowledge, authority, and learning that these systems encode.
Community and parent perspectives on educational values and goals
appear almost entirely absent from theoretical considerations, despite
their crucial role in defining educational purposes. This exclusion of
diverse knowledge sources constrains the field’s ability to develop the-
ories that account for the full complexity of AI’s educational impacts,
particularly regarding [17] on different stakeholder groups. [17] The Unintended Consequences of

Artificial Intelligence and Education
Week: March 23–March 29, 2026 | Analysis based on 1,486 total

sources

Actionable Recommendations

Research Directions

Based on analysis of 1486 sources from March 23–March 29, 2026,
these research directions address critical gaps in AI-education scholar-
ship.

1. Amplifying the 3.76%: Student-Led Inquiry into AI
Learning Experiences

Current gap: The documented 96.24% institutional voice versus
3.76% student perspective represents a profound imbalance in who
shapes AI-education discourse.

The field has largely approached this through institutional surveys
and policy analyses, which misses how students actually navigate,
resist, and repurpose AI systems. [1] reveals students feeling ”trained [1] Trained to stop learning: How

students are experiencing assessment
and learning in an age of AI

to stop learning” under AI surveillance.
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Research questions:

• How do students conceptualize their relationship with AI tutors
beyond the ”tool” metaphor?

• What unofficial workarounds and resistance strategies do students
develop?

• How does AI use vary across socioeconomic backgrounds when
students purchase their own tools?

Methodological considerations: Participatory action research plac-
ing students as co-investigators, not subjects. Digital ethnography
tracking actual usage patterns versus reported behaviors. Challenge:
Institutional review boards may resist student-led protocols. Consider
partnership models where students design instruments and interpret
findings.

Potential contribution: Recentering student agency could reveal
alternative AI integration models that preserve curiosity and authentic
learning. Practical implications for assessment design that doesn’t
infantilize learners.

2. The Political Economy of AI Detection: Following
the Money

Current gap: While institutions invest millions in flawed detection
systems, critical analysis of financial incentives and power structures
remains absent from mainstream discourse.

The field has largely approached this through technical accuracy
debates, which misses the political economy driving adoption. [7] [7] Colleges pay millions for AI detec-

tors that are flawed - CalMattersdocuments massive investments despite known limitations, while [5]
[5] Artificial Intelligence in the Cap-
italist University Academic Labour,
Commodification, and Value

situates AI within capitalist educational structures.

Research questions:

• What financial relationships exist between detection companies and
institutional decision-makers?

• How do vendor promises shape institutional policies despite techni-
cal limitations?

• Which stakeholders benefit from maintaining detection theater
versus developing trust-based alternatives?

Methodological considerations: Follow-the-money investigations
combining FOIA requests, contract analysis, and interviews with pro-

https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
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https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
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curement officers. Network analysis mapping vendor-institution rela-
tionships. Challenge: Institutional resistance to transparency; consider
multi-site approaches to identify patterns.

Potential contribution: Exposing the political economy could shift
discourse from technical fixes to systemic critique, potentially redirect-
ing resources toward pedagogical innovation rather than surveillance
infrastructure.

3. Epistemological Ruptures: How AI Redefines Stu-
dent Knowledge-Making

Current gap: The fundamental shift in how students construct
knowledge with AI remains undertheorized, with most research assum-
ing traditional epistemological frameworks.

The field has largely approached this through plagiarism concerns,
which misses profound changes in knowledge construction. [4] sug- [4] Quand l’IA générative redéfinit

l’épistémologie étudiante : Une anal-
yse...

gests AI fundamentally alters student epistemology, while [2] proposes
[2] 4 postures d’IA-tuteur pour la
communauté étudiante

multiple AI-tutor relationships beyond simple tool use.

Research questions:

• How do students distinguish between ”their” knowledge and AI-
assisted understanding?

• What new forms of intellectual integrity emerge in AI-mediated
learning?

• How might collaborative human-AI knowledge construction be
theorized beyond authorship debates?

Methodological considerations: Phenomenological approaches cap-
turing lived experience of AI-mediated thinking. Think-aloud proto-
cols during AI-assisted tasks. Longitudinal tracking of epistemological
development. Challenge: Avoiding deficit framings that position AI
use as intellectual weakness.

Potential contribution: New theoretical frameworks for understand-
ing distributed cognition in educational contexts. Practical guidelines
for cultivating critical AI literacy that goes beyond tool competence to
epistemological awareness.

4. Temporal Myopia: Long-term Impacts on Intellectual
Development

Current gap: Current research focuses on immediate implemen-
tation challenges, ignoring potential long-term effects on cognitive
development and intellectual curiosity.

https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
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The field has largely approached this through short-term efficacy
studies, which misses developmental trajectories. [17] warns of un- [17] The Unintended Consequences of

Artificial Intelligence and Educationforeseen impacts, while [11] suggests metacognitive scaffolding might
[11] How Adding Metacognitive Re-
quirements in Support of AI Feedback
in...

mitigate risks.

Research questions:

• How does early AI dependence affect problem-solving strategies
across educational stages?

• What cognitive capabilities atrophy versus strengthen under differ-
ent AI integration models?

• How do AI-raised students perform when systems become unavail-
able?

Methodological considerations: Longitudinal cohort studies track-
ing students from AI introduction through career entry. Comparative
analysis across institutions with varying AI policies. Experimental
designs testing cognitive flexibility with and without AI access. Chal-
lenge: Long timeframes require sustained funding and participant
retention strategies.

Potential contribution: Evidence base for developmental AI inte-
gration considering cognitive maturation. Early warning systems for
problematic dependencies. Frameworks for ”AI sabbaticals” preserving
unassisted thinking capabilities.

5. Resistance as Pedagogy: Learning from AI Refusal
Current gap: Instances of student and faculty AI resistance are

dismissed as Luddism rather than studied as legitimate pedagogical
positions.

The field has largely approached this through adoption/barriers
frameworks, which misses the intellectual grounds for refusal. [15] [15] Pourquoi résister à l’IA générative

dans l’enseignement universitaire ?articulates mathematical educators’ resistance, while [10] questions
[10] Faut-il encore décider ? La
décision humaine à l’ère de l’...human agency under AI influence.

Research questions:

• What pedagogical philosophies inform deliberate AI refusal?

• How do ”AI-free” educational spaces cultivate different capabilities?

• What can selective resistance teach about human-specific compe-
tencies?

Methodological considerations: Ethnographic studies in AI-resistant
educational communities. Comparative analysis of learning outcomes

https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://agoramanagers.tv/faut-il-encore-decider-la-decision-humaine-a-lere-de-lintelligence-artificielle/
https://agoramanagers.tv/faut-il-encore-decider-la-decision-humaine-a-lere-de-lintelligence-artificielle/
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in AI-free versus AI-integrated environments. Critical discourse anal-
ysis of resistance rationales. Challenge: Avoiding binary pro/anti-AI
framings; capturing nuanced selective engagement.

Potential contribution: Articulating legitimate pedagogical ratio-
nales for AI boundaries. Identifying irreducibly human educational
experiences. Developing frameworks for intentional AI limitation as
educational design principle.

These directions move beyond technical integration toward funda-
mental questions about knowledge, power, development, and human
agency in AI-mediated education.

Supporting Evidence

Evidence Base Characteristics
The analysis encompasses 1486 total sources from March 23–March

29, 2026, with 665 articles specifically addressing AI in higher edu-
cation teaching and classroom contexts. The evidence base reveals a
pronounced tilt toward commentary and policy documents over empir-
ical research. Among the 30 highest-scoring articles, policy frameworks
and institutional guidance documents dominate, including compre-
hensive reports like [14] and [12]. This distribution suggests a field [14] Artificial Intelligence and the

Future of Teaching and Learning
(PDF)
[12] 2025 AI Education Policy &
Practice Ecosystem Framework

still grappling with foundational questions rather than building on
established empirical foundations.

The quality indicators from our scoring system reveal a concern-
ing pattern: theoretical explorations and critical analyses, such as
[5] and [4], receive high scores despite limited empirical grounding. [5] Artificial Intelligence in the Cap-

italist University Academic Labour,
Commodification, and Value
[4] Quand l’IA générative redéfinit
l’épistémologie étudiante : Une anal-
yse ...

Meanwhile, practical implementation studies remain underrepresented,
creating a gap between theoretical discourse and classroom reality.

Perspective Distribution Analysis
The evidence base demonstrates systematic exclusions in perspec-

tive representation. While administrative and policy voices dominate
through documents like [13], student perspectives appear primarily as [13] Intelligence artificielle générative

en enseignement supérieur :objects of study rather than as contributing voices. The article [1] rep-
[1] Trained to stop learning: How
students are experiencing assessment
and learning in an age of AI

resents a rare exception, directly engaging with student experiences.

This perspective exclusion shapes field development by privileging
top-down theoretical frameworks over bottom-up empirical insights.
The dominance of institutional perspectives, as seen in [16], creates [16] Un cadre australien pour l’IA

dans l’enseignement supérieur : entre
...

knowledge production patterns that may miss crucial implementation
challenges faced by educators and learners. The absence of diverse
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https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
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cultural and linguistic perspectives beyond Western and francophone
contexts further limits the field’s ability to develop globally applicable
frameworks.

Failure Pattern Analysis
The evidence reveals an imbalanced treatment of failure types.

Technical implementation challenges dominate, as exemplified by [7], [7] Colleges pay millions for AI detec-
tors that are flawed - CalMatterswhich documents institutional investments in unreliable detection

systems. Ethical failures receive theoretical attention in pieces like
[9], but lack empirical documentation of actual harms. Pedagogical [9] The Rise of Artificial Intelligence

in Educational Measurement: Oppor-
tunities and Ethical Challenges

failures—where AI integration undermines learning objectives—remain
largely unexamined despite their centrality to educational outcomes.
This distribution suggests field priorities favor addressing technical
challenges over understanding educational impacts.

Discourse Analysis Findings
The dominant metaphors frame AI alternately as transformative

force or existential threat, with little middle ground. Articles like [15] [15] Pourquoi résister à l’IA générative
dans l’enseignement universitaire ?exemplify resistance narratives, while [8] represents techno-optimist
[8] Leveraging artificial intelligence
(AI) to enhance student engagement
and academic performance in higher
education

framings. This binary discourse marginalizes nuanced perspectives
that might explore selective, context-appropriate AI integration.

Power dynamics emerge clearly in knowledge production patterns.
Research from prestigious institutions and Western contexts receives
disproportionate attention, while perspectives from the Global South
remain peripheral. The prevalence of English and French language
sources, with limited representation of other linguistic communities,
reinforces existing academic hierarchies.

Methodological Observations
The evidence base reveals a striking absence of longitudinal studies

tracking AI’s impact on learning outcomes over time. Cross-sectional
surveys and single-semester implementations dominate, limiting under-
standing of long-term effects. Studies like [11] represent rare attempts [11] How Adding Metacognitive Re-

quirements in Support of AI Feedback
in ...

at controlled experimentation, but most research relies on self-reported
data or theoretical speculation. The lack of randomized controlled tri-
als or quasi-experimental designs raises serious questions about causal
claims made throughout the literature.

Theoretical Development Needs
The field urgently requires theoretical frameworks that can recon-

https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://core.ac.uk/download/643238750.pdf
https://core.ac.uk/download/643238750.pdf
https://core.ac.uk/download/643238750.pdf
https://core.ac.uk/download/643238750.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
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cile the contradiction between AI’s promise of personalized learning
and evidence of homogenized outputs. Current frameworks fail to ex-
plain why tools designed for customization produce standardization in
practice. Additionally, the concept of ”AI literacy” remains underde-
veloped, lacking clear operational definitions or validated assessment
methods. Future theoretical work must bridge the gap between critical
perspectives like [17] and implementation-focused research, creating [17] The Unintended Consequences of

Artificial Intelligence and Educationframeworks that acknowledge both transformative potential and sys-
temic constraints.
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