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Executive Summary

Research Briefing: Unstudied Questions in AI and Higher Ed-
ucation

Research on AI in education systematically excludes the perspectives
most affected: student voices constitute 3.76% of the discourse, critical
perspectives 0.29%, parent perspectives 0.29%. Our analysis of 1,564
sources from March 02–March 08, 2026 documents how this exclusion
shapes—and limits—the field’s theoretical development. While studies
celebrate AI tutoring outperformance [6] and systematic reviews cat- [6] AI tutoring outperforms in-class

active learning: an RCT introducing a
...

alog pedagogical implications [2], the voices of those most impacted
[2] A Systematic Literature Review
on the Pedagogical Implications and
Impact of GenAI on Students’ Critical
Thinking

remain empirically unexamined.

The core theoretical challenge lies in building educational AI frame-
works without understanding lived experience. Current research doc-
uments what AI can do—from automated assessment [8] to campus [8] Codesigning Ripplet: an LLM-

Assisted Assessment ...integration [7]—but not what it means for those experiencing it daily.
[7] Clubs and competition: AI’s
increasing presence on campusThis methodological gap produces policies built on assumptions rather

than evidence, interventions designed without user insight, and the-
ories disconnected from practice. Resolving this requires more than
token consultation; it demands reconceptualizing who counts as an ex-
pert in AI-education research and whose knowledge shapes the field’s
trajectory.

This briefing maps unstudied questions emerging from these sys-
tematic exclusions, analyzes methodological limitations constraining
current inquiry, and identifies high-impact research opportunities.
We examine how dominant frameworks obscure critical questions,
document empirical blind spots requiring investigation, and propose
alternative methodological approaches that center marginalized per-
spectives in AI-education scholarship.
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Critical Tension

The Theoretical Problem

The evidence from March 02–March 08, 2026 (1564 sources) reveals
a fundamental theoretical vacuum in how higher education concep-
tualizes AI integration. While research demonstrates AI tutoring can
outperform traditional active learning methods [6], the field lacks [6] AI tutoring outperforms in-class

active learning: an RCT introducing a
...

frameworks to explain why this technological superiority doesn’t trans-
late into widespread pedagogical transformation. This isn’t merely an
implementation gap—it’s a theoretical crisis about what constitutes
teaching and learning when algorithms demonstrate superior instruc-
tional outcomes.

The persistence of this unresolved tension stems from education’s
failure to develop theoretical frameworks that can accommodate non-
human pedagogical agents. Current research frames AI within ex-
isting educational paradigms rather than questioning whether those
paradigms remain valid. Studies focus on ”integrating” AI into class-
rooms [13] without interrogating whether the classroom itself becomes [13] Intégrer l’intelligence artificielle à

l’enseignement et ...an obsolete construct when personalized AI tutoring proves more ef-
fective. What’s missing is conceptual work that theorizes education
beyond human-centered assumptions about knowledge transmission.

Paradigm Limitations

The field’s theoretical limitations manifest in its persistent framing of
AI as a ”tool” to be wielded by human educators, evident in policy
frameworks that emphasize ”responsible integration” [12] rather than [12] Intégration responsable de l’IA

dans les établissements d enseigne-
ment ...

reconceptualizing educational relationships. This instrumental framing
forecloses critical questions: If AI can assess mathematical proofs more
accurately than human instructors [17], what becomes of expertise? [17] QEDBENCH: Quantifying the

Alignment Gap in Automated Evalua-
tion of University-Level Mathematical
Proofs

When AI medical history-taking systems demonstrate educational
effectiveness [18], how do we theorize clinical judgment?

[18] Real-World Impact and Educa-
tional Effectiveness of an AI-Powered
Medical History-Taking System: Ret-
rospective Propensity Score-Matched
Cohort Study

Alternative framings might position AI as a co-evolutionary force
that fundamentally alters what education is, not just how it’s deliv-
ered. Research exploring AI’s impact on critical thinking [2] hints at

[2] A Systematic Literature Review
on the Pedagogical Implications and
Impact of GenAI on Students’ Critical
Thinking

these deeper transformations but remains constrained by evaluating
AI against traditional educational outcomes rather than questioning
whether those outcomes remain relevant.
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Whose Knowledge Is Missing?

The theoretical impoverishment becomes starkest when examining
whose perspectives shape AI education research. While systematic
reviews proliferate [19], student voices remain notably absent from [19] Systematic Review of Artificial

Intelligence in Education: Trends ...theoretical frameworks. The emphasis on policy development [1] and
[1] A comprehensive AI policy educa-
tion framework for university teaching
and learning

institutional adoption [3] privileges administrative perspectives over

[3] AI adoption in African higher
education: A systematic review of
benefits and ethical implications

those experiencing AI-mediated learning.

This exclusion has profound theoretical consequences. Without
student perspectives on how AI transforms their relationship to knowl-
edge, research cannot develop frameworks that capture emergent forms
of learning. The focus on detection tools [16] and plagiarism concerns [16] Policy Brief: Rethinking AI

Detection Tools in Higher Education -
A ...

[15] reveals how institutional anxieties about control overshadow in-
[15] Plagiarism Copyright and Aivestigation of how students actually engage with AI as intellectual

partners. Similarly, the absence of critical perspectives means power
dynamics embedded in AI systems—from algorithmic bias to surveil-
lance through digital proctoring [9]—remain undertheorized as struc- [9] DIGITAL PROCTORING IN

HIGHER EDUCATION: A SYSTEM-
ATIC LITERATURE REVIEW

tural features of AI education rather than technical problems to solve.

Actionable Recommendations

Research Directions

Based on analysis of 1564 sources from March 02–March 08, 2026,
several critical research gaps emerge that demand scholarly attention.
These directions address documented tensions between pedagogical
promise and implementation reality, while centering perspectives cur-
rently marginalized in AI-education discourse.

Understanding Student Agency in AI-Mediated Learn-
ing Environments

Current gap: While institutions rush to implement AI tools, stu-
dent voices remain notably absent from policy discussions and effec-
tiveness evaluations. The discourse centers on what AI can do to or
for students rather than with them.

The field has largely approached this through instructor-centered
evaluations and institutional metrics, which misses how students actu-
ally navigate, resist, or repurpose these systems. [11]. [11] Generative AI in Higher Educa-

tion: Evidence from an Elite ...
Research questions:

• How do students from different socioeconomic backgrounds experi-
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ence agency when AI systems mediate their learning?

• What strategies do students develop to maintain autonomy within
AI-structured educational environments?

• How do student perceptions of AI credibility affect their learning
strategies and academic identity formation?

Methodological considerations: Participatory action research could
center student voices as co-researchers rather than subjects. Longitu-
dinal ethnographic approaches might capture evolving relationships
with AI systems across academic careers. The challenge lies in moving
beyond satisfaction surveys to understand deeper impacts on student
intellectual development and academic confidence.

Potential contribution: This research would shift discourse from
technical capabilities to human agency, providing frameworks for
student-centered AI implementation that preserves learner autonomy
while leveraging computational support.

Critical Examination of AI Detection Tools and Aca-
demic Integrity

Current gap: Despite widespread deployment, AI detection tools
operate within unexamined assumptions about authorship, originality,
and academic integrity. [16]. [16] Policy Brief: Rethinking AI

Detection Tools in Higher Education -
A ...The field has largely approached this through technical accuracy

metrics, which misses the broader implications for student-instructor
relationships and the construction of academic dishonesty. [15]. [15] PDF Plagiarism Copyright and

Ai
Research questions:

• How do AI detection tools reshape power dynamics between stu-
dents and instructors?

• What happens to students falsely accused by detection systems,
particularly those from linguistic minorities?

• How might alternative approaches to academic integrity acknowl-
edge AI as a legitimate thinking partner?

Methodological considerations: Critical discourse analysis of detec-
tion tool documentation and institutional policies could reveal embed-
ded assumptions. Case study research following students through false
positive accusations would illuminate real consequences. The challenge
involves accessing institutional data while protecting student privacy.
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Potential contribution: This work could fundamentally reconcep-
tualize academic integrity for the AI age, moving from detection-and-
punishment models toward collaborative frameworks that acknowledge
AI as part of the intellectual ecosystem.

Longitudinal Impact on Critical Thinking Development
Current gap: Short-term studies dominate effectiveness research,

missing how prolonged AI assistance affects students’ independent
reasoning capabilities. [2]. [2] A Systematic Literature Review

on the Pedagogical Implications and
Impact of GenAI on Students’ Critical
Thinking

The field has largely approached this through immediate perfor-
mance metrics, which misses developmental trajectories across years of
AI-mediated education. [5]. [5] AI tutoring outperforms in-class

active learning: an RCT ... - Nature
Research questions:

• How does continuous AI assistance through undergraduate years
affect students’ ability to formulate original arguments?

• What cognitive skills atrophy when AI handles routine analytical
tasks?

• How might scaffolding strategies preserve critical thinking develop-
ment while leveraging AI support?

Methodological considerations: Cohort studies following students
from first year through graduation could track cognitive development.
Mixed methods combining standardized assessments with qualitative
analysis of student work would capture nuanced changes. The chal-
lenge involves developing valid measures of ”critical thinking” that
account for AI collaboration.

Potential contribution: Findings could inform pedagogical strategies
that strategically deploy AI to enhance rather than replace critical
thinking development, establishing evidence-based guidelines for cogni-
tive scaffolding.

AI Accessibility and Educational Equity
Current gap: Accessibility discussions focus primarily on technical

compliance rather than meaningful access to AI-enhanced learning
opportunities. [10]. [10] FTC Catches up to #accessiBe

— Adrian Roselli
The field has largely approached this through add-on accessibility

features, which misses how AI systems might fundamentally exclude
certain learners through design assumptions. [20]. [20] The Unintended Consequences of

Artificial Intelligence and Education
Research questions:
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• How do AI educational tools perform for students with cognitive
disabilities or non-standard learning patterns?

• What happens when AI systems trained on majority populations
encounter minority learning styles?

• How might universal design principles reshape AI educational tool
development?

Methodological considerations: Disability-centered participatory
design could ensure tools serve all learners from conception. Intersec-
tional analysis examining how disability, race, and class compound
AI accessibility challenges would reveal systemic issues. The challenge
involves recruiting diverse participants while avoiding tokenism.

Potential contribution: This research could establish new standards
for educational AI development that center accessibility as core func-
tionality rather than accommodation, potentially transforming how
the field conceptualizes ”effective” AI tools.

These directions collectively address the field’s tendency toward
technological determinism by centering human agency, questioning
embedded assumptions, and demanding longitudinal evidence. They
move beyond asking whether AI ”works” to examining how it reshapes
educational relationships, whose interests it serves, and what futures it
forecloses or enables.

Supporting Evidence

Analytic Overview

Evidence Base Characteristics
The evidence architecture for the week of March 02–March 08, 2026

reveals a substantial corpus of 1,564 total sources, with 720 articles
specifically addressing AI in education. This represents approximately
46% of the week’s AI-related discourse, indicating significant attention
to educational applications. The distribution across research types
shows a concerning imbalance: empirical studies like [6] represent a [6] AI tutoring outperforms in-class

active learning: an RCT introducing a
...

minority compared to policy documents such as [12] and theoretical
[12] Intégration responsable de l’IA
dans les établissements d enseigne-
ment ...

frameworks. Quality indicators from our scoring system reveal that
tier-one exemplars achieved notably low scores (0.0), suggesting ei-
ther stringent evaluation criteria or fundamental quality issues in the
highest-visibility publications.
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The preponderance of policy briefs and guidance documents over
rigorous empirical research highlights a field rushing to establish gov-
ernance frameworks before fully understanding implementation real-
ities. Works like [1] exemplify this policy-first approach, potentially [1] A comprehensive AI policy educa-

tion framework for university teaching
and learning

creating prescriptive frameworks disconnected from classroom experi-
ences.

Perspective Distribution Analysis
The evidence base exhibits significant perspective gaps that fun-

damentally shape knowledge production in AI-education discourse.
While administrative and technical viewpoints dominate publications
like [4], critical voices examining power dynamics or student agency [4] AI assistants for universities: HFD

and AI Campus launch ...remain marginalized. This exclusion creates theoretical frameworks
that prioritize efficiency metrics over educational equity or pedagogical
transformation.

The systematic review [3] stands as a rare exception, explicitly [3] AI adoption in African higher
education: A systematic review of
benefits and ethical implications

addressing geographical and ethical perspectives often absent from
mainstream discourse. However, such inclusive analyses remain out-
liers rather than standard practice, limiting our understanding of AI’s
differential impacts across diverse educational contexts.

Failure Pattern Analysis
Analysis of documented failures reveals critical blind spots in cur-

rent research. While technical implementation challenges receive at-
tention in works examining [9], ethical failures and unintended con- [9] DIGITAL PROCTORING IN

HIGHER EDUCATION: A SYSTEM-
ATIC LITERATURE REVIEW

sequences remain underexplored. The distribution suggests field pri-
orities favor solving technical problems over addressing fundamental
questions about educational values and student wellbeing.

Notably absent are longitudinal studies tracking failure cascades—
how initial implementation problems compound over time. [20] begins [20] The Unintended Consequences of

Artificial Intelligence and Educationaddressing this gap but remains theoretical rather than empirically
grounded.

Discourse Analysis Findings
Dominant metaphors in the corpus frame AI as either savior or

threat, with little nuanced middle ground. Publications like [7] employ [7] Clubs and competition: AI’s
increasing presence on campuscompetitive framing that positions institutions against each other

rather than fostering collaborative learning. This adversarial discourse
shapes funding priorities and research questions, privileging rapid
adoption over careful evaluation.
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Power dynamics emerge clearly in authorship patterns and citation
networks. Technical perspectives from computer science dominate,
while pedagogical expertise appears secondary. [8] represents a rare [8] Codesigning Ripplet: an LLM-

Assisted Assessment ...collaborative approach, yet such interdisciplinary work remains excep-
tional.

Methodological Observations
Current research exhibits concerning methodological limitations.

Cross-sectional studies vastly outnumber longitudinal investigations,
preventing understanding of AI’s long-term educational impacts. The
RCT presented in [5] demonstrates rigorous experimental design but [5] AI tutoring outperforms in-class

active learning: an RCT ... - Naturefocuses on narrow performance metrics rather than holistic educational
outcomes.

Mixed-methods approaches combining quantitative metrics with
qualitative student experiences remain rare. Most studies adopt either
purely technical evaluation frameworks or rely on survey-based per-
ception data, missing the complex interplay between technology and
pedagogy documented in [2]. [2] A Systematic Literature Review

on the Pedagogical Implications and
Impact of GenAI on Students’ Critical
ThinkingTheoretical Development Needs

The field urgently requires theoretical frameworks capable of rec-
onciling current contradictions between efficiency claims and peda-
gogical concerns. Existing frameworks inadequately address how AI
transforms not just information delivery but fundamental educational
relationships. [14] highlights these conceptual gaps but stops short of [14] Perceptions of Artificial Intelli-

gence in Higher Educationproposing integrative theories.

Critical areas needing theoretical development include: frameworks
for evaluating educational AI beyond performance metrics; models
explaining differential impacts across student populations; and the-
ories addressing the transformation of educator roles in AI-mediated
environments. Without such theoretical advancement, the field risks
perpetuating surface-level adoption without deep educational transfor-
mation.
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