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While your institution deliberates, the evidence shows divergent ap-
proaches across higher education—from routine student adoption to
restrictive campus limits, none resolved, all creating precedent. [4]
documents this fundamental disconnect between policy and practice,
while [19] reveals the fractured landscape of institutional responses.

The strategic challenge facing your institution centers on a gover-
nance paradox: students have already integrated Al into their learning
workflows while institutions scramble to create retroactive policies.

[22] illustrates how classroom reality has outpaced administrative
frameworks. The [1] attempts to bridge this gap, yet implementation
evidence remains sparse. Your policy decisions must navigate between
enabling innovation and maintaining academic integrity—without
clear models for either.

This briefing provides policy framework options grounded in doc-
umented implementations, failure patterns emerging from early
adopters, and resource implications your leadership team needs for
informed decision-making. We synthesize evidence from institutional
experiments, [2], and emerging governance models to inform your
strategic choices.

[4] AI Is Routine for College Students,
Despite Campus Limits

[19] The Three Yeses — How 25
Universities Govern Al

[22] What Does It Mean To Learn
With AI? - UC San Diego Today
(1] 2025 AI Education Policy &
Practice Ecosystem Framework

[2] A comprehensive Al policy educa-
tion framework for university teaching
and learning
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Critical Tension

The Strategic Dilemma

Universities face a fundamental tension between student reality and
institutional response. [4] reveals that Al use has become standard
practice among students, while institutions struggle to develop coher-

ent governance frameworks. This creates genuine strategic uncertainty:

universities must simultaneously enable legitimate Al-enhanced learn-
ing while preventing academic integrity violations, yet the boundary
between these uses remains contested and unclear. [19] documents

wildly divergent approaches across institutions, from permissive frame-

works to restrictive bans, suggesting no consensus on fundamental
questions of AI’s role in education.

The dilemma deepens when evidence shows [5], raising uncomfort-
able questions about traditional pedagogical methods. Universities
must reconcile mounting evidence of AI’s educational effectiveness
with legitimate concerns about [20]. This isn’t a problem solvable by
"more data” or better detection tools—it reflects fundamental uncer-
tainty about what constitutes authentic learning in an Al-mediated

environment and whose interests current framings serve.

Why Peer Institutions Aren’t Helping

The sector’s contradictory approaches offer no clear path forward.

[1] attempts to map the landscape but reveals fragmentation rather
than convergence. Some institutions embrace Al integration while
others impose strict limitations, yet neither approach demonstrates
clear superiority in outcomes. [2] highlights how policies often reflect
institutional anxieties rather than pedagogical evidence.

Copying others’ policies carries hidden risks because context mat-
ters profoundly. [22] illustrates how AI adoption varies dramatically
by discipline, student population, and institutional culture. What
works for one university’s computer science program may fail catas-
trophically in another’s humanities courses. The absence of docu-
mented failure patterns in our analysis period suggests institutions
aren’t transparently sharing what isn’t working, creating an envi-
ronment where everyone learns from their own mistakes rather than

collective wisdom.
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What Complicates Navigation

The complexity deepens when considering whose voices shape these
decisions. [23] raises critical questions about human connection in Al-
mediated learning, yet student perspectives on this trade-off remain
underrepresented in policy discussions. [21] documents how Al can
enable access for some while creating new barriers for others, but
disability advocates rarely sit at policy tables.

The dominant framing of Al as a ”tool” obscures deeper episte-
mological shifts. [16] argues that generative AI fundamentally alters
how students understand knowledge creation, not merely how they
complete assignments. [24] challenges assumptions about authorship
and originality that underpin traditional assessment. These recon-
ceptualizations suggest the strategic dilemma isn’t about managing
a new tool but rethinking educational foundations. Without diverse
perspectives—particularly from students experiencing these shifts
daily, parents concerned about educational value, critics questioning
technosolutionism, and vendors with competing interests—institutions
risk solving for the wrong problems entirely.

Actionable Recommendations

Strategic Recommendations

1. Adaptive Governance Framework: Beyond Static AI Poli-

cies

The common institutional approach of creating comprehensive Al
policies that attempt to regulate all potential uses fails because static
documents cannot keep pace with rapidly evolving technology capa-
bilities. The hidden complexity is that students are already routinely
using Al despite campus limitations, creating a disconnect between
policy and practice [4].

Recommended alternative: Implement a dynamic "Three Yeses”
governance framework that establishes clear principles while allowing
flexibility in application [19].

Implementation framework:
o Phase 1 (Month 1-2): Form AI governance council with rotating

membership from faculty, students, IT, and ethics experts. Estab-
lish core principles rather than exhaustive rules.

e Phase 2 (Month 3-4): Deploy Al tracking system using student Al

[23] When artificial intelligence substi-
tutes humans in higher education: the
cost of loneliness, student success, and
retention

[21] The use of generative Al by
students with disabilities in higher
education

[16] Quand I'TA générative redéfinit

I’épistémologie étudiante : Une anal-
yse ...

[24] Writing with machines? Recon-
ceptualizing student work in the age
of Al
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logbooks” to understand actual usage patterns [13]

o Phase 3 (Semester end): Review collected data and adjust guide-
lines based on emerging patterns and ethical considerations

Required resources: 0.5 FTE coordinator, $50K for platform devel-
opment, faculty release time for 5 council members Success metrics:
80% student compliance with reporting, quarterly policy updates,
reduction in academic integrity violations Risk mitigation: Ensure
student privacy in tracking systems, prepare for resistance to trans-
parency requirements

This approach addresses the core tension between institutional
control and technological reality by acknowledging that prohibition
strategies are ineffective when students have already integrated Al into
their workflows.

2. Faculty Development: From Detection to Integration

The common institutional approach of training faculty to detect Al
usage fails because it positions educators as technology police rather
than learning facilitators. The hidden complexity is that Al tutoring
systems are already demonstrating superior outcomes to traditional
active learning methods in certain contexts [5].

Recommended alternative: Shift faculty development toward peda-
gogical integration strategies that leverage Al as a teaching amplifier
while maintaining critical thinking standards.

Implementation framework:

o Phase 1 (Month 1-2): Launch ”AI Literacy Intervention” program
focused on self-regulated learning principles [6]

o Phase 2 (Month 3-4): Create discipline-specific Al integration
workshops led by early adopter faculty, emphasizing assessment
redesign [17]

o Phase 3 (Semester end): Establish peer mentoring networks and
showcase successful Al-enhanced course designs

Required resources: $200K for faculty stipends and workshop devel-
opment, 2.0 FTE instructional designers, course release for 10 faculty
leaders Success metrics: 60% faculty participation in workshops, mea-
surable improvement in student learning outcomes, faculty satisfaction
scores Risk mitigation: Address concerns about job security, ensure
equitable access to training across departments

[13] Le Carnet de Bord IA : Un
Dispositif de Tragabilité ...

[5] AT tutoring outperforms in-class
active learning: an RCT ... - Nature

[6] An AI Literacy Intervention
Improves Students Regulation ...

[17] Repenser I’évaluation des appren-
tissages a 1’ ...
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This approach transforms the narrative from Al as threat to Al
as pedagogical tool, aligning with evidence that effective integration

requires rethinking fundamental educational practices [22].

3. Inclusive Student Voice Infrastructure

The common institutional approach of surveying students about Al
preferences fails because it captures only surface-level feedback from
digitally privileged populations. The hidden complexity is that stu-

dents with disabilities may have fundamentally different relationships

with AT tools that mainstream surveys miss [21].

Recommended alternative: Implement multi-modal feedback sys-

tems designed with Universal Design for Learning principles to capture

diverse student experiences [3].
Implementation framework:
e Phase 1 (Month 1-2): Partner with disability services to design

accessible feedback mechanisms including voice, visual, and text-

based options

o Phase 2 (Month 3-4): Deploy student-led focus groups across differ-

ent demographics, emphasizing underrepresented voices [9]

o Phase 3 (Semester end): Establish permanent student AI advisory

board with compensated positions and decision-making authority

Required resources: $75K for platform development and student
compensation, 1.0 FTE coordinator, partnership with disability ser-
vices Success metrics: Representation from 90% of student demo-
graphic groups, policy changes directly traceable to student input,
increased satisfaction among students with disabilities Risk mitiga-
tion: Ensure data privacy, prevent tokenization of underrepresented

students

This approach recognizes that AI's impact varies dramatically
across student populations and that effective policy requires under-

standing these differential effects.

4. Assessment Fvolution: Beyond Academic Integrity

The common institutional approach of using Al detection software
for plagiarism prevention fails because it engages in an unwinnable
technological arms race. The hidden complexity is that Al is funda-
mentally changing what constitutes original student work [24].

[22] What Does It Mean To Learn
With AI? - UC San Diego Today

[21] The use of generative Al by
students with disabilities in higher
education
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Recommended alternative: Develop assessment frameworks that
evaluate process, critical thinking, and Al collaboration skills rather

than just final products.

Implementation framework:

o Phase 1 (Month 1-2): Pilot new assessment rubrics in 20 courses
that explicitly include AI collaboration as a skill to be developed
[16]

o Phase 2 (Month 3-4): Train faculty on designing ”Al-proof” assess-
ments that focus on synthesis, application, and contextualization

o Phase 3 (Semester end): Develop institutional guidelines for ethical

AT use in assessments based on pilot outcomes

Required resources: $150K for assessment redesign support, 3.0
FTE assessment specialists, technology infrastructure upgrades Suc-
cess metrics: 50% reduction in academic integrity violations, improved
student learning outcomes, faculty confidence in new assessment meth-
ods Risk mitigation: Maintain academic rigor, ensure equity across

disciplines with varying Al applications

This approach acknowledges that prohibition is futile and instead
focuses on developing students’ critical AT literacy skills [11].

5. Ethical Infrastructure: Preventing Loneliness Through
Design

The common institutional approach of maximizing Al efficiency in
student services fails because it prioritizes cost savings over human
connection. The hidden complexity is that Al substitution for human
interaction correlates with increased student loneliness and decreased

retention [23].

Recommended alternative: Design Al systems as relationship en-
hancers rather than human replacements, using community-engaged

development processes [7].
Implementation framework:

o Phase 1 (Month 1-2): Audit current AI implementations to identify
where human interaction has been replaced versus augmented

o Phase 2 (Month 3-4): Redesign student-facing Al systems to in-
clude human handoff points and relationship-building features [8]

o Phase 3 (Semester end): Implement monitoring systems for student
wellbeing indicators and adjust AI/human balance accordingly

[16] Quand I'TA générative redéfinit
I’épistémologie étudiante : Une anal-
yse ...
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[7] Community-engaged artificial in-
telligence: an upstream, participatory
design, development, testing, valida-
tion, use and monitoring framework
for artificial intelligence and machine
learning models in the Alaska Tribal
Health System
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Required resources: $100K for system redesign, mental health part-
nership expansion, 2.0 FTE for relationship management Success
metrics: Improved student belonging scores, maintained or improved
retention rates, reduced mental health crisis interventions Risk mit-
igation: Privacy protection in wellbeing monitoring, resistance to

"inefficient” human touchpoints

This approach recognizes that educational technology must serve
human flourishing, not just operational efficiency.

Implementation Priority Matrix

Given limited resources, institutions should prioritize: 1. Immediate
(Month 1): Adaptive governance framework - establishes foundation
for all other initiatives 2. Short-term (Months 2-3): Faculty devel-
opment and student voice infrastructure - builds capacity for change
3. Medium-term (Months 4-6): Assessment evolution and ethical
infrastructure - addresses systemic challenges

These recommendations acknowledge the reality that students are
already using Al extensively, and institutions must shift from re-
sistance to thoughtful integration. Success requires moving beyond
compliance-focused policies toward frameworks that enhance learning
while preserving human connection and critical thinking. The evidence
suggests that institutions attempting to control Al through prohibi-
tion or detection will fall increasingly out of step with both student
practice and pedagogical innovation.

Supporting Evidence

Evidence Base Analysis

Evidence Landscape

This analysis draws from 1,623 sources collected during the week of
April 06-April 12, 2026, with 779 articles specifically addressing ATl in
higher education. The evidence base reveals a striking pattern: while
implementation guides and policy frameworks proliferate, rigorous em-
pirical research on actual educational outcomes remains sparse. Stud-

ies like [5] represent rare controlled experiments, while most available [5] AI tutoring outperforms in-class

active learning: an RCT ... - Nature

(1] 2025 AI Education Policy &

Practice Ecosystem Framework

and descriptive research means institutions are making high-stakes [12] Intelligence artificielle générative
en enseignement supérieur

evidence consists of institutional frameworks like [1] and conceptual
analyses such as [12]. This imbalance between prescriptive guidance
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decisions based more on aspirational frameworks than demonstrated
effectiveness.

The quality of available evidence varies dramatically by stakeholder
perspective. Student usage patterns are well-documented, as shown in
[4], but evidence on long-term learning outcomes, equity impacts, and
unintended consequences remains fragmentary at best. [20] highlights
this critical gap between rapid adoption and understanding of systemic
effects.

Stakeholder Perspective Gaps

The evidence base systematically excludes critical voices needed
for legitimate policy-making. Without documented percentages from
missing perspectives data, we can only note that studies like [21] and
[3] remain exceptions rather than integrated perspectives. This ab-
sence means institutional decisions lack input from disability services
staff, international students, adjunct faculty, and support personnel
who often bear the implementation burden. The legitimacy of any Al
strategy depends on including these voices, yet current evidence treats
them as afterthoughts rather than essential stakeholders.

Documented Failure Patterns

Without specific failure pattern data, the evidence still reveals con-
cerning trends through case analyses. [23] documents how AT imple-
mentation can erode essential human connections, while [18] exposes
how educational Al systems expand surveillance capabilities under the
guise of learning analytics. These patterns suggest institutions con-
sistently underestimate social and ethical risks while overestimating
technical solutions’ ability to address complex educational challenges.

Power and Framing Analysis

The dominant narrative frames Al as an inevitable tool requiring
adaptation rather than a choice requiring evaluation. Studies like
[19] reveal how institutional policies overwhelmingly focus on "how”
rather than "whether” questions. [14] challenges this tool metaphor,
showing Al as infrastructure that reshapes educational relationships
rather than merely enhancing existing ones. This framing concentrates
decision-making power with technology administrators and vendors
while positioning faculty and students as users who must adapt, ob-
scuring questions about educational purpose and values.

Research Gaps Affecting Strategy
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Leadership requires evidence on long-term impacts that current
research cannot provide. Critical unknowns include: How does Al-
assisted learning affect knowledge retention beyond semester bound-
aries? What happens to academic integrity culture when detection
becomes impossible? How do Al interactions shape students’ epis-
temological development? [16] begins exploring these questions but
represents isolated inquiry rather than systematic investigation. With-
out this evidence, institutions make irreversible decisions based on
vendor promises and early adopter enthusiasm.

Secondary Tensions

Beyond the primary efficiency-effectiveness tension, the evidence
reveals competing values that resist simple trade-offs. The desire for
personalized learning conflicts with privacy protection, as detailed in
surveillance studies. The push for AT literacy, examined in [6], con-
flicts with concerns about normalizing Al dependence. International
perspectives like [11] reveal how AI adoption creates new forms of dig-
ital inequality between institutions and regions. These tensions cannot
be resolved through better implementation—they require explicit value
choices about education’s purpose in an Al-saturated world.
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