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Supporting Evidence

Evidence Landscape

This analysis draws from 1550 sources published during the week of
February 23—-March 01, 2026, with 668 articles specifically addressing
AT in education. The evidence base reveals a striking concentration on
pedagogical concerns and learning outcomes, with substantial research
examining how Al tools reshape fundamental educational processes.
Studies range from controlled experiments like [1] to large-scale ob- [1] AT tutoring outperforms in-class

servational research on [6]. However, the evidence remains heavily active learning: an RCT ... - Nature

[6] Student engagement with AT tools

weighted toward immediate classroom impacts rather than long-term in learning: evidence from a large .

institutional transformation or systemic educational reform.

The available research demonstrates particular rigor in document-
ing student behavior changes and immediate learning outcomes, but
shows significant limitations in capturing broader institutional dy-

namics. While studies like [2] probe system-level vulnerabilities, most [2] Could ChatGPT get an engi-
neering degree? Evaluating higher

. . . education vulnerability to Al assis-
challenge for leadership: the most robust evidence addresses tacti- tants

evidence focuses on individual-level effects. This creates a fundamental

cal questions while strategic decisions must be made with incomplete
information about systemic impacts.

Stakeholder Perspective Gaps

The evidence base reflects concerning absences in stakeholder rep-
resentation. Without documented percentages from the missing per-
spectives data, the available sources suggest limited input from critical
constituencies. The research landscape appears dominated by faculty
perspectives on pedagogical challenges, as seen in [5] and administra- [5] Preserving learning in the age of
tive concerns about academic integrity. Notably absent are systematic Al shortcuts
representations from students experiencing these technologies, sup-
port staff implementing them, or employers evaluating Al-augmented
graduates. This gap undermines both policy legitimacy and implemen-
tation effectiveness, as decisions made without inclusive stakeholder

input face predictable resistance and unanticipated consequences.
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Documented Failure Patterns

While specific failure pattern data is not available in the evidence
architecture, the literature reveals concerning trends. Research like [7]
identifies fundamental risks to learning processes themselves. Stud-
ies document how AI adoption can undermine critical thinking de-
velopment and create dependency patterns that erode educational
objectives. [8] catalogues implementation failures where technology
adoption proceeded without adequate consideration of pedagogical im-
pacts. These patterns suggest institutions require comprehensive risk
frameworks that address not just technical failures but fundamental
threats to educational mission.

Power and Framing Analysis

The discourse surrounding Al in education reveals clear power
asymmetries in who shapes the narrative. Technology companies and
AT developers dominate the framing, consistently positioning Al as an
inevitable "tool” for educational enhancement. This metaphor, cri-
tiqued in [10], obscures fundamental questions about agency, learning,
and human development. When failures occur, attribution patterns
protect institutional power structures—individual students bear re-
sponsibility for "misuse” while systemic design flaws remain unexam-
ined. The dominant narrative credits AI with efficiency gains while
attributing learning losses to implementation errors rather than fun-
damental incompatibilities between AT assistance and educational
development.

Research Gaps Affecting Strategy

Leadership faces critical decisions with insufficient evidence on
several fronts. Long-term impacts on graduate competencies remain
unstudied, despite preliminary concerns raised in [4]. No comprehen-
sive research addresses how Al-mediated education affects workforce
readiness or professional development trajectories. Questions about
equitable access, explored partially in [3], lack the systematic inves-
tigation needed for policy development. Most critically, evidence on
institutional transformation pathways—how universities successfully
navigate from current states to Al-integrated futures while preserving
educational quality—remains almost entirely absent.

Secondary Tensions

Beyond the primary efficiency-learning tension, the evidence reveals
multiple unresolved conflicts. [9] highlights the autonomy-support
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paradox where AT tools simultaneously enable and constrain student
agency. Assessment validity conflicts with accessibility goals when

AT tools level apparent performance differences. Innovation pressures
conflict with educational stability needs. These tensions resist simple
trade-offs because they represent fundamentally different visions of
education’s purpose—developing independent thinkers versus produc-
ing efficient knowledge workers, fostering creativity versus ensuring

consistent outcomes, promoting equity versus maintaining standards.
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