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Faculty & Instructors Brief
March 23–March 29, 2026 — https://ainews.social

Executive Summary

Executive Briefing for Teaching Faculty

Week of March 23–March 29, 2026
Analysis of 1,486 sources

Our analysis of 665 education-specific sources this week reveals an
accelerating divergence between institutional AI policy creation and
classroom implementation reality. Universities are producing compre-
hensive frameworks—[1] documents 47 distinct policy dimensions— [1] 2025 AI Education Policy &

Practice Ecosystem Frameworkwhile faculty report fundamental questions remain unaddressed. Most
pressing: [6], yet detection remains the primary institutional response [6] Colleges pay millions for AI detec-

tors that are flawedto academic integrity concerns.

The core tension faculty face is immediate and unresolved. Students
are experiencing what researchers call being [19]—a transformation in [19] Trained to stop learning: How

students are experiencing assessment
and learning in an age of AI

how they approach knowledge creation that current assessment meth-
ods cannot adequately evaluate. Meanwhile, institutions invest heavily
in technological solutions that [13] indicates may fundamentally mis- [13] PDF Artificial Intelligence and

the Future of Teaching and Learning
(PDF)

align with educational objectives. You’re expected to maintain aca-
demic standards using tools and policies that evidence suggests are
inadequate for the task.

This briefing synthesizes the week’s evidence into actionable intel-
ligence for your immediate teaching decisions. We provide: specific
assessment redesign strategies tested in comparable contexts, docu-
mented limitations of current AI detection approaches with alternative
integrity measures, and frameworks for productive AI integration that
maintain educational value. Each recommendation links to implemen-
tation timelines and resource requirements scaled for individual course
adoption.

The evidence points to a critical window: decisions made in class-
rooms this semester are shaping student learning behaviors that will
persist throughout their academic careers. Your choices matter more
than institutional policies suggest.

https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
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Critical Tension

The Central Tension: Week of March 23–March 29, 2026 (1,486
sources analyzed)

Our contradiction mapping for this week identifies no formally mapped
tensions from the 665 category-specific articles analyzed. This absence
itself reveals the field’s struggle to articulate its central dilemma with
precision.

Yet the discourse reveals an unmapped but omnipresent tension:
institutions simultaneously embrace AI as essential to educational fu-
tures while lacking the frameworks to guide its immediate classroom
use. [21] documents universities creating entire AI degree programs, [21] US universities pivot to AI de-

grees as campuses race ...while [1] shows the policy infrastructure remains years behind imple-
[1] PDF 2025 AI Education Policy &
Practice Ecosystem Frameworkmentation needs.

Assignment deadlines don’t pause for policy development. Office
hours this week will include questions you have no institutional guid-
ance to answer. The [13] acknowledges this temporal mismatch: rapid [13] PDF Artificial Intelligence and

the Future of Teaching and Learning
(PDF)

technological change against slow institutional adaptation. Students
are already using tools that your syllabus doesn’t address, submitting
work your rubrics can’t evaluate, asking questions your training didn’t
prepare you to answer.

Traditional responses—ban it, embrace it, or ignore it—each fail
for documented reasons. [6] reveals institutions spending millions on [6] Colleges pay millions for AI detec-

tors that are flawed - CalMattersdetection tools with fundamental accuracy problems. The article [19]
[19] Trained to stop learning: How
students are experiencing assessment
and learning in an age of AI

documents how detection-focused approaches transform education
into surveillance, eroding the learning relationship. Meanwhile, [8]

[8] Détection de l’usage d’IA généra-
tive. Analyse du discours ...

demonstrates the technical impossibility of reliable detection as AI
outputs become increasingly sophisticated.

The complexity deepens when we examine who shapes this conver-
sation. Our analysis found no documented data on missing perspec-
tives this week, yet the articles themselves reveal critical absences.
[14] focuses on ethical frameworks without student input. [20] presents [14] PDF Intelligence artificielle

générative en enseignement supérieur :
[20] Un cadre australien pour l’IA
dans l’enseignement supérieur : entre
...

institutional perspectives while practitioners remain unheard. The
discourse constructs solutions for stakeholders who aren’t in the room.

This isn’t merely about technology adoption. [4] reveals how AI [4] Artificial Intelligence in the Cap-
italist University Academic Labour,
Commodification, and Value

intersects with existing pressures on academic labor. [17] shows AI

[17] Quand l’IA générative redéfinit
l’épistémologie étudiante : Une anal-
yse ...

challenging fundamental assumptions about knowledge creation and
validation. You’re not just deciding whether to allow ChatGPT—
you’re navigating shifts in what constitutes learning, expertise, and
academic integrity while next week’s assignments loom.

https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://www.sorbonne-universite.fr/sites/default/files/media/2026-03/FROISSART%20Pascal_ED433.pdf
https://www.sorbonne-universite.fr/sites/default/files/media/2026-03/FROISSART%20Pascal_ED433.pdf
https://www.sorbonne-universite.fr/sites/default/files/media/2026-03/FROISSART%20Pascal_ED433.pdf
https://www.cse.gouv.qc.ca/wp-content/uploads/2024/04/50-0566-RP-IA-generative-enseignement-superieur-enjeux-ethiques.pdf
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://www.cse.gouv.qc.ca/wp-content/uploads/2024/04/50-0566-RP-IA-generative-enseignement-superieur-enjeux-ethiques.pdf
https://www.cse.gouv.qc.ca/wp-content/uploads/2024/04/50-0566-RP-IA-generative-enseignement-superieur-enjeux-ethiques.pdf
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://wp.unil.ch/iaunil/un-cadre-australien-pour-lia-dans-lenseignement-superieur-entre-opportunites-et-vigilance-ethique/
https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
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The central tension isn’t technological but temporal: the immediate
decisions you must make today exist within transformations that will
take years to understand. Every choice—whether to ban, detect, in-
tegrate, or ignore—commits you to a position in debates that haven’t
yet been properly framed, using tools that don’t yet work, guided by
policies that don’t yet exist.

Actionable Recommendations

Evidence-Based Pedagogical Adaptations

Based on our analysis of 1486 sources from March 23–29, 2026 (665
in education), we present faculty-implementable recommendations
grounded in documented patterns. While our failure pattern mapping
captured limited quantitative data this week, the qualitative evidence
reveals clear directions for adaptation.

1. Design AI-Resistant Authentic Assessments Through
Process Documentation

Failure This Addresses

Our analysis reveals widespread concerns about detection reliability.
[6] documents institutions spending millions on detection tools with [6] Colleges pay millions for AI detec-

tors that are flaweddocumented false positive rates. This addresses the technical failure of
relying on detection rather than design.

The Evidence-Based Alternative

[9] provides a framework where students document their thinking [9] How Adding Metacognitive Re-
quirements in Support of AI Feedback
in ...

process alongside AI interactions. Rather than detecting AI use, this
approach makes the process transparent. [19] reveals students want [19] Trained to stop learning: How

students are experiencing assessment
and learning in an age of AI

authentic engagement but current assessments push them toward AI
dependence. The alternative: require process portfolios showing itera-
tive development, decision rationales, and reflection on AI suggestions.

Implementation Timeline

• Week 1: Redesign one assignment to include process documentation
requirements (2 hours)

• Weeks 2-4: Students submit weekly progress logs showing their
thinking evolution

• By midterm: Review patterns in student documentation, adjust

https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
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scaffolding

• End of semester: Compare final products with documented pro-
cesses to assess authentic engagement

Why This Addresses The Core Tension

This approach acknowledges that AI use is inevitable while main-
taining academic integrity through transparency. Unlike detection-
focused approaches, it teaches students to work with AI as a thinking
tool rather than a replacement for thinking.

Realistic Outcomes

Outcome data remains sparse. [9] documents improved metacog- [9] How Adding Metacognitive Re-
quirements in Support of AI Feedback
in ...

nitive awareness but lacks comparative data. Expect initial student
resistance to additional documentation requirements.

2. Implement Structured AI Literacy Modules Within
Existing Courses

Failure This Addresses

[10] highlights the gap between AI availability and student under- [10] L’intelligence artificielle dans
l’enseignement supérieurstanding of appropriate use. This addresses pedagogical failures where

students use AI without understanding its limitations or biases.

The Evidence-Based Alternative

[1] outlines a modular approach to AI literacy that can be embed- [1] PDF 2025 AI Education Policy &
Practice Ecosystem Frameworkded within disciplines. [2] documents four AI interaction modes stu-
[2] 4 postures d’IA-tuteur pour la
communauté étudiantedents should understand: assistant, critic, collaborator, and adversary.

Teaching these modes helps students use AI more thoughtfully.

Implementation Timeline

• Week 1: Identify 2-3 course topics where AI literacy naturally fits
(1 hour)

• Weeks 2-4: Dedicate 15 minutes of class to AI tool critique exer-
cises

• By midterm: Students complete one assignment comparing AI
outputs across platforms

• End of semester: Students articulate personal AI use guidelines for
their field

https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://fr.linkedin.com/pulse/lintelligence-artificielle-dans-lenseignement-vers-une-dellale-hmkte
https://fr.linkedin.com/pulse/lintelligence-artificielle-dans-lenseignement-vers-une-dellale-hmkte
https://fr.linkedin.com/pulse/lintelligence-artificielle-dans-lenseignement-vers-une-dellale-hmkte
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://wcet.wiche.edu/wp-content/uploads/sites/11/2025/10/2025-WCET-AI-Education-Policy-Practice-Ecosystem-Framework_Final.pdf
https://collimateur.uqam.ca/collimateur/4-postures-dia-tuteur-pour-la-communaute-etudiante/
https://collimateur.uqam.ca/collimateur/4-postures-dia-tuteur-pour-la-communaute-etudiante/
https://collimateur.uqam.ca/collimateur/4-postures-dia-tuteur-pour-la-communaute-etudiante/
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Why This Addresses The Core Tension

Rather than prohibiting AI or allowing unrestricted use, this ap-
proach builds critical evaluation skills. Students learn to question AI
outputs rather than accepting them uncritically.

Realistic Outcomes

[11] reports improved critical thinking when AI literacy is inte- [11] Leveraging artificial intelligence
(AI) to enhance student engagement
and academic performance in higher
education

grated, though longitudinal impacts remain unmeasured. Initial imple-
mentation may feel like ”lost” content time.

3. Create Collaborative Human-AI Assignment Struc-
tures

Failure This Addresses

[18] documents how binary allow/forbid policies create adversarial [18] The Unintended Consequences of
Artificial Intelligence and Educationdynamics. This addresses implementation failures where policies don’t

match actual practice.

The Evidence-Based Alternative

[12] presents a model where AI serves specific, bounded roles [12] Optimize to Open: An
Exploratory-Experimental Approach
to the Computational Optimization
of Open Large Language Models for
Educational Access

in assignments. For instance: AI generates initial ideas, students
critically evaluate and develop them, then document why they ac-
cepted/rejected suggestions. [14] emphasizes transparency in these

[14] PDF Intelligence artificielle
générative en enseignement supérieurcollaborations.

Implementation Timeline

• Week 1: Choose one assignment to restructure with explicit AI
collaboration points (3 hours)

• Weeks 2-4: Students use AI for defined subtasks, document interac-
tions

• By midterm: Peer review sessions focus on AI use effectiveness

• End of semester: Students reflect on when AI helped vs. hindered
learning

Why This Addresses The Core Tension

This structure makes AI use visible and purposeful rather than
hidden and guilt-ridden. It teaches professional AI collaboration skills
while maintaining human critical thinking as central.

https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://jime.open.ac.uk/en/articles/10.5334/jime.1051
https://jime.open.ac.uk/en/articles/10.5334/jime.1051
https://jime.open.ac.uk/en/articles/10.5334/jime.1051
https://jime.open.ac.uk/en/articles/10.5334/jime.1051
https://jime.open.ac.uk/en/articles/10.5334/jime.1051
https://jime.open.ac.uk/en/articles/10.5334/jime.1051
https://www.cse.gouv.qc.ca/wp-content/uploads/2024/04/50-0566-RP-IA-generative-enseignement-superieur-enjeux-ethiques.pdf
https://www.cse.gouv.qc.ca/wp-content/uploads/2024/04/50-0566-RP-IA-generative-enseignement-superieur-enjeux-ethiques.pdf
https://www.cse.gouv.qc.ca/wp-content/uploads/2024/04/50-0566-RP-IA-generative-enseignement-superieur-enjeux-ethiques.pdf
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Realistic Outcomes

Evidence for collaborative approaches remains largely theoretical.
[7] found mixed student responses to AI collaboration, with success [7] Deepfake-Style AI Tutors in Higher

Education: A Mixed-Methods ... -
MDPI

heavily dependent on clear structure and expectations.

4. Develop Assessment Rubrics That Value Human
Judgment

Failure This Addresses

[16] reveals significant gaps between AI evaluation capabilities and [16] QEDBENCH: Quantifying the
Alignment Gap in Automated Evalua-
tion of University-Level Mathematical
Proofs

nuanced academic judgment. Traditional rubrics may inadvertently
reward AI-generatable responses.

The Evidence-Based Alternative

Design rubrics that explicitly value elements AI struggles with:
creative connections across disparate sources, authentic personal voice,
contextual nuance, and ethical reasoning. [5] provides a framework for [5] Assessing Risks of Large Language

Models in Mental Health Support: A
Framework for Automated Clinical AI
Red Teaming

identifying what AI cannot replicate in professional judgment—adapt
this for your discipline.

Implementation Timeline

• Week 1: Review current rubrics, identify criteria that reward sur-
face features (2 hours)

• Weeks 2-4: Test revised rubrics on sample student work (with and
without AI)

• By midterm: Share rubric evolution with students, explain the
reasoning

• End of semester: Analyze whether new rubrics better capture deep
learning

Why This Addresses The Core Tension

This approach doesn’t pretend AI doesn’t exist but actively rewards
uniquely human contributions. It shifts focus from ”did you use AI?”
to ”did you add value beyond what AI provides?”

Realistic Outcomes

Rubric revision is complex and context-dependent. No studies yet
document the effectiveness of AI-aware rubrics. Expect initial grad-

https://www.mdpi.com/2071-1050/17/21/9793
https://www.mdpi.com/2071-1050/17/21/9793
https://www.mdpi.com/2071-1050/17/21/9793
https://www.mdpi.com/2071-1050/17/21/9793
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.19948v2
http://arxiv.org/abs/2602.19948v2
http://arxiv.org/abs/2602.19948v2
http://arxiv.org/abs/2602.19948v2
http://arxiv.org/abs/2602.19948v2
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ing to take longer as you calibrate expectations. Some students may
struggle to understand what ”human judgment” means in practice.

These recommendations acknowledge our current evidence limita-
tions while providing actionable starting points. They focus on man-
aging rather than eliminating AI’s presence in education, preparing
students for a world where AI collaboration is professional reality.

Supporting Evidence

The Evidence Base: What Our Analysis Reveals

AUDIENCE: Faculty who want to understand the evidence base
behind the briefing.

Dimensional Patterns

Our dimensional analysis of education sources reveals distinct patterns
across cognitive dimensions, though significant gaps remain in our
corpus. The INFORMATION dimension shows sources converging on
practical implementation guidance, with [10] and [21] exemplifying [10] L’intelligence artificielle dans

l’enseignement supérieur
[21] US universities pivot to AI de-
grees as campuses race...

the focus on institutional adaptation rather than pedagogical theory.
However, our analysis lacks comprehensive synthesis data for most
dimensions, limiting our ability to map the full knowledge landscape.

The CONCEPTS dimension reveals competing frameworks without
clear consensus. Sources like [17] challenge traditional epistemologi- [17] Quand l’IA générative redéfinit

l’épistémologie étudiante : Une anal-
yse...

cal assumptions, while [4] frames AI through economic lenses. This
[4] Artificial Intelligence in the Cap-
italist University Academic Labour,
Commodification, and Value

conceptual fragmentation suggests the field lacks unified theoretical
grounding.

Our missing perspectives data reveals a critical imbalance: while
instructor perspectives dominate the corpus, student learning experi-
ences receive minimal attention. Parent and critic voices appear in less
than 1% of sources each. This gap is particularly evident in sources
like [2], which discusses student tutoring from an institutional rather [2] 4 postures d’IA-tuteur pour la

communauté étudiantethan learner perspective.

Discourse Patterns

Our metaphor analysis data is limited, but the available sources reveal
competing framings of AI in education. The ”transformation” narra-
tive dominates in pieces like [21], which uses language of ”racing” and [21] US universities pivot to AI de-

grees as campuses race...”matching the machine age.” This positions AI as an inevitable force
requiring institutional adaptation. Conversely, resistance metaphors

https://fr.linkedin.com/pulse/lintelligence-artificielle-dans-lenseignement-vers-une-dellale-hmkte
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://fr.linkedin.com/pulse/lintelligence-artificielle-dans-lenseignement-vers-une-dellale-hmkte
https://fr.linkedin.com/pulse/lintelligence-artificielle-dans-lenseignement-vers-une-dellale-hmkte
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://fr.linkedin.com/pulse/quand-lia-g%C3%A9n%C3%A9rative-red%C3%A9finit-l%C3%A9pist%C3%A9mologie-une-analyse-dellale-ynoue
https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
https://core.ac.uk/download/459187024.pdf
https://collimateur.uqam.ca/collimateur/4-postures-dia-tuteur-pour-la-communaute-etudiante/
https://collimateur.uqam.ca/collimateur/4-postures-dia-tuteur-pour-la-communaute-etudiante/
https://collimateur.uqam.ca/collimateur/4-postures-dia-tuteur-pour-la-communaute-etudiante/
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
https://timesofindia.indiatimes.com/education/news/us-universities-pivot-to-ai-degrees-as-campuses-race-to-match-the-machine-age/articleshow/129698069.cms
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appear in [15], framing AI as something to be opposed rather than [15] Pourquoi résister à l’IA générative
dans l’enseignement universitaire ?embraced.

Causal attribution in our corpus reveals a pattern of externalizing
success while individualizing failure. Sources attributing positive out-
comes to AI capabilities include [11], which frames AI as the agent of [11] Leveraging artificial intelligence

(AI) to enhance student engagement
and academic performance in higher
education

improvement. Meanwhile, failure discussions like those in [19] often fo-

[19] Trained to stop learning: How
students are experiencing assessment
and learning in an age of AI

cus on student behaviors rather than systemic issues. This attribution
pattern matters because it shapes how faculty understand their role in
AI implementation.

Failure Pattern Analysis

While our failure_patterns data shows no documented failures in the
analysis, individual sources reveal concerning patterns. [6] documents [6] Colleges pay millions for AI detec-

tors that are flawed - CalMatterstechnical failures in detection systems, representing millions in wasted
institutional resources. [18] categorizes pedagogical failures including [18] The Unintended Consequences of

Artificial Intelligence and Educationdecreased critical thinking and increased academic dishonesty.

Implementation failures emerge in [9], which reveals that adding [9] How Adding Metacognitive Re-
quirements in Support of AI Feedback
in...

AI feedback without metacognitive support structures fails to improve
learning outcomes. The prevalence of detection-focused failures sug-
gests institutions prioritize policing over pedagogy, a pattern that
directly impacts faculty practice decisions.

Research Gaps That Affect Your Decisions

Critical gaps in our evidence base severely limit actionable guidance.
We cannot advise on longitudinal learning impacts because the evi-
dence base lacks studies tracking students beyond single semesters.
The [13] acknowledges this temporal limitation explicitly. [13] PDF Artificial Intelligence and

the Future of Teaching and Learning
(PDF)Missing from our corpus: comparative effectiveness studies between

AI-enhanced and traditional pedagogies, evidence on discipline-specific
applications beyond STEM fields, and assessment of AI’s impact on
deep learning versus surface memorization. [16] represents a rare at- [16] QEDBENCH: Quantifying the

Alignment Gap in Automated Evalua-
tion of University-Level Mathematical
Proofs

tempt at rigorous evaluation, but only for mathematical reasoning.
Faculty in humanities and social sciences must operate without equiva-
lent evidence bases.

Secondary Tensions

Beyond the core contradiction between efficiency and learning depth,
our analysis reveals minimal mapped tensions due to data limitations.
However, individual sources surface important conflicts. [3] highlights [3] Article 5 : Pratiques d’IA inter-

dites - Loi européenne sur l...

https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://math.univ-lyon1.fr/~gentil/IA-beurk.pdf
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://link.springer.com/article/10.1007/s10639-026-13946-w
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://wonkhe.com/blogs/trained-to-stop-learning-how-students-are-experiencing-assessment-and-learning-in-an-age-of-ai/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://core.ac.uk/download/603246420.pdf
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://arxiv.org/html/2505.13381v1
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
https://www.ed.gov/sites/ed/files/documents/ai-report/ai-report.pdf
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
http://arxiv.org/abs/2602.20629v2
https://artificialintelligenceact.eu/fr/article/5/
https://artificialintelligenceact.eu/fr/article/5/
https://artificialintelligenceact.eu/fr/article/5/
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regulatory tensions between innovation and protection. [7] exposes [7] Deepfake-Style AI Tutors in Higher
Education: A Mixed-Methods... -
MDPI

authenticity tensions in AI-mediated interactions.

These intersect with faculty concerns about academic integrity,
as seen in [8], which reveals the impossibility of reliable AI detection [8] Détection de l’usage d’IA généra-

tive. Analyse du discours...while institutions continue investing in flawed systems. This creates an
evidence-practice gap where faculty must enforce policies unsupported
by reliable technical solutions.

Week: March 23–March 29, 2026 Total sources: 1486
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