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Ezecutive Summary

The Field Is Cliting Vendor Documentation, Not Studying It

Of the 4,688 sources surfaced in this week’s scan, the citable evidence
base is dominated not by peer-reviewed learning-sciences work but
by vendor product documentation—Microsoft 365 Copilot adoption
guides, GitHub Copilot pricing tables, Gemini rollout notes. That
distribution is itself a finding. The empirical foundation available

to researchers studying Al in education is increasingly authored by
the parties selling the intervention, and one of the few independent
signals in the set is a documented failure: Al detection tools remain

unreliable, yet teachers deploy them anyway [1]. [1] AT detection tools are unreliable.
Teachers are using them anyway
That persistence gap—adoption continuing in spite of, not because

of, evidence—is the undertheorized problem worth your attention. The

learning-sciences literature has strong models for why teachers adopt

tools that work. It has far less to say about the institutional and af-

fective mechanisms that sustain adoption of tools that demonstrably

don’t, once those tools are embedded in an assessment cycle and an

academic-integrity apparatus. Resolving this would require research

designs that treat vendor documentation as a primary source to be

interrogated—claims to be tested against independent outcomes—

rather than as a technical reference. The [9] defines "adoption” in [9] Microsoft 365 Copilot adoption
usage telemetry; no construct there maps to learning. That semantic report

slippage is where measurement error enters the literature. [3] names [3] Artificial Unintelligence - How
Computers Misunderstand

exactly this move—the substitution of what is countable for what is
claimed.

This briefing provides three things: a mapping of the questions the
vendor-heavy corpus leaves unstudied (chiefly, why unreliable tools
persist post-evidence), an analysis of the methodological limitations
that follow from building theory on product telemetry, and identi-
fication of high-impact research openings—independent construct
validation, and IRB-legible study of algorithmic academic-integrity
systems whose error rates are known but whose adoption logic is not.
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Critical Tension

The Accountability Gap Is a Research Problem, Not a Compli-
ance One

The Theoretical Problem

The sharpest tension in Al-and-education research this week is not
about accuracy. It is about agency without answerability. At the
agentic-Al summit in Berkeley, the line that traveled was blunt: you

cannot send an Al agent to prison [7]. Set that beside the finding that [7] Impossible d’envoyer un agent

TA en prison: les citations les plus
inquiétantes du sommet agentic Al a
[1]. The two facts describe the same structural hole from opposite Berkeley

Al-detection tools are unreliable and teachers deploy them anyway

ends: systems are acquiring the capacity to act on students faster than [1] AT detection tools are unreliable.
Teachers are using them anyway :

the field has built any account of who is responsible when they act NPR

wrongly.

This is a genuine theoretical tension, not a procurement problem.
A practical trade-off would be resolvable by better calibration — raise
the detection threshold, add a human review step. But the deeper
problem is that our dominant frameworks assign moral and epistemic
responsibility to persons (the instructor who flags, the student who
submits), while the causal work is increasingly done by systems that
no framework treats as accountable. Microsoft ships "risk and safety
evaluators” as a technical layer [13], which is useful and also revealing: [13] Risk and Safety Evaluators for
safety is theorized as a property of the model, not of the pedagogical Generative AI - Microsoft Foundry
relationship the model has entered. The conceptual apparatus for
locating responsibility in the sociotechnical system as a whole — the
instructor, the vendor, the institution, and the tool as a distributed
unit of accountability — largely does not exist. That absence is the

research object.

Paradigm Limitations

The field still runs on the Al-as-tool metaphor, and a tool cannot be
blamed — only used well or badly. That framing quietly relocates ev-
ery failure onto the human end of the chain: the teacher who trusted
the detector, the student who ”should have known.” It forecloses the
question that actually matters when systems begin to act — how
agency is distributed, and how a distributed system can be made an-
swerable. When accountability is theorized as individual and agency
is engineered as systemic, the two never meet, and the gap is filled by

whoever has least power to refuse it. [3] is precise on why this persists: [3] Artificial Unintelligence - How
Computers Misunderstand
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the machinery is treated as neutral instrumentation precisely at the
moment it is making consequential misjudgments.

An alternative framing worth building: treat the classroom as a site
where machine agency and institutional authority are co-produced,
and ask empirically who absorbs the error when the tool is wrong.
That reframes disinformation research, too — the Brennan Center’s
question of whether AT fights or fuels election falsehoods [4] is the
same accountability puzzle at civic scale.

Whose Knowledge Is Missing?

The measurement of who gets studied is itself the finding. Student
perspectives account for 3.76% of the discourse across the 4,688
sources this week; critical perspectives, 0.29%; parent and commu-
nity perspectives, 0.29%. Student-centered research would not merely
add satisfaction data — it would relocate the epistemic authority. The
people best positioned to report when a detector falsely flags them
are the flagged, and they are structurally absent from the corpus that
theorizes the tool. Demographic gaps in Al optimism are already doc-
umented, with younger cohorts more hopeful [3]; a field that studies
AT for students while sampling almost none of them cannot distin-
guish that optimism from resignation.

At 0.29%, critical perspectives are effectively a rounding error,
which means the power question — who profits from mandatory de-
tection, who bears the false-positive cost, who set the terms — goes
untheorized. Vendor governance frames the choice space: Google’s
expanded-access rollout [2] and OpenAl’s campaigning restrictions [11]
are governance decisions made outside shared governance and inher-
ited by institutions as settled facts. Parent and community absence,
also 0.29%, excludes precisely the actors who might contest what
counts as academic integrity in the first place. A field that theorizes
accountability while excluding the accountable-to has mistaken the
vendor’s problem for its own.

Actionable Recommendations

The evidence base this section draws on — 4,688 sources — is heavy
with vendor adoption documentation and thin on independent study
of what happens to people inside these systems. That imbalance is
itself a finding. The dominant genre of Al in education” writing right
now is the deployment guide: how to roll Copilot out to your orga-
nization [14], how to measure adoption [9], how to enable expanded

[4] Does AI Fight or Fuel Election
Disinformation?

[3] HAI__AI-Index-Report-2024

[2] AT Expanded Access - Google
Workspace Learning Center

[11] Political Campaigning Restric-
tions

[14] Rollout Microsoft 365 Copilot to
your organization

[9] Microsoft 365 Copilot adoption
report | Microsoft Learn
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access [2]. None of these are research. They set the terms researchers [2] AT Expanded Access - Google
are then invited to validate. The directions below are chosen to resist Workspace Learning Center
that framing.

1. The false-positive population: studying students
named by detectors that don’t work

Current gap: student experience is structurally underrepresented
in this corpus, and the specific harm of algorithmic misidentification
is undocumented at scale. We know the tools are unreliable and used
anyway — teachers deploy Al-detection software that produces false

positives while being told the software is not dependable [1]. What we [1] AI detection tools are unreliable.
do not know is who absorbs the error. ;‘?;{hers are using them anyway :

The field has approached detection as a technical accuracy problem
— measuring true/false positive rates in the abstract. That misses the
distributional question: which students get flagged, and what happens
to them procedurally.

Research questions:

¢ Do false-positive rates vary systematically by first-language status,
disability accommodation use, or writing-center reliance?

e« What are the academic-integrity adjudication outcomes for stu-

dents flagged by tools their own institutions acknowledge are unreli-
able?

e How does a false accusation alter subsequent enrollment, help-
seeking, and instructor trust over the following two terms?

Methodological considerations: this requires linking detector logs
to conduct-hearing records and registrar data — an IRB-heavy design
with real consent complications, since the affected students are also
the vulnerable population. Mixed methods matter here: the quantita-
tive distribution needs the qualitative account of what being accused
feels like, which survey instruments flatten. Centering the flagged
student, rather than the instructor’s workflow, is the whole point.

Potential contribution: converts ”detection accuracy” from a vendor
benchmark into a due-process and equity question, giving conduct
offices empirical grounds to stop treating detector output as evidence.

2. Accountability voids in agentic systems — before
they reach the classroom

Current gap: the agentic turn is arriving faster than any liability
framework. At Berkeley’s agentic-Al summit, the memorable formu-
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lation was that you cannot send an AT agent to prison [7] — a joke [7] Impossible d’envoyer un agent

that names a real void. Governance guidance treats agent security as [A en prison: les citations les plus

. . . . inquiétantes du sommet agentic Al a
an organizational control problem [6], which presumes the organiza- Berkeley
tion is the accountable party. In an advising or grading context, that [6] Gérer et sécuriser les agents TA au

presumption breaks sein de l'organisation - Cloud ...

Research questions:

¢ When an autonomous agent makes a consequential academic deci-
sion (a recommendation, an eligibility screen, a plagiarism referral),
where does institutional accountability actually land under existing
shared-governance and due-process structures?

e Can faculty exercise meaningful oversight of agent actions they
cannot inspect, and what does "meaningful” require empirically?

o How do students understand recourse when the decision-maker is
an agent configured by a vendor and deployed by an institution?

Methodological considerations: legal-institutional analysis paired
with scenario-based elicitation from general counsel, faculty senates,
and students. The challenge is that the systems are moving; a case
study risks obsolescence. Frame the study around decision types rather
than product versions to survive the update cycle. Toffler’s account
of institutions destabilized by acceleration [3] is doing real work here [3] Future Shock
— the mismatch between quarterly agent releases and a multi-year
governance revision cycle is the mechanism, not a metaphor.

Potential contribution: gives shared governance a research base for
writing agent-accountability into policy before deployment, rather than
litigating after harm.

3. Adoption metrics as the wrong dependent variable

Current gap: the vendor corpus measures success as adoption and
seat activation [8]. No independent measure of learning is attached. [8] Microsoft 365 Copilot adoption
The field has largely accepted the vendor’s dependent variable — us- guide and overview for I'T admins
age — as a proxy for benefit. That is the outsourcing move worth
naming: when the tool-maker defines what counts as success, evalua-

tion becomes marketing.

Research questions:

o Does increased Copilot or Gemini Code Assist [5] usage correlate [5] Gemini Code Assist overview
with, cause, or crowd out demonstrated competence in the underly- Google for Developers

ing skill?

o What learning outcomes decline when assistant use rises, and for
whom?
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e Who inside the institution defines the assessment cycle’s Al-related
outcomes — faculty, or the procurement contract?

Methodological considerations: this needs pre-registered longitudi-
nal designs with authentic assessment held constant across cohorts,
not self-reported productivity. The hard limitation is contamination
— you cannot easily construct a no-Al control group when the tools
are ambient. Regression-discontinuity around staggered licensing roll-
outs is one clean identification strategy.

Potential contribution: severs the assumed equation between adop-
tion and educational value, and equips assessment committees to
demand outcome data the vendor documentation never supplies.

4. Who stays optimistic, and what that predicts

Current gap: the HAI Al Index documents significant demographic
variation in whether people believe Al will improve their lives, with
younger cohorts more optimistic [3]. Education research treats this
optimism as background noise rather than a variable that shapes
uptake and outcomes.

Research questions:

e Does student baseline Al optimism predict actual learning gains, or
does it predict over-reliance and shallower engagement?

e How do faculty—student optimism gaps affect classroom trust and
assignment design?

¢ Do demographic optimism differences track access differences,
closing or widening existing gaps?

Methodological considerations: longitudinal panels spanning at
least a full degree cycle; short-term studies mistake novelty for durable

attitude. Instrument optimism separately from competence to avoid
conflation.

Potential contribution: makes attitude a measured mediator rather
than a demographic footnote, connecting to prior questions of equi-
table access without restating them.

5. Civic-facing curricula and the disinformation ques-
tion

Current gap: political and civic uses of Al are governed by vendor
policy [11], while the empirical question of whether AI fights or fuels
election disinformation remains genuinely open [4]. Journalism pro-

[3] HAI _AI-Index-Report-2024

[11] Political Campaigning Restric-
tions

[4] Does AI Fight or Fuel Election
Disinformation?
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grams, public-policy schools, and information-literacy curricula are
teaching into that uncertainty without an evidence base.

Research questions:

e Does Al-literacy instruction improve students’ ability to detect
synthetic political content, or does exposure breed overconfidence?

e Where do vendor campaigning restrictions actually constrain class-
room civic exercises, and who set those limits?

Methodological considerations: randomized instructional interven-
tions with validated detection-task outcomes; the limitation is eco-
logical validity, since lab detection differs from feed-scrolling. Nina’s
caution that a more balanced public view of AI depends on projects
that refuse both hype and panic [3] belongs at the design stage.

Potential contribution: gives civic and journalism faculty measured
grounds for curriculum, rather than importing vendor policy as peda-

gogy.

Supporting Evidence

FEvidence Base Characteristics

This week’s corpus ran to 4,688 sources, and the honest observation
for anyone assessing the state of Al-education scholarship is that most
of it is not scholarship. The citable material clusters heavily around
vendor documentation — Microsoft’s [9], Google’s [2], GitHub’s [10],
and rollout guidance like [14]. These are adoption artifacts, not find-
ings. They tell you what a product does and what it costs; they tell
you nothing about learning outcomes, cognitive effects, or institutional

consequences.

The empirical thread that does exist is thin and mostly journalistic
or policy-analytic rather than peer-reviewed. NPR’s reporting that [1]
and the Brennan Center’s [4] carry more evidentiary weight than the
training modules, but they sit at the edge of the education question
rather than its center.

Perspective Distribution Analysis

The contradiction and missing-perspectives instruments returned
zero mapped tensions and zero catalogued gaps this week. Treat that
as a signal about the corpus, not a clean bill of health: when 4,688

[3] Artificial Unintelligence - How
Computers Misunderstand

[9] Microsoft 365 Copilot adoption
report

[2] Al Expanded Access - Google
Workspace Learning Center

[10] Modelos y precios para GitHub
Copilot

[14] Rollout Microsoft 365 Copilot to
your organization

[1] AI detection tools are unreliable.
Teachers are using them anyway

[4] Does AI Fight or Fuel Election
Disinformation?
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sources produce no mappable contradictions, it usually means the
corpus is generically homogeneous — vendor documentation does not
argue with itself. The dominant perspective is the implementer’s.
The classroom voice is nearly absent; the [12] module frames LLMs
for developers, not for the faculty who will be asked to teach with or
against them.

This shapes field development in a specific way. When the loudest
documents are governance-and-deployment texts — [6] — the research
questions that get pre-formatted are procurement questions. Pedagogy
becomes a downstream implementation detail of a decision already
made in IT.

Failure Pattern Analysis

The failure-pattern instrument logged no coded patterns this week,
which is itself worth naming rather than glossing. The one hard fail-
ure the corpus documents — detection-tool unreliability, per NPR’s
[1] — is a technical failure with ethical consequences (false accusa-
tions against students) that the field is treating as an implementation
problem (”choose a better tool”). That misclassification is the un-
derstudied failure type: the field lacks a vocabulary for failures that
migrate across categories. The [7] reporting from Berkeley points at
exactly this accountability gap — where responsibility for an agentic
failure lands is undertheorized.

Discourse Analysis Findings

No metaphor or causal-attribution data was returned, so the obser-
vation has to come from the source texts directly. The governing
metaphor of the corpus is access as achievement — "expanded ac-
cess,” "rollout,” ”enablement.” OpenAT’s own [11] frames the vendor as
the site where public-interest limits are set, which is a quiet but sig-
nificant transfer of a governance function that used to belong to insti-
tutions. Anti-mystification requires saying it plainly: a EULA is now
doing work that shared governance used to do, and the pricing doc-
uments — [15] — are where the real curriculum-shaping constraints
live.

Methodological Observations

The design deficit is straightforward: almost nothing here is longitu-
dinal. Adoption reports are cross-sectional snapshots optimized for

[12] Présentation des grands modeles
de langage - Training

[6] Gérer et sécuriser les agents A au
sein de 'organisation

[1] AI detection tools are unreliable.
Teachers are using them anyway :
NPR

[7] Impossible d’envoyer un agent TA
en prison

[11] Political Campaigning Restric-
tions

[15] Tabla de tarifas de ChatGPT
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quarterly product cycles, and the temporal mismatch with a two-
semester assessment cycle means the evidence expires before an IRB-
approved study could close. What is missing are controlled compar-
isons of learning outcomes, effect sizes with confidence intervals, and
any study that survives a model version change. Generalizability is
unestablished because the unit of analysis is almost always a deploy-

ment, not a cohort.

Theoretical Development Needs

The unresolved contradiction the field needs to theorize is the ac-
countability gap surfaced at Berkeley — who is answerable when an
autonomous agent acts inside an institution that runs on human re-
sponsibility structures. As [3] argues, more balanced accounts are
emerging from journalism and academia; the task now is a construct
that connects vendor-set constraints to pedagogical judgment, so re-
searchers stop studying the product and start studying the transfer of
authority the product enacts.
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