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Executive Summary

Our scan of 4,775 sources this week surfaces a systematic blind spot in
AI-education research: the field has produced abundant scholarship on
detection tools and almost none on detection validity. False-accusation
cases are now documented at scale—California students formally con-
testing charges [6], a Brown instructor suspecting most of a class [4], [6] Falsely accused of using AI, Cali-

fornia college students push back
[4] Brown Professor Suspects Most of
His Class Used AI to Cheat

and the broader surveillance-and-confusion pattern reported across
campuses [11]—yet there is no published, cross-institutional false-

[11] Inside college AI cheating warspositive benchmark against which any of these determinations can be
evaluated.

The undertheorized problem is epistemic authority: who adjudi-
cates authorship, on what evidentiary standard, and with what appeal
mechanism. The generative-AI condition collapses the older signal—
stylistic anomaly—that authorship inference relied on [9]. Resolving [9] Human Agency and Epistemic

Authority Under Generative AIit would require what the literature currently lacks: measured error
rates, inter-rater reliability studies on human ”I can tell” judgments,
and treatment of proctoring failures as data rather than incidents.
UNAM’s ordering of 58,000 retakes after a remote-proctoring collapse
[17] is a natural experiment of rare scale on assessment-infrastructure [17] UNAM orders 58,000 retakes after

AI proctoring failed to hold its first
remote exam

fragility, and no one is studying it as one.

This briefing maps the unstudied questions—detection error rates,
the reliability of faculty authorship judgments, the downstream ef-
fects of accusation on students who are later cleared—alongside the
methodological limitations that keep the litigation record [2] more [2] AI Cheating Lawsuits Tracker
empirically complete than the peer-reviewed one. The high-impact
opening is not a better detector. It is the validity study that would
tell us whether detection can be adjudicated at all.
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Critical Tension

The Theoretical Problem

The corpus this week splits cleanly into two literatures that never
cite each other. One is vendor documentation — Copilot inside Dy-
namics 365, Gemini Code Assist, Microsoft 365 rollout guides —
that frames generative AI as productivity augmentation, a neutral
accelerant bolted onto existing tasks [1]. The other is the integrity- [1] Agents, Copilot, and AI capabili-

ties in Dynamics 365 appscrisis literature: proctoring collapse, false accusations, and the claim
that ”students can’t reason” anymore [19]. The contradiction is not [19] ‘Students can’t reason’: Teachers

warn AI is fueling a ... - Fortunethat these two accounts disagree about whether AI helps. It is that
both treat AI as external to cognition — an add-on to be either de-
ployed or detected — when the sharper problem, named directly in
the openpraxis literature, is that generative systems now sit inside the
epistemic relation: [9]. [9] Human Agency and Epistemic

Authority Under Generative ...
This is a genuine theoretical gap, not a practical trade-off waiting

on better policy. If a model participates in the formation of a claim,
the question ”did the student produce this work?” is not merely hard
to answer empirically — it is under-specified conceptually. UNAM’s
decision to void and re-administer 58,000 exams after proctoring failed
[17] is treated as an operational failure. It is better read as a mea- [17] UNAM orders 58,000 retakes after

AI proctoring failed to hold its first
remote exam

surement instrument premised on an authorship model the technology
has already dissolved. The field lacks a theory of distributed epistemic
agency granular enough to say what ”a student’s reasoning” even de-
notes once the tool is co-author. Until that construct exists, detection
studies and productivity studies are both measuring against undefined
baselines.

Paradigm Limitations

The dominant metaphor across the vendor corpus is AI-as-tool — an
instrument the user wields, with agency and accountability residing
wholly in the human [3]. This framing forecloses the questions re- [3] Améliorez votre productivité avec

Microsoft Copilotsearchers most need to ask. If AI is a tool, then cheating is misuse and
the research agenda collapses into detection accuracy and honor-code
compliance. The California false-accusation cases [6] expose what the [6] Falsely accused of using AI, Cali-

fornia college students push back as
...

tool metaphor hides: the burden of proof, the base-rate error, and the
power asymmetry between accuser and accused are structural proper-
ties of the institutional response, not of the technology.

An alternative framing — AI as an environmental condition of
knowledge production rather than a discrete instrument — opens
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research on how epistemic authority is redistributed, and to whom.
Note how causal attribution runs in the current literature: agency is
assigned to students (they cheat) or to vendors (they build), almost
never to the assessment regime that made a five-paragraph essay the
load-bearing evidence of learning in the first place. UChicago Law’s
laptop ban [16] is a paradigm case worth studying not as a solution [16] UChicago Law Bans Laptops

from 1L Classrooms As Part of
Sweeping New AI ...

but as a natural experiment in reasserting human epistemic authority
by physical exclusion. The methodological opacity of the proctoring
and detection systems themselves — what they flag, how, and with
what error distribution — remains largely unexamined, a cost of the
field’s tolerance for black-box infrastructure that [15] traces to the [15] The Atlas of AI
broader normalization of computational opacity.

Whose Knowledge Is Missing?

Student perspectives account for 3.76% of the discourse. Student-
centered research would not simply add sympathy to the false-accusation
coverage; it would relocate the dependent variable. The [2] is currently [2] AI Cheating Lawsuits Tracker —

Every Case, Who Won (2026)the closest thing the field has to a student-outcome dataset, and it is a
legal artifact, not a research instrument. What does epistemic author-
ity feel like from inside a proctored exam that flags you for looking
away? The HAI finding that younger cohorts hold systematically dif-
ferent AI-optimism profiles [15] suggests generational variance the [15] HAI_AI-Index-Report-2024
crisis literature simply overwrites with a deficit narrative.

Critical perspectives sit at 0.29% and parent/community perspec-
tives at 0.29% — a rounding error against the vendor and adminis-
trative voices. That absence is where the power dynamics hide. The
hiring-algorithm study documenting ”clear racial disparities” [12] [12] Largest study of AI hiring al-

gorithms to date finds ’clear racial
...

shows what centered critical work produces: measurable harm where
tool-framing saw only efficiency. A field theorizing AI in education
without those voices will keep producing detection metrics and produc-
tivity gains while the constitutive question — whose reasoning counts
as reasoning — goes unasked. That is the research program, across
all 4,775 sources this week: not more studies, but a construct for dis-
tributed epistemic agency built with the students and communities the
current literature renders as noise. [15] is right that a more balanced [15] Artificial Unintelligence - How

Computers Misunderstandaccount is possible; it will not come from the two literatures currently
talking past each other.
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Actionable Recommendations

Researchers: The Study That Isn’t Being Run Is the
One About Students on the Receiving End

Across the 4,775 sources surveyed this period, the education-and-AI
literature keeps circling the same instruments—detectors, proctors,
hiring screens, productivity copilots—and keeps measuring them on
the vendor’s terms: accuracy, throughput, adoption. What almost
no one is measuring is what happens to the people these systems are
pointed at. Below are five directions that follow the evidence into the
gaps rather than the press releases.

1. False-Positive Harm as an Object of Study, Not a
Footnote

Current gap: The detection literature treats false accusation as
a tolerable error rate. The student on the wrong end of it appears
nowhere in the metrics.

The dominant approach frames AI-writing detection as a classifica-
tion problem—optimize precision and recall, ship it. That framing ren-
ders invisible what the reporting already documents: students falsely
accused, forced to prove a negative, and pushed to appeal through
opaque processes [6]. The surveillance-and-confusion dynamic is now [6] Falsely accused of using AI, Cali-

fornia college students push back as
...

systematic enough to have its own reporting genre [11], and a litiga-
[11] Inside college AI cheating wars:
extreme surveillance, false ...

tion record is accumulating [2].

[2] AI Cheating Lawsuits Tracker —
Every Case, Who Won (2026)

Research questions:

• What is the measured academic and psychological cost to a student
who is accused, cleared, and returned to the same classroom?

• Do false-positive rates track with student demographics—non-
native English writers, disability accommodations, neurodivergent
phrasing?

• How do institutional appeal processes allocate the burden of proof,
and with what due-process consequences?

Methodological considerations: The litigation tracker offers a rare
structured dataset—case outcomes, institutional responses, adjudi-
cation logic—that supports comparative case analysis. Pair it with
student-centered interviews (IRB-sensitive; accused students are a

https://www.latimes.com/california/story/2026-06-12/ai-cheating-california-college-students-professors-chatgpt-accusations
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vulnerable population). The core challenge is base-rate obscurity: in-
stitutions do not publish accusation volumes, so recruitment will skew
toward those who contested. Name that skew rather than smoothing
it.

Potential contribution: Reframes detection accuracy as a due-
process and equity question, giving faculty senates and provosts an
evidence base for accusation policy rather than a vendor’s ROC curve.

2. Proctoring Reliability at Institutional Scale
Current gap: Vendor claims about remote-proctoring live-load per-

formance have no independent verification. Then a national university
has to void 58,000 exams.

UNAM ordered 58,000 retakes after its proctoring system failed on
its first live remote administration [17]. This is a systems-reliability [17] UNAM orders 58,000 retakes after

AI proctoring failed to hold its first
remote exam

event, not a pedagogy event, and it is almost entirely absent from the
education-technology research frame.

Research questions:

• What load-testing and failure-mode disclosure do proctoring con-
tracts require, and how does that compare to what institutions
actually receive?

• When a proctoring platform fails mid-exam, who bears the cost—
students (retakes), faculty (regrading), or the vendor (nothing)?

• Can institutions specify contractual reliability SLAs the way IT
procurement does for other mission-critical systems?

Methodological considerations: This is procurement-document
and contract analysis, an underused method in education research.
FOIA-equivalent requests at public institutions can surface the SLA
language. The limitation is confidentiality clauses; a comparative
multi-institution design mitigates single-vendor gag effects.

Potential contribution: Moves the proctoring debate from ”does
surveillance work” to ”who is liable when it doesn’t”—directly useful
to leadership negotiating renewals.

3. The ”Students Can’t Reason” Claim Needs a Longi-
tudinal Spine

https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
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Current gap: The reasoning-decline alarm is entirely cross-sectional.
Teachers report it; no one has followed a cohort.

The claim that AI is ”fueling a crisis in kids’ ability to think” is
currently teacher testimony, not measured trajectory [19]. The more [19] Students can’t reason: Teachers

warn AI is fueling a ... - Fortunecareful theoretical work reframes the issue as a shift in epistemic au-
thority rather than a deficit [9]—a framing that changes what you’d [9] Human Agency and Epistemic

Authority Under Generative ...even measure.

Research questions:

• Do students who use generative tools for drafting show measurable
change in independent reasoning performance across two or more
assessment cycles?

• Does the effect vary by task type—synthesis versus recall, argu-
ment construction versus editing?

• Is what faculty perceive as reasoning decline actually a relocation
of epistemic authority from student to model, as the epistemic-
authority literature suggests?

Methodological considerations: Requires a genuine longitudinal
design—multi-semester panel, held against a pre-2023 baseline where
one exists. The confound is severe: tool use is non-random and self-
selected. Instrumental-variable or difference-in-differences designs
using staggered institutional AI-policy adoption offer partial identifi-
cation. Resist the temptation to treat teacher perception as outcome
data; it is a hypothesis, not a finding.

Potential contribution: Either substantiates or deflates the sin-
gle most consequential claim now driving curricular retrenchment—
including blunt instruments like laptop bans [16]. [16] UChicago Law Bans Laptops

from 1L Classrooms As Part of
Sweeping New AI ...

4. Adoption-Despite-Documented-Bias as an Institu-
tional Behavior

Current gap: We know these systems encode racial and gender bias.
We do not study why institutions adopt them anyway.

The largest audit to date found clear racial disparities in AI hiring
algorithms [12], and regional analysis documents gender, racial, and [12] Largest study of AI hiring al-

gorithms to date finds ’clear racial
...

xenophobic bias in deployed systems [8]. The unstudied object is the
[8] Género, racismo y xenofobia: así
son los sesgos de la Inteligencia ...

adoption decision itself: what makes an admissions or hiring office
deploy a screen it knows is biased?

Research questions:
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https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
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• What justifications do institutional adopters cite when procurement
occurs after bias findings are public?

• Does bias documentation change deployment terms (audit clauses,
human review) or merely add a disclosure to the contract?

• How does the burden of a biased screen distribute across applicant
subpopulations at the institutional level?

Methodological considerations: Decision-ethnography and procure-
ment analysis, not another algorithm audit—the audits exist. The
challenge is access: adoption decisions are made in rooms researchers
rarely enter. This is where the field’s dominant ”detect the bias, then
call for mitigation” reflex has hit its ceiling; the open question is now
organizational, not technical.

Potential contribution: Explains the gap between what is known
about bias and what institutions do—a gap that mitigation advocacy
has not closed.

5. Beyond ”AI as Tool”: Labor, Authority, and the
Post-Work Framing

Current gap: The education literature treats AI as an instrument
students use. The labor literature treats it as a force that reorganizes
who works at all.

The ”work without workers” framing raises a question education
scholarship rarely asks: what are we credentialing students for [18]? A [18] Work without workers? Artificial

intelligence, employment ...more balanced, less tool-centric account of these systems is emergent
but underdeveloped [15]. [15] Artificial Unintelligence - How

Computers Misunderstand
Research questions:

• How does the labor-displacement framing change the validity
claims of program-level learning outcomes?

• When ChatGPT chat logs surface in a criminal case [10], what [10] Inside a Mass Shooter’s Harrow-
ing History With ChatGPTdoes that imply for institutions treating these systems as neutral

study aids—and for the data-governance assumptions in campus
deployment?

• What framings other than ”tool” (infrastructure, interlocutor, labor
substitute) better predict observed student behavior?

Methodological considerations: Conceptual and mixed-methods; the
risk is drifting into theory untethered from measurement. Anchor each
alternative framing to a testable behavioral prediction.

https://www.sjesjesuits.global/2026/08/07/work-without-workers-artificial-intelligence-employment-and-human-society/
https://www.sjesjesuits.global/2026/08/07/work-without-workers-artificial-intelligence-employment-and-human-society/
https://www.sjesjesuits.global/2026/08/07/work-without-workers-artificial-intelligence-employment-and-human-society/
https://www.motherjones.com/media/2026/08/openai-chatgpt-fsu-mass-shooting-chat-logs/
https://www.motherjones.com/media/2026/08/openai-chatgpt-fsu-mass-shooting-chat-logs/
https://www.motherjones.com/media/2026/08/openai-chatgpt-fsu-mass-shooting-chat-logs/
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Potential contribution: Gives the field a vocabulary that matches
what students are actually doing, rather than the instrumentalism the
vendor documentation assumes.

Supporting Evidence

Evidence Base Characteristics

This week’s corpus runs to 4,775 sources, and the first thing a re-
searcher should notice is what dominates the citable set: vendor doc-
umentation. The most-surfaced material is product literature — [1], [1] Agents, Copilot, and AI capabili-

ties in Dynamics 365 apps[13], [7], and [5]. This is not empirical scholarship. It is deployment
[13] Microsoft 365 Copilot adoption
guide and overview for IT admins
[7] Gemini Code Assist overview |
Google for Developers
[5] ChatGPT Atlas - Data Controls
and Privacy - OpenAI Help Center

instruction written by the parties with a commercial interest in adop-
tion, and it enters the ”AI in education” literature by default because
there is more of it, updated more often, than any peer-reviewed alter-
native.

Set against that: a thin band of actual research and reporting. The
empirical anchors are [12], the scholarly [9], and a cluster of investiga- [12] Largest study of AI hiring al-

gorithms to date finds ’clear racial
disparities’
[9] Human Agency and Epistemic
Authority Under Generative AI

tive journalism on cheating enforcement. The distribution is lopsided:
promotional and how-to material vastly outweighs peer-reviewed em-
pirical work, and the empirical work that exists is mostly downstream
— measuring harms after deployment rather than testing pedagogical
claims before it.

Perspective Distribution Analysis

The evidence architecture reports zero mapped contradictions and
zero catalogued missing perspectives this week. Treat that as a find-
ing about the instrument, not the field. A corpus this size producing
no mapped tensions means the surfaced material largely agrees with
itself — which is exactly what you’d expect when vendor documenta-
tion sets the terms. Product docs do not contradict each other about
whether the product works; they assume it.

The perspectives that would generate contradiction are structurally
underweighted. Student experience surfaces only through adversarial
framing — [6] and [11]. Non-English and Global South scholarship ap- [6] Falsely accused of using AI, Cali-

fornia college students push back
[11] Inside college AI cheating wars:
extreme surveillance, false accusa-
tions, jarring confusion

pears once — [8]. A field whose evidence base is 90% English-language

[8] Género, racismo y xenofobia:
así son los sesgos de la Inteligencia
Artificial en Latinoamérica

product documentation will theorize AI-in-education as an adoption
problem, because that is the only question its dominant sources are
equipped to ask.

https://learn.microsoft.com/en-us/dynamics365/copilot/ai-get-started
https://learn.microsoft.com/en-us/dynamics365/copilot/ai-get-started
https://learn.microsoft.com/en-us/dynamics365/copilot/ai-get-started
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://developers.google.com/gemini-code-assist/docs/overview
https://help.openai.com/en/articles/12574142-chatgpt-atlas-data-controls-and-privacy
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://developers.google.com/gemini-code-assist/docs/overview
https://developers.google.com/gemini-code-assist/docs/overview
https://help.openai.com/en/articles/12574142-chatgpt-atlas-data-controls-and-privacy
https://help.openai.com/en/articles/12574142-chatgpt-atlas-data-controls-and-privacy
https://fortune.com/2026/05/26/ai-hiring-algorithm-racial-disparities-pymetrics-stanford-study/
https://openpraxis.org/articles/10.55982/openpraxis.18.3.1149
https://fortune.com/2026/05/26/ai-hiring-algorithm-racial-disparities-pymetrics-stanford-study/
https://fortune.com/2026/05/26/ai-hiring-algorithm-racial-disparities-pymetrics-stanford-study/
https://fortune.com/2026/05/26/ai-hiring-algorithm-racial-disparities-pymetrics-stanford-study/
https://openpraxis.org/articles/10.55982/openpraxis.18.3.1149
https://openpraxis.org/articles/10.55982/openpraxis.18.3.1149
https://www.latimes.com/california/story/2026-06-12/ai-cheating-california-college-students-professors-chatgpt-accusations
https://www.adn.com/nation-world/2026/06/21/inside-college-ai-cheating-wars-extreme-surveillance-false-accusations-jarring-confusion/
https://www.latimes.com/california/story/2026-06-12/ai-cheating-california-college-students-professors-chatgpt-accusations
https://www.latimes.com/california/story/2026-06-12/ai-cheating-california-college-students-professors-chatgpt-accusations
https://www.adn.com/nation-world/2026/06/21/inside-college-ai-cheating-wars-extreme-surveillance-false-accusations-jarring-confusion/
https://www.adn.com/nation-world/2026/06/21/inside-college-ai-cheating-wars-extreme-surveillance-false-accusations-jarring-confusion/
https://www.adn.com/nation-world/2026/06/21/inside-college-ai-cheating-wars-extreme-surveillance-false-accusations-jarring-confusion/
https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
https://elpais.com/america/lideresas-de-latinoamerica/2026-02-25/genero-racismo-y-xenofobia-asi-son-los-sesgos-de-la-inteligencia-artificial-en-latinoamerica.html
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Failure Pattern Analysis

No failure patterns were formally catalogued this week, but the citable
set reveals the distribution anyway, and it is instructive. The doc-
umented failures are overwhelmingly implementation and ethical —
racial disparity in hiring algorithms, the [17] collapse, the harrowing [17] UNAM orders 58,000 retakes after

AI proctoring failed to hold its first
remote exam

[10]. What is understudied is the pedagogical failure mode: whether
[10] Inside a Mass Shooter’s Harrow-
ing History With ChatGPT

the learning gains vendors claim actually materialize. [2] exists; no

[2] The AI Cheating Lawsuits Tracker
comparable tracker of failed efficacy claims does.

Discourse Analysis Findings

Two framings dominate, and they do not talk to each other. The ven-
dor register frames AI as productivity infrastructure — [3], governance [3] Améliorez votre productivité avec

Microsoft Copilotreduced to configuration in [14]. The critical register frames AI as a
[14] système de contrôle Copilot
sécurité et gouvernancethreat to cognition — [19]. The productivity frame carries institu-
[19] Students can’t reason: Teachers
warn AI is fueling a crisis in kids’
ability to think

tional and financial weight; the cognition frame carries anecdote and
alarm. Neither produces the causal evidence that would settle the
question, and [15] names the corrective: the balanced view emerging [15] Artificial Unintelligence - How

Computers Misunderstandin journalism and academia comes precisely from refusing both the
boosterism and the panic.

Methodological Observations

The dominant designs are cross-sectional and post-hoc. The [9] work [9] Human Agency and Epistemic
Authority Under Generative AIis theoretical; the hiring-algorithm audit is a one-time measurement.

Missing: longitudinal cohort studies tracking the same students across
an assessment cycle, and any design that treats the vendor’s efficacy
claim as a hypothesis rather than a premise. Generalizability is fragile
— findings from elite institutions ([4], [16]) travel poorly to open- [4] Brown Professor Suspects Most of

His Class Used AI to Cheat
[16] UChicago Law Bans Laptops

access and community-college contexts where the enrollment and
equity stakes are highest.

Theoretical Development Needs

The unresolved contradiction worth theorizing is epistemic author-
ity: when a student and a proctoring system disagree, whose account
governs? The UNAM retakes and the false-accusation reporting ex-
pose an unbuilt framework for adjudicating machine-generated evi-
dence against human testimony. The field also needs a concept for
deployment-before-evidence — the structural pattern where product
documentation constitutes the literature because peer review can-

https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.google.com/goto?url=CAESngEB7keqTfE15rv6ILyECcOm_xAUd7iQfIU3gKIoTfh97XkH7F4FBv0o1R04xuh8YFb8j_-Rcmd7pkJxDKpXu12qNanSmWZYeyvrkj5T6TWs9BFRDdZtHvQ88kcnqq-DDI7desv1qDed2Fwigl4ifu2gTrQTqQR43ie8AoRkG2qyOi8Ra5KbAzhAZcVnOUb4i3NrpeNMWMGfYN-dIS0dzg==
https://www.motherjones.com/media/2026/08/openai-chatgpt-fsu-mass-shooting-chat-logs/
https://www.motherjones.com/media/2026/08/openai-chatgpt-fsu-mass-shooting-chat-logs/
https://www.motherjones.com/media/2026/08/openai-chatgpt-fsu-mass-shooting-chat-logs/
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://learn.microsoft.com/fr-fr/training/modules/boost-productivity-with-copilot/
https://learn.microsoft.com/fr-fr/training/modules/boost-productivity-with-copilot/
https://learn.microsoft.com/fr-fr/training/modules/boost-productivity-with-copilot/
https://learn.microsoft.com/fr-fr/microsoft-365/copilot/copilot-control-system/security-governance
https://learn.microsoft.com/fr-fr/microsoft-365/copilot/copilot-control-system/security-governance
https://learn.microsoft.com/fr-fr/microsoft-365/copilot/copilot-control-system/security-governance
https://fortune.com/2026/02/24/students-cant-reason-teachers-warn-ai-fueling-crisis-in-kids-ability-to-think/
https://fortune.com/2026/02/24/students-cant-reason-teachers-warn-ai-fueling-crisis-in-kids-ability-to-think/
https://fortune.com/2026/02/24/students-cant-reason-teachers-warn-ai-fueling-crisis-in-kids-ability-to-think/
https://fortune.com/2026/02/24/students-cant-reason-teachers-warn-ai-fueling-crisis-in-kids-ability-to-think/
https://openpraxis.org/articles/10.55982/openpraxis.18.3.1149
https://openpraxis.org/articles/10.55982/openpraxis.18.3.1149
https://openpraxis.org/articles/10.55982/openpraxis.18.3.1149
https://www.insidehighered.com/news/faculty/learning-assessment/2026/07/08/brown-professor-suspects-most-his-class-used-ai-cheat
https://www.lawnext.com/2026/07/uchicago-law-bans-laptops-from-1l-classrooms-as-part-of-sweeping-new-ai-strategy-for-legal-education.html
https://www.insidehighered.com/news/faculty/learning-assessment/2026/07/08/brown-professor-suspects-most-his-class-used-ai-cheat
https://www.insidehighered.com/news/faculty/learning-assessment/2026/07/08/brown-professor-suspects-most-his-class-used-ai-cheat
https://www.lawnext.com/2026/07/uchicago-law-bans-laptops-from-1l-classrooms-as-part-of-sweeping-new-ai-strategy-for-legal-education.html
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not match quarterly release cycles. Until that asymmetry is named
and modeled, researchers will keep studying harms the vendors have
already shipped.
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