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Executive Summary

The Detection Tools You’re Being Sold Don’t Work — and Fac-
ulty Are Using Them Anyway

Our analysis of 4,400 sources this week surfaces a hard, unresolved
tension sitting directly in your grading queue: institutions are deploy-
ing AI-detection tools that their own reporting concedes are unreli-
able, and faculty are using them to make academic-integrity judgments
anyway [1]. This is not a future problem. It is the evidentiary basis [1] AI detection tools are unreliable.

Teachers are using them anywayfor the misconduct referral you might write this week.

The core tension is this: the same generative systems marketed
to students as legitimate research and drafting aids — OpenAI now
publishes dedicated guidance for scholars on using ChatGPT in aca-
demic work [2] — are the systems your detection software claims to [2] ChatGPT for Academic Re-

searcherscatch after the fact. You cannot simultaneously treat a tool as sanc-
tioned infrastructure and as forensic evidence of cheating. Detection
vendors resolve that contradiction in their favor by selling you a confi-
dence score. The score is doing rhetorical work your assessment design
should be doing.

Notice who is absent from this arrangement. There is no third-
party audit of detection accuracy in the guidance most faculty receive;
Québec’s public integration framework treats responsible adoption as
a governance and pedagogy question, not a software-procurement
one [6]. Mexico’s national survey confirms student use is already [6] Intégration responsable de

l’intelligence artificielle dans les
établissements

widespread and normalized [13] — meaning a false-positive rate lands
[13] Usos y percepciones sobre la
Inteligencia Artificial

on real students in a real hearing.

This briefing gives you three things: what detection tools actually
measure versus what they claim, assessment redesigns that don’t de-
pend on catching AI after submission, and the accessibility tradeoff —
since the same models power [11] — that a blanket ban quietly erases. [11] personalized learning for students

with disabilities
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Critical Tension

Faculty Brief: The Detection Trap Is Not Your Only Bad Op-
tion

Our contradiction mapping did not return a scored tension this week
— the map came back empty, which is itself the finding. Across the
4,400 sources in this cycle, the pressure faculty face is not a clean
either/or that an analyst has rated ”hard.” It is diffuse: the tools that
promise to help you enforce AI policy are the same tools documented
to fail, and the institutional guidance that would tell you what to do
instead has not arrived. The specific contradiction you are living is
that you are being asked to adjudicate AI use in your courses with
instruments that don’t work and a rulebook that doesn’t exist.

Start with the instrument that doesn’t work, because it is the one
most faculty reach for first. AI detection software is unreliable, and
teachers are using it anyway [1]. This is the cleanest documented fail- [1] AI detection tools are unreliable.

Teachers are using them anywayure in the evidence this week: a technology marketed as an integrity
backstop that produces false positives against real students. When you
run a suspect paragraph through a detector and act on the result, you
are not enforcing academic integrity — you are outsourcing a pedagog-
ical judgment to a vendor whose product the reporting shows cannot
deliver it. The move is invisible until a student you’ve flagged turns
out to have written the work themselves.

The urgency is not rhetorical. Assignment deadlines don’t pause
for policy development. The questions arriving in your office hours
this week — can I use ChatGPT to outline, to translate, to check my
code — have answers your institution has not written down. Vendors,
meanwhile, are answering them for you. OpenAI now publishes direct
guidance for academic work [2], Google folds generative AI into edu- [2] ChatGPT for Academic Re-

searcherscation subscriptions [7], and Microsoft ships Copilot into the campus
[7] Le meilleur de l’IA de Google
est désormais inclus dans les abon-
nements

stack with its own adoption playbook [8]. Your students are being

[8] Microsoft 365 Copilot adoption
guide and overview for IT admins

trained on these tools by the companies that sell them while your as-
sessment cycle and curriculum-approval calendar move at the speed
of shared governance. That temporal asymmetry — quarterly model
releases against multi-semester course revision — is the structural
condition, not a passing inconvenience [4]. [4] Future Shock

Why do the obvious responses fail? A blanket ban depends on
detection you’ve just seen is unreliable, so it converts you into an
enforcer of a rule you cannot verify. A blanket permission cedes the
question of what your course actually teaches to whatever the tool is
optimized to produce. And the middle path — ”use it responsibly” —

https://www.npr.org/2025/12/16/nx-s1-5492397/ai-schools-teachers-students
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https://support.google.com/a/answer/15756885?hl=fr-US
https://support.google.com/a/answer/15756885?hl=fr-US
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is only as good as the definition of responsible, which is precisely what
no one has handed you. Québec’s higher-education sector has at least
tried to write that definition down [6], and the effort is worth reading [6] Intégration responsable de

l’intelligence artificielle dans les
établissements

precisely because it shows how much institutional labor a real policy
requires — labor most departments have not yet funded.

Here is the hidden complexity. Our missing-perspectives map also
returned empty this week — no advocates, no critics, no policymak-
ers logged in the discourse shaping your options. Read that not as
reassurance but as a warning: the conversation about AI in your
classroom is currently being conducted almost entirely by the par-
ties selling the software and the outlets reporting when it breaks. The
people who should be defining ”responsible use” — assessment special-
ists, disability-services staff who know how these tools actually help
students [11], students themselves — are absent from the record. The [11] Personalización del aprendizaje

para estudiantes con discapacidadesdecision defaults to you, this semester, with the vendors already in the
room. Write your syllabus language as if that is true, because it is.

Actionable Recommendations

Faculty Brief: What to Actually Change Before the
Add/Drop Deadline

A note on the evidence before the recommendations. This week’s
structured contradiction and failure-pattern logs came back empty
— we did not surface a quantified internal tally of classroom failures
across the 4,400 sources reviewed. So this briefing does not pretend to
one. What it does have is externally documented evidence — vendor
documentation, government surveys, and reporting on tools already in
your classroom — and the recommendations below are built only on
what those sources actually say. Where the evidence is thin, that is
stated plainly.

Stop routing academic-integrity decisions through AI
detectors

The failure this addresses is the one already in your inbox: a de-
tector flagged a student, and you are now the tribunal. The evidence
that this workflow is broken is not ambiguous. Reporting on classroom
detection tools documents that they are unreliable and that teachers
keep using them anyway, producing false accusations against students
who did nothing wrong — with non-native English writers and neu-

https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
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https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
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rodivergent students disproportionately flagged [1]. A detector output [1] AI detection tools are unreliable.
Teachers are using them anywayis a probability score wearing the costume of evidence. If you carry

it into an integrity hearing, you are importing a vendor’s confidence
interval into a due-process proceeding.

The alternative is to move the assessment where detection is ir-
relevant. Québec’s guidance on responsible AI integration in higher
education frames this as a design problem rather than a policing prob-
lem — building assignments whose evidence of learning is the process,
not the artifact [6]. [6] Intégration responsable de

l’intelligence artificielle dans les
établissements• Week 1: Remove any detector-score language from your syllabus.

Replace ”we use AI detection software” with a description of how
the work will be assessed.

• Weeks 2–4: Add one in-process checkpoint to your major assign-
ment — an annotated outline, a five-minute recorded walkthrough,
or a short in-class writing sample you keep on file as a voice base-
line.

• By midterm: When a submission surprises you, hold a low-stakes
oral conversation about the work instead of running a scan.

• End of semester: Count how many integrity referrals you actu-
ally filed versus last year, and whether the conversations resolved
concerns without a formal case.

This navigates the tension you cannot resolve — you genuinely can-
not verify authorship of take-home text — by not staking a student’s
record on a tool that admits it cannot either. Outcome data specific to
your context does not exist; the NPR reporting documents the harm
side clearly, the benefit side of process-based assessment rests on the
Québec framework rather than longitudinal trial data.

Write a permitted-use policy that names the tools stu-
dents already have

The failure here is the vacuum. A syllabus line that says ”AI use
must be appropriate” tells a student nothing, because the frontier
of ”AI use” now ships inside tools they did not opt into. Google has
folded its generative models into standard Workspace and consumer
subscriptions [7], and Microsoft 365 Copilot is being rolled out across [7] Le meilleur de l’IA de Google

est désormais inclus dans les abon-
nements

institutional tenants [12]. Your student opening a document may be
[12] Rollout Microsoft 365 Copilot to
your organization

in a Copilot-enabled tenant whether or not either of you chose it. A
vague policy makes the vendor’s default your pedagogy’s default.
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https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-minimum-requirements-rollout
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Mexico’s national ENIAG 2025 survey documents that AI use and
perception among students is already widespread and uneven — mean-
ing your class contains both heavy users and abstainers, and a generic
rule lands differently on each [13]. Specificity is the fix. [13] Usos y percepciones sobre la

Inteligencia Artificial

• Week 1: List the three tools most likely in your students’ hands —
the Workspace/Copilot assistant, a standalone chatbot, a coding
assistant if relevant — and write one sentence per tool: permitted,
permitted-with-citation, or not permitted, per assignment type.

• Weeks 2–4: Ask students, anonymously, which tools they already
have institutional access to. You will likely be surprised.

• By midterm: Revise the policy once, publicly, based on what actu-
ally came up.

This addresses the specification gap directly: the policy fails not
because students are dishonest but because ”AI” names a moving
bundle of features rather than a decision. Naming tools makes the rule
enforceable and, more importantly, teachable.

Use AI deliberately for accessibility before you use it
for anything else

If you are going to permit AI at all, the best-documented instruc-
tional use is accessibility, not efficiency. Microsoft’s training material
on personalizing learning for students with disabilities documents
concrete uses — reading support, alternative formats, scaffolded com-
prehension — that map onto accommodations you are already legally
obligated to provide [11]. [11] Personalización del aprendizaje

para estudiantes con discapacidades
The honest limitation: this documentation is vendor-authored and

describes capability, not measured learning gains. Treat it as a menu
of options to pilot with your disability services office, not as validated
intervention.

• Week 1: Identify one accommodation you currently deliver by hand
(extended-format readings, alt text, summaries) and test whether
an approved tool produces a usable draft you then verify.

• By midterm: Bring one such use to your accessibility office for
review before scaling it.

This sidesteps the integrity fight entirely, because accessibility use
is not adversarial. It is also the use most defensible under shared
governance if questioned.

https://www.gob.mx/cms/uploads/attachment/file/1071411/Dossier_Resultados_ENIAG2025_SEP_.pdf
https://www.gob.mx/cms/uploads/attachment/file/1071411/Dossier_Resultados_ENIAG2025_SEP_.pdf
https://www.gob.mx/cms/uploads/attachment/file/1071411/Dossier_Resultados_ENIAG2025_SEP_.pdf
https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
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Learn how the model produces text before you set a
citation rule

Faculty are writing research and citation policies for a tool most
have not examined. OpenAI’s own documentation of how its foun-
dation models are developed, and its separate guidance for academic
researchers, describe what the system does and does not do — includ-
ing that it generates plausible text rather than retrieving verified fact
[3], [2]. Read both before your department votes on a policy. A cita- [3] Cómo se desarrollan ChatGPT y

nuestros modelos fundacionales
[2] ChatGPT for Academic Re-
searchers

tion rule written without understanding fabricated references will not
survive contact with a hallucinated source in a student bibliography.

The temporal asymmetry is real: these models update on a ven-
dor’s release schedule while your curriculum turns on a two-semester
cycle — the case for building assessment around durable disciplinary
judgment rather than tool-specific rules that expire by spring [4]. [4] After Shock

• Week 1: Spend ninety minutes reading the two OpenAI documents.

• Weeks 2–4: Draft your citation expectation as ”verify every source
the tool cites exists,” not ”do not use AI.”

Outcome data is genuinely sparse across all four recommendations.
What the evidence supports is avoiding the documented harms —
unreliable detection, vague policy, unexamined tools — not a promised
gain. Your context will vary; treat each of these as a pilot you assess,
not a result you inherit.

Supporting Evidence

Our dimensional analysis of 4,400 sources this week reveals a corpus
badly out of balance—not in what it says, but in what it counts as
worth saying. Before you weigh any recommendation in this briefing,
understand where the evidence is thick and where it thins to nothing.

Dimensional Patterns

The analysis probed education sources across several cognitive dimen-
sions, and the distribution itself is the finding. Under the stakes and
position probe, education generated 964 argumentative findings—the
largest single cluster. Under concepts and assumptions, 888. Un-
der evidence and inference, 763. Under purpose and question,

https://help.openai.com/es-419/articles/7842364-c%C3%B3mo-se-desarrollan-chatgpt-y-nuestros-modelos-fundacionales
https://help.openai.com/en/articles/20001406
https://help.openai.com/es-419/articles/7842364-c%C3%B3mo-se-desarrollan-chatgpt-y-nuestros-modelos-fundacionales
https://help.openai.com/es-419/articles/7842364-c%C3%B3mo-se-desarrollan-chatgpt-y-nuestros-modelos-fundacionales
https://help.openai.com/en/articles/20001406
https://help.openai.com/en/articles/20001406
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556. Read together, this tells you the corpus is heavily invested in
why AI in education matters and what it assumes, but comparatively
lighter on the harder question of what actually works and how we’d
know.

That skew matters because the loudest documents in the corpus
are vendor documentation, not pedagogical research. The most-
cited sources are onboarding and adoption guides: the [8], the [12] [8] Microsoft 365 Copilot adoption

guide and overview for IT admins
[12] Rollout Microsoft 365 Copilot to
your organization

rollout guide, and Google’s [5]. These documents set the terms—

[5] Gemini Code Assist overview |
Google for Developers

capabilities, pricing tiers, enablement steps—before any instructor has
asked whether the capability serves a learning objective. When [10]

[10] Modelos y precios para GitHub
Copilot

frames the decision as a model-and-pricing question, the pedagogical
question has already been displaced.

On point of view, the gap is stark and worth naming plainly:
the missing_perspectives dataset returned zero mapped gaps this
week—which does not mean perspectives are balanced. It means our
instrumentation did not surface the student, parent, or critic voice as
a distinct measurable stratum. The sources that do address the learner
directly, like Microsoft’s [11], still speak from the institution’s or ven- [11] Personalización del aprendizaje

para estudiantes con discapacidadesdor’s chair. Read the accessibility framing skeptically: personalization
is described as something delivered to students with disabilities, not
co-designed with them.

Discourse Patterns

The metaphor and power-dynamics datasets came back empty this
week—metaphordata and powerdynamics are both unpopulated. We
will not manufacture a ”transformation” statistic we cannot sub-
stantiate. What we can observe from the source titles themselves is
a consistent framing move: the vendor documents describe develop-
ment and adoption as neutral technical processes. OpenAI’s [3] and [3] Cómo se desarrollan ChatGPT y

nuestros modelos fundamentalesits English and French counterparts present model development as a
clean pipeline. The causal attribution embedded there is telling: when
these tools succeed, the framing credits the model architecture; when
they fail, the documentation has little to say. That asymmetry is the
discourse pattern faculty should watch.

The counterweight in the corpus is thin but real. NPR’s reporting,
[1], is one of the few sources that attributes failure structurally—to [1] AI detection tools are unreliable.

Teachers are using them anywaythe mismatch between a tool teachers know is unreliable and the insti-
tutional pressure that keeps them using it anyway. That is a failure of
governance and workload, not of individual instructor judgment.

https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-minimum-requirements-rollout
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-minimum-requirements-rollout
https://learn.microsoft.com/en-us/microsoft-365/copilot/microsoft-365-copilot-minimum-requirements-rollout
https://developers.google.com/gemini-code-assist/docs/overview
https://developers.google.com/gemini-code-assist/docs/overview
https://developers.google.com/gemini-code-assist/docs/overview
https://docs.github.com/es/copilot/reference/copilot-billing/models-and-pricing
https://docs.github.com/es/copilot/reference/copilot-billing/models-and-pricing
https://docs.github.com/es/copilot/reference/copilot-billing/models-and-pricing
https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
https://learn.microsoft.com/es-es/training/modules/personalize-learning-students-disabilities-using-ai/
https://help.openai.com/es-419/articles/7842364-c%C3%B3mo-se-desarrollan-chatgpt-y-nuestros-modelos-fundacionales
https://help.openai.com/es-419/articles/7842364-c%C3%B3mo-se-desarrollan-chatgpt-y-nuestros-modelos-fundacionales
https://help.openai.com/es-419/articles/7842364-c%C3%B3mo-se-desarrollan-chatgpt-y-nuestros-modelos-fundacionales
https://www.npr.org/2025/12/16/nx-s1-5492397/ai-schools-teachers-students
https://www.npr.org/2025/12/16/nx-s1-5492397/ai-schools-teachers-students
https://www.npr.org/2025/12/16/nx-s1-5492397/ai-schools-teachers-students
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Failure Pattern Analysis

The failure_patterns dataset returned no documented patterns this
week—the array is empty. Rather than fabricate a taxonomy of tech-
nical, implementation, and pedagogical failures, we name the limita-
tion directly: our corpus this week is dominated by vendor and gov-
ernment adoption material that does not report its own failures. The
single sharpest failure signal comes from outside that material—the
AI-detection reporting above, and Quebec’s [6], which exists precisely [6] Intégration responsable de

l’intelligence artificielle dans les
établissements

because responsible integration is not the default outcome. The ab-
sence of documented failures in vendor docs is itself the finding: you
are reading marketing that has been structurally scrubbed of the
assessment-cycle evidence you’d need to make a tenure-relevant curric-
ular decision.

Research Gaps That Affect Your Decisions

We cannot advise you on measured learning outcomes, because the
evidence base lacks them. The 763 evidence-and-inference findings are
overwhelmingly about capability claims, not classroom effect sizes.
Mexico’s [13] gives us population-level perception data—valuable, but [13] Usos y percepciones sobre la

Inteligencia Artificial (ENIAG 2025)perception is not outcome. We have almost nothing on longitudinal
impact across a full assessment cycle.

The temporal problem compounds this. Vendor models update
quarterly; your curriculum moves on a two-semester approval cycle
and your program review on multi-year accreditation clocks. The
corpus documents the fast layer richly and the slow layer barely—a
mismatch [4] named decades before it became a syllabus problem. [4] Future Shock
Any recommendation you build on this week’s evidence should be
provisional against a model that will have changed before your spring
section runs.

Secondary Tensions

The contradiction_data returned zero mapped contradictions this
week, so we will not invent tidy oppositions. The tension the corpus
does expose structurally is between adoption velocity and eviden-
tiary caution: the documents pushing fastest ([9]) carry the least [9] Microsoft 365 Copilot guía de

adopciónevidence, while the documents carrying evidence ([6], the ENIAG sur-
[6] Intégration responsable de
l’intelligence artificielle dans les
...

vey) urge the most caution. That inverse relationship—the confident
sources being the least substantiated—is the pattern to carry into your
next department meeting.

https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
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https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
https://www.gob.mx/cms/uploads/attachment/file/1071411/Dossier_Resultados_ENIAG2025_SEP_.pdf
https://www.gob.mx/cms/uploads/attachment/file/1071411/Dossier_Resultados_ENIAG2025_SEP_.pdf
https://www.gob.mx/cms/uploads/attachment/file/1071411/Dossier_Resultados_ENIAG2025_SEP_.pdf
https://learn.microsoft.com/es-es/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://learn.microsoft.com/es-es/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://learn.microsoft.com/es-es/microsoft-365/copilot/microsoft-365-copilot-enablement-resources
https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
https://cdn-contenu.quebec.ca/cdn-contenu/education/Numerique/enseignement-superieur/integration-responsable-ia-etablissements-es-guide.pdf
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