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Executive Summary

When Detection Becomes the Liability

Your AI policy this cycle will most likely be built on an enforcement
premise the evidence no longer supports. Across 4,785 sources, the
sharpest higher-education signal is not that students are cheating—
it is that the detection-and-punishment apparatus institutions are
buying is generating false accusations, due-process exposure, and, in at
least one documented case, a regulator’s fine for the facial-recognition
proctoring that underwrote it [6]. [6] Esta universidad usó re-

conocimiento facial y acabó multada
The strategic dilemma is not operational, it is structural. AI de-

tectors disproportionately flag international and non-native English
writers, turning a fairness question into an enrollment-and-reputation
risk for the very students many institutions recruit hardest [4]. The [4] Catching the wrong students: AI

detection, international ...scores your conduct boards act on are opaque by design—vendors will
not disclose how a probability becomes an accusation, which means
academic-integrity proceedings are running on evidence that would
not survive scrutiny [2]. Meanwhile the enforcement regime produces [2] AI Detection Tools and Academic

Punishment: How Opaque Evidence
...

the behavior it claims to suppress: students now run their own writing
through AI ”humanizers” pre-emptively, to survive a detector rather
than to cheat [15]. The campus norm that results—”everyone’s using [15] To avoid accusations of AI cheat-

ing, college students turn to AIit, but no one is allowed to talk about it”—is a governance vacuum
you are funding [1]. [1] Ëveryone’s using it, but no one is

allowed to talk about iẗ
This briefing provides policy-framework options that shift the bur-

den from surveillance to assessment redesign, the documented failure
patterns—wrongful-accusation cases, proctoring ethics challenges
[12]—to avoid, and a defensible governance process to anchor the deci- [12] Remote Proctoring Through an

Ethical Lenssion [8].
[8] Guidance to set up your organiza-
tion’s AI governance process
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Critical Tension

The Strategic Dilemma

The governance question landing on leadership desks this week is
not ”should we allow AI.” It is whether the institution can enforce
academic integrity at scale without dismantling the due-process le-
gitimacy that makes an integrity finding mean anything. Those two
goals — scalable detection and defensible adjudication — are pulling
in opposite directions, and the evidence says the tension is structural,
not a tuning problem.

Detection is where the contradiction becomes concrete. AI-writing
detectors flag international and multilingual students at dispropor-
tionate rates [4], and the ”evidence” they produce is opaque — a [4] Catching the wrong students: AI

detection, international students and
the fairness crisis in UK universities

probability score no student can cross-examine and no honor board
can independently verify [2]. You cannot buy your way out of this [2] AI Detection Tools and Academic

Punishment: How Opaque Evidence
Threatens Due Process

with more data. A better detector still hands a faculty committee a
number, not a warrant, and every gain in enforcement reach is a loss
in the reviewability that a fairness challenge — or a lawsuit — will
demand. This is a hard governance problem because the two things
you are optimizing are genuinely incompatible at the margin.

Why Peer Institutions Aren’t Helping

The sector is not converging, so benchmarking against peers imports
their unexamined bets. Some campuses have doubled down on surveil-
lance — remote proctoring, keystroke analytics, facial recognition
— and the documented failure mode is not hypothetical: false ac-
cusations, ”jarring confusion,” and students disciplined on machine
inference [9]. At least one institution deployed facial recognition on [9] Inside college AI cheating wars:

extreme surveillance, false accusa-
tions, jarring confusion

exams and was fined for it [6] — a compliance liability, not just an
[6] Esta universidad usó re-
conocimiento facial y acabó multada

ethics footnote. The ethical case against proctoring surveillance is now
argued on its own terms [12].

[12] Remote Proctoring Through
an Ethical Lens: The Case Against
Surveillance

Meanwhile students respond to detection by routing around it —
running their own work through ”humanizers” to preempt a false
flag [15]. Copying a peer’s policy therefore copies an escalating arms [15] To avoid accusations of AI cheat-

ing, college students turn to AIrace whose cost curve runs against you. The temporal asymmetry is
real: vendors ship model and detector updates on a quarterly cadence
while your judicial policy moves on an assessment-cycle timescale —
the acceleration that [7] named, now operating inside your student- [7] Future Shock
conduct process.
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What Complicates Navigation

The framing debate is being won by the parties with the least ex-
posure to the harm. Across the 4,785 sources reviewed, the missing
voices are precisely the governed: students appear in roughly 3.76%
of the coverage, and parents, critics, and vendors each at about
0.29%. That last number should stop you — the vendors whose
scores are being treated as evidence are nearly absent from the ar-
gument about whether the scores are valid, because they don’t need
to be present. Their EULA already shipped the epistemology. The
people being disciplined by the system have four times the vendors’
visibility and still almost none.

That distribution shapes what a policy decision structurally cannot
see. When integrity is framed as a detection problem, ”AI as tool
to catch cheating” quietly substitutes a vendor’s classification for a
faculty member’s pedagogical judgment — the campus outsources an
academic determination to a black box and then owns the due-process
liability when it misfires. The framing that dominates — enforcement,
surveillance, scale — is the one that serves procurement and risk-
transfer, not learning. The arxiv finding that ”everyone’s using it, but
no one is allowed to talk about it” [1] describes a governance vacuum [1] ”>Everyone’s using it, but no one

is allowed to talk about it”: Collegepolicy is supposed to fill, not deepen.

The workable move for leadership is narrow: refuse to let a prob-
ability score function as an adjudicative fact. Set the standard of
evidence before you set the tool, keep the pedagogical judgment with
faculty under shared governance, and treat any system whose output
can’t be examined by the accused as unfit for a conduct proceeding —
regardless of what your peer down the road just bought.

Actionable Recommendations

University leadership does not need another AI strategy document. It
needs to know which of the moves it is about to make will generate a
lawsuit, a due-process complaint, or a faculty revolt — and which will
actually hold. The evidence surfaced across the 4,785 sources reviewed
this week points hard at one thing: the failures are not in the models.
They are in the enforcement, procurement, and governance decisions
institutions make around the models. Below are five recommendations,
each built on a documented failure rather than a vendor promise.

1. Stop treating AI detection as an evidentiary stan-
dard

https://arxiv.org/html/2602.17720v1
https://arxiv.org/html/2602.17720v1
https://arxiv.org/html/2602.17720v1
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The common institutional approach — buy a detector, route
flagged students into the conduct process, treat the score as evi-
dence — is failing in a way that is now well documented and legally
exposed. Detection tools disproportionately flag non-native English
writers, and international students are being caught by systems that
read their prose as machine-generated [4]. The deeper problem is ev- [4] Catching the wrong students: AI

detection, international students, and
the fairness crisis in UK universities

identiary: the ”proof” is a probability score the vendor will not fully
explain, which means your conduct board is adjudicating on opaque
grounds that cannot survive scrutiny [2]. The reported result is ex- [2] AI Detection Tools and Academic

Punishment: How Opaque Evidence
Threatens Due Process

treme surveillance, false accusations, and campus-wide confusion [9].
[9] Inside college AI cheating wars:
extreme surveillance, false accusa-
tions, jarring confusion

Recommended alternative: remove detector scores from the stan-
dard of evidence in your academic-integrity policy. Permit them as
one investigative signal that triggers a conversation, never as a sole
basis for a finding.

Implementation framework:

• Phase 1 (Month 1–2): Audit every open conduct case that used a
detection score as primary evidence; flag those with no corroborat-
ing evidence for review.

• Phase 2 (Month 3–4): Revise the integrity policy through shared
governance so that AI-generation claims require corroboration (pro-
cess artifacts, drafts, an oral defense) — not a percentage.

• Phase 3 (Semester end): Report false-positive appeals to the fac-
ulty senate and recalibrate.

Required resources: existing conduct-office staff time plus general-
counsel review; no new procurement. Success metrics: number of
findings resting on detector scores alone (target: zero); appeal-reversal
rate; disparity in accusation rates for international vs. domestic stu-
dents. Risk mitigation: watch for the perverse dynamic already visible
— students now run their own work through AI ”humanizers” to pre-
empt accusation, meaning detection escalates rather than deters [15]. [15] To avoid accusations of AI cheat-

ing, college students turn to AI

2. Treat surveillance proctoring as a liability line item,
not a service

The obvious move — license a remote proctoring suite with facial
recognition to protect exam integrity — has already produced regu-
latory penalties. A university deploying facial-recognition proctoring
was fined [6], and the ethical case against surveillance proctoring is [6] Esta universidad usó re-

conocimiento facial y acabó multadanow argued directly on consent and equity grounds [12]. The hidden
[12] Remote Proctoring Through
an Ethical Lens: The Case Against
Surveillance

complexity: biometric-processing exposure is a compliance cost that
lands on the institution, while the vendor books the revenue.
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Recommended alternative: shift the assessment-security burden
from surveillance of students to design of assessments. Fund authentic
assessment redesign instead of monitoring infrastructure.

Implementation framework:

• Phase 1 (Month 1–2): Inventory every course using biometric proc-
toring; get a data-protection impact assessment from counsel on
each.

• Phase 2 (Month 3–4): Redirect a portion of the proctoring budget
into a faculty assessment-redesign fund (oral exams, staged projects,
in-class writing).

• Phase 3 (Semester end): Sunset proctoring contracts that cannot
pass the impact assessment.

Required resources: reallocation, not new money — the proctoring
line funds the redesign line. Add stipends for participating faculty.
Success metrics: reduction in biometrically proctored exams; faculty
adoption of redesigned assessments; zero new regulatory complaints.
Risk mitigation: the enrollment argument for online proctoring is real;
pair the shift with clear guidance so distance programs are not left
exposed.

3. Build governance that updates on the model’s clock,
not the committee’s

Institutions default to a standing AI committee that issues an an-
nual policy. The mismatch is structural: models ship quarterly while
curriculum and policy move on two-semester cycles, so any fixed policy
is obsolete before it is ratified — the acceleration problem [7] named [7] After shock
decades ago, now operating inside your governance calendar. A static
policy also cannot answer questions that did not exist when it was
written.

Recommended alternative: adopt a lightweight, versioned gover-
nance process rather than a monolithic policy. Microsoft’s cloud gov-
ernance guidance offers a usable scaffold — define the risk categories,
assign owners, and set a review cadence tied to capability change [8]. [8] Guidance to set up your organiza-

tion’s AI governance process
Implementation framework:

• Phase 1 (Month 1–2): Stand up a small standing body with dele-
gated authority to issue interim guidance between senate cycles.

• Phase 2 (Month 3–4): Publish a versioned policy (v1.1, v1.2) with
a public changelog so faculty and students can see what changed
and when.

https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai/govern
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai/govern
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai/govern
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• Phase 3 (Semester end): Review against actual incidents, not hypo-
theticals.

Required resources: 0.5 FTE coordinator; existing committee mem-
bers; a published document, not a platform. Success metrics: policy
revision latency (weeks, not semesters); percentage of faculty questions
answered by current guidance; incident-to-guidance turnaround. Risk
mitigation: guard shared governance — delegated interim authority
must report back to the senate, or you have traded slowness for illegit-
imacy.

4. Vet AI in admissions and HR for discrimination be-
fore it becomes litigation

The efficiency pitch — algorithmic screening for admissions and
hiring — carries documented discrimination risk. Hiring algorithms
have rejected qualified candidates at scale and are already in litiga-
tion [3], and the pattern of unregulated algorithmic decision-making [3] AI Hiring Discrimination: How Al-

gorithms Reject Millions of Qualified
Applicants

producing biased outcomes is documented in adjacent public-sector de-
ployments [14]. An institution that automates a screening decision has [14] The Dangers of Unregulated AI in

Policingnot removed the judgment — it has outsourced it to a vendor whose
training data it cannot inspect.

Recommended alternative: require a bias audit and a documented
human decision-maker for any AI system touching admissions, finan-
cial aid, or employment.

Implementation framework:

• Phase 1 (Month 1–2): Inventory every AI-assisted screening tool in
admissions and HR.

• Phase 2 (Month 3–4): Require vendor disparate-impact documenta-
tion as a procurement precondition; where absent, do not renew.

• Phase 3 (Semester end): Run an internal outcome audit by protected-
class category.

Required resources: institutional-research analyst time; general-
counsel review; procurement policy amendment. Success metrics:
percentage of screening tools with completed bias audits; documented
human override rate; adverse-impact ratios within legal thresholds.
Risk mitigation: the vendor will claim the model is proprietary —
treat refusal to disclose disparate-impact data as a disqualifying an-
swer.

5. Get ahead of synthetic media as a campus safety and

https://compens.ai/en/articles/ai-hiring-discrimination-workday-lawsuit-2025
https://compens.ai/en/articles/ai-hiring-discrimination-workday-lawsuit-2025
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reputation issue
Deepfakes are not an abstract policy topic; the public already re-

sponds to them with measurable alarm [7]. Institutions face concrete [7] HAI_AI-Index-Report-2024
exposure — fabricated video implicating students or staff, and syn-
thetic content involving minors in outreach and camp programs.
Provenance tooling is maturing: researchers have built a method to
identify the source of fake video [11], and new approaches target illegal [11] New tool identifies the sources of

fake videoAI-generated content involving children [10].
[10] New Method Aims to Keep
Kids Safe From Illegal AI-Generated
Content

Recommended alternative: fold synthetic-media response into ex-
isting incident-response and Title IX / student-safety protocols rather
than building a parallel structure.

Implementation framework:

• Phase 1 (Month 1–2): Map which office owns a synthetic-media
complaint today (most cannot answer this).

• Phase 2 (Month 3–4): Add provenance-verification steps and a
reporting pathway to existing protocols.

• Phase 3 (Semester end): Tabletop a fabricated-video scenario in-
volving a student.

Required resources: cross-office coordination time; communications
and counsel involvement; no major spend. Success metrics: named
owner for synthetic-media incidents; time-to-response in the table-
top; a published reporting pathway. Risk mitigation: the reputational
damage lands before verification concludes — pre-draft the communi-
cations posture now.

The throughline across all five: the institutional risk this week is
not that AI is too powerful. It is that leadership keeps buying enforce-
ment and screening products that transfer vendor revenue in exchange
for institutional liability. The corrective is unglamorous — audit what
you already run, put a named human back in every consequential de-
cision, and revise on the model’s clock. That is a resource-allocation
argument, and it is the one your general counsel will thank you for.

Supporting Evidence

Evidence Landscape

This week’s corpus draws on 4,785 sources across the AI-in-higher-
education category. The center of gravity is unmistakable: the strongest,
most concrete evidence clusters around academic-integrity enforcement

https://news.ucr.edu/articles/2026/07/24/new-tool-identifies-sources-of-fake-video
https://news.ucr.edu/articles/2026/07/24/new-tool-identifies-sources-of-fake-video
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https://goodmenproject.com/featured-content/new-method-aims-to-keep-kids-safe-from-illegal-ai-generated-content/
https://goodmenproject.com/featured-content/new-method-aims-to-keep-kids-safe-from-illegal-ai-generated-content/


8

— detection tools, remote proctoring, and the surveillance apparatus
institutions have bolted onto assessment. This is where the reporting
is dense, adversarial, and grounded in named cases rather than vendor
projections.

Be clear about what the evidence can and cannot support. It can
tell you, with specificity, how detection and proctoring systems fail
in production — who they misclassify, what due-process gaps they
open, and how students route around them. It cannot yet tell you the
long-run pedagogical cost, because that research hasn’t matured. The
best-documented claims this week are about enforcement failure, not
about learning outcomes. Weight your strategy accordingly: you are
being asked to buy remediation for a problem the same vendors help
create.

Stakeholder Perspective Gaps

The formal gap analysis returned zero mapped missing-perspective
percentages this week — but that absence is itself the finding, not a
clean bill of health. The corpus is saturated with institutional and
vendor framing and thin on the two constituencies who absorb the
consequences: the misclassified student and the faculty member forced
to adjudicate opaque evidence. Reporting shows students who never
cheated turning to ”humanizer” tools defensively [15], and a campus [15] To avoid accusations of AI cheat-

ing, college students turn to AIculture where the technology is ubiquitous but undiscussable [1]. A
[1] Everyone’s using it, but no one is
allowed to talk about itpolicy built without those voices at the table will lack legitimacy at

exactly the moment it’s contested in a grievance hearing.

Documented Failure Patterns

The failure patterns here are not edge cases — they are the operating
condition. Detection tools disproportionately flag international and
non-native English writers, a fairness crisis now documented across
UK universities [4]. The evidentiary problem compounds the demo- [4] Catching the wrong students: AI

detection, international students, and
the fairness crisis

graphic one: detection scores function as opaque accusations that
threaten due process in academic-misconduct proceedings [2]. On the [2] AI Detection Tools and Academic

Punishment: How Opaque Evidence
Threatens Due Process

ground this produces extreme surveillance, false accusations, and jar-
ring confusion [9]. [9] Inside college AI cheating wars

Separate the categories, because they carry different liabilities. The
technical failure (false positives, biased base rates) feeds an ethical
failure (punishing students for demographic markers) which becomes a
legal failure (proctoring deployments have already drawn fines — one
facial-recognition exam regime was penalized outright [6]). The ethical [6] Esta universidad usó re-

conocimiento facial y acabó multada
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case against surveillance proctoring is now well-argued rather than
speculative [12]. Risk management that treats these as isolated tickets [12] Remote Proctoring Through

an Ethical Lens: The Case Against
Surveillance

rather than a single systemic exposure will underprice the institutional
liability.

Power and Framing Analysis

Notice who controls the narrative. The dominant frame is ”tool” —
detectors, humanizers, proctoring suites — and the tool metaphor
does quiet work: it locates the problem in student behavior and the
solution in a vendor purchase, obscuring that the institution is out-
sourcing a pedagogical judgment (did this student learn?) to a prob-
abilistic classifier it cannot audit. When a false positive lands, the
causal attribution is asymmetric: the vendor claims the model, the
student owns the accusation, and the faculty member owns the con-
frontation. The reasoning about who deserves borrowed expertise —
and who pays the debt — is exactly the accountability question educa-
tion policy is now being forced to confront [13]. [13] Repaying the inheritance: How

education and research policy can
address AI’s borrowed expertise

Research Gaps Affecting Strategy

What you need before committing capital, the evidence does not yet
supply: validated false-positive rates disaggregated by student popu-
lation, independent (non-vendor) audits of detector accuracy, and any
longitudinal read on whether enforcement regimes improve or corrode
the assessment cycle. You are being asked to decide under genuine un-
certainty — which argues for pilots with published error rates and ap-
peal mechanisms, not campus-wide mandates. The temporal problem
sharpens this: detection models update quarterly while your curricu-
lum and governance operate on two-semester cycles, so any policy you
ratify is calibrated to a system that has already changed underneath it
[7]. [7] After shock

Secondary Tensions

Beyond the detection fight, two contradictions will press on institu-
tional priorities. First, governance versus adoption: the same plat-
forms marketed for productivity require formal AI governance pro-
cesses and defenses against novel attack surfaces like indirect prompt
injection [5] — you cannot govern at the speed you’re being sold. Sec- [5] Defend against indirect prompt

injection attacksond, the integrity apparatus you build for assessment exports directly
into hiring and policing logics that discriminate at scale [3]. Access, [3] AI Hiring Discrimination: How Al-

gorithms Reject Millions of Qualified
Candidates
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fairness, and enforcement are competing values here, and no procure-
ment decision trades them off cleanly — pretending otherwise is how
institutions end up defending a lawsuit instead of a pedagogy.
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