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Somewhere this week, a provost’s office scheduled a workshop with
a name like ”Al Syllabus Sprint,” booked a conference room for a
Friday afternoon, ordered sandwiches, and invited faculty to leave
three hours later with a revised course policy on generative Al. The
verb is the tell. You sprint toward a finish line you can already see;
you do not sprint toward a question you have not yet learned how to
ask. And the questions arriving with Al in higher education—about
who owns student data, about what learning is actually for, about
whether the machine grading the essay shares the biases of the people
who built it—are not the kind you finish over sandwiches. Yet the
institutional reflex, visible everywhere in this week’s discourse, is to
treat them as if they were: to convert a civilizational disruption into a
drafting exercise with a deliverable.

This is the pattern worth watching. Not the familiar melodrama
of students cheating and professors panicking—though we will get
there—but the quieter administrative choreography underneath it,
in which the university performs engagement with Al while carefully
avoiding the reckoning that genuine engagement would require. The
literature this week reads less like a field thinking hard and more
like an institution clearing its throat. Consider that the single most
cited genre of "guidance” for educators is a help-desk article from the
company that sells the product, walking teachers through what to
do when students pass off machine text as their own [28]. When the [28] (Cémo pueden responder los

vendor writes the pedagogy, the fast-track is already running. educadores cuando los ...

To map what is happening to higher education as Al arrives, then,
we have to read past the noise of the cheating wars and attend to the
structure of the response. What emerges is a system optimizing for the
appearance of having decided—signaling compliance, in the language
of governance—rather than the far slower, more expensive work of
deciding what it actually believes. The sprint is not a failure of speed.
It is a success at avoiding depth.
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The Great Detection Retreat

Start where the panic started: with catching cheaters. For two years
the sector’s dominant instinct was technological—if machines could
write essays, other machines could catch them. Universities bought
detection software, plugged it into their submission portals, and told
themselves the problem was contained. This week’s evidence docu-
ments the collapse of that fantasy in real time. More than fifty uni-
versities have now disabled Turnitin’s Al detection feature entirely
[20], and the tallies of institutions abandoning detection tools have
grown long enough to require dedicated trackers [25]. The reason is
not squeamishness. It is that the tools do not work well enough to
survive contact with a lawsuit. Nature reported that universities lean-
ing on Al-detection software to catch cheating are relying on systems
whose error rates make every accusation a gamble [24], and the analy-
ses of policy shifts through 2026 show a sector quietly conceding that
the false-positive problem is not fixable at the margins [26].

The human cost of the detection era is not abstract. In California,
college students falsely flagged by detection software have begun push-
ing back—organizing, appealing, in some cases lawyering up—against
professors who treated an algorithm’s guess as evidence of guilt [12].
A growing body of litigation now tracks these disputes case by case,
plaintiff by plaintiff [5]. What began as a tool to protect academic
integrity became a machine for manufacturing accusations against the
very students the institution exists to serve—and the institution’s re-
versal, when it came, arrived not as a pedagogical epiphany but as risk
management. The universities dropping detection are, by their own
accounting, protecting themselves from liability at least as much as
protecting students from injustice [23].

Here is the first place where institutional priorities and pedagogical
concerns visibly diverge. A pedagogically motivated retreat from de-
tection would be accompanied by a serious rethinking of assessment—
by asking what, exactly, we were trying to measure when we assigned
the take-home essay, and whether that thing is still measurable. Some
of the literature does gesture at this. Work on redesigning authentic
assessment for an Al-saturated environment argues for tasks that Al
cannot trivially complete, that foreground process over product [8].
But redesigning assessment across a curriculum is slow, contested,
discipline-specific work—the opposite of a sprint. The faster move, the
one the compliance logic prefers, is simply to swap one policy line for
another: we no longer use detection software. The problem is declared

managed. The classroom is unchanged.
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What the Cheating Wars Were Hiding

The most clarifying intervention in this week’s discourse comes from
the argument that the entire detection panic was a category error.
The greatest risk of Al in higher education, one widely shared es-
say contends, isn’t cheating at all—it’s the erosion of learning itself
[22]. This reframing matters because it relocates the stakes from the
disciplinary register, where the institution feels comfortable, to the
pedagogical register, where it does not. Cheating is a policy problem
with a policy solution. Erosion of learning is a problem about what
the university is for, and no syllabus clause resolves it.

The empirical picture beneath that worry is genuinely unsettled,
which is precisely why it demands more than a sprint. Research on
cognitive offloading—the mind’s habit of outsourcing effort to external
tools—asks whether Al is quietly hollowing out the mental labor that
learning depends on [10]. The same line of inquiry, pursued across
studies, finds the answer is not uniform: sometimes AI reduces the
productive struggle that consolidates knowledge, sometimes it relieves
an overload that was preventing learning in the first place [9]. A con-
trolled study found that generative Al reduced the time students spent
on math problems—which sounds like efficiency until you remember
that in mathematics the time spent struggling is the learning, and
shaving it away may be shaving away the point [13]. The honest read-
ing of this evidence is that we do not yet know what AI does to the
developing mind, and the responsible institutional response to genuine
uncertainty is patience, not policy velocity.

The people closest to the classroom feel this most acutely. The
Guardian’s long interactive account of professors trying to save their
courses—one of whom confessed she wished she could "push Chat-
GPT off a cliff ’—captures a faculty caught between an institution
that wants the AI question closed and a reality in which it refuses to
close [1]. Their frustration is not technophobia. It is the frustration
of people asked to absorb a structural transformation as a personal
classroom-management burden. Meanwhile the reporting on how stu-
dent cheating has become effectively undetectable [19] confirms that
the arms-race framing has simply lost. What remains, once detection
is conceded and the cheating frame is abandoned, is the harder ques-
tion the sprint was designed to skip: what should learning look like

now?

[22] The greatest risk of AI in higher
education isn’t cheating - it’s the ...

[10] Cognitive offloading or cognitive
overload? How AI alters the mental ...

[9] Cognitive offloading or cognitive
overload? How AI alters ... - Frontiers

[13] Generative AI Reduced Study
Time on Math Problems and ...

[1] T wish T could push ChatGPT off a
cliff* professors scramble to save ...

[19] Las trampas de los estudiantes se
estan volviendo imposibles de ...


https://theconversation.com/the-greatest-risk-of-ai-in-higher-education-isnt-cheating-its-the-erosion-of-learning-itself-270243
https://theconversation.com/the-greatest-risk-of-ai-in-higher-education-isnt-cheating-its-the-erosion-of-learning-itself-270243
https://theconversation.com/the-greatest-risk-of-ai-in-higher-education-isnt-cheating-its-the-erosion-of-learning-itself-270243
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://arxiv.org/html/2605.21629v3
https://arxiv.org/html/2605.21629v3
https://arxiv.org/html/2605.21629v3
https://www.theguardian.com/technology/ng-interactive/2026/mar/10/ai-impact-professors-students-learning
https://www.theguardian.com/technology/ng-interactive/2026/mar/10/ai-impact-professors-students-learning
https://www.theguardian.com/technology/ng-interactive/2026/mar/10/ai-impact-professors-students-learning
https://www.infobae.com/america/the-new-york-times/2026/06/21/las-trampas-de-los-estudiantes-se-estan-volviendo-imposibles-de-detectar-en-la-era-de-la-ia/
https://www.infobae.com/america/the-new-york-times/2026/06/21/las-trampas-de-los-estudiantes-se-estan-volviendo-imposibles-de-detectar-en-la-era-de-la-ia/
https://www.infobae.com/america/the-new-york-times/2026/06/21/las-trampas-de-los-estudiantes-se-estan-volviendo-imposibles-de-detectar-en-la-era-de-la-ia/

Governance as a Drafting Ezercise

Watch what the institution reaches for when it decides it must “do
something” about AI, and you see the governance-versus-pedagogy im-
balance in its purest form. The characteristic artifacts of this moment
are frameworks—program-level Al learning outcomes, competency
maps, integration strategies—documents that promise rigor through
the appearance of structure. A representative example proposes a full
framework for program-level Al learning outcomes, complete with the
taxonomic scaffolding of curriculum design [2]. There is nothing wrong
with such documents in themselves; a university should articulate
what it wants students to learn. The problem is what the framework-
drafting substitutes for. It converts a debate about power—about
vendors, surveillance, academic freedom, and the public mission of the
university—into a technical exercise in outcome alignment, an exer-
cise that can be completed by a committee and filed. The politics are
drained out; what remains is administration.

The rhetoric accompanying these documents rewards close reading.
The dominant metaphor of the moment is Al as a "learning scaffold,”
a benevolent support structure reimagining higher education for an
age of ”continuous intelligence” [4]. Scaffolding is a warm, pedagogi-
cally respectable word—it comes from Vygotsky, it implies temporary
support removed as competence grows. But a scaffold you never take
down is not a scaffold; it is the building. The metaphor smuggles in-
evitability into the argument: Al is already load-bearing, so the only
remaining question is how to integrate it well. This is precisely the
techno-solutionist move the stakes of this moment warn against—the
assumption that the technology’s arrival is settled and only its opti-

mization is open for discussion.

That assumption deserves resistance on its own terms, because
plenty of this week’s evidence shows the technology is nowhere near
settled. Cambridge researchers found Al not yet good enough to mark
university essays, and—more damningly—that when it tried, it re-
warded style over substance, mistaking fluency for thought [6]. Set
that beside the Stanford blind study in which Al tutors outperformed
law professors, a result the reporting itself flagged as exposing bias
risk rather than vindicating the machines [7], and the picture is not
one of a mature tool awaiting integration. It is one of a volatile ca-
pability that is excellent and dangerous in unpredictable places. An
institution serious about that volatility would build slow, revisable,
evidence-driven policy. An institution running a sprint builds a frame-

work and moves on.

The deeper design work that does exist tends to come from re-
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searchers rather than administrators, and it is telling how much more
careful it is. A multisite experiment on human-centered GenAl feed-
back design tested direct, reflective, and hybrid approaches to how
students learn scientific argumentation—actual pedagogy, actually
measured [14]. A trauma-informed, GenAl-integrated model for non-
traditional online learners begins from the lives of the students it
serves rather than from the affordances of the tool [11]. This is what
non-sprint work looks like: specific, situated, humble about what it
does not know. It is also, not coincidentally, the work least likely to
appear in a Friday-afternoon policy session, because it cannot be re-
duced to a deliverable.

The Silence in the Reading List

The most consequential thing an institution does when it fast-tracks
an Al policy is decide whose voices count as expertise—and this is
where the silence in "institutional silence” becomes literal. Read

the citations in the typical integration framework or ethics guide-

line and a pattern appears: the intellectual scaffolding is drawn over-
whelmingly from computer science, instructional-design, and industry
sources, while the scholars who have spent careers critically interrogat-
ing educational technology are simply absent. The critical-pedagogy
tradition—the researchers who ask not how to integrate but whether,
and for whom, and at what cost—is not argued against. It is not cited
at all. A selective literature review is not a neutral act; it is a way

of pre-deciding the conclusion by controlling the premises, and the
premise being installed is that Al integration is inevitable and, prop-
erly managed, beneficial.

This is where the intellectual library that the discourse ignores be-
comes indispensable. The idea that education might respond to Al by
becoming more pluralistic in its methods and media—rather than nar-
rowing toward the tool—is available in the ethics literature the sprints
skip: the argument that ”"doing AI” should simply include ethics as
a constitutive part of a more radically interdisciplinary Bildung, not
bolt it on afterward [3]. The warning that a handful of companies now
exercise power not merely over individuals but over the infrastructures
of democratic life—so that even their best intentions toward ”ethical
AT” erect barriers to it—comes from the same source [3], and it lands
directly on a university outsourcing its pedagogical infrastructure to
vendors. When the reading list omits these arguments, it is not saving
time. It is choosing a worldview and hiding the choice.

The omission has a name in the wider critical tradition, and it
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concerns data. Kate Crawford’s account of Al as an extractive system
observes that the supposed universality of data reframes everything

as falling under the domain of data capitalism, subjecting all spaces
to datafication and treating the universe as an infinite reserve to be
accumulated [3]. A university is one of those spaces. Every Al tool
integrated into a learning-management system is also a data pipeline,
and the question of data sovereignty—who holds the student’s writing,
their revisions, their hesitations, their mistakes—is exactly the debate
the sprint sidesteps. The same tradition documents how automated
decision systems, built to detect "anomalous data patterns,” have been
turned against the vulnerable, cutting people off from benefits and
accusing them of fraud [3]. The false-accusation crisis in AI detection
is not an accident of one bad product; it is what happens when an
institution imports a surveillance logic and calls it integrity.

The francophone and Spanish-language discourse, tellingly, holds
this critical thread more visibly than the English-language framework
literature. A two-part French analysis traces the journey of Al in ed-
ucation from a moral dilemma to a "social malaise”—naming the col-
lective unease that the compliance documents work so hard to smooth
over [15]. Another French treatment of generative Al in academic
teaching refuses the inevitability frame in favor of situated judgment
[17]. And the Spanish-language education press, covering how the
sector is defining "usage guidelines,” at least reports the deliberation
as contested rather than settled [18]. That the more critical framing
surfaces most readily outside the English-language mainstream should
itself trouble any institution confident it is reading the whole field.

Surveillance Wearing the Robes of Integrity

If data sovereignty is the debate the sprint avoids in theory, surveil-
lance is the practice it quietly installs. The clearest case is remote
proctoring, the software that watches students through their webcams
during exams, flags their eye movements, and treats a glance out the
window as evidence of misconduct. A careful ethical analysis of this
technology makes the case against it directly: proctoring surveillance
normalizes a level of monitoring that no faculty meeting would toler-
ate if turned on the faculty, disproportionately harms students with
disabilities and those in unstable living situations, and corrodes the
trust on which education depends [21]. Proctoring and Al detection
are two faces of the same instinct—the belief that the answer to a cri-
sis of trust is more surveillance—and both were adopted with far less
deliberation than their intrusiveness warranted.
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This is the point at which Shoshana Zuboff’s diagnosis stops be-
ing background reading and becomes a description of the room. Her
argument that learning in society has been hijacked by surveillance
capitalism—that in the absence of a robust "double movement” tether-
ing information capitalism to the people’s interests we are thrown back
on the market form of the surveillance companies—reads almost as a
memo to a university IT-procurement committee [3]. The university is
supposed to be one of the democratic institutions that constitutes the
counterweight, the tether. When it adopts the surveillance tools of the
very firms whose logic it should be resisting, it is not neutral; it has
switched sides in a fight it has not admitted it is in. And it has done
so, characteristically, without debate—because debate is slow, and the
sprint has a deadline.

The equity dimension makes the silence more expensive still. Where
the discourse does address access, it tends toward the genuinely useful
but narrowly technical-—Microsoft’s demonstrations of generative Al
for accessibility, for instance, show real gains for students with disabil-
ities [16]. But accessibility framed as a product feature is not the same
as equity framed as an institutional commitment. The proctoring evi-
dence shows the same populations—disabled students, poor students,
students of color—bearing the sharpest edge of surveillance tools even
as they are offered accessibility tools with the other hand [21]. An in-
stitution that fast-tracks the tools and defers the equity reckoning is
not serving those students. It is managing them.

The Disciplines That Weren’t Invited

There is a structural reason the critical voices go missing, and it is
built into how universities are teaching Al to themselves. The emerg-
ing model places Al education inside computer science, often behind
technical prerequisites, so that the students learning to build and de-
ploy these systems are systematically separated from the students
trained to ask what the systems do to people. The program-level out-
comes frameworks, for all their rigor, tend to assume this enclosure
rather than challenge it [2]. The result reproduces the very disci-
plinary division that enables uncritical adoption: the engineers are
not required to read the ethicists, the ethicists are not permitted near
the code, and the humanities and social sciences—precisely the fields
whose entire purpose is to interrogate power, meaning, and human

value—are treated as optional commentary on a done deal.

This siloing is not inevitable, and the contrast with more imagina-
tive thinking is instructive. Even a resolutely future-facing, industry-
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oriented text like Toffler’s After Shock envisions innovative education
built on vertically integrated design projects that bring together teams
of students—early in their journey—from engineering, humanities, and
other disciplines, to tackle real problems with an emphasis on their
societal dimensions [3]. That is the opposite of the prerequisite-gated [3] After shock
AT course. It treats interdisciplinarity as the architecture of the cur-
riculum rather than a garnish, and it is telling that a book often filed
under corporate futurism grasps something the university’s own Al
policies keep missing. When Al is taught only where the code lives,
the institution guarantees that its next generation of builders will
inherit the same blind spots as the current one.

The stakes of this enclosure are visible in the graduates it produces.
Babson’s analysis of the first ”Al-native” graduates entering the work-
force describes a cohort fluent in the tools and largely innocent of the
critique—prepared to deploy Al, unprepared to question it [27]. That [27] What the First Al-Native Gradu-
is not a failure of the students; it is a faithful output of a curriculum ates Mean for Employers
that separated capability from conscience by design. And it connects
back to the assessment crisis: the same research that pushes toward
authentic assessment and process-centered evaluation is, in effect, ar-
guing for exactly the interdisciplinary judgment the siloed curriculum

fails to cultivate [8]. You cannot ask students to demonstrate the hu- [8] Beyond Detection: Redesigning
Authentic Assessment in an Al ... -

man capacities Al cannot replicate while teaching them Al in a room MDPI

where those capacities are treated as someone else’s department.

What is conspicuously absent from nearly all of this—the frame-
works, the sprints, the detection reversals—is a genuinely collaborative
framing. The discourse is structured almost entirely as institution
acting upon students and faculty: policies imposed, tools deployed,
outcomes mandated, behavior detected. The partnership model, in
which students and faculty are co-designers of how Al enters their
shared work rather than subjects of a strategy decided elsewhere, ap-
pears only at the edges—in the trauma-informed design work that

begins from learners’ lives [11], in the human-centered feedback experi- [11] Designing for Persistence in
Online Higher Education: A Trauma-

. . Informed, GenAl-Integrated Model for
These are the exceptions that reveal the rule. The sprint has no room Non-Traditional Learners

for partnership because partnership cannot be scheduled for a Friday [14] Human-centered GenAl feedback
design in higher education: a multisite

experiment on direct, reflective,
and hybrid approaches to scientific
argumentation

ments that treat students as participants rather than data points [14].

afternoon; it is a relationship, not a deliverable.

The Cost of a Quiet Yes

Return, finally, to the choreography we started with—the workshop,
the sandwiches, the revised policy filed by five o’clock. Seen against
the full landscape of this week’s evidence, that scene is not benign
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efficiency. It is an institution answering a set of profound questions—
about surveillance, equity, data sovereignty, academic freedom, and
the purpose of learning—Dby declining to hear them as questions at

all. The detection reversals show a sector correcting a mistake it made
too fast, and there is no sign it has learned to move slower [26]. The
framework literature shows governance mistaken for a drafting prob-
lem [2]. The proctoring debate shows surveillance adopted in the name
of integrity [21]. And the reading lists show a critical tradition edited
out of its own field.

The deepest risk here is not that AI will erode learning, though it
may; the empirical jury is genuinely out [22]. The deepest risk is that
the university will erode itself—will forfeit its distinctive standing as
the one institution obligated to think slowly, publicly, and against the
grain of whatever the market has already decided. Zuboff’s double
movement depends on institutions willing to tether raw information
capitalism to human interests [3]; a university that sprints toward
vendor tools and files its ethics as a completed task has abdicated that
role and called the abdication a strategy. The silence in "institutional
silence” is not the silence of an institution with nothing to say. It is
the silence of one that has decided, quietly and quickly, not to say it.

The remedy is unglamorous and slow, which is why it will be re-
sisted: read the scholars who were left off the list, invite the disciplines
that weren’t in the room, treat students and faculty as partners rather
than as risks to be managed, and hold every vendor tool to the stan-
dard of the public mission rather than the deadline. None of that
fits in a sprint. That is exactly the point. The questions Al brings to
higher education are the kind a university is supposed to be uniquely
built to sit with—and the tragedy of the syllabus sprint is that, faced
at last with a problem worthy of its deepest capacities, the institution
reached for a stopwatch.
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