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Executive Summary

Our scan of 5,033 sources this week surfaces a contradiction the field
has not yet theorized: the same class of systems is being reported as
superior to expert instructors and inadequate as an evaluator, and
almost no study addresses why. A Stanford blind study found AI
tutors outperforming law professors while simultaneously ”exposing
bias risk” [2]. In the same window, Cambridge reported that AI is [2] AI Tutors Beat Law Professors in

Stanford Blind Study, Exposing Bias
Risk

”not yet good enough to mark university essays,” rewarding ”style
over substance” [1]. Generation and evaluation are being measured on [1] AI not yet good enough to mark

university essays, rewarding ’style over
...

separate benchmarks that never confront each other.

The theoretical challenge is that ”outperforms professors” and
”cannot grade essays” are not opposing findings—they are the same
finding about a system that optimizes for fluent surface features. A
tutor rated highly in a blind comparison and a grader that mistakes
style for substance may be responding to the identical mechanism.
Resolving this requires construct-validity work most educational-AI
studies skip: what, precisely, does a preference score measure, and
does it track learning or track affinity for the model’s own register?
The parallel literature on [4] points the same direction—performance [4] Cognitive offloading or cognitive

overload? How AI alters the mental ...gains and cognitive costs are being measured by different instruments,
rarely in the same design.

This briefing provides a mapping of unstudied questions—chief
among them the generation-versus-evaluation asymmetry—an analysis
of the methodological limitations that let preference scores stand in for
learning, and identification of high-impact research openings, including
construct-validity designs that measure tutoring effect and grading
bias within a single cohort rather than across incommensurable stud-
ies.
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https://www.cam.ac.uk/stories/ai-university-essay-grading
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Critical Tension

The Theoretical Problem

The sharpest unresolved question in this week’s evidence is not whether
AI helps students learn but what it does to the cognitive work learning
is supposed to require. One study frames the tension in its own title
— [4] — and the field has no settled theory to adjudicate between the [4] Cognitive offloading or cognitive

overload? How AI alters the mentaltwo readings. The same tool that removes a bottleneck (offloading
routine cognition to free attention for higher-order reasoning) may also
remove the productive struggle through which higher-order reasoning
is built. These are not two effects of two tools. They are two descrip-
tions of the same interaction, and current frameworks cannot tell you
in advance which one you are observing.

This is a genuine theoretical problem, not a practical trade-off to
be tuned. A practical trade-off assumes a stable underlying quan-
tity — learning — that you optimize by adjusting a dial. But the
offloading/overload tension implies the quantity itself is unstable:
what counts as ”learning” changes depending on which cognitive op-
erations we decide are worth preserving versus delegating. The field
lacks a theory of which cognitive labor is constitutive of understanding
and which is incidental friction. Without it, the Stanford result that
[2] and the Cambridge finding that [1] cannot be reconciled — because [2] AI Tutors Beat Law Professors in

Stanford Blind Study, Exposing Bias
Risk
[1] AI is not yet good enough to mark
university essays, rewarding ’style over
substance’

they are measuring different, unnamed constructs and calling both
”performance.”

Paradigm Limitations

The dominant metaphor across this week’s 5,033 sources is AI-as-
tutor or AI-as-tool: an instrument that a learner picks up and puts
down, with effects attributable to how well it is used. That framing
forecloses the questions that matter most. If the system is a tool, then
failure is user error or design error, and the research agenda becomes
optimization. But [3] points at what the tool metaphor hides — that [3] Artificial Unintelligence - How

Computers Misunderstandthese systems encode a specific, contestable model of what a right
answer looks like, and that model is not neutral scaffolding but an
active claim about knowledge. Cambridge’s finding that essay-grading
rewards ”style over substance” is exactly this: the system did not fail
to grade, it graded a different thing, competently.

The tool metaphor also determines how the field assigns agency.
When AI ”beats” professors, agency is granted to the system; when
students use it to cheat — the concern behind [18] — agency snaps [18] ¿Cómo pueden responder los

educadores cuando los estudiantes
presentan contenido generado por IA
como si fuera propio

https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
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back to the student. An alternative framing — the system as a co-
participant that reshapes the task rather than executing it — would
open research on how AI redistributes cognitive labor across the
student-tool-instructor triad, rather than treating each party’s con-
tribution as separable and measurable in isolation.

Whose Knowledge Is Missing?

The methodological blind spot is not subtle. Student perspectives
account for roughly 3.76% of the discourse, and student-centered re-
search would ask the question the offloading/overload literature cannot
answer from the outside: which delegations feel like relief and which
feel like loss of capacity, and how do students themselves distinguish
the two mid-task? That phenomenological data — the learner’s own
account of when a tool extends thinking versus replaces it — is pre-
cisely what a theory of constitutive cognitive labor would need, and it
is almost entirely absent.

Critical perspectives sit at 0.29%, and parent or community per-
spectives at another 0.29%. Their near-total absence is why the
power dimension stays unexamined. The proctoring debate — [14] [14] Remote Proctoring Through

an Ethical Lens: The Case Against
Surveillance

— and the systemic-bias framing in [13] both signal that the objects
[13] Monocultivo algorítmico en
contratación y sesgo sistémico

of measurement have views on being measured, and interests in how
measurement is constructed. A field that theorizes learning without
those voices will keep mistaking the vendor’s construct for the phe-
nomenon. The research move worth making this cycle is not ”more
studies” but a study designed backward from the 3.76% — centering
the learner’s account of cognitive delegation as primary evidence, not
as satisfaction data appended to a performance metric.

Actionable Recommendations

The evidence base your institution is acting on is lopsided. Of this
week’s 5,033 sources, the ones with the cleanest data are vendor
telemetry — the [12] tells you seat activation and message counts [12] Microsoft 365 Copilot Usage

Reportwith decimal precision. What it cannot tell you is whether any of that
use produced learning. That asymmetry — instrumented adoption,
uninstrumented effect — is the structural gap under every direction
below.

1. What cognitive offloading actually does to students,

https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://www.linkedin.com/pulse/el-monocultivo-algor%C3%ADtmico-por-qu%C3%A9-compartir-un-de-tu-castro-watson-3hinf
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https://learn.microsoft.com/en-us/microsoft-365/admin/activity-reports/microsoft-365-copilot-usage?view=o365-worldwide
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measured over a degree, not a session
Current gap: The strongest causal claims in circulation come from

single-session lab designs. The [4] and its [6] surface a real tension [4] cognitive offloading or cognitive
overload study
[6] Cognitive offloading or cognitive
overload? How AI alters ... - Frontiers

— AI can reduce extraneous load or hollow out the retrieval practice
that consolidates learning — but neither follows a cohort across an
assessment cycle.

The field has largely approached this through short-horizon perfor-
mance measures, which miss the thing tenure-track researchers should
care about: durable capability formation across a program.

Research questions:

• Do students who offload early-stage synthesis to generative tools
show measurable decay in unaided performance by the third or
fourth semester, controlling for prior attainment?

• Does the effect differ by discipline — is offloading in a quantitative
sequence structurally different from offloading in a writing-intensive
one?

• Which tasks, if offloaded, correlate with gains in downstream capa-
bility, and which with losses?

Methodological considerations: This needs a multi-cohort longitu-
dinal design with IRB attention to consent that survives four years of
shifting tool availability — a real problem when the intervention up-
dates quarterly and the study runs across semesters. Attrition and the
impossibility of a clean control group (no student is AI-naive now) are
the binding constraints; a stepped-wedge or discontinuity design keyed
to differential access may be the honest compromise.

Potential contribution: Moves the discourse from ”students use AI”
to ”what capability is being built or eroded, and for whom” — the
question your assessment committee cannot currently answer with
evidence.

2. Whether automated assessment measures what we
claim it measures

Current gap: Two findings this week point in opposite directions
and neither has been reconciled. Cambridge reports that [1]. Stanford [1] AI is not yet good enough to mark

university essays, rewarding ”style
over substance”

reports that [2]. Both cannot be the last word.
[2] AI tutors beat law professors in a
blind study while exposing bias risk

The field has approached automated grading as an accuracy prob-
lem — agreement with human raters — which misses the construct-

https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
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validity question: what latent trait is the model actually scoring? [3] [3] Artificial Unintelligence
names the failure mode directly: systems that pattern-match fluency
can misunderstand the task entirely while producing confident output.

Research questions:

• When AI grading agrees with human raters, is it tracking argu-
ment quality or surface fluency — and can those be experimentally
dissociated?

• Does the ”style over substance” bias interact with linguistic back-
ground, disadvantaging multilingual students whose substance
outruns their idiom?

• Under what conditions does the Stanford tutoring advantage sur-
vive when the outcome measure is transfer rather than in-domain
performance?

Methodological considerations: Requires adversarial test sets —
high-substance/low-fluency and low-substance/high-fluency essays
constructed to break the correlation. Blind human double-marking as
the anchor, with demographic metadata to detect differential validity.
The limitation: constructing genuinely dissociated stimuli is labor-
intensive and contestable.

Potential contribution: Gives accreditation and assessment-cycle
decisions a validity framework rather than a vendor accuracy claim.

3. The efficacy and equity cost of detection and proc-
toring — jointly

Current gap: Institutions are buying detection and surveillance
while the detection layer’s failure rate goes unstudied at scale. TikTok
has [10] — a platform-scale demonstration that provenance detection [10] labeled 3 billion AI videos, and

research says the labels miss a great
deal

is porous. OpenAI’s own guidance to [18] declines to promise reliable
[18] ¿Cómo pueden responder los
educadores cuando los ...

detection. Meanwhile the [14] documents the harm side.

[14] Remote Proctoring Through an
Ethical Lens: The Case Against ...

The field studies detection accuracy and surveillance harm in sepa-
rate literatures. Nobody is pricing them against each other.

Research questions:

• What is the false-positive rate of institutional detection tools by
student subgroup, and who bears the burden of contesting a flag?

• Does the deterrence effect claimed for proctoring survive when
self-reported anxiety and withdrawal are counted as costs?

https://www.techtimes.com/articles/320282/20260713/tiktok-has-labeled-3-billion-ai-videos-here-is-what-research-says-they-miss.htm
https://www.techtimes.com/articles/320282/20260713/tiktok-has-labeled-3-billion-ai-videos-here-is-what-research-says-they-miss.htm
https://www.techtimes.com/articles/320282/20260713/tiktok-has-labeled-3-billion-ai-videos-here-is-what-research-says-they-miss.htm
https://www.techtimes.com/articles/320282/20260713/tiktok-has-labeled-3-billion-ai-videos-here-is-what-research-says-they-miss.htm
https://help.openai.com/es-419/articles/8313351-c%C3%B3mo-pueden-responder-los-educadores-cuando-los-estudiantes-presentan-contenido-generado-por-ia-como-si-fuera-propio
https://help.openai.com/es-419/articles/8313351-c%C3%B3mo-pueden-responder-los-educadores-cuando-los-estudiantes-presentan-contenido-generado-por-ia-como-si-fuera-propio
https://help.openai.com/es-419/articles/8313351-c%C3%B3mo-pueden-responder-los-educadores-cuando-los-estudiantes-presentan-contenido-generado-por-ia-como-si-fuera-propio
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
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• Can honor-code or authentic-assessment interventions match
detection-plus-proctoring on integrity outcomes without the surveil-
lance externality?

Methodological considerations: Field experiments across course
sections, with appeals-process data as an equity signal. The chal-
lenge is institutional: the offices that deploy proctoring rarely release
false-positive data, so this may require FOIA-equivalent access or
partnership with a willing institution.

Potential contribution: Converts an ideological standoff into a com-
parative cost accounting that shared governance can actually use.

4. AI-as-accessibility versus AI-as-standard: the fram-
ing that changes who counts

Current gap: The claim that [17] reframes the entire integrity con- [17] when your brain works differently,
AI isn’t a luxury — it’s accessibilityversation. If a tool is an accommodation for a neurodivergent student

and a violation for another, the policy is incoherent. The [8] and Mi- [8] GLAAD 2026 report on LGBTQ
impacts across AIcrosoft’s [7] work extend the point to representational harm.
[7] Inteligencia artificial generativa y
accesibilidad | Microsoft LearnThe dominant framing treats AI as a uniform ”tool” to be per-

mitted or banned. It misses that the same affordance is differently
valenced across bodies and identities.

Research questions:

• How do disability-services offices and integrity offices currently
adjudicate overlapping claims, and where do their logics collide?

• Does universal AI permission narrow or widen the accommodation
gap relative to case-by-case approval?

• What representational failures do generative tools produce for
LGBTQ and disabled students specifically, in tutoring and feedback
contexts?

Methodological considerations: Participatory design centering dis-
abled and LGBTQ students as co-researchers, not subjects — the
missing voices here have to shape the questions. Institutional ethnog-
raphy of the two offices. The limitation is generalizability across wildly
varying accommodation regimes.

Potential contribution: Replaces the ban/permit binary with a
framework that treats access as the variable it actually is.

https://aws.amazon.com/blogs/machine-learning/when-your-brain-works-differently-ai-isnt-a-luxury-its-accessibility/
https://aws.amazon.com/blogs/machine-learning/when-your-brain-works-differently-ai-isnt-a-luxury-its-accessibility/
https://aws.amazon.com/blogs/machine-learning/when-your-brain-works-differently-ai-isnt-a-luxury-its-accessibility/
https://glaad.org/2026-ai-report-build-for-everyone/lgbtq-impacts/
https://glaad.org/2026-ai-report-build-for-everyone/lgbtq-impacts/
https://glaad.org/2026-ai-report-build-for-everyone/lgbtq-impacts/
https://learn.microsoft.com/es-es/shows/ai-show/generative-ai-and-accessibility
https://learn.microsoft.com/es-es/shows/ai-show/generative-ai-and-accessibility
https://learn.microsoft.com/es-es/shows/ai-show/generative-ai-and-accessibility
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5. Algorithmic monoculture in the academic labor mar-
ket

Current gap: [11], and the [13] — that shared models produce cor- [11] Meta faces the first AI layoff
discrimination suit
[13] Monocultivo algorítmico en
contratación y sesgo sistémico

related rejections — has not been tested on faculty and postdoc hir-
ing, where a handful of screening tools may already gate the pipeline.

Research questions:

• Do institutions using overlapping AI screening produce correlated
candidate exclusions across the market?

• Does the [3] mask a generational split in who is willing to be [3] younger-cohort AI optimism
documented in the AI Indexscreened this way?

Methodological considerations: Requires audit access to search-
committee tooling — the hardest data to get. Correspondence studies
with matched CVs are feasible where direct data is not.

Potential contribution: Names a systemic exclusion mechanism
before it hardens into the norm — which is when research stops being
able to influence it.

The through-line: the instrumented side of this transformation is
vendor-owned, and the questions that matter to students and faculty
are the uninstrumented ones. That is the agenda.

Supporting Evidence

Evidence Base Characteristics

The corpus for this cycle runs to 5,033 sources — but the researcher’s
first problem is that the label ”AI-education scholarship” is doing
heavy lifting over a body that is mostly not scholarship. Strip the set
down to what a peer reviewer would recognize as evidence, and the
citable core thins fast. A minority are empirical studies: the Stan-
ford blind-comparison work reporting that AI tutors outscored law
professors [2], the Cambridge assessment of automated essay marking [2] AI Tutors Beat Law Professors in

Stanford Blind Study, Exposing Bias
Risk

[1], and the cognitive-offloading study running in parallel across two
[1] AI not yet good enough to mark
university essays, rewarding ’style over
...

venues [4], [6].

[4] Cognitive offloading or cognitive
overload? How AI alters the mental ...
[6] Cognitive offloading or cognitive
overload? How AI alters ... - Frontiers

The rest divides into vendor documentation (Microsoft, Google,
AWS product pages presenting themselves as neutral reference) and
advocacy/commentary. That distribution is itself the finding: the
field’s largest single supplier of ”how AI works in education” text is
the firms selling the tools.

https://www.techtimes.com/articles/320647/20260715/meta-faces-first-ai-layoff-discrimination-suit-july-22-deadline-looms.htm
https://www.linkedin.com/pulse/el-monocultivo-algor%C3%ADtmico-por-qu%C3%A9-compartir-un-de-tu-castro-watson-3hinf
https://www.techtimes.com/articles/320647/20260715/meta-faces-first-ai-layoff-discrimination-suit-july-22-deadline-looms.htm
https://www.techtimes.com/articles/320647/20260715/meta-faces-first-ai-layoff-discrimination-suit-july-22-deadline-looms.htm
https://www.linkedin.com/pulse/el-monocultivo-algor%C3%ADtmico-por-qu%C3%A9-compartir-un-de-tu-castro-watson-3hinf
https://www.linkedin.com/pulse/el-monocultivo-algor%C3%ADtmico-por-qu%C3%A9-compartir-un-de-tu-castro-watson-3hinf
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
https://www.techtimes.com/articles/320509/20260714/ai-tutors-beat-law-professors-stanford-blind-study-exposing-bias-risk.htm
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://www.cam.ac.uk/stories/ai-university-essay-grading
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://pmc.ncbi.nlm.nih.gov/articles/PMC12678390/
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full
https://www.frontiersin.org/journals/psychology/articles/10.3389/fpsyg.2025.1699320/full


8

Perspective Distribution Analysis

The architecture reports zero mapped contradictions and zero cat-
alogued perspective gaps — which is not the same as an evidence
base without gaps. It means the aggregation layer did not surface
tension, and a researcher should read that absence skeptically rather
than as consensus. When the OpenAI guidance on responding to AI-
submitted student work [18] sits in the same corpus as a study finding [18] ¿Cómo pueden responder los

educadores cuando los ...that detection and labeling routinely miss the mark [15], that is a live
[15] TikTok Has Labeled 3 Billion AI
Videos: Here Is What the Research
Says They Miss

contradiction the tooling flagged as ”none.”

The perspectives that do appear cluster around identity-specific
harm — the GLAAD LGBTQ impact assessment [8], accessibility [8] Understanding LGBTQ Impacts

Across AI – 2026 AI Reportframings from neurodivergent users [17], and the child-safety report
[17] When your brain works differ-
ently, AI isn’t a luxury—it’s accessi-
bility | Artificial Intelligence

on Google’s AI search [9]. Notice who is producing them: advocacy

[9] It’s deeply disturbing.’ What a
new report says about risks Google’s
AI search features pose to kids

organizations and journalists, not education researchers. The method-
ological center of gravity in AI-education scholarship is not where the
harm documentation is happening.

Failure Pattern Analysis

The architecture logged zero failure patterns, which forces a researcher
to reconstruct failure typology from the primary sources rather than
from the aggregate. Doing so surfaces three distinct classes. Eth-
ical/discrimination failures are now litigated, not hypothetical —
the Meta AI-layoff discrimination suit [11] and the algorithmic- [11] Meta Faces First AI Layoff Dis-

crimination Suit as July 22 Deadline
Looms

monoculture argument in hiring [13] both sit outside education but
[13] Monocultivo algorítmico en
contratación y sesgo sistémico

describe the exact mechanism institutions are importing into admis-
sions and grading. Technical failures — indirect prompt injection [5]

[5] Defend against indirect prompt
injection attacks

— are documented mostly by vendors. The understudied class is ped-
agogical failure: what happens to learning when the tool works as
advertised. Only the offloading studies touch it.

Discourse Analysis Findings

The dominant framing across the vendor-heavy portion of the corpus
is accessibility-as-justification: AI is repositioned from convenience
to civil-rights necessity [17]. That move is rhetorically powerful and [17] When your brain works differ-

ently, AI isn’t a luxury—it’s accessi-
bility | Artificial Intelligence

empirically underexamined — it converts a purchasing decision into an
equity obligation, and the party making the argument sells the rem-
edy. Against it runs the surveillance framing in the proctoring litera-
ture [14] and the institutional-control framing behind UChicago Law’s [14] Remote Proctoring Through an

Ethical Lens: The Case Against ...laptop ban [16]. Both the ”AI liberates” and ”AI must be contained”
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Sweeping New AI ...
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narratives are causal-attribution shortcuts that assign agency to the
technology rather than to the institutions deploying it. [3] names why [3] Artificial Unintelligence - How

Computers Misunderstandthat matters: the more balanced accounts emerging from journalism
and academia refuse the tool-as-agent frame that both dominant nar-
ratives share.

Methodological Observations

The empirical work is overwhelmingly cross-sectional and short-
horizon. The Stanford tutor study measures a single blind comparison;
the Cambridge marking study evaluates output quality, not longitu-
dinal learning effect. No study in the corpus tracks a cohort across an
assessment cycle, let alone to graduation. Generalizability claims run
well ahead of design: a blind grading advantage in one law-school task
is being read as a verdict on AI tutoring writ large. The offloading
research is the closest to a mechanism-level account, and even it is
measuring proximal cognitive load, not durable learning loss.

Theoretical Development Needs

The unresolved contradiction demanding theory is the accessibil-
ity/surveillance collision — the same instrumentation that individ-
ualizes support also individualizes monitoring, and no framework in
this corpus holds both at once. The field also needs a construct that
separates ”the model performs the task” from ”the student learns,”
because the current evidence conflates them. Until that distinction is
operationalized, ”AI tutors beat professors” and ”AI can’t mark es-
says” are not contradictory findings — they are measuring different
things and mislabeling both as achievement.
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