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Executive Summary

The field is measuring the wrong variable

Across this week’s 4004 sources, the higher-education corpus clusters
heavily around detection and enforcement—AI-detection accuracy,
due-process ladders, lawsuit trackers—while the causal question that
would actually inform practice goes largely unstudied. We can doc-
ument that faculty perceive harm: [1] and that students [14]. What [1] 90% Of Faculty Say AI Is Weaken-

ing Student Learning
[14] offload critical thinking, other
hard work to AI

we cannot yet do is distinguish measured learning loss from perceived
learning loss. That is a construct-validity problem sitting at the center
of the literature.

The undertheorized contradiction is this: the largest empirical ef-
fort to date, Berkeley’s [18], frames the outcome variable as access [18] study of AI use by undergrads
and cheating—a compliance construct—while the intervention litera-
ture, such as Harvard’s [9] reporting doubled engagement, frames it as [9] Custom AI Tutor Bots
learning gain. These two literatures do not share a dependent variable,
so they cannot adjudicate each other. Resolving this would require
studies that hold the assessment instrument constant while varying
AI access—precisely the design the detection-driven work forecloses,
because it treats the tool as contraband rather than condition.

Meanwhile the enforcement apparatus is being validated in court-
rooms, not journals: the [13] ruling and documented [10] show mea- [13] Newby v. Adelphi: First AI-

Detection Court Ruling
[10] Faux positifs détecteurs IA :
causes, impacts et solutions

surement error propagating into sanctions with no published error-rate
accountability.

This briefing maps the unstudied questions—causal designs the
detection paradigm crowds out, the missing shared outcome construct,
and the equity confound in the Berkeley access data—and flags where
the intervention work (oral exams, tutor bots) still lacks the controls
to earn its claims.

https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://www.ia42.fr/faux-positifs-detecteurs-ia
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://www.ia42.fr/faux-positifs-detecteurs-ia
https://www.ia42.fr/faux-positifs-detecteurs-ia
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Critical Tension

The Theoretical Problem

The evidence this quarter does not resolve into a coherent finding.
Two literatures are running in parallel and pointing in opposite di-
rections. One reports that undergraduates are systematically handing
off the effortful part of cognition — that [14], and that in a national [14] University students offload critical

thinking, other hard work to AIinstructor survey [1]. The other reports the inverse effect from struc-
[1] 90% Of Faculty Say AI Is Weaken-
ing Student Learningturally similar tools: [9], and a physics course where a [15]. Same
[9] Custom AI Tutor Bots Are Trans-
forming Learning at HBS
[15] Professor tailored AI tutor to
physics course. Engagement doubled.

underlying technology; measured atrophy in one column, measured
augmentation in the other.

This is not a practical trade-off to be split down the middle. It is
a theoretical gap. The field has no operational construct that distin-
guishes offloading-as-atrophy from offloading-as-extension — no ac-
count of which cognitive operations education is obligated to preserve
in the student versus which it may legitimately delegate to a machine.
Absent that construct, ”engagement doubled” and ”critical thinking
offloaded” are not contradictory findings; they are the same behavior
scored against unstated and incompatible theories of what learning is
for. Prior work in this publication treated the enhance-versus-erode
question as a program-design balance. The delta now is that the ques-
tion has hardened into two things design cannot adjudicate: a body of
large-N empirical claims, and — via [13] and the broader [3] — a legal [13] Newby v. Adelphi: First AI-

Detection Court Ruling
[3] AI Cheating Lawsuits Tracker —
Every Case, Who Won (2026)

record. Courts are now being asked to rule on a distinction the field
has not defined.

Paradigm Limitations

The dominant frame remains AI-as-tool, and the tool metaphor qui-
etly assigns all agency to the user: a hammer does not erode car-
pentry. But the detection literature imports a second, incompatible
frame — AI-as-adversary — in which the system acts and the insti-
tution defends against it. When [21] cheating, and [4] documents the [21] Universities are relying on AI-

detection software to catch
[4] AI Detection Tools and Academic
Punishment: How Opaque Evidence
Threatens Due Process

score-as-verdict problem, the field has effectively outsourced its defi-
nition of authorship to a probability output it cannot inspect. That
opacity is itself a research object, not a background condition — the
methodological invisibility that [19] names as the precondition for [19] The Atlas of AI
unaccountable power.

The tool/adversary oscillation forecloses the more productive ques-
tion: what is the unit of learning that a given assignment is supposed
to produce, and is it observable at all once AI is in the loop? Framing

https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://www.nature.com/articles/d41586-026-01358-2
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://www.nature.com/articles/d41586-026-01358-2
https://www.nature.com/articles/d41586-026-01358-2
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
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assignments as authorship-verification problems (detect the machine)
rather than competency-verification problems (demonstrate the skill)
is why institutions are retreating to [7]. Oral examination is a mea- [7] Colleges are turning to in-person

tests, oral exams to combat AIsurement response to a theory deficit — a reasonable stopgap that
also reveals the field never had a construct-valid account of what the
take-home essay was measuring in the first place.

Whose Knowledge Is Missing?

The corpus of 4,004 sources is written almost entirely from the insti-
tution’s side of the desk. Student perspectives account for roughly
3.76% of the coverage. This is the population whose cognition is the
dependent variable in every offloading study, yet whose own account
of why they delegate — time scarcity, assessment design, the docu-
mented access disparities in [18] — is treated as noise rather than [18] The largest study of AI use by

undergrads is in, revealing disparities
in access and in cheating

data. Student-centered research would reframe ”offloading” as a ra-
tional response to structural conditions, and would test whether the
behavior faculty read as disengagement is instead triage.

Critical perspectives sit at 0.29% and parent/community perspec-
tives at 0.29%. That near-total absence is why the detection-and-
punishment apparatus goes theoretically unexamined: the power
asymmetry between a student and an opaque probability score —
the subject of the entire due-process ladder in [17] — is discussed as [17] Score-as-Verdict: The AI-

Detection Due-Process Laddera compliance risk, not as a governance question. Work centering [11]
[11] Feminist and Global South
perspectives on AI-supported learning
environments

shows what the other 99.71% forecloses: whose definition of ”academic
integrity” is being enforced, and against whom the false-positive bur-
den falls. Until those voices are load-bearing rather than decorative,
the field will keep measuring the erosion of a competency it has de-
clined to define.

Actionable Recommendations

Where the AI-education evidence base is thin enough to
build a program on

This week’s corpus — 4,004 sources, with the higher-education
slice concentrated on detection, assessment, and learning effects — is
unusually rich in institutional and vendor claims and unusually poor
in student voice and longitudinal measurement. That imbalance is
itself the research opportunity. Below are four directions where the
gaps are documented, the questions are answerable, and the dominant
framing is doing work worth interrupting.

https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://gradpilot.com/news/ai-detection-due-process-ladder
https://gradpilot.com/news/ai-detection-due-process-ladder
https://gradpilot.com/news/ai-detection-due-process-ladder
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
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One note before the list. Our prior AIL briefings argued AI literacy
faces resource-disparity and content-currency problems; the delta
this week is that the disparity claim is now measurable rather than
asserted — Berkeley has run [18], which quantifies access and cheating [18] the largest study of AI use by

undergradsgaps. The research agenda should exploit that shift from anecdote to
dataset.

1. The evidentiary status of a detection score
Current gap: Institutions are treating detector output as adjudica-

tive evidence while the [13] and the emerging [17] show the score-as- [13] Newby v. Adelphi ruling
[17] AI-detection due-process ladderverdict move collapsing under legal scrutiny. Nature reports universi-

ties still [21] despite documented false positives. [21] relying on AI-detection software

The field has largely approached detection as a technical accuracy
problem — precision, recall, ROC curves — which misses the question
of what evidentiary standard a probabilistic classifier can actually
satisfy in a disciplinary hearing. The legal literature on [4] frames this [4] AI Detection Tools and Academic

Punishment: How Opaque Evidence
...

correctly; the pedagogy literature has not caught up.

Research questions:

• Do detector false-positive rates vary systematically by writer popu-
lation (multilingual, neurodivergent, disciplinary register), and if so,
what is the disparate-impact magnitude?

• What confidence threshold, if any, survives the burden-of-proof
standard institutions apply to other integrity cases?

• How do faculty actually interpret a ”68% AI” score — as evidence,
as a prompt to investigate, or as a verdict?

Methodological considerations: Pair audit studies (submitting
known-provenance text corpora across detectors, stratified by au-
thor group) with document analysis of adjudication records from the
[3] and [12]. The hard limitation: institutions rarely release hearing [3] AI cheating lawsuits tracker

[12] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...

records, so the accused-student perspective must be reconstructed
from filings, which selects for cases that escalated.

Potential contribution: A defensible evidentiary framework — or
a demonstration that none exists — would let general counsel and
faculty senates set policy on measured ground rather than vendor
marketing.

https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://gradpilot.com/news/ai-detection-due-process-ladder
https://proofreaderpro.ai/blog/newby-adelphi-ai-detection-ruling
https://gradpilot.com/news/ai-detection-due-process-ladder
https://www.nature.com/articles/d41586-026-01358-2
https://www.nature.com/articles/d41586-026-01358-2
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://detectiondrama.com/ai-detection-lawsuits/
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
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2. Perception versus measurement in learning effects
Current gap: [1], and reporting on [14] reinforces the alarm. But [1] 90% of faculty say AI is weakening

student learning
[14] offloading critical thinking to AI

these are cross-sectional perceptions and self-reports. Meanwhile the
[15] at Harvard and the [9] report engagement gains — a metric that [15] tailored AI tutor that doubled

engagement
[9] Custom AI Tutor Bots Are Trans-
forming Learning at HBS

is not learning.

The dominant approach measures either faculty sentiment or short-
run engagement, both of which are proxies. Neither tracks whether
specific cognitive competencies degrade or transfer over time.

Research questions:

• Across a two-year cohort, do measured skills (not grades) diverge
between high- and low-AI-reliance students, controlling for prior
attainment?

• Does engagement gain from tutor bots correlate with retained
competency at a delayed post-test, or decay once the scaffold is
removed?

• Can we distinguish productive offloading (calculators for arith-
metic) from competency-eroding offloading?

Methodological considerations: This needs longitudinal, pre-registered
designs with delayed post-tests — expensive, slow, and vulnerable to
attrition. The temporal problem is acute: model capability shifts
faster than a cohort graduates, so any finding risks describing a system
that no longer exists. [19] names exactly this asymmetry between the [19] Future Shock
acceleration of the tool and the pace of the study.

Potential contribution: Separating perception from measurement
would either validate the 90% alarm empirically or reveal it as a moral
panic — either result reshapes assessment policy.

3. The collaborative dimension nobody is measuring
Current gap: HEPI asks whether [6] — a rare gesture at learning [6] AI is quietly eroding the social

core of student teamworkas a social process. Almost the entire corpus treats learning as an
individual transaction between student and model.

The tool framing individualizes the unit of analysis. What it over-
looks is that group work, peer review, and studio critique are where
much disciplinary socialization happens, and these are the practices AI
most quietly restructures.

Research questions:

https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://hechingerreport.org/proof-points-offload-critical-thinking-ai/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://hbsp.harvard.edu/inspiring-minds/ai-tutor-bots-harvard-business-school
https://www.hepi.ac.uk/2026/07/08/is-ai-quietly-eroding-the-social-core-of-student-teamwork/
https://www.hepi.ac.uk/2026/07/08/is-ai-quietly-eroding-the-social-core-of-student-teamwork/
https://www.hepi.ac.uk/2026/07/08/is-ai-quietly-eroding-the-social-core-of-student-teamwork/
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• When teams have asymmetric AI access or skill, how does labor
and credit distribute within the group?

• Does AI mediation of group tasks reduce the peer-to-peer interac-
tion that predicts belonging and persistence?

• What collaborative competencies are assessment-invisible and
therefore unprotected by integrity policy?

Methodological considerations: Ethnographic and interaction-
analytic methods (recorded group sessions, network analysis of con-
tribution) rather than survey instruments. Centering the student
perspective here is not optional — it is the only vantage from which
within-group dynamics are visible.

Potential contribution: Extends the effects question from cognition
to social formation, a dimension current policy ignores entirely.

4. Whose pedagogy the redesign assumes
Current gap: The Berkeley study documents [18]; [11] note that the [18] The largest study of AI use by

undergrads is in, revealing disparities
...
[11] feminist and Global South per-
spectives

”responsible integration” literature assumes a well-resourced Northern
institution. The reflex responses — [7], in-person testing, [20] — carry

[7] Colleges are turning to in-person
tests, oral exams to combat AI | AP
News
[20] UChicago Law Bans Laptops
from 1L Classrooms As Part of
Sweeping New AI ...

equity assumptions that go unexamined.

This is the delta on our earlier SA work: rather than restate that
AI encodes bias, ask which remediation itself redistributes disadvan-
tage.

Research questions:

• Do oral-exam and proctoring regimes systematically disadvan-
tage multilingual, disabled, or anxiety-prone students, and by how
much?

• How do access disparities in paid model tiers translate into attain-
ment gaps?

• Whose learning conditions does ”AI-resistant assessment” implicitly
assume?

Methodological considerations: Mixed-methods equity audits pair-
ing outcome data with student testimony, drawing on the ethical
critique of [16]. The limitation: equity effects are confounded with [16] Remote Proctoring Through an

Ethical Lens: The Case Against ...everything else that stratifies attainment.

https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
https://www.brookings.edu/articles/feminist-and-global-south-perspectives-on-ai-supported-learning-environments/
https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://www.lawnext.com/2026/07/uchicago-law-bans-laptops-from-1l-classrooms-as-part-of-sweeping-new-ai-strategy-for-legal-education.html
https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://apnews.com/article/college-oral-exam-ai-chatgpt-77954a19f5304bfc6e76dc92d4bef3ad
https://www.lawnext.com/2026/07/uchicago-law-bans-laptops-from-1l-classrooms-as-part-of-sweeping-new-ai-strategy-for-legal-education.html
https://www.lawnext.com/2026/07/uchicago-law-bans-laptops-from-1l-classrooms-as-part-of-sweeping-new-ai-strategy-for-legal-education.html
https://www.lawnext.com/2026/07/uchicago-law-bans-laptops-from-1l-classrooms-as-part-of-sweeping-new-ai-strategy-for-legal-education.html
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
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Potential contribution: Prevents the AI-integrity response from
becoming a regressive tax on already-marginalized students — the
outcome current redesign enthusiasm risks producing without noticing.

Supporting Evidence

Evidence Base Characteristics
This week’s corpus draws from 4,004 total sources, of which 1,359

sit in the higher-education category. What’s striking for a researcher
scanning this body is the genre imbalance. The most citable, most
trafficked material is not empirical — it is litigation tracking and insti-
tutional policy declaration. The [3] and the [13] are effectively primary [3] AI Cheating Lawsuits Tracker —

Every Case, Who Won (2026)
[13] Newby v. Adelphi: First AI-
Detection Court Ruling

documents now shaping practice, while the underlying validation sci-
ence on detection tools remains thin and vendor-controlled. When a
first court ruling on detection reliability [2] carries more field-shaping [2] Adelphi University accused a

student of using AI to ... - Newsdayweight than any peer-reviewed instrument-validation study, the evi-
dence base has a hole where its methodology should be.

The genuinely empirical anchor this week is the Berkeley under-
graduate study — [18]. It is large-N, it names access disparities, and [18] The largest study of AI use by

undergrads is in, revealing disparities
in access and in cheating

it separates use from cheating rather than collapsing them. Nearly
everything else clusters into commentary (the HEPI and Mail &
Guardian pieces) or policy statement (UChicago, Brown’s GAITL
committee).

Perspective Distribution Analysis
The ‘missing_perspectives‘ field returns zero mapped gaps and

zero contradictions — which is itself a finding, not an absence of one.
It means the corpus is not internally arguing; it is converging. That
convergence is worth distrust. When the [1] framing travels unchal- [1] 90% Of Faculty Say AI Is Weaken-

ing Student Learninglenged next to the ”offloading critical thinking” framing [14], the field
[14] University students offload critical
thinking, other hard work to AIis building consensus on the deficit story before the measurement in-

struments to support it exist.

The counter-perspectives that would break the convergence are
present but structurally marginal: [11] and the Francophone COM- [11] Feminist and Global South

perspectives on AI-supported learning
environments

PAiSS material [8] sit at the citation periphery. Perspective exclusion
[8] COMPAiSShere is not omission — it is a knowledge-production geography where

the Anglophone deficit-and-detection axis defines the research ques-
tions everyone else answers.

Failure Pattern Analysis

https://gradpilot.com/news/ai-cheating-lawsuits-tracker
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The ‘failure_patterns‘ field is empty — no documented ethical, im-
plementation, or technical failure counts. This is not because failures
are absent; the false-positive literature is right there, in [10] and [4]. [10] Faux positifs détecteurs IA :

causes, impacts et solutions
[4] AI Detection Tools and Academic
Punishment: How Opaque Evidence
Threatens Due Process

The failures are documented in law and journalism but not yet coded
as a research variable. The understudied failure type is the compound
one: a technical failure (false positive) becoming an ethical failure
(due-process denial) becoming an institutional liability, as the [17] [17] Score-as-Verdict: The AI-

Detection Due-Process Ladderframing captures better than any study.

Discourse Analysis Findings
The dominant metaphor is detection-as-verdict: a probability score

treated as forensic proof. The causal attribution pattern reverses the
burden — the tool asserts, the student disproves. This framing is
doing the field’s heavy lifting while [21] treats vendor accuracy claims [21] Universities are relying on AI-

detection software to catch cheatersas settled. The marginalized framing — refusal as a defensible position
— surfaces only in [5]. The power dynamic is plain: detection vendors [5] AI in Universities: Duty to Under-

stand vs Right to Refuseset the epistemic terms, and institutions adopt them as evidentiary
standards without independent validation.

Methodological Observations
The design gap is longitudinal work. Nearly everything is cross-

sectional snapshot or single-course pilot — the Harvard tutor-engagement
result [15] reports doubled engagement in one course with no compar- [15] Professor tailored AI tutor to

physics course. Engagement doubled.ison cohort or durability follow-up. Generalizability claims run far
ahead of design. There is no cohort tracking students across an assess-
ment cycle as institutions swing from take-home writing to oral exams
[7]. [7] Colleges are turning to in-person

tests, oral exams to combat AI

Theoretical Development Needs
The unresolved contradiction requiring theoretical work: detection

science and due-process ethics are being developed in separate litera-
tures that a single lawsuit collapses into one problem. The field needs
a construct linking probabilistic evidence to evidentiary standards —
a framework specifying what a detection score can and cannot license
institutionally. Until that bridge exists, IRB-approved efficacy studies
and courtroom reliability tests will keep answering different questions
about the same tool.
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