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Executive Summary

The Detection Dragnet Is Now a Governance Liability

Your AI policy decisions this quarter carry an exposure most gover-
nance frameworks still don’t price in: the detection tools your institu-
tion licenses to police student work are now generating litigation, not
deterrence. Across the 3,900 sources reviewed this week (), the fastest-
growing HE thread is not adoption — it is the legal and due-process
fallout of enforcement, tracked case by case in the [2] and documented [2] AI Cheating Lawsuits Tracker
in expulsion disputes like the [26] who calls the sanction ”a death [26] ’A death penalty’: Ph.D. student

says U of M expelled him over unfair
...

penalty.”

The strategic dilemma is this: detection accuracy your provost
cannot audit is being treated as evidence your conduct board can act
on. A [1] shows wide inconsistency in how — and whether — these [1] 2026 study of detection policies at

50 leading U.S. universitiestools carry evidentiary weight, while legal scholars argue that [18].
[18] AI Detection Tools and Academic
Punishment: How Opaque Evidence
...

The [27] was the early warning; the [15] are the bill. Meanwhile [9]

[27] How AI detection tool spawned a
false cheating case at UC Davis
[15] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...
[9] AI Is Now Fundable In Higher
Ed—But Only With Real Governance
- Forbes

reports that funders now condition AI dollars on real governance — so
the enforcement posture you set is also a fundability signal.

The vendor framing — buy detection, restore integrity — out-
sources a pedagogical and legal judgment to a black box your counsel
cannot defend in a hearing.

This briefing provides policy framework options with implemen-
tation evidence, the documented failure patterns to avoid (false pos-
itives, unappealable sanctions, proctoring overreach flagged in [10]), [10] Good Proctor or ”Big Brother”?
and the assessment-redesign path — [5] over surveillance — that peers [5] Beyond Detection: Redesigning

Authentic Assessment in an AI ... -
MDPI

are already using to lower both the cheating incentive and your liabil-
ity exposure.
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Critical Tension

The Strategic Dilemma

The governance problem leadership faces this year is not ”should we
allow AI.” That decision has been made for you — the largest study
of undergraduate use to date found the tools already saturated across
campuses, with the real story being disparities in who has access and
who gets accused of cheating [22]. The dilemma is structural: every [22] The largest study of AI use by

undergrads is in, revealing disparities
in access and in cheating

institutional policy is now caught between optimizing for efficiency
and scalability versus preserving and fostering deep cognitive
processes. Those are not two settings on the same dial. They pull in
opposite directions, and no amount of additional data resolves which
your institution should privilege — because the choice is a values
commitment, not an empirical finding.

This is a hard problem in the precise sense that it resists opti-
mization. If you build assessment around efficiency — AI tutors,
automated feedback, scalable throughput — you accept the cognitive-
offloading risk the research keeps documenting: that students stop
building the biological memory and expertise that credentials are sup-
posed to certify [8]. If you optimize for preserving deep cognition — [8] Beyond Prompting: Biological

Memory, Cognitive Offloading, and
Human Expertise in the Age of GenAI

proctored in-person exams, ”prove you don’t need it first” gatekeep-
ing [7] — you inherit the surveillance and due-process liabilities that [7] Before students use AI, they

should prove they don’t need itare already producing litigation. Assessment scholars have started
calling this exactly what it is: a wicked problem, unsolvable by policy
template [23]. [23] The wicked problem of AI and

assessment

Why Peer Institutions Aren’t Helping

Copying the sector is a trap this year, because the sector contradicts
itself. A study of AI-detection policies at fifty leading U.S. universi-
ties found no convergence — schools range from mandatory detection
to outright bans on the same tools [1]. Adopting a peer’s detection [1] AI Detection Policies at 50 Lead-

ing U.S. Universities: 2026 Studyregime imports their liability with it. The documented failure pattern
is specific: detection tools generated a false cheating case at UC Davis
[27], the University of Minnesota expelled a Ph.D. student over a con- [27] How AI detection tool spawned a

false cheating case at UC Davistested AI allegation [26], and the case tracker now runs long enough to
[26] 2̆018A death penalty2̆019: Ph.D.
student says U of M expelled him over
unfair allegation

have outcomes [2]. Opaque detection evidence is itself the due-process

[2] AI Cheating Lawsuits Tracker 2̆014
Every Case, Who Won (2026)

threat [18]. When Forbes reports that AI is ”now fundable in higher

[18] AI Detection Tools and Academic
Punishment: How Opaque Evidence
Threatens Due Process

ed — but only with real governance” [9], read the second clause as the

[9] AI Is Now Fundable In Higher
Ed2̆014But Only With Real Gover-
nance

operative one: the funding is contingent on a governance architecture
the sector has not agreed on.
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What Complicates Navigation

Look at whose voice is shaping the policy conversation and whose is
missing. Across this week’s 3,900 sources, the student voice — the
population being governed, accused, and offloaded — surfaces in only
3.76% of the coverage. Parents appear at 0.29%, external critics at
0.29%, and vendors at 0.29%. That last number is misleading in the
way that matters: vendors barely speak in their own name because
they don’t have to. The governance vocabulary is already theirs —
Microsoft’s ”govern and secure AI agents across the organization”
framing arrives pre-loaded as a compliance product [11], and the Copi- [11] Govern and secure AI agents AI

agents across the organizationlot bootcamp trains your faculty inside it [17]. When the terms of a
[17] MSLE Copilot Chat Agents pour
l’enseignement sup0̆0e9rieurdecision are set by an EULA, shared governance has quietly been dele-

gated to a procurement contract — the structural move [16] describes, [16] Manufacturing Consent
where concentrated ownership shapes the decision space before any
board votes.

Notice the metaphor doing the work: AI as neutral ”tool.” That
framing obscures that these systems carry documented bias — against
people with intellectual disabilities [14] and along political lines [4]. [14] Is AI Fair? New Evidence Sug-

gests Bias Against People with Intel-
lectual Disabilities
[4] Are ChatGPT and other AI chat-
bots politically biased? We tested
them.

A public-university-board analysis argues fiduciary duty now extends
to these choices [19]. The temporal asymmetry is the trap [16] names

[19] Public University Boards and
Artificial Intelligence
[16] Future Shock

precisely: vendors ship model updates quarterly; your curriculum and
assessment cycles run two semesters. You will always be governing last
quarter’s system. Write policy that survives the version you haven’t
seen yet — durable on principles (due process, disclosure, equity of
access), not on any named tool.

Actionable Recommendations

Leadership Briefing: Stop Buying Certainty You Can’t Defend

This week’s read of 3,900 sources surfaces one pattern for anyone
holding the AI budget line: the tools that promise to resolve the AI
problem — detection software, blanket bans, a signed policy PDF —
are the ones generating the litigation, the equity complaints, and the
faculty revolt. The evidence points the resource allocation somewhere
less satisfying and more durable.

1. Govern for a moving target, not a policy artifact
The common institutional approach — commission a comprehensive

https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai-agents/governance-security-across-organization
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai-agents/governance-security-across-organization
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https://health.oregonstate.edu/news-and-stories/2026-06/ai-fair-new-evidence-suggests-bias-against-people-intellectual
https://www.washingtonpost.com/technology/interactive/2026/06/24/are-ai-chatbots-like-chatgpt-politically-biased-we-tested-them/
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https://www.washingtonpost.com/technology/interactive/2026/06/24/are-ai-chatbots-like-chatgpt-politically-biased-we-tested-them/
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https://manhattan.institute/article/public-university-boards-and-artificial-intelligence
https://manhattan.institute/article/public-university-boards-and-artificial-intelligence
https://manhattan.institute/article/public-university-boards-and-artificial-intelligence
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AI policy, ratify it through senate, publish it, and consider the matter
closed — fails because the object being governed changes on a quar-
terly release cycle while your policy lives on a two-semester revision
calendar. The temporal asymmetry is structural, not a matter of com-
mittee diligence. [16] named this acceleration problem decades before [16] Future Shock
the current models; the governance lesson is that a static document is
already obsolete on ratification.

The hidden complexity: governance is increasingly being written
for you, in vendor EULAs and default configurations, unless you build
the muscle to write it yourself. Forbes’ reporting that [9] frames gov- [9] AI Is Now Fundable In Higher

Ed—But Only With Real Governanceernance as an investment precondition, not a compliance afterthought.
The Manhattan Institute’s argument on [19] pushes the accountability [19] Public University Boards and

Artificial Intelligenceup to the board level — meaning trustees, not just the CIO, now own
this.

Recommended alternative: a standing AI governance body with a
scheduled review cadence and delegated authority to update guidance
between senate cycles.

Implementation framework:

• Phase 1 (Month 1–2): Charter a cross-functional body — provost’s
office, CIO, faculty senate, general counsel, a student representative
— with an explicit mandate that includes agent deployment risk.
Microsoft’s own [11] framework is worth reading precisely because [11] Govern and secure AI agents

across the organizationit shows what the vendor thinks you should be watching — read it
skeptically as the terms being proposed to you.

• Phase 2 (Month 3–4): Publish provisional guidance with a stated
expiration date and a public change log.

• Phase 3 (Semester end): Review against actual incidents, not pro-
jected ones.

Required resources: 0.5 FTE coordinator, existing committee time,
counsel review hours. This is governance capacity, not a software line.

Success metrics: time-to-guidance on a novel tool (target: under 30
days); percentage of vendor contracts reviewed against your standards
before signature, not after.

Risk mitigation: watch for the body becoming a rubber stamp for
procurement decisions already made.

2. Do not build enforcement on AI detection — the
due-process exposure is now documented

https://www.forbes.com/sites/avivalegatt/2025/11/29/ai-is-now-fundable-in-higher-ed-but-only-with-real-governance/
https://www.forbes.com/sites/avivalegatt/2025/11/29/ai-is-now-fundable-in-higher-ed-but-only-with-real-governance/
https://www.forbes.com/sites/avivalegatt/2025/11/29/ai-is-now-fundable-in-higher-ed-but-only-with-real-governance/
https://manhattan.institute/article/public-university-boards-and-artificial-intelligence
https://manhattan.institute/article/public-university-boards-and-artificial-intelligence
https://manhattan.institute/article/public-university-boards-and-artificial-intelligence
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai-agents/governance-security-across-organization
https://learn.microsoft.com/en-us/azure/cloud-adoption-framework/ai-agents/governance-security-across-organization
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The obvious move is to license an AI-detection tool and empower
faculty to act on its scores. This is the single most legally and reputa-
tionally expensive mistake in the current landscape. The false-positive
record is public: a detection tool [27], and a University of Minnesota [27] spawned a false cheating case at

UC DavisPhD student describes his expulsion over an AI allegation as [26]. The
[26] ’A death penalty’: Ph.D. student
says U of M expelled him over unfair
...

litigation is now trackable in aggregate — the [2] and a parallel [15]

[2] AI Cheating Lawsuits Tracker
[15] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...

record show the outcomes accumulating against institutions that acted
on opaque scores.

The hidden complexity is evidentiary: detection outputs are proba-
bilistic and non-auditable, yet get treated as forensic proof in conduct
hearings. The Harvard Undergraduate Law Review’s analysis of how
[18] is the argument your general counsel will eventually make to you [18] AI Detection Tools and Academic

Punishment: How Opaque Evidence
...

— better to hear it now. And the policy landscape is already frag-
menting: a [1] shows no settled standard, which means ”everyone does [1] study of AI detection policies at 50

leading U.S. universitiesit” is not a defense.

Recommended alternative: prohibit detection scores as sole or pri-
mary evidence in academic-integrity proceedings; require corroboration
(process artifacts, drafts, oral defense).

Implementation framework:

• Phase 1: Audit current conduct cases where detection was decisive.
Quantify exposure.

• Phase 2: Revise the integrity code so detection output is inadmissi-
ble as standalone evidence.

• Phase 3: Train conduct officers on the evidentiary standard.

Required resources: counsel time, conduct-office retraining. Likely a
net savings against litigation reserve.

Success metrics: zero conduct findings resting solely on a detection
score; reduction in appeals citing evidentiary insufficiency.

Risk mitigation: faculty who feel disarmed will push back — pair
this with Recommendation 3 so they get a real tool, not just a taken-
away one.

3. Fund assessment redesign, not exam re-proctoring
The reflex is to retreat to the surveilled room — return to in-

person, invigilated exams, as [20]. This treats a curriculum problem [20] some universities are doing to
combat AI cheatingas a security problem, and the online-proctoring literature already

flagged where that road goes: the [10] documents the ”Big Brother” [10] ethics of online exam supervision

https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.mprnews.org/story/2025/01/17/phd-student-says-university-of-minnesota-expelled-him-over-ai-allegation
https://www.mprnews.org/story/2025/01/17/phd-student-says-university-of-minnesota-expelled-him-over-ai-allegation
https://www.mprnews.org/story/2025/01/17/phd-student-says-university-of-minnesota-expelled-him-over-ai-allegation
https://www.mprnews.org/story/2025/01/17/phd-student-says-university-of-minnesota-expelled-him-over-ai-allegation
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://detectiondrama.com/ai-detection-lawsuits/
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://hulr.org/spring-2026/ai-detection-tools-and-academic-punishment-how-opaque-evidence-threatens-due-process
https://joshwp.com/ai-detection-policies-50-leading-us-universities-2026-study/
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https://www.timeshighereducation.com/depth/are-universities-returning-person-exams-combat-ai-cheating
https://www.timeshighereducation.com/depth/are-universities-returning-person-exams-combat-ai-cheating
https://www.timeshighereducation.com/depth/are-universities-returning-person-exams-combat-ai-cheating
https://link.springer.com/article/10.1007/s13347-021-00476-1
https://link.springer.com/article/10.1007/s13347-021-00476-1
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cost to the student relationship. The [23] is that no amount of proc- [23] wicked problem of AI and assess-
menttoring answers what the assessment is for.

Recommended alternative: invest in authentic assessment redesign
— tasks where AI use is disclosed, scaffolded, or beside the point.
The evidence base is now substantial: [5] and the practitioner-facing [5] Beyond Detection: Redesigning

Authentic Assessment in an AI Era[6]. One promising design principle — [7] — sequences foundational
[6] Authentic Assessment in the Age
of AI
[7] before students use AI, they should
prove they don’t need it

competence before offloading, addressing the cognitive-atrophy concern
documented in the [12] and the research on [21].

[12] Harvard Gazette on preserving
learning in the age of AI shortcuts
[21] strategic cognitive offloading

Implementation framework:

• Phase 1: Fund a redesign cohort — 15–20 faculty across high-
enrollment courses, with stipends.

• Phase 2: Pilot redesigned assessments; collect student and faculty
data.

• Phase 3: Publish internal exemplars; fold into the assessment cycle.

Required resources: $3–5K stipends per participating faculty mem-
ber, CTL facilitation time.

Success metrics: number of high-enrollment courses with redesigned
assessments; integrity-case volume in redesigned vs. control courses.

Risk mitigation: don’t let this become a one-time workshop. The
cognitive-offloading question is live science ([8]) — treat the redesign [8] Beyond Prompting: Biological

Memory, Cognitive Offloading, and
Human Expertise

as iterative.

4. Treat access disparity and model bias as equity liabil-
ities, not features

The uniform ban feels equitable — same rule for everyone — but
the largest study of undergraduate AI use, from [22]. A blanket rule [22] The largest study of AI use by

undergrads is in, revealing disparities
...

maps onto an uneven baseline, and enforcement lands hardest on
students least able to contest it. Compounding this, the models them-
selves carry documented bias: Oregon State’s evidence of [14] and [14] Is AI Fair? New Evidence Sug-

gests Bias Against People ...the Washington Post’s testing of [4]. Yet the same tools are [25] —
[4] Are ChatGPT and other AI chat-
bots politically biased? We tested
them.
[25] transforming the lives of people
with disabilities

meaning a blanket ban can strip an accommodation.

Recommended alternative: institution-provided access to a vetted
tool tier, plus assessment frameworks that account for bias. See [24].

[24] Toward Culturally Responsive
Assessment Frameworks in the GenAI
Era

Implementation framework:

• Phase 1: Survey access disparity across your own student body.
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• Phase 2: Provision a licensed baseline tool so access isn’t a function
of who can pay.

• Phase 3: Coordinate with disability services so AI accommodations
aren’t caught in integrity dragnets.

Required resources: enterprise license (varies by FTE); disability-
services coordination time.

Success metrics: closure of the self-reported access gap; zero accom-
modation conflicts routed through conduct.

Risk mitigation: a provided tool is not neutral — audit it against
the bias findings above before you standardize on it.

5. Differentiate on evidence, not announcements
Competitors will issue AI press releases. The defensible position is

a documented pedagogical result — the [13] worked because a faculty [13] Harvard physics AI tutor that
doubled engagementmember tailored it to a course, not because a vendor deployed it at

scale.

Recommended alternative: fund a small number of instrumented
pilots with pre-registered outcomes; publish results, including nulls.

Implementation framework:

• Phase 1: Select 3–4 pilots with measurable learning outcomes and
IRB coverage where human-subjects data is involved.

• Phase 2: Run with control comparisons.

• Phase 3: Publish internally and externally.

Required resources: pilot funding, IRB throughput, institutional-
research analyst time.

Success metrics: pilots with defensible outcome data; recruitment
and retention signal in participating programs.

Risk mitigation: resist scaling a pilot before the data clears — the
APA’s account of how [3] is a reminder that engagement metrics and [3] AI is reshaping human skills and

thinkingdurable learning are not the same variable.

The through-line: every failed approach above buys the appearance
of resolution — a tool, a ban, a document — and defers the actual
cost onto students, faculty, and eventually counsel. The recommended

https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://www.apa.org/monitor/2026/07-08/ai-job-skills-thinking
https://www.apa.org/monitor/2026/07-08/ai-job-skills-thinking
https://www.apa.org/monitor/2026/07-08/ai-job-skills-thinking
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alternatives cost governance capacity and faculty time up front. That
trade is the whole decision.

Supporting Evidence

Evidence Landscape

This week’s category corpus drew on 1,236 higher-education articles
out of 3,900 total sources. The rigor is uneven in a way leadership
should name plainly: the strongest evidence sits on the failure side of
the ledger, not the promise side. When a vendor pitch cites ”engage-
ment doubled” from a tailored AI tutor [13], that is a single-course, [13] Professor tailored AI tutor to

physics course. Engagement doubled.single-instructor result — a proof of concept, not a scalable outcome.
Against it sits a considerably harder body of evidence on what breaks:
detection lawsuits, false accusations, and documented bias.

The largest empirical anchor available is the Berkeley study of
undergraduate AI use, which found that access and cheating both
track existing disparities rather than distributing evenly [22]. That [22] The largest study of AI use by

undergrads is in, revealing disparities
in access and in cheating

finding should discipline any strategy that treats ”AI adoption” as a
uniform institutional variable. It isn’t. It maps onto equity gaps you
already have.

Stakeholder Perspective Gaps

The corpus contains no formal missing-perspectives mapping this week
(zero gaps logged), which is itself a signal worth stating rather than
papering over: the evidence base is dominated by institutional, vendor,
and legal-analyst voices. The people whose due-process rights are most
directly at stake — accused students — appear primarily as litigants
after the fact [15], not as consulted stakeholders in policy design. A [15] AI Detection Lawsuits: Every

Student Case, Outcome, and What
the Data Shows

governance framework built without that voice at the table generates
its legitimacy problem downstream, in the grievance process and the
courtroom.

Documented Failure Patterns

The failure evidence clusters in three places, and leadership should not
collapse them into one.

First, technical failure: detection tools produce false positives
that institutions have treated as convictions. The UC Davis case is
the canonical example — a tool spawned a cheating case against a stu-

https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.harvard.edu/gazette/story/2024/09/professor-tailored-ai-tutor-to-physics-course-engagement-doubled/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://news.berkeley.edu/2026/05/21/the-largest-study-of-ai-use-by-undergrads-is-in-revealing-disparities-in-access-and-in-cheating/
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
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dent who had not cheated [27]. A Minnesota Ph.D. student describes [27] How AI detection tool spawned a
false cheating case at UC Davisexpulsion over an AI allegation he contests as ”a death penalty” [26].
[26] A death penalty: Ph.D. student
says U of M expelled him over unfair
AI allegation

Second, due-process failure: the harm isn’t only that tools err
— it’s that their evidence is opaque and yet treated as dispositive.
Opaque detection scores subvert the burden of proof that academic-
integrity procedures assume [18]. A lawsuits tracker now exists pre- [18] AI Detection Tools and Academic

Punishment: How Opaque Evidence
Threatens Due Process

cisely because the pattern is systemic, not anecdotal [2].
[2] AI Cheating Lawsuits Tracker —
Every Case, Who Won (2026)

Third, ethical/bias failure: AI systems show bias against people
with intellectual and developmental disabilities [14], and chatbots [14] Is AI Fair? New Evidence Sug-

gests Bias Against People with Intel-
lectual Disabilities

carry measurable political lean [4]. Deploy these in assessment or

[4] Are ChatGPT and other AI chat-
bots politically biased? We tested
them.

advising and the bias becomes an institutional liability, not a vendor’s.

The risk-management read: detection is where reputational and
legal exposure concentrates fastest, and it is the layer institutions most
often buy without governance.

Power and Framing Analysis

Watch who controls the vocabulary. The strategic frame this week
is ”AI is now fundable — but only with real governance” [9], and [9] AI Is Now Fundable In Higher

Ed—But Only With Real Governancethe operational frame is vendor-supplied: Microsoft’s Copilot agent
bootcamps [17] and its cross-organization governance framework [11]. [17] MSLE Copilot Chat Agents pour

l’enseignement supérieur
[11] Govern and secure AI agents
across the organization

When the entity selling the agents also authors the governance tem-
plate, ”governance” risks becoming a procurement checkbox rather
than shared governance. The Manhattan Institute is separately press-
ing public university boards to assert control [19] — a reminder that if [19] Public University Boards and

Artificial Intelligenceyour board doesn’t set the terms, someone with a policy agenda will.

Research Gaps Affecting Strategy

What the evidence cannot tell you: whether authentic-assessment
redesign actually scales across FTE and disciplines. The redesign lit-
erature is normative and design-oriented [5], not outcome-validated at [5] Beyond Detection: Redesigning

Authentic Assessment in an AI Erainstitutional scale. There is no longitudinal evidence on whether cogni-
tive offloading degrades the learning your credit-hours certify [21]. You [21] Strategic Cognitive Offloading:

What the Research Says, and Why
Higher Ed Should Care

are deciding under uncertainty; price it in rather than pretending the
pilot settled it.

Secondary Tensions

Beyond detection-versus-trust, two tensions cut across priorities. The
return to in-person, handwritten exams to defeat AI [20] collides [20] Are universities returning to in-

person exams to combat AI cheating
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directly with accessibility gains AI offers disabled students [25] — [25] How AI tools are transforming
the lives of people with disabilitiesyou cannot maximize both integrity-through-restriction and access-

through-accommodation with one policy. And the ”prove you don’t
need it first” pedagogy [7] presumes a baseline-assessment capacity [7] Before students use AI, they

should prove they don’t need itmost institutions haven’t built. These are competing values, not se-
quencing problems — a strategy that hides the tradeoff will surface it
in the grievance queue.
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