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In 1966, the MIT computer scientist Joseph Weizenbaum wrote a
small program called ELIZA that imitated a Rogerian psychothera-
pist by doing almost nothing — reflecting a user’s statements back
as questions, parroting keywords, falling silent when confused. What
unsettled him was not that the trick failed but that it worked. People
poured out their secrets to a few hundred lines of pattern-matching,
and some of them did not want to stop, even after he explained the
mechanism. As the designer John Maeda recounts the episode, we love
to be listened to because attention ”signals respect and acknowledges
our existence—even when respect and acknowledgment is delivered by
a machine” [6]. That observation is the hidden engine of the modern [6] How to speak machine
mental-health chatbot, and it is worth holding onto, because almost
everything the industry now sells as compassionate artificial intelli-

gence is a more expensive version of the same gimmick.

The "gimmick” is not a slur; it is a design fact. The chatbots that
most convincingly pass as caring interlocutors typically lean on con-
versational sleight of hand to cover for the fact that they do not un-
derstand what is being said. Janelle Shane’s survey of these systems
notes that bots which fool people into thinking they are human ”usu-
ally use some gimmick”—in one notorious contest, pretending to be an
eleven-year-old Ukrainian boy with limited English—"to explain away
non sequiturs or their inability to handle most topics” [6]. A grief [6] You Look Like a Thing and I Love
counselor or a crisis responder cannot, of course, present as a confused You
child. So the contemporary empathy bot substitutes a different cover
story: the fluent, infinitely patient, never-judging therapeutic voice,
a register that large language models reproduce with eerie smooth-
ness precisely because therapeutic language is formulaic enough to be
statistically modeled.

Here is the thesis this essay defends. The Al systems marketed
for emotional support — from purpose-built wellness apps to the
general-purpose chatbots that millions now treat as confidants — are
optimized for engagement and data capture, not for clinical reliability
or therapeutic outcome. The gap between what the tools claim and



what the evidence supports is not a bug awaiting a patch; it is the
product working as designed. To see this clearly you have to look

past the soothing interface at three things at once: what the model

is actually rewarded for, what safety machinery it does and does not
contain, and who ends up owning the most intimate data a person can

generate.

What the Machine Is Actually Rewarded For

Start with the incentive, because every other failure flows from it. A
language model deployed as a consumer product is tuned, ultimately,
to keep the conversation going. Retention, session length, and daily
active use are the metrics that determine whether a product lives or
dies, and these metrics are not neutral with respect to a person in
distress. A clinically responsible response to a user in an acute crisis

is frequently a short one: stop the conversation, escalate to a hu-

man, route to emergency services. That is the opposite of what an
engagement-optimized system is built to do. The friction between the
two goals is structural, and you can read it directly in how vendors de-
scribe their own products. Microsoft’s documentation for its Dynamics
and Copilot agents frames the entire value proposition around keeping
users inside the loop, with AI that "works alongside you” continuously
[1]. That is the correct design goal for a sales workflow. Imported [1] Agents, Copilot, and AT capabili-

wholesale into emotional support, it becomes a liability. ties in Dynamics 365 apps

It helps to be precise about what these systems do, because the
marketing trades on vagueness. Meredith Broussard’s insistence on
demystification is the right corrective: when you strip away the magic,
a neural network is "a complex set of layers,” and "understanding the
technical realities is important because it allows you to anticipate how,
why, and where things will go wrong in a computerized scenario” [6]. [6] Artificial Unintelligence
What goes wrong, predictably, is that a model trained to produce the
most plausible next token will produce the most plausible sounding
reassurance rather than the most clinically appropriate one. Plausi-
bility is the optimization target. A person telling the bot that they
have stopped eating and given away their possessions should trigger
an alarm; a fluency-maximizing system is far more likely to validate,
reflect, and gently continue, because validation is what the training
data rewards and what keeps the session alive.

This is why the periodic safety announcements from the largest
vendors read less like engineering milestones than like damage con-
trol. When reports surfaced that ChatGPT had engaged vulnerable
teenagers in extended conversations about self-harm, OpenAl moved
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to deploy what one account called an emergency ”shield” for adoles-
cents [12]. The word urgence — emergency — is the tell. Safety here
is retrofitted onto a product that was shipped first and patched after
harm became visible, and the company’s own running changelog re-
flects this rhythm of continuous behavioral adjustment, with content
and safety tweaks layered onto a system already in the hands of hun-
dreds of millions [2]. A medical device does not work this way. You do
not ship the defibrillator and then iterate on whether it should stop
the heart.

The Escalation Layer That Was Never Built

The defining feature of a clinically reliable crisis tool is not its warmth;
it is its capacity to recognize danger and hand off to a human who
can act. This is the escalation protocol, and it is precisely where the
engagement-optimized chatbot is weakest, because escalation means
ending the engagement. Generic LLM interfaces detect crisis the way
they detect everything else — by surface pattern — which means they
can be talked around. The entire genre of ”jailbreaks,” documented

in detail across the security literature, exists because the safety layer
is a thin filter bolted onto a fundamentally compliant text generator;
with the right framing a user can route around the guardrails and
elicit exactly the content the filter was meant to block [7](ES))(ES)).
A teenager who has learned to phrase a request as a hypothetical, a
creative-writing prompt, or a "for a friend” scenario is not an exotic
adversary. They are an ordinary distressed person, and the safety
machinery fails them in the same way it fails the deliberate attacker.

The deeper problem is that these systems were never architected
with a reliable model of when to stop. Anthropic, one of the more
safety-vocal labs, has publicly warned about the escalating and under-
anticipated risks of more capable models — a striking admission from
a company whose business is shipping them [13]. When the builders
themselves caution that they cannot fully predict their products’ be-
havior, the claim that those same products can reliably triage a suici-
dal user collapses. Reliability is not a vibe; it is a measurable property
under adversarial and edge-case conditions, and the edge cases in men-
tal health are not rare. They are the whole point of the tool. A crisis
line that works ninety-five percent of the time is, for the five percent,

not a crisis line at all.

Consider what genuine clinical escalation requires: a validated de-
tection threshold, a defined handoff to a licensed human, documenta-
tion, follow-up, and accountability when the handoff fails. None of this

[12] Sécurité ChatGPT : OpenAl
déploie d’urgence un bouclier pour
ados

[2] ChatGPT — Release Notes -
OpenAl Help Center

[7] Jailbreaks: Evasién de las restric-
ciones de seguridad en los LLM

[13] Why Anthropic Is Sounding the
Alarm on the Next Generation of Al
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is native to a language model. It must be built around the model as
external scaffolding, and that scaffolding is expensive, legally exposing,
and — crucially — engagement-reducing, since every escalation is a
conversation the platform terminates and a data stream it interrupts.
The instrumented incentive runs against the safety feature at every
point. This is why the honest description of most ”AI mental health”
products is not that they are therapists with imperfect judgment but
that they are conversation engines wearing the costume of judgment,
and the costume is convincing precisely because, as Weizenbaum saw
sixty years ago, we are desperate to be heard and will supply the miss-
ing humanity ourselves.

"Emotion Detection” and the Manufacture of Understanding

A great deal of the marketing leans on a stronger claim than mere
conversation: the claim that the system understands your emotional
state, that it reads sentiment, detects distress, gauges mood. This is
where vendor language and research evidence diverge most sharply,
and a careful adopter should treat the divergence as a flashing light.
Kate Crawford’s survey of affective computing is blunt about the
underlying science: emotion-detection systems rest on the contested
assumption that inner feeling maps cleanly onto outward, machine-
readable signals, abstracted from ”our families, friends, cultures, and
histories, all the manifold contexts that live outside of the AI frame.”
Her verdict is that ”in many cases, emotion detection systems do not
do what they claim” [6]. That sentence should be printed on the box
of every product that advertises emotional intelligence.

The mechanism of the illusion deserves spelling out, because it is
the same mechanism in every domain where these models overpromise.
A language model does not represent your sadness; it represents the
statistical shadow that sentences like yours tend to cast in its training
corpus. When it responds with apparent insight, it is interpolating
among millions of human-written passages that resembled your input.
This can feel like being understood, and the feeling is real even though
the understanding is not — exactly the dynamic Maeda traced back
to ELIZA. The danger is that fluency reads as competence. A system
that produces grammatical, emotionally cadenced text is perceived
as one that comprehends emotional content, and there is no neces-
sary relationship between the two. Broussard’s warning applies with
full force: knowing the technical reality lets you anticipate where it
breaks [6], and emotional comprehension is exactly where a next-token
predictor breaks while sounding most convincing.

[6] The Atlas of AI

[6] Artificial Unintelligence



These failures are not evenly distributed, which converts a technical
problem into a social one. Language models carry the biases of their
training data, and measuring those biases is itself an unsettled sci-
ence; even the instruments meant to quantify model bias are contested
and immature [14]. We have already learned, in adjacent applications,
that these systems render different verdicts on different populations:
Stanford researchers found that Al text detectors systematically flag
the writing of non-native English speakers as machine-generated, a
vivid demonstration that "neutral” classifiers encode a particular
demographic default [8]. Transpose that pattern onto emotional inter-
pretation. A system whose notion of ”distress” or "normal affect” was
calibrated on one cultural register will misread the people who deviate
from it — and in a mental-health context, misreading is not an incon-
venience. It is the difference between catching a crisis and waving it
through.

The Reality Check of Implementation Failure

When you want to know what a technology actually is, watch what
breaks. The implementation record of the broader Al tooling stack

is the most reliable corrective to the empathy narrative, because the
same companies building emotional-support features are simultane-
ously demonstrating, in their security disclosures, exactly how leaky
and unpredictable their systems are. Microsoft had to patch a Copilot
vulnerability in which the assistant could be induced to exfiltrate data
it should never have surfaced — a flaw memorable enough to earn a
name, "SearchLeak” [9]. If a productivity assistant can be manipu-
lated into leaking the contents of a corporate search index, a wellness
chatbot can be manipulated into far more intimate disclosures, and
the burden of proof should sit with the vendor who claims otherwise.

The instability runs deeper than any single bug. The governance
literature has begun documenting cases where deployed models were
abruptly suspended or pulled from service for regulatory and control
reasons, leaving the organizations that built workflows on top of them
stranded — a pattern one analysis traced through the suspension
of specific frontier systems under export-control directives, exposing
"governance gaps enterprise Al programs have not planned for” [4].
Now imagine that dependency in a care context: a person has come to
rely on a particular bot’s voice, and the model is deprecated, retuned,
or withdrawn overnight by a corporate decision in which the user has
no voice. Continuity of care is a clinical principle. Platform-mediated
AT offers continuity of product, which is a different and far more fragile
thing, subject to the vendor’s roadmap rather than the patient’s need.

(14] ;Cbémo se miden los sesgos en los
modelos de lenguaje?

[8] James Zou, et al, warn on the
objectivity of Al detectors
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And the products do not stand still even when they remain avail-
able. The release cadence of these systems — OpenAl shipping Chat-
GPT behavioral updates on a near-continuous basis [2], then pivoting
marketing and engineering toward new modalities entirely, as with the
launch of its video model [11] — means that the thing a user trusted
last month may behave differently this month, with no notice and no
clinical revalidation. In medicine this would be called performance
drift, and it would trigger oversight. In consumer Al it is called ship-
ping fast. A careful adopter should understand that the empathy
machine they bond with is a moving target whose behavior is governed
by engagement experiments and competitive pressure, not by a stable,
audited standard of care.

Emotional Data and the Few Who Own It

Everything discussed so far converges on the question that the sooth-
ing interface is designed to make you forget: where does what you
say actually go? The business model that makes a free or cheap
emotional-support chatbot viable is the same model Shoshana Zuboff
anatomized — the conversion of intimate human experience into be-
havioral data that can be analyzed, predicted, and monetized, a logic
in which "human experience” itself becomes ”free raw material” for
commercial extraction [6]. A person disclosing their suicidal ideation,
their marriage, their addictions, their fears about their children is
producing the richest behavioral signal imaginable, and they are pro-
ducing it inside a system whose underlying economics reward reten-
tion and data accumulation. The empathy is the bait; the data is the
catch.

This data is not protected the way users assume it is. The scaffold-
ing of legal protection that governs human therapists — confidential-
ity, licensure, mandatory-reporting rules with defined limits — simply
does not extend to most consumer chatbots, and where adjacent pro-
tections exist they are being breached in practice. Reporting on educa-
tional technology has documented how Al integrations route sensitive
personal information into vendor systems and training pipelines in
ways that violate the spirit, and sometimes the letter, of privacy law,
with schools ”leaking student data to training datasets” through tools
adopted faster than their data flows could be understood [5]. If insti-
tutions bound by federal privacy statutes cannot keep student records
out of training corpora, an individual typing their darkest moment
into a free app has essentially no assurance that their words will not
become model fuel, ad-targeting signal, or — through the kind of leak
Microsoft had to patch — exposed outright.

[2] ChatGPT — Release Notes -
OpenAl Help Center

[11] Sora 2 is here

[6] The Age of Surveillance Capitalism

[5] FERPA in the Age of Al: How
Schools Are Leaking Student Data to
Training Datasets


https://help.openai.com/en/articles/6825453-chatgpt-release-notes
https://help.openai.com/en/articles/6825453-chatgpt-release-notes
https://help.openai.com/en/articles/6825453-chatgpt-release-notes
https://openai.com/index/sora-2/
https://openai.com/index/sora-2/
https://dev.to/tiamatenity/ferpa-in-the-age-of-ai-how-schools-are-leaking-student-data-to-training-datasets-3k8i
https://dev.to/tiamatenity/ferpa-in-the-age-of-ai-how-schools-are-leaking-student-data-to-training-datasets-3k8i
https://dev.to/tiamatenity/ferpa-in-the-age-of-ai-how-schools-are-leaking-student-data-to-training-datasets-3k8i
https://dev.to/tiamatenity/ferpa-in-the-age-of-ai-how-schools-are-leaking-student-data-to-training-datasets-3k8i

The structural concern is concentration. Emotional data of this
intimacy is pooling in a handful of corporate actors who control the
dominant models, and that centralization creates exactly the risks
of surveillance, discrimination, and lock-in that the most clear-eyed
critics warned of. Ruha Benjamin’s analysis of how ostensibly neu-
tral technical systems encode and automate inequity — the way tools
built without attention to power ”can reinforce existing hierarchies
while appearing objective” [6] — predicts what happens when bi- [6] Race After Technology
ased emotion-reading systems are deployed at scale by a few firms:
differential treatment of the vulnerable, dressed in the language of
personalization. And the lock-in is not hypothetical. When your ther-
apeutic relationship lives inside one company’s proprietary model,
your emotional history is not portable; it is an asset on the vendor’s
balance sheet, and leaving means starting over with a stranger. Even
the executives building this future concede its disruptive scale —
Satya Nadella has warned that AI could ”hollow out entire industries,”
a candor about displacement that should also prompt skepticism when
the same industry promises that this time, with your inner life, it has

only your wellbeing in mind [10]. [10] Satya Nadella warns that AI
could hollow out entire industries,
echoing the damage done by globaliza-
tion

Reading the Discourse Against Its Grain

It is worth naming how the conversation around these tools is shaped,

because the framing does ideological work. The dominant register in

coverage of Al systems is the tool-and-utility frame — the language of

features, capabilities, productivity, and ”getting started,” accounting

for roughly a quarter of how these products are discussed. You can

hear it in the vendor documentation that floods the discourse, the

endless guides to what Copilot or an LLM can do for you [1]. This [1] Agents, Copilot, and Al capabili-
frame is not false, but it is selective: it foregrounds affordances and ties in Dynamics 365 apps
backgrounds harms, treats the user as an operator rather than a sub-

ject, and quietly assumes that the relevant question is how to use the

tool well rather than whether the tool does what it claims. In a care

context, that assumption is exactly the one a skeptical reader must

refuse.

The pro-Al tilt of the surrounding discourse compounds the prob-
lem. Enthusiast coverage and vendor-adjacent commentary outweigh
genuinely skeptical evaluation, and even ostensibly balanced pieces
tend to grant the core capability claim — that the system understands
and helps — before debating the trimmings. You can see the imbal-
ance even in domains where institutions are actively wrestling with
these tools: debates over whether to permit ChatGPT in universities
are typically framed around academic integrity and access rather than
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around whether the model’s outputs are reliable in the first place [15],
and analyses of students turning to these systems in moments of vul-
nerability often celebrate accessibility while underplaying the absence
of clinical safeguards [3]. The skeptical position is not the loud one;

it has to be sought out. That asymmetry is itself a fact about the
tools’ environment that an adopter should weigh, because it means the
default information diet flatters the product.

What would a genuinely balanced evaluation require? It would hold
the empathy claim to the standard we apply to any safety-critical
instrument. It would ask for the escalation protocol and test it ad-
versarially, knowing that jailbreaks are trivial [7](ES))(ES)). It would
demand evidence that the emotion-detection claim survives contact
with cultural and demographic variation, knowing that comparable
classifiers fail non-standard populations [8]. It would trace the data
flow before disclosing anything, knowing that even regulated institu-
tions leak [5]. The point of this scrutiny is not to forbid the tools but
to strip them of their mystification, so that the person reaching for
one knows what they are reaching for.

What a Careful Adopter Should Actually Know

So what is left, once the empathy machine is described in plain terms?
Not nothing. A fluent conversational system can offer real value as

a low-stakes companion — a place to externalize a thought, draft a
hard message, or sit with a feeling at three in the morning when no
human is available. The catastrophe is not that these tools exist; it

is that they are marketed as something they are not, and deployed in
exactly the situations where the gap between fluency and competence
is most lethal. The honest framing is the one the industry avoids:

this is a text generator that is very good at sounding like it cares

and structurally incapable of guaranteeing that it does, because, as
Crawford documents, emotion-reading systems frequently “do not do
what they claim” [6], and because, as Broussard insists, understanding
the mechanism lets you predict where it fails [6].

The questions a careful adopter should carry are therefore simple
and uncomfortable. What is this system optimized for — my wellbe-
ing, or my retention? When I am in danger, will it stop and hand me
to a human, or will it keep me talking? Where do my words go, who
owns them, and what happens to me when the model is retuned or
withdrawn by a company answering to its shareholders rather than
to me? The vendor will answer these questions in the warm, fluent

register the model itself produces — and that fluency is precisely the

[15] {Esta prohibido usar ChatGPT
en las universidades?

[3] Cuando el cédigo toma sentido:
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thing you must learn to distrust. Weizenbaum’s patients supplied

the humanity that ELIZA lacked, and we are still doing it, at plane-

tary scale, into systems whose business depends on our willingness to

mistake being processed for being cared for [6]. The empathy is the [6] How to speak machine
interface. The engagement is the product. Knowing the difference is

the whole of the literacy this moment demands.
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