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Executive Summary

For Researchers: The Field Is Measuring What’s Easy, Not What’s
Decided

Across the 4,373 sources surfaced this period, a structural asymme-
try in the evidence base is hard to miss: the cleanest causal claims
concern short-horizon efficacy, while the questions institutions are ac-
tually deciding rest on far thinner ground. The strongest design on
offer is a randomized controlled trial showing AI tutoring outperform-
ing in-class active learning [4]—a single-semester outcome measure. [4] AI tutoring outperforms in-class

active learning: an RCTMeanwhile, the high-consequence decisions—detection accuracy, skill
retention, governance legitimacy—are being made with almost no
comparable evidence.

The core theoretical problem is that deployment is outpacing val-
idation, and the field has not built the instruments to catch up. In-
stitutions spend millions on detectors whose false-positive behavior
is documented through individual cases rather than systematic error-
rate studies [10], with harms surfacing one wrongful accusation at a [10] Colleges pay millions for AI

detectors that are flawedtime [14]. The skill-atrophy hypothesis—that fluent AI use erodes the
[14] How AI detection tool spawned a
false cheating case at UC Davisunderlying competencies it substitutes for—is asserted in industry

analysis [24] but lacks the longitudinal cohort designs that would test [24] When Everyone Uses AI, Compa-
nies Risk Losing Critical Skillsit. Resolving these would require base-rate reporting, pre-registered

detector audits, and multi-year measurement—none of which the effi-
cacy literature currently supplies.

There is also a sampling problem the discourse itself names: stu-
dents report using these tools constantly while being structurally
barred from saying so [12], and faculty are routinely absent from the [12] Everyone’s using it, but no one is

allowed to talk about itgovernance decisions that set the research questions [13].
[13] Faculty Often Missing From
University Decisions on AIThis briefing maps the unstudied questions, flags where method lags

deployment, and identifies the high-impact designs—detector audits,
longitudinal skill measurement, governance-process research—the field
has left open.

https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.bcg.com/publications/2026/when-everyone-uses-ai-companies-risk-critical-skills
https://www.bcg.com/publications/2026/when-everyone-uses-ai-companies-risk-critical-skills
https://www.bcg.com/publications/2026/when-everyone-uses-ai-companies-risk-critical-skills
https://arxiv.org/pdf/2602.17720
https://arxiv.org/pdf/2602.17720
https://arxiv.org/pdf/2602.17720
https://www.insidehighered.com/news/faculty/shared-governance/2025/07/22/faculty-often-missing-university-decisions-ai
https://www.insidehighered.com/news/faculty/shared-governance/2025/07/22/faculty-often-missing-university-decisions-ai
https://www.insidehighered.com/news/faculty/shared-governance/2025/07/22/faculty-often-missing-university-decisions-ai


2

Critical Tension

The Theoretical Problem

The field is sitting on two findings that point in opposite directions
and pretending they belong to different conversations. A randomized
controlled trial reports that AI tutoring outperforms in-class active
learning on measured outcomes [4]. In the same window, BCG docu- [4] AI tutoring outperforms in-class

active learning: an RCT - Naturements that when everyone uses AI, companies risk losing critical skills
[24]. Both can be true at once. That is the problem. The same inter- [24] When Everyone Uses AI, Compa-

nies Risk Losing Critical Skillsvention that raises performance on a proximal assessment may erode
the distal capacity the assessment was a proxy for. The field has no
shared construct that lets you hold both measurements in one model.

This is not a practical trade-off to be tuned at the margin — it is
a theoretical gap. We treat ”learning” as a single latent variable that
test scores estimate. But AI-assisted performance and AI-independent
capability are diverging enough that they need to be theorized as
distinct quantities. Survey work on GenAI in higher education al-
ready shows usefulness and learning are not the same axis [22]. What’s [22] The use and usefulness of GenAI

in higher educationmissing is a framework that specifies under what conditions assisted
performance transfers to unassisted competence — and when it substi-
tutes for it. This is a sharper question than the cognitive-complacency
framing our earlier AI-literacy coverage settled on; the delta this week
is that we now have an RCT effect size on one side and an organiza-
tional skill-decay signal on the other, which converts a program-design
caution into a measurement paradox the discipline cannot currently
model.

Paradigm Limitations

The dominant metaphor doing the damage is AI-as-tutor — a benev-
olent supplement that adds instruction. That framing forecloses the
subtraction question entirely. A tutor that does the cognitive work
for you and a tutor that scaffolds you toward doing it yourself pro-
duce identical short-run scores and opposite long-run capabilities, yet
the tutor metaphor cannot distinguish them. The Harvard framing of
teaching students to think critically about AI gestures at this but stops
at disposition rather than mechanism [21]. [21] Teaching Students to Think

Critically About AI
Notice where the field assigns agency. When outcomes rise, the

credit goes to the technology; when skills decay, the cause is relocated
to undisciplined student ”overreliance.” That asymmetry is a research
artifact, not a finding. It lets institutions deploy detection regimes
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— flawed ones, for which colleges pay millions [10] — that police [10] Colleges pay millions for AI
detectors that are flawed - CalMattersstudent behavior while leaving the instructional design unexamined.

An alternative framing treats the assessment instrument itself as the
dependent variable: authentic-assessment redesign is one such move
[6], but it remains under-theorized about what construct it is actually [6] Beyond Detection: Redesigning

Authentic Assessment in an AI Era -
MDPI

protecting.

Whose Knowledge Is Missing?

Student perspectives appear in roughly 3.76% of the corpus this week
— a striking absence given that students are the only actors with
direct phenomenological access to the substitution-versus-scaffolding
distinction. They already know which uses feel like learning and which
feel like outsourcing; the arxiv study titled ”Everyone’s using it, but
no one is allowed to talk about it” documents exactly the silenced
experiential data the field needs [12]. Student-centered research — [12] ”Everyone’s using it, but no one

is allowed to talk about it”: College ...diary methods, think-alouds, longitudinal capability tracking — would
let us operationalize the assisted/unassisted gap from the inside rather
than inferring it from score residuals.

Critical perspectives register at about 0.29%, and parent/community
perspectives at the same 0.29%. At those rates the political economy
of the deployment goes untheorized: who profits from the tutoring
effect, who bears the skill-decay risk, and why faculty — frequently
absent from the institutional AI decisions that bind their classrooms
[13] — are positioned as implementers rather than theorists. The false- [13] Faculty Often Missing From

University Decisions on AIaccusation literature shows the human cost of letting vendors define
the constructs [20]. A field that excludes the people experiencing the [20] Students are being falsely accused

of using AI. It’s harming them.erosion will keep measuring performance and calling it learning. The
theoretical work is not downstream of better data — it is the precon-
dition for collecting data that means anything.

Actionable Recommendations

Where the Evidence Is Thin: Five Directions for AI-
Education Research

Across the 4,373 sources surfaced this period, the loudest voices
belong to vendors, administrators, and litigators. The people whose
learning is actually at stake — students — surface mostly as de-
fendants in cheating cases or as anonymized usage statistics. That
asymmetry is itself a finding, and it points to where high-impact schol-
arship should go.
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1. The students who use AI but won’t say so
Current gap: The dominant data on student AI use comes from

institutional surveys and disciplinary tribunals, not from students de-
scribing their own reasoning. The one source that names this directly
reports a culture where ”everyone’s using it, but no one is allowed to
talk about it” [12] — meaning self-report instruments are measuring a [12] Ëveryone’s using it, but no one is

allowed to talk about it:̈ College ...population trained to conceal.

The field has largely approached student use through prevalence
counts and policy-compliance framing, which misses the decision logic
underneath disclosed and undisclosed use. Students are reportedly
asking for guidance rather than prohibition [19], but we know little [19] Students are asking for AI guid-

ance, not just policyabout how they actually draw the line.

Research questions:

• Under what specific task conditions do students classify AI use
as legitimate versus illicit, and how does that line move across
disciplines?

• How does fear of false accusation change disclosure behavior?

• Do students in surveilled programs report different learning strate-
gies than those in permissive ones?

Methodological considerations: Anonymity is the central design
problem. Self-report is contaminated by the concealment culture it-
self. Diary methods, confidential think-aloud protocols, and trace data
analyzed under strict de-identification may recover behavior that sur-
veys cannot. Cross-cultural sampling matters — patterns documented
among pharmacy students in Syria [2] should not be assumed to trans- [2] Adoption of artificial intelligence

tools among pharmacy students in
Syria

fer to North American or Australian cohorts.

Potential contribution: A grounded account of student reasoning
would replace the prohibition/prevalence binary with a usable model
of disclosure incentives — directly informing assessment design rather
than detection arms races.

2. The base-rate problem in AI detection
Current gap: The litigation record is accumulating faster than

the validation evidence. False accusations are documented at UC

https://arxiv.org/pdf/2602.17720
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https://link.springer.com/article/10.1186/s12909-026-09708-4
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Davis [14] and Palo Alto [1], institutions are spending millions on tools [14] How AI detection tool spawned a
false cheating case at UC Davis
[1] A Palo Alto high schooler was
accused of AI cheating

described as flawed [10], and a lawsuit tracker now exists as a genre [10] Colleges pay millions for AI
detectors that are flawed[3]. What we lack is a population-level estimate of who absorbs the
[3] AI Cheating Lawsuits Tracker

false-positive burden.

The field has approached detection as a technical accuracy ques-
tion. What’s overlooked is the distributional one: false positives are
not randomly assigned. Non-native English writers and neurodiver-
gent students plausibly trip detectors at elevated rates, and the doc-
umented mental-health harm [20] compounds along existing lines of [20] Students are being falsely accused

of using AI. It’s harming them.disadvantage.

This is a deliberate turn away from the publication’s prior framing
of bias-and-regulation. The delta: the question is no longer whether
a tool encodes bias but who carries the cost of its errors and through
what adjudication process — an empirical, auditable claim rather than
a normative one.

Research questions:

• What are detector false-positive rates stratified by first language,
disability status, and writing experience?

• How do due-process protections in academic-integrity proceedings
correlate with reversal rates?

• Does the existence of a detector change instructor accusation
thresholds independent of writing quality?

Methodological considerations: Audit studies with synthetic human-
authored corpora can establish base rates; matched-cohort designs
can trace adjudication outcomes. The obstacle is institutional access
— disciplinary records are protected, and universities have incentives
not to surface their own error rates. IRB-mediated partnerships with
ombuds offices may be the only viable path.

Potential contribution: Stratified error data would convert anecdote
into actionable evidence for shared-governance bodies and accredita-
tion review.

3. Does AI tutoring build durable competence — or
rent it?

Current gap: A randomized controlled trial found AI tutoring out-
performing in-class active learning on short-term outcomes [4]. In [4] AI tutoring outperforms in-class

active learning: an RCTtension with this, workplace evidence warns that ubiquitous AI use
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erodes critical skills [24]. Both can be true if the measurement window [24] When Everyone Uses AI, Compa-
nies Risk Losing Critical Skillsdiffers.

We have built on, not repeated, the earlier critical-thinking-balance
argument: the delta is that the question is now longitudinal and behav-
ioral — what happens to competence when scaffolding is removed —
not a design recommendation about balance.

Research questions:

• Do AI-tutoring gains persist on delayed post-tests with the tool
withdrawn?

• Does tutoring build transferable schema or task-specific depen-
dence?

• At what point in a skill’s development does AI assistance shift from
accelerant to substitute?

Methodological considerations: This requires multi-semester de-
signs with delayed-retention and tool-removal conditions — expensive,
attrition-prone, and at odds with funding cycles that reward fast
effects. Crossover designs and stepped-wedge rollouts can partly miti-
gate cost.

Potential contribution: A clean answer would resolve the apparent
RCT/workplace contradiction and tell curriculum committees when in
a sequence assistance is safe.

4. Who actually decides — and with what authority
Current gap: Faculty are frequently absent from the institutional

decisions governing AI [13], even as some bargain explicitly to keep [13] Faculty Often Missing From
University Decisions on AItools from replacing them [7]. Pedagogical judgment is meanwhile
[7] Cal State faculty push to prevent
AI tools from replacing thembeing relocated into vendor EULAs and procurement contracts —

including the contradiction of banning student AI while deploying AI
to grade [9]. [9] Colleges Ban Student AI but Use

AI to Read Your Essays
Research questions:

• Through what mechanisms does AI policy authority migrate from
senate to procurement?

• Where contracts bind, what curricular decisions are foreclosed
before faculty deliberate?

• Does responsible-AI policy language correlate with measurable
changes in instruction [15]? [15] Is your university’s responsible

AI policy undermining your students’
learning?

https://www.bcg.com/publications/2026/when-everyone-uses-ai-companies-risk-critical-skills
https://www.bcg.com/publications/2026/when-everyone-uses-ai-companies-risk-critical-skills
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https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
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Methodological considerations: Document analysis of contracts
and senate minutes, paired with governance interviews. Access to
procurement language is the constraint; FOIA at public institutions is
the lever.

Potential contribution: Mapping the governance migration makes a
structural move visible that consultant decks launder as ”alignment.”

5. Assessment beyond the tool frame
Current gap: The redesign literature reframes assessment as au-

thentic rather than detection-proof [6], yet most institutions still pur- [6] Beyond Detection: Redesigning
Authentic Assessment in an AI Worldsue ”ChatGPT-proofing” via paper exams [17].
[17] Paper exams, chatbot bans:
Colleges seek to ’ChatGPT-proof’
assignments

Research questions:

• Do authentic-assessment redesigns [5] reduce both cheating inci- [5] Authentic Assessment in the Age
of AIdence and accusation rates?

• What faculty-labor cost do they carry, and is it sustainable at
scale?

Methodological considerations: Comparative implementation stud-
ies across departments; the challenge is disentangling assessment re-
design from instructor enthusiasm.

Potential contribution: Evidence on labor cost would tell the field
whether ”authentic assessment” is a solution or a slogan that offloads
work onto already-stretched faculty.

Supporting Evidence

What’s Actually in the Corpus

Of 4,373 sources surfaced this week, 1,408 fell under the higher-
education category. Strip away the vendor white papers and insti-
tutional policy statements, and what remains is a body of scholarship
dominated by two genres: small-sample empirical studies and norma-
tive commentary. The genuinely rigorous work is thin. One Nature
RCT showing that AI tutoring outperformed in-class active learning
[4] stands out precisely because controlled designs are rare in this lit- [4] AI tutoring outperforms in-class

active learning: an RCTerature — most of what passes for evidence is cross-sectional survey
work or single-institution case description.

https://www.mdpi.com/2227-7102/15/11/1537
https://www.mdpi.com/2227-7102/15/11/1537
https://www.mdpi.com/2227-7102/15/11/1537
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https://apnews.com/article/chatgpt-cheating-ai-college-1b654b44de2d0dfa4e50bf0186137fc1
https://apnews.com/article/chatgpt-cheating-ai-college-1b654b44de2d0dfa4e50bf0186137fc1
https://marcbowles.com/wp-content/uploads/2025/09/AuthenticAssessment_final_26Sept25.pdf
https://marcbowles.com/wp-content/uploads/2025/09/AuthenticAssessment_final_26Sept25.pdf
https://marcbowles.com/wp-content/uploads/2025/09/AuthenticAssessment_final_26Sept25.pdf
https://www.nature.com/articles/s41598-025-97652-6
https://www.nature.com/articles/s41598-025-97652-6
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The descriptive work tells you what is happening — adoption pat-
terns among pharmacy students in Syria [2], syllabus-policy variation [2] Adoption of artificial intelligence

tools among pharmacy students in
Syria

across 75 institutions [8] — but rarely tests causal claims. The reviews
[8] Can You Use ChatGPT in Col-
lege?

of GenAI’s ”use and usefulness” [22] aggregate this descriptive base

[22] The use and usefulness of GenAI
in higher education

without resolving its internal contradictions.

Whose Perspective Is Missing

The contradiction-mapping and missing-perspective layers returned
zero entries this week — which is itself the finding worth flagging,
not a clean bill of health. A corpus this size producing no mapped
contradictions and no catalogued perspective gaps means the instru-
mentation isn’t detecting tension that the sources plainly contain. The
arxiv study titled ”Everyone’s using it, but no one is allowed to talk
about it” [12] names a structural silence directly; a corpus that regis- [12] Everyone’s using it, but no one is

allowed to talk about itters zero contradictions is reproducing exactly that silence at the meta
level.

The systematic absence is the student-as-knowledge-producer. Stu-
dents appear as objects of measurement — adoption rates, detection
outcomes, mental-health harm from false accusations [20] — but rarely [20] Students are being falsely accused

of using AI. It’s harming them.as authors framing the research questions. When students do surface
as agents, it is to request guidance rather than policy [19]. Faculty are [19] Students are asking for AI guid-

ance, not just policysimilarly absent from the governance literature [13]. The field is being
[13] Faculty Often Missing From
University Decisions on AIwritten largely by the people deploying systems, not by those subject

to them.

What the Failure Literature Studies — and What It Ignores

The failure-pattern layer returned no coded categories this week, but
the citable corpus reveals an unmistakable skew. Detection failure
is heavily documented: false cheating cases at UC Davis [14], mil- [14] How AI detection tool spawned a

false cheating case at UC Davislions spent on flawed detectors [10], a litigation tracker now needed to
[10] Colleges pay millions for AI
detectors that are flawedcount the lawsuits [3]. Surveillance and ethical failures get attention
[3] AI Cheating Lawsuits Trackerthrough the proctoring critique [18] and deepfake harms [11]. What
[18] Remote Proctoring Through an
Ethical Lens
[11] Deepfake sextortion forces schools
to remove student photos

is understudied: skill atrophy as a measurable longitudinal outcome.
BCG flags that pervasive AI use risks eroding critical skills [24], but

[24] When Everyone Uses AI, Compa-
nies Risk Losing Critical Skills

the education literature offers no instrument to measure it across an
assessment cycle.

https://link.springer.com/article/10.1186/s12909-026-09708-4
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The Dominant Framing — and What It Hides

The discourse splits into two incompatible vocabularies. One is the
integrity-and-enforcement frame: detection, sanction, jurisprudence
[23]. The other is the redesign frame: authentic assessment that routes [23] Un tribunal affirme qu’un étab-

lissement n’a commis aucune fautearound detection entirely [6]. The institutions writing detection pol-
[6] Beyond Detection: Redesigning
Authentic Assessment in an AI Worldicy and the scholars writing redesign theory rarely cite each other.

Worse, the same institutions banning student AI deploy AI to read
student essays [9] — a contradiction the literature names but does not [9] Colleges Ban Student AI but Use

AI to Read Your Essaystheorize.

Methodological Limits

The dominant design is cross-sectional self-report. Longitudinal data
on learning outcomes is nearly absent; the RCT is the exception, not
the norm. Generalizability is weak — single-institution and single-
discipline studies dominate, and findings from a Syrian pharmacy
cohort or one Australian college’s LLM offering [16] cannot bear the [16] LLM information - Wollongong
policy weight placed on them. The temporal mismatch compounds
this: models update quarterly while a study takes two years to pub-
lish, so empirical findings describe tools that no longer exist by the
time they appear.

Where Theory Has to Do the Work

The unresolved contradiction is governance legitimacy: faculty ex-
cluded from AI decisions [7] while institutional policy may itself under- [7] Cal State faculty push to prevent

AI tools from replacing themmine learning [15]. No framework currently bridges the integrity frame
[15] Is your university’s responsible
AI policy undermining your students’
learning?

and the pedagogical-redesign frame; building one — and grounding it
in critical-thinking outcomes [21] rather than enforcement metrics —

[21] Teaching Students to Think
Critically About AI

is the field’s most pressing theoretical task.

References

1. A Palo Alto high schooler was accused of AI cheating

2. Adoption of artificial intelligence tools among pharmacy students in
Syria

3. AI Cheating Lawsuits Tracker

4. AI tutoring outperforms in-class active learning: an RCT

5. Authentic Assessment in the Age of AI

https://intelligence-artificielle.developpez.com/actu/365064/Un-tribunal-affirme-qu-un-etablissement-n-a-commis-aucune-faute-en-sanctionnant-un-eleve-pour-utilisation-de-l-IA-cette-decision-pourrait-faire-office-de-jurisprudence-face-aux-plaintes-des-parents/
https://intelligence-artificielle.developpez.com/actu/365064/Un-tribunal-affirme-qu-un-etablissement-n-a-commis-aucune-faute-en-sanctionnant-un-eleve-pour-utilisation-de-l-IA-cette-decision-pourrait-faire-office-de-jurisprudence-face-aux-plaintes-des-parents/
https://intelligence-artificielle.developpez.com/actu/365064/Un-tribunal-affirme-qu-un-etablissement-n-a-commis-aucune-faute-en-sanctionnant-un-eleve-pour-utilisation-de-l-IA-cette-decision-pourrait-faire-office-de-jurisprudence-face-aux-plaintes-des-parents/
https://www.mdpi.com/2227-7102/15/11/1537
https://www.mdpi.com/2227-7102/15/11/1537
https://www.mdpi.com/2227-7102/15/11/1537
https://gradpilot.com/news/colleges-ban-student-ai-use-ai-to-read-essays
https://gradpilot.com/news/colleges-ban-student-ai-use-ai-to-read-essays
https://gradpilot.com/news/colleges-ban-student-ai-use-ai-to-read-essays
https://www.uowcollege.edu.au/llm-information/
https://www.uowcollege.edu.au/llm-information/
https://calmatters.org/education/higher-education/2026/06/artificial-intelligence-cal-state-disputes/
https://calmatters.org/education/higher-education/2026/06/artificial-intelligence-cal-state-disputes/
https://calmatters.org/education/higher-education/2026/06/artificial-intelligence-cal-state-disputes/
https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
https://www.gse.harvard.edu/ideas/edcast/25/10/teaching-students-think-critically-about-ai
https://www.gse.harvard.edu/ideas/edcast/25/10/teaching-students-think-critically-about-ai
https://www.gse.harvard.edu/ideas/edcast/25/10/teaching-students-think-critically-about-ai
https://sfstandard.com/2026/05/11/ai-detection-cheating-palo-alto/
https://link.springer.com/article/10.1186/s12909-026-09708-4
https://link.springer.com/article/10.1186/s12909-026-09708-4
https://gradpilot.com/news/ai-cheating-lawsuits-tracker
https://www.nature.com/articles/s41598-025-97652-6
https://marcbowles.com/wp-content/uploads/2025/09/AuthenticAssessment_final_26Sept25.pdf


10

6. Beyond Detection: Redesigning Authentic Assessment in an AI Era
- MDPI

7. Cal State faculty push to prevent AI tools from replacing them

8. Can You Use ChatGPT in College?

9. Colleges Ban Student AI but Use AI to Read Your Essays

10. Colleges pay millions for AI detectors that are flawed

11. Deepfake sextortion forces schools to remove student photos

12. Everyone’s using it, but no one is allowed to talk about it

13. Faculty Often Missing From University Decisions on AI

14. How AI detection tool spawned a false cheating case at UC Davis

15. Is your university’s responsible AI policy undermining your stu-
dents’ learning?

16. LLM information - Wollongong

17. Paper exams, chatbot bans: Colleges seek to ’ChatGPT-proof’
assignments

18. Remote Proctoring Through an Ethical Lens

19. Students are asking for AI guidance, not just policy

20. Students are being falsely accused of using AI. It’s harming them.

21. Teaching Students to Think Critically About AI

22. The use and usefulness of GenAI in higher education

23. Un tribunal affirme qu’un établissement n’a commis aucune faute

24. When Everyone Uses AI, Companies Risk Losing Critical Skills

https://www.mdpi.com/2227-7102/15/11/1537
https://www.mdpi.com/2227-7102/15/11/1537
https://calmatters.org/education/higher-education/2026/06/artificial-intelligence-cal-state-disputes/
https://gradpilot.com/news/can-you-use-chatgpt-in-college-ai-syllabus-policies-by-discipline
https://gradpilot.com/news/colleges-ban-student-ai-use-ai-to-read-essays
https://calmatters.org/education/higher-education/2025/06/ai-detector/
https://www.malwarebytes.com/blog/family-and-parenting/2026/05/deepfake-sextortion-forces-schools-to-remove-student-photos-from-websites
https://arxiv.org/pdf/2602.17720
https://www.insidehighered.com/news/faculty/shared-governance/2025/07/22/faculty-often-missing-university-decisions-ai
https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
https://www.eua.eu/our-work/expert-voices/is-your-universitys-responsible-ai-policy-undermining-your-students-learning.html
https://www.uowcollege.edu.au/llm-information/
https://apnews.com/article/chatgpt-cheating-ai-college-1b654b44de2d0dfa4e50bf0186137fc1
https://apnews.com/article/chatgpt-cheating-ai-college-1b654b44de2d0dfa4e50bf0186137fc1
https://bccampus.ca/2026/02/06/remote-proctoring-through-an-ethical-lens-the-case-against-surveillance/
https://herdsa.org.au/herdsa-connect/students-are-asking-ai-guidance-not-just-policy-comprehensive-practical-framework-ai
https://www.usatoday.com/story/life/health-wellness/2025/01/22/college-students-ai-allegations-mental-health/77723194007/
https://www.gse.harvard.edu/ideas/edcast/25/10/teaching-students-think-critically-about-ai
https://www.sciencedirect.com/science/article/pii/S2666557326000182
https://intelligence-artificielle.developpez.com/actu/365064/Un-tribunal-affirme-qu-un-etablissement-n-a-commis-aucune-faute-en-sanctionnant-un-eleve-pour-utilisation-de-l-IA-cette-decision-pourrait-faire-office-de-jurisprudence-face-aux-plaintes-des-parents/
https://www.bcg.com/publications/2026/when-everyone-uses-ai-companies-risk-critical-skills

	Executive Summary
	For Researchers: The Field Is Measuring What's Easy, Not What's Decided
	Critical Tension
	The Theoretical Problem
	Paradigm Limitations
	Whose Knowledge Is Missing?
	Actionable Recommendations
	Supporting Evidence
	What's Actually in the Corpus
	Whose Perspective Is Missing
	What the Failure Literature Studies — and What It Ignores
	The Dominant Framing — and What It Hides
	Methodological Limits
	Where Theory Has to Do the Work
	References

