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Executive Summary

Our scan of 4,201 sources this week surfaces a structural asymmetry in
the AI-and-learning literature: the field measures outcomes at two dis-
connected poles—aggregate performance gains and academic-integrity
violations—while the mechanism connecting them goes largely unstud-
ied. A randomized controlled trial reports AI tutoring outperforming
in-class active learning [5]; a parallel literature documents that the [5] AI tutoring outperforms in-class

active learning: an RCTsame dialogue systems erode self-regulation through over-reliance [19].
[19] The effects of over-reliance on AI
dialogue systems on studentsThese are not measuring the same construct, and almost no design

measures both in the same cohort over the same interval.

This is the undertheorized problem. ”Cognitive offloading” has
become the field’s catch-all, but the offloading research itself distin-
guishes strategic delegation from metacognitive abandonment [17], [17] Strategic Cognitive Offloading:

What the Research Says, and Why
Higher Ed

and the Spanish-language work on pereza metacognitiva sharpens the
distinction further [15]. Resolving the contradiction requires longitudi- [15] Pereza metacognitiva y descarga

cognitiva en la era de la IA generativanal designs that treat offloading as a moderator, not a confound—and
that specify which task structures convert delegation into durable
learning versus dependency. The current scoping review confirms the
field has mapped where undergraduates use AI without theorizing
when use becomes substitution [13]. [13] Mapping the Landscape of Under-

graduate Artificial Intelligence Use in
Higher Education: A Scoping ReviewA second blind spot: detection-tool validity. The lawsuits accumu-

lating around false accusations [2] are an unexploited evidence base [2] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data

for construct-validity research—every settled case is a documented
false-positive your measurement-error literature ignores.

This briefing provides a mapping of unstudied questions, an anal-
ysis of the methodological limitations that keep outcome and mech-
anism studies apart, and identification of high-impact opportunities
where existing institutional data—proctoring logs, integrity adjudica-
tions, tutoring transcripts—remains untouched.
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Critical Tension

The Theoretical Problem

The field is sitting on two findings it has not reconciled, and the gap is
theoretical, not just empirical. A randomized controlled trial reports
that AI tutoring outperforms in-class active learning on measured out-
comes [5]. A parallel body of work documents that the same dialogue [5] AI tutoring outperforms in-class

active learning: an RCT - Naturesystems produce ”metacognitive laziness” and cognitive offloading —
students delegating the regulatory work of learning to the machine
[15], with over-reliance on AI dialogue systems degrading the very self- [15] Pereza metacognitiva y descarga

cognitiva en la era de la IA generativa
...

regulation that durable learning depends on [19]. The blunt version
[19] The effects of over-reliance on AI
dialogue systems on students ...

of the contradiction is the one the literature itself poses: do AI tutors
empower or enslave learners [8]?

[8] Do AI tutors empower or enslave
learners? Toward a critical use of AI
...

This is not a practical trade-off to be split down the middle. It is
a measurement-validity problem dressed as a pedagogy debate. The
RCT and the offloading studies are not measuring the same construct.
One captures performance at time-of-test; the other captures the for-
mation — or erosion — of the metacognitive capacity that test scores
are supposed to proxy. The field lacks a theoretical framework that
distinguishes outcome improvement from capability formation under
conditions of cognitive offloading. Until that distinction is operational-
ized, a higher post-test under AI tutoring and a hollowed-out learner
are statistically indistinguishable. The conceptual work that is missing
is a theory of which cognitive functions can be offloaded without loss
and which cannot — what some researchers begin to frame as strate-
gic offloading [17], but which the field has no validated instrument to [17] Strategic Cognitive Offloading:

What the Research Says, and Why
Higher ...

detect at scale [14].
[14] PDF Artificial intelligence, cog-
nitive offloading and implications for
...Paradigm Limitations

The dominant framings — AI as ”tool,” AI as ”tutor” — both smug-
gle in an assumption: that the locus of agency is the technology, and
the research question is whether the technology works. The scoping
review of undergraduate AI use organizes the landscape largely around
adoption, performance, and integrity [13] — a causal-attribution pat- [13] Mapping the Landscape of Under-

graduate Artificial Intelligence Use in
Higher Education: A Scoping Review

tern that credits or blames the system rather than the assessment
design it is deployed against. The ”tutor” metaphor in particular fore-
closes the question the RCT cannot answer: a tutor is presumed to
develop the learner, so a tutor that raises scores is presumed to be de-
veloping them. The metaphor does the theoretical work that the data
has not earned.
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An alternative framing reverses the agency. One sharp argument
this period holds that AI didn’t break university assessment — it
exposed an existing failure to build graduate capability [3]. If that is [3] AI didn’t break university assess-

ments — it exposed a ...right, the productive research object is not the tool but the assessment
regime the tool is gaming. That reframing opens questions the tool-
paradigm cannot pose: which constructs are measurable only because
they were already offloadable, and which would AI expose as never
having been assessed at all.

Whose Knowledge Is Missing?

The methodological blind spot is not subtle. Student perspectives ap-
pear in roughly 3.76% of the surveyed material; critical perspectives
in 0.29%; parent and community perspectives in 0.29%. A field the-
orizing cognitive offloading while sourcing under four percent of its
evidence from the people doing the offloading has a sampling prob-
lem masquerading as a knowledge base. Student-centered research
would not merely add voice — it would supply the missing dependent
variable. The offloading studies infer disengagement; students could
report the decision rule by which they offload, which is precisely the
strategic-versus-lazy distinction the field cannot currently instrument.

The 0.29% critical share is the more consequential absence for
theory-building. Without it, the power dynamics of the measurement
apparatus go unexamined: AI providers supply both the tutoring sys-
tem and, increasingly, the evidentiary frame in which ”improvement”
is defined — a positioning that the contract-cheating-law literature is
only beginning to name [4]. The opacity of these systems is itself a re- [4] AI Providers as Criminal Essay

Mills? Large Language Models meet
Contract Cheating Law

search condition, not a footnote — the methodological invisibility that
[18] names for systems whose internal operation is unavailable to the [18] The Atlas of AI
people studying their effects. Drawn across 4201 sources this period,
the structural pattern holds: the field is well-equipped to ask whether
AI raises scores and poorly equipped to ask who benefits from defining
the score as the outcome.

Actionable Recommendations

Five Research Directions Worth Funding: Where the
AI-in-Education Literature Is Thinnest

Across the 4,201 sources surfaced this week, the higher-education
research base keeps circling the same well-lit questions—detection
accuracy, tutoring efficacy, policy templates—while leaving the struc-
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turally harder questions in shadow. The gaps below are not ”more
research needed” placeholders. Each marks a place where the existing
literature’s framing actively obscures what a researcher could measure.

1. The Accused Student as a Research Subject, Not a
Footnote

Current gap: The detection literature studies tool accuracy and
faculty adoption. It almost never studies the student on the receiving
end of a false positive. We have journalism documenting individual
cases—the UC Davis student cleared after a detector flag [9], the [9] How AI detection tool spawned a

false cheating case at UC DavisAdelphi suit [6]—and aggregate case tracking [2]. What we lack is
[6] An Adelphi University student was
accused of using AI to ... - Newsday
[2] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...

systematic evidence on the population of accused students and the
distribution of harm.

Research questions:

• What are the demographic correlates of detector false-positive
accusations, given documented bias against non-native English
writers [1]? [1] AI Cheating in Schools: 2026

Global Trends & Bias Risks
• How do conduct outcomes differ when an institution has no written

AI-use rule versus a clear one?

• What is the academic and psychological trajectory of a student
after a contested accusation, regardless of finding?

Methodological considerations: This requires partnership with
conduct offices that have institutional incentives to keep these records
opaque—name that resistance up front. IRB review will be heightened
because the population is by definition vulnerable. Retrospective
cohort designs using anonymized conduct records, paired with student
interviews, can center the voice the literature currently treats as a
data point.

Potential contribution: It moves the field from ”does the detector
work” to ”who pays when it doesn’t,” which is the question accreditors
and general counsel will eventually ask anyway.

2. Cognitive Offloading Beyond the Single Semester
Current gap: The strongest claims about AI’s cognitive cost rest on

short-window studies. ”Metacognitive laziness” is documented within

https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
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https://www.usatoday.com/story/news/education/2023/04/12/how-ai-detection-tool-spawned-false-cheating-case-uc-davis/11600777002/
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courses [15], and over-reliance on dialogue systems shows measurable [15] Pereza metacognitiva y descarga
cognitiva en la era de la IA generativa
...

effects on student reasoning [19]. But offloading is not automatically [19] The effects of over-reliance on AI
dialogue systems on students ...harmful—the strategic-offloading literature argues it can free capacity

for higher-order work [17]. Nobody has followed a cohort long enough [17] Strategic Cognitive Offloading:
What the Research Says, and Why
Higher ...

to distinguish productive delegation from skill atrophy.

Research questions:

• Do students who offload routine cognition in year one show de-
graded or enhanced independent performance by year three?

• Which task types tolerate offloading without downstream capability
loss, and which do not [14]? [14] PDF Artificial intelligence, cog-

nitive offloading and implications for
...Methodological considerations: This demands multi-year panel

designs that survive the temporal mismatch between annual model
updates and four-year degrees—a confound, not a nuisance, since the
”AI” a freshman uses is not the one a senior uses. Pre-registration
is essential to resist the file-drawer pull toward dramatic findings in
either direction.

Potential contribution: Replaces the moralized ”atrophy vs. aug-
mentation” debate with task-level evidence faculty can use in assess-
ment design.

3. The Tutoring Efficacy Result Needs Its Counter-
Question

Current gap: A widely cited RCT found AI tutoring outper-
formed in-class active learning [5]. The field is treating this as a [5] AI tutoring outperforms in-class

active learning: an RCT ... - Naturesettled efficacy win. The unasked question is about the relationship
it produces—whether the same system that raises a test score also
narrows the learner’s agency [8]. [8] Do AI tutors empower or enslave

learners? Toward a critical use of AI
...Research questions:

• When AI tutoring raises measured outcomes, what happens to stu-
dents’ help-seeking from humans, tolerance for productive struggle,
and self-regulation?

• Do efficacy gains persist when the tutoring scaffold is removed?

• Whose pedagogical model is encoded in the tutor’s defaults, and
who chose it?

Methodological considerations: Outcome measures must extend
past the post-test to transfer and persistence. Critical-pedagogy fram-
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ings resist the RCT’s tidy effect sizes; mixed designs that pair the trial
with classroom ethnography can hold both. Name the vendor whose
product instantiates the ”tutor”—the efficacy claim travels with a
commercial interest in its publication.

Potential contribution: Reframes efficacy as a multidimensional
construct, preventing a single score from settling a pedagogical ques-
tion.

4. The Legal Vacuum Around Sanctioning
Current gap: Institutions are punishing AI use under conduct codes

written before the technology existed. French legal analysis asks
bluntly whether a university can sanction without a rule [11], and a [11] Intelligence artificielle :

l’universit0̆0e9 peut-elle sanction-
ner sans r0̆0e8gle

parallel inquiry asks whether the model providers themselves are oper-
ating as contract-cheating essay mills under existing law [4]. This is a [4] AI Providers as Criminal Essay

Mills? Large Language Models meet
Contract Cheating Law

live legal-empirical question the education literature has mostly ceded
to litigators.

Research questions:

• How do institutional AI-conduct policies map against jurisdictional
contract-cheating statutes, and where do they expose institutions to
challenge?

• Does liability shift when an institution licenses the same generative
tools it sanctions students for using?

Methodological considerations: Comparative policy analysis across
jurisdictions, paired with doctrinal legal review. The challenge is in-
terdisciplinary fluency—education researchers rarely read statute, and
the work fails if it stays generic.

Potential contribution: Gives shared-governance bodies and general
counsel a defensible basis for policy before, not after, the lawsuit.

5. Accessibility as Evidence, Not Marketing
Current gap: The inclusion case is currently made by vendors. Mi-

crosoft’s training framing personalization for students with disabilities
as a settled good [16], while critical disability scholarship asks whether [16] Personalizaci0̆0f3n del aprendizaje

para estudiantes con discapacidades ...the same systems are an ”inclusive revolution or a machine” of new
exclusions [12]. Independent efficacy evidence centering disabled stu- [12] Intelligence artificielle et handicap

: r0̆0e9volution inclusive ou machine
...

dents’ own accounts is nearly absent.
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Research questions:

• Do AI accommodation tools expand access, or shift the labor of
adaptation back onto disabled students while reducing institutional
obligation?

• What accommodations do disabled students report wanting, versus
what vendors ship?

Methodological considerations: Participatory designs with disabled
students as co-investigators, not subjects. The challenge is resisting
vendor-supplied metrics that define success as usage.

Potential contribution: Supplies the independent evidence base
UDL implementation currently lacks, and tests the accessibility claim
against the people it names.

The scoping review of undergraduate AI use [13] confirms the pat- [13] Mapping the Landscape of Under-
graduate Artificial Intelligence Use in
Higher Education: A Scoping Review

tern: breadth of adoption studies, scarcity of studies that ask whose
interests the adoption serves. The fundable work is the work that asks
the second question.

Supporting Evidence

For researchers evaluating the state of AI-education
scholarship

Evidence Base Characteristics

This week’s corpus drew on 4,201 total sources, with 1,464 falling
into the higher-education category. What survives the filter to citable
status is instructive about the field’s shape: a heavy tilt toward com-
mentary and position pieces, a thinner stratum of empirical work, and
a recurring confusion between the two.

The empirical anchor is real but narrow. The strongest design
on offer is a randomized controlled trial reporting that AI tutoring
outperformed in-class active learning [5]. That is a genuine causal [5] AI tutoring outperforms in-class

active learning: an RCTclaim. But it sits beside a large body of work that is conceptual, legal,
or descriptive — scoping reviews [13], doctrinal analysis of contract- [13] Mapping the Landscape of Under-

graduate Artificial Intelligence Use in
Higher Education: A Scoping Review

cheating law [4], and journalistic case documentation [9]. The genres
[4] AI Providers as Criminal Essay
Mills? Large Language Models meet
Contract Cheating Law
[9] How AI detection tool spawned a
false cheating case at UC Davis

don’t share an evidentiary standard, yet they circulate in the same
citation networks as if they did.

https://www.frontiersin.org/journals/education/articles/10.3389/feduc.2026.1851969/full
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https://www.frontiersin.org/journals/education/articles/10.3389/feduc.2026.1851969/full
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Perspective Distribution

The honest disclosure here: this week’s pipeline mapped zero formal
contradiction pairs and zero catalogued perspective gaps. That is not
evidence of consensus — it is evidence that the instrumentation didn’t
capture the disagreement that the sources plainly contain. A single
Springer study reporting over-reliance harms [19] and the Nature [19] The effects of over-reliance on AI

dialogue systems on studentsRCT reporting learning gains are not adjudicated against each other
anywhere in the structured data. Researchers should read the absence
of mapped tensions as a measurement limitation, not a field property.

The framings that dominate cluster around two poles: assessment
integrity (detection, cheating, proctoring) and cognitive effect (of-
floading, metacognitive laziness). The cognitive-offloading literature is
converging on shared vocabulary — see the parallel treatments in [17] [17] Strategic Cognitive Offloading:

What the Research Says, and Why
Higher Ed...

and the Spanish-language work on pereza metacognitiva [15]. What’s
[15] Pereza metacognitiva y descarga
cognitiva en la era de la IA generativa

marginalized: equity and accessibility work, which appears largely as
vendor training material [16] rather than independent scholarship —

[16] Personalización del aprendizaje
para estudiantes con discapacidades

a knowledge-production problem when the actor framing the inclusion
case is also selling the tool.

Failure Patterns

With zero failure patterns formally catalogued this week, the docu-
mented failures live in the case literature rather than the structured
data. They are overwhelmingly implementation and ethical fail-
ures, not technical ones: false accusations from detection tools [2], a [2] AI Detection Lawsuits: Every

Student Case, Outcome, and What
the Data...

wrongful-accusation lawsuit at Adelphi [6], and institutions sanction-
[6] An Adelphi University student was
accused of using AI to...

ing students without a governing rule [11]. The understudied category

[11] Intelligence artificielle :
l’université peut-elle sanctionner
sans règle

is the base-rate question: detection-tool error rates measured prospec-
tively, not reconstructed from litigation. The field studies failures after
they reach a courtroom.

Discourse and Power

The dominant causal attribution is revealing. The Daily Maverick
argument that ”AI didn’t break university assessments — it exposed
a dangerous lack of graduate capability” [3] relocates blame from the [3] AI didn’t break university assess-

ments — it exposed a...technology to prior pedagogical design — a framing the authentic-
assessment literature builds on [7]. The ”empower or enslave” binary [7] Beyond Detection: Redesigning

Authentic Assessment in an AI...[8] is rhetorically vivid and analytically thin; it forecloses the gradient
[8] Do AI tutors empower or enslave
learners?where most evidence actually lives.
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Methodological Observations

The design weakness is structural: cross-sectional and single-institution
studies dominate, longitudinal designs are nearly absent, and the one
strong RCT measures short-horizon outcomes. No study in the corpus
tracks cognitive-offloading effects across a full degree cycle. Generaliz-
ability claims rest on convenience samples in single national contexts,
which the multilingual and French-language work [10] makes visible by [10] IA générative dans l’enseignement

supérieur, état des lieuxcontrast.

Theoretical Development Needs

The unresolved contradiction worth theorizing is the offloading-versus-
augmentation problem: the same behavior reads as efficient cognitive
delegation in one frame [14] and as skill atrophy in another. The field [14] PDF Artificial intelligence, cog-

nitive offloading and implications
for...

needs a construct that distinguishes them by measurable conditions
— task type, learner expertise, retrieval demand — rather than by
the researcher’s prior commitments. Until that construct exists, the
empirical disputes will keep talking past each other.
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