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Ezecutive Summary

The Measurement Gap: Why Al-Learning Studies Can’t See the
Harm They’re Built to Find

A randomized controlled trial circulating this period reports that

AT tutoring outperforms in-class active learning on measured out-
comes [7], while a parallel literature documents a “speedup illusion”—
performance gains that mask degraded retention and transfer [9].
Across the 5,001 sources surveyed, these run as separate conversa-
tions. Almost no design operationalizes both constructs at once, which
means the effect-size literature and the offloading literature can’t cur-
rently adjudicate each other.

This is not the tired ”Al enhances versus diminishes thinking”
framing—that debate is rhetorically settled and empirically stuck. The
undertheorized problem is a measurement-construct mismatch: short-
horizon RCTs index task completion at the moment of assistance,
while the cognitive cost shows up later, in unaided performance the
original study never collects. When 90% of faculty report Al is weak-
ening learning [2], they may be observing precisely the delayed deficit
that the RCT design is structurally blind to. Resolving this requires
longitudinal designs with delayed post-tests, withdrawal phases, and
transfer tasks—not more concurrent-performance comparisons. The
same blind spot recurs in equity work: studies of generative Al use by
disabled students [19] rarely separate accommodation (legitimate of-
floading) from substitution (learning loss), conflating two mechanisms
with opposite stakes.

This briefing maps the unstudied questions—delayed-effect designs,
the accommodation/substitution distinction, and global-north/south
sampling asymmetries [6]—analyzes why current methods underde-
termine their own conclusions, and flags where a well-specified study
could move the field rather than restate it.
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Critical Tension

Performance Is Not Learning: The Construct AI Forces Research

to Define

This week’s evidence sets two well-built findings against each other,
and the collision is theoretical, not merely awkward. A randomized
controlled trial reports that Al tutoring outperforms in-class active
learning on measured outcomes [7]. In the same window, a preprint
documents a "speedup illusion” in human-AI interaction — faster
task completion accompanied by degraded retention and weakened
independent reasoning [9] — and 90% of surveyed faculty report Al is
weakening student learning [2].

The Theoretical Problem

The reflex is to call this a measurement dispute — one study used
better controls, another relied on perception. That reading is too

easy. The deeper problem is that the field has no agreed construct that
separates performance from learning. When the dependent variable

is a graded artifact, Al raises it. When the dependent variable is the
cognitive process the artifact was supposed to index, Al may hollow

it out. Both findings can be true simultaneously because they are not
measuring the same thing — and the field’s instruments cannot tell
them apart.

This is genuinely undertheorized. We lack a framework that oper-
ationalizes the difference between an output a student produces and
the internal change the output is meant to certify. Harvard’s framing
of 7AT shortcuts” gestures at it [14], and the call to reconceptualize
student work names the gap directly [24]. But naming is not theoriz-
ing. Until researchers can model learning as a process variable distinct
from its product, every RCT showing gains and every survey show-
ing losses will talk past each other. The campus-technology piece is
right that institutions are fighting "the wrong battle” [22] — but so
is the research literature when it treats outcome scores as a proxy for
cognition.

Paradigm Limitations

The dominant frame remains Al-as-tool — an instrument the learner
picks up or sets down. That metaphor does real damage to research
design. It locates agency entirely in the student (who chooses to ”of-
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fload”) and forecloses the question of co-constitution: that the system

reshapes what counts as thinking while it is used, not before or af-

ter. The student-rationalization literature shows learners constructing

elaborate justifications for use [21], which only makes sense if agency [21] The Wild West of Student Ratio-
is distributed across student and system rather than cleanly assigned. nalization of Al Use
A tool framing also imports a tidy causal story — input, behavior,

outcome — that the speedup-illusion data already breaks. An alter-

native frame treating Al as a cognitive environment rather than an

implement would open questions the tool metaphor closes: what pro-

cesses does the environment make optional, and what happens to a

competence that is never load-bearing again?

Whose Knowledge Is Missing

The structural blind spot is that this research is overwhelmingly con-

ducted about students from an institutional vantage. The corpus

this week is dense with faculty surveys, administrative policy, and

retention-modeling — including Al positioned as a managerial re-

sponse to enrollment pressure [15] — while student-centered designs [15] Risk, Retention, and the Algo-
are rare. Two exceptions stand out: the largest undergraduate study, rithmic Institution
which surfaces access disparities and cheating patterns the policy

literature elides [18], and the work on disabled students, where Al [18] The largest study of Al use by
undergrads is in

[20] The use of generative Al by
students with disabilities in higher
did students stop being able to do, and who absorbs the cost.” education

functions as accommodation rather than threat [20]. Research that
centered those vantages would not ask “did AT raise scores” but "what

The more conspicuous absence is critical work on power. The
hiring-bias evidence shows the same model class producing systemic
rejection by race [5] — yet education research rarely connects the [5] AT Hiring Tools Can Yield Racial
credential a degraded learning process certifies to the algorithmic Bias and Systemic Rejection
gatekeeping that credential must later pass. Until the field theorizes
performance and learning as separable constructs and studies who is
harmed when they diverge, the contradiction at the top of this briefing
will keep regenerating across 5,001 sources a week — restated, never

resolved.

Actionable Recommendations

A note to the research reader: the volume problem is real this week.
Of 5,001 items surveyed, the higher-education slice is thick with adop-
tion announcements, faculty-sentiment polls, and policy templates —
and thin on the longitudinal, mechanism-level, and student-centered
work that would let any of it bear weight. The gap between what in-
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stitutions are deciding and what the literature can actually support is
widening. Here are five directions where a well-designed study would
move the field rather than thicken the pile.

1. The mechanism behind the ”speedup illusion” — and
whether it survives a semester

Current gap: We have a striking short-run finding — that human—
AT interaction can produce a subjective sense of acceleration and com-
petence that diverges from objective performance and retention — in

[9]. We do not have the longitudinal arc. The widely cited [7] mea- [9] Cognitive offloading and the

sures gains at the end of an intervention, not durability across an i?eeduP illusion in human-Al interac-
0on

assessment cycle. [7] Al tutoring outperforms in-class

active learning: an RCT
The field has approached offloading as an immediate cognitive- &

load question, which misses the decay curve. A tool that improves a
Tuesday quiz score and erodes the schema needed for the spring final

is not Yeffective” — it is mismeasured.

Research questions:

e Does the perceived-fluency/actual-retention gap widen, narrow, or
stabilize across a 14-week term?

¢ Do learning gains from Al tutoring persist to delayed post-tests at
8 and 16 weeks, or revert toward control?

o Which task types (procedural vs. conceptual) show the steepest
decay?

Methodological considerations: This requires delayed-post-test
designs with the same cohort across a full term — expensive, attrition-
prone, and hard to keep clean when students use Al outside the study
arm. Pre-registration and intent-to-treat analysis matter here precisely
because the short-run effect is so seductive to over-claim.

Potential contribution: Reframes "effectiveness” around durability,
giving assessment committees an evidence base instead of vendor
RCTs that stop at the intervention’s edge.

2. Centering the student account — beyond rationaliza-
tion, toward a typology of use

Current gap: Student voice is a sliver of this literature. [21] treats [21] The Wild West of Student Ratio-
nalization of Al Use
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student reasoning largely as justification for prohibited behavior — a
framing that pre-decides the moral status of the act. Meanwhile [1] [1] 79% de universitarios en México ya

and the [18] document scale and disparity but not the grain of how usa inteligencia artificial

18] 1 t study of Al b der-

and why students decide. L;ra]dsarges Sy o e by e
The dominant approach codes student behavior against an integrity

rubric. It misses that students are making rational decisions inside an

incentive structure faculty built.

Research questions:

e What typology of Al-use decisions emerges from student diaries
rather than post-hoc surveys?

o How do students themselves distinguish offloading they consider
legitimate from offloading they consider cheating?

e How do access disparities documented in the UC study shape which
uses students even consider available?

Methodological considerations: Experience-sampling and diary
methods center the student account without the social-desirability
bias of a survey administered by the instructor who grades them.
IRB framing must avoid positioning the researcher as enforcer —
anonymity and data separation from the registrar are non-negotiable
for honest data.

Potential contribution: Replaces the "rationalization” frame with a
behavioral model usable for course design, not surveillance.

3. The algorithmic institution — what retention analyt-
ics actually optimize

Current gap: [15] names Al as a policy response to higher educa- [15] Risk, Retention, and the Algo-
tion in crisis — deployed against the enrollment cliff and retention rithmic Institution
pressure. But we lack empirical work on whose interests these systems
encode. The bias evidence from [5] shows what predictive scoring does [5] AI Hiring Tools Can Yield Racial
in employment; the equivalent audit of student risk-flagging is largely Bias and Systemic Rejection

missing.

The dominant approach evaluates retention algorithms by aggregate
retention lift. That misses the distributional question — which stu-
dents get flagged, advised toward ”easier” paths, or quietly nudged off
ambitious majors.

Research questions:
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e Do early-alert and retention-risk models reproduce the systemic-

rejection patterns documented in hiring tools?

e When an institution adopts Al "to embrace” efficiency — as the
embrace-and-resist dynamic in [23] shows — who bears the cost of

false positives?

e Are advising recommendations auditable under shared governance,

or sealed in vendor logic?

Methodological considerations: Requires institutional data access
that vendors and general counsel resist; algorithmic audit methods
(subgroup error-rate analysis) are mature, but the barrier is pro-
curement contracts that forbid inspection. Naming that contractual
opacity is itself a finding.

Potential contribution: Moves equity work from the abstract bias
claim toward a concrete audit protocol for student-facing prediction.

4. Disabled students as design center, not edge case

Current gap: The accessibility literature — [20] and vendor training

like [12] — treats AI as accommodation. But the same offloading that
triggers integrity panic for the general population may be legitimate
access for disabled students. No study reconciles these two regimes.

Research questions:

o Where does the line between "accommodation” and "academic
dishonesty” fall when the affordance is identical?

o Do Al-detection regimes — see the litigation pattern in [4] —
disproportionately flag students whose writing process already

diverges from the norm?

¢ What does Universal Design for Learning require when the assistive

tool and the prohibited tool are the same software?

Methodological considerations: Mixed-methods with disabled stu-
dents as co-designers, not subjects. The detection-bias question needs
false-positive-rate analysis stratified by disability status — data insti-

tutions rarely collect, raising its own consent and disclosure dilemmas.

Potential contribution: Forces the integrity debate to confront that
its enforcement tools may have a disparate-impact problem under

disability law.

[23] This big university system is
embracing Al

[20] The use of generative Al by
students with disabilities in higher
education

[12] Personnaliser ’apprentissage pour
les étudiants handicapés

[4] AT Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...
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5. Knowledge production itself — what AI does to the
research record

Current gap: [3] and the reflective [8] point at a problem the
teaching-focused literature ignores: the integrity of the scholarly cor-
pus, not just the student essay. [13] shows the conceptual apparatus is
unsettled.

Research questions:

e Can peer review reliably detect synthetic findings, and at what
false-negative rate?

e How does mass-producible plausible research alter citation net-
works and meta-analytic validity?

e What disclosure norm for Al use in authorship would survive
across disciplines with different epistemics?

Methodological considerations: Adversarial detection studies risk
becoming a generator’s training signal. The harder work is institu-
tional — disclosure infrastructure at journals, not better classifiers.

Potential contribution: Extends the Al-in-HE conversation from the
gradebook to the research record, where the stakes for the field’s own
credibility are highest. The framing here owes something to [17] on the
opacity of systems whose outputs we cannot fully inspect.

A closing constraint worth stating plainly: every direction above
is gated by data access institutions and vendors control. The most
rigorous design fails if the procurement contract forbids the audit.
That barrier is not a footnote — for several of these questions, it is
the first finding.

Supporting Evidence

Evidence Base Characteristics

This week’s pool comprises 5001 sources, of which 1,735 fall under
the higher-education category. The composition tells you something
before you read a single abstract: the empirical core is thin relative to
the commentary layer. A handful of genuine studies anchor the week

[3] AI can mass-produce finance
research papers indistinguishable from
human work

[8] Ce que I'TA fait & la sociologie

[13] Plagiarism, Copyright, and Al

[17] The Atlas of AI
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— a randomized controlled trial finding AT tutoring outperformed
in-class active learning [7], the University of California’s large-scale
undergraduate usage study [18], and Stanford’s 2026 AI Index [16].
Around them sits a much larger ring of survey-based claims, institu-
tional position pieces, and trade-press synthesis — the Forbes ”90%
of faculty” framing [2] being the type specimen. The ratio matters:
a field that cites surveys of faculty perception as evidence of learning
outcomes is conflating two different measurement targets.

Perspective Distribution Analysis

The contradiction-mapping and missing-perspectives instruments
returned zero entries this cycle — ‘totalgaps: 0°, ‘totalmapped: 0-
Read that as an absence of structured signal, not as evidence the field
is balanced. The unstructured pool reveals its own skew. Anglophone,
R1-institution framing dominates; the few sources that decenter it —
a global South / global North comparison [6], Mexican usage data [1],
and Spanish-language pedagogical theory [10] — stand out precisely
because they are exceptions. The disability-and-access literature [19]
is similarly siloed: it produces its own framework (UDL, accommoda-
tion) that rarely converses with the integrity-and-cheating literature,
even though both describe the same students using the same tools.
That siloing shapes the field’s development — it lets the ”cheating cri-
sis” discourse proceed without metabolizing the accessibility evidence
that complicates it.

Failure Pattern Analysis

The failure-pattern instrument is empty this week (‘patterns: [),
so there is no validated count of ethical versus implementation versus
technical failures to report — and inventing one would be exactly the
move this section exists to refuse. What the sources document instead
is a displacement: the Al-detection litigation record [4] is an imple-
mentation failure (institutions deployed tools they couldn’t defend
evidentiarily) that the discourse keeps narrating as a student-integrity
failure. The understudied category is institutional: who validated the
detector before it was written into the syllabus?

Discourse Analysis Findings

With the metaphor instrument returning no data, the dominant
frames have to be read off the corpus directly — and two recur. The
first is the arms-race frame: detection versus evasion, oral exams as

the counter-move [11], "you won’t be able to AI your way through

[7] AI tutoring outperforms in-class
active learning: an RCT - Nature
[18] The largest study of AI use by
undergrads is in, revealing ...

[16] The 2026 AI Index Report -
Stanford HAI

(2] 90% Of Faculty Say AI Is Weak-
ening Student Learning: How ... -
Forbes

[6] AI tools in higher education gains
and challenges across global south and
global north

[1] 79% de universitarios en México ya
usa inteligencia artificial para ...

[10] Inteligencia artificial generativa
en la educacién universitaria: la ...
[19] The use of generative Al by
students with disabilities in higher
education

[4] AT Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...

[11] Perfect homework, blank stares:
‘Why colleges are turning to oral
exams ...
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an oral exam” [25]. The second is the cognitive-deficit frame — of-
floading, the “speedup illusion” [9], learning loss [14]. Both locate
the problem in the student. The marginalized counter-frame — that
institutions are solving the wrong problem entirely [22] — and the
reconceptualization frame [24] get far less circulation. The causal ar-
row runs, almost uniformly, from student behavior to outcome; the
institutional-decision layer is rarely positioned as a cause.

Methodological Observations

The dominant designs are cross-sectional surveys and single-semester
case studies. The longitudinal record is nearly empty — claims about
AT "weakening learning” are asserted without the multi-cohort de-
sign that would license them. The RCT [7] is methodologically the
strongest item and points the opposite direction from the faculty-
perception consensus, which should give reviewers pause. Generaliz-
ability is strained throughout: rationalization studies built on conve-
nience samples [21] get cited as population claims.

Theoretical Development Needs

The unresolved contradiction worth theorizing is the RCT-versus-
perception split: Al tutoring measurably improves performance while
faculty measurably believe learning is degrading. Reconciling those
requires distinguishing performance from learning as constructs —
work the field gestures at but hasn’t formalized. A second gap: the
integrity literature and the accessibility literature need a shared theory
of legitimate use before ”Al detection” can mean anything coherent.
And the synthetic-research problem — Al mass-producing publishable
finance papers indistinguishable from human work [3] — threatens the
evidence base evaluated here, not just the classroom.
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