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Ezecutive Summary

Faculty Say It’s Breaking Learning. The RCTs Say It Works.
Your Policy Has to Answer Both.

Our analysis of 5,001 sources this week surfaces a strategic dilemma
your Al policy cannot defer: the same semester that 90% of faculty
report Al is weakening student learning [1], a randomized controlled
trial in Nature finds Al tutoring outperforming in-class active learning
[7]. These are not two opinions to balance. They are two measure-
ments of different things—faculty are measuring what students retain
after offloading, the RCT is measuring performance under structured
tutoring conditions. A policy that treats them as the same signal will
mis-target.

The evidence base also carries a blind spot worth naming before
you legislate into it: the discourse is dense on faculty anxiety and ven-
dor capability, and thin on what students actually do with the tools.
The largest study of undergraduate AI use documents disparities in
both access and cheating that institutional policy rarely sees [15]—
meaning a uniform prohibition or a uniform embrace both fall hardest
on the students with least margin.

The strategic risk is fighting the wrong battle. Campus Technology
argues directly that most institutional AI policy is solving the wrong
problem—policing detection rather than redesigning assessment [17].
The detection route is already generating litigation [4], while peers
like the systems profiled at VPM move to embrace without faculty
consensus [18]—a shared-governance liability in waiting.

This briefing provides policy framework options with implemen-
tation evidence, the documented failure patterns—detection-first en-
forcement, vendor-led adoption without faculty buy-in—to avoid, and
the assessment-redesign resource implications your team needs before
the next accreditation cycle.
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Critical Tension

When the Efficiency Case and the Learning Case Are the Same

Decision

The strategic tension governing Al in your institution is not whether
AT ”helps or hurts.” It is that you are being asked to optimize for

two incompatible things at once: optimizing for efficiency and
scalability versus preserving and fostering deep cognitive pro-
cesses. These are not two ends of a dial you can set to "moderate.”
They are different theories of what a degree is for, and your Al policy
will quietly pick one whether or not your cabinet ever votes on it.

The evidence makes the bind concrete. A randomized controlled
trial finds AT tutoring outperforms in-class active learning [7] — a gen-
uine efficiency and outcome gain. In the same window, 90% of faculty
report Al is weakening student learning [1], and experimental work
documents a "speedup illusion”: tasks feel faster while the cognitive
work that learning depends on is offloaded away [9]. Both findings
are real. This is why "more data” does not resolve it — the efficiency
metric and the learning metric measure different things, and the tool
that maximizes one can degrade the other. This is a hard problem
in the precise sense: the better your measurement, the sharper the

contradiction.

Why Peer Institutions Aren’t Helping

The sector is not converging, so benchmarking against peers imports
their unresolved fights rather than a tested answer. One large public
system is rolling out Al system-wide while its own students and fac-
ulty publicly dissent [18]. Others are retreating to oral examinations
specifically to take AT off the table [11]. Copying either move imports

a posture, not a result.

The deeper risk in policy-borrowing is that much of it is solving the
wrong problem — building enforcement regimes around detection and
misconduct when the actual question is curricular [17]. Detection in
particular is a documented failure surface: Al-detection decisions are
already generating student litigation [4]. A peer’s policy that looks
decisive may simply be liability you haven’t inherited yet.
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What Complicates Navigation

Notice whose framing is driving the rollout. When Al enters as a

retention-and-risk instrument — ”artificial intelligence as a policy re-

sponse to higher education in crisis” [13] — the efficiency case is being [13] Risk, Retention, and the Algo-
made by enrollment-management and budget logic, not by anyone rithmic Institution
who has tested whether the learning survives. The vendor’s "tool”

metaphor does specific work here: it frames adoption as neutral in-

strumentation, a thing faculty pick up or set down, which conveniently

routes the deep-cognition question off the procurement table and onto

individual syllabi.

This matters because the voices that would surface the cost are
nearly absent from the discourse this week. Across the 5001 sources,
students appear in only 3.76% of the conversation, and parents (0.29%),
critics (0.29%), and even vendors arguing their own case (0.29%) are
functionally invisible. That is a governance problem: the largest study
of undergraduate Al use shows the relevant disparities run along ac-
cess and cheating lines [15], and adoption tools carry demonstrated [15] The largest study of AT use by
bias — AI hiring screens produce racial bias and systemic rejection undergrads is in, revealing disparities
[5], a warning for any admissions or advising pipeline you automate. [5] Al Hiring Tools Can Yield Racial
A policy written without the 3.76% will optimize for the institution’s Bias and Systemic Rejection
throughput and discover the learning cost only at the next assessment
cycle — by which point it is embedded in your articulation agreements

and your accreditation narrative.

The honest move for leadership is to name which variable your
policy is actually maximizing, in shared governance, on the record —
because the EULA you sign and the detection vendor you license will
answer that question for you if you don’t.

Actionable Recommendations

Leadership Briefing: Stop Funding the Detection Arms Race —
Five Allocations That Actually Move

Drawn from this week’s scan of 5,001 sources, the pattern in front of
you is not ”students are cheating.” It is that institutions keep spending
governance capital and IT budget on the wrong problem. The most
useful single sentence for a provost or CFO this cycle comes from
campus IT itself: most institutional Al policy is "probably solving the

wrong problem” [17]. Five recommendations follow, each built around [17] The Wrong Battle: Why Your
Institution’s Al Policy Is Probably

the obvious move that fails. .
Solving the Wrong Problem
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1. Retire detection-based enforcement before it gener-
ates litigation.

The common approach — license a detector, write a misconduct
policy around its scores, and let faculty adjudicate — fails on two
fronts at once. The tools are unreliable, and the false-positive accu-
sations they generate are now producing a documented trail of stu-
dent legal action [4]. The hidden complexity: every accusation routes
through your conduct office, your general counsel, and — when the
accused student has a documented disability who used assistive tools
— potentially your Title IX-adjacent ADA exposure, given how many
disabled students now rely on generative tools [16].

Recommended alternative: shift the spend from detection licensing
to assessment redesign. The evidence that this works is concrete —
oral exams are surfacing the gap between polished homework and

)

demonstrated understanding [11], because, as the framing goes, "you

won’t be able to AI your way through an oral exam” [19].

Implementation framework:

o Phase 1 (Month 1-2): freeze new detector procurement; audit
existing conduct cases sourced from detector scores and quantify
counsel hours spent.

o Phase 2 (Month 3-4): fund a per-department assessment-redesign
stipend pool; pilot oral/viva components in three high-enrollment
gateway courses.

o Phase 3 (semester end): compare conduct-case volume and faculty
time-cost against the prior cycle.

Required resources: redirect the detector license line (typically
a five-figure annual contract) into redesign stipends; ~0.25 FTE

instructional-design support per pilot college. Success metrics: conduct-

case volume from automated flags; counsel hours; faculty-reported
confidence in assessment validity. Risk mitigation: oral exams scale
poorly and carry their own equity load for ESL and anxious students
— pilot, measure load, don’t mandate.

2. Fund faculty pedagogy, not faculty compliance.

The obvious move is a policy memo plus a one-hour training webi-

nar. It fails because the faculty signal is not confusion about the rules
— it is a judgment about learning. When ninety percent of faculty re-
port Al is weakening student learning [1], a compliance memo answers

[4] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data Show

[16] The use of generative Al by
students with disabilities in higher
education

[11] Perfect homework, blank stares:
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a question nobody asked. The mechanism behind their worry is real:
cognitive offloading produces a measured ”speedup illusion” where
students feel faster while learning less [9].

But the inverse evidence matters for resource allocation: a random-
ized controlled trial found Al tutoring can outperform in-class active
learning [7]. The tool is neither savior nor saboteur; the pedagogy
around it decides.

Recommended alternative: build a recurring teaching-and-learning
grant aimed at course-level redesign, reviewed by faculty, not by the
CIO.

Implementation framework:

o Phase 1 (Month 1-2): convene a faculty-governance working group
through existing shared-governance channels — not a presidential
task force.

o Phase 2 (Month 3-4): release competitive course-redesign mini-
grants; require participants to report learning outcomes, not adop-
tion rates.

o Phase 3 (semester end): publish the redesigns internally as a
faculty-owned pattern library.

Required resources: $2,000-$5,000 per redesigned course; exist-
ing CTL staff time. Success metrics: pre/post learning assessment
in redesigned sections; faculty participation across ranks, including
contingent and tenure-track. Risk mitigation: do not let the grant
become an adoption mandate. The RCT result is conditional, not a

procurement justification.

3. Treat the access gap as the equity problem it already
is.

The reflexive framing is "academic integrity.” The data say the
prior question is access. The largest undergraduate study to date
reveals disparities in who can use Al at all, layered under the cheating
discourse [15]. The same divide runs across institutions globally [6].
Buying an enterprise license for paid-tier models without addressing
who has device, bandwidth, and disability accommodation widens the
gap your strategic plan claims to close.

Recommended alternative: tie any enterprise Al procurement to
a funded access floor — institutional licenses that reach Pell-eligible

[9] Cognitive offloading and the
speedup illusion in human-AlI interac-
tion

[7] AI tutoring outperforms in-class
active learning: an RCT

[15] The largest study of AI use by
undergrads is in, revealing disparities
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[6] AI tools in higher education gains
and challenges across global south and
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and disabled students, with accommodation built in from the contract,

drawing on documented practice for personalizing learning for disabled
students [12].

Implementation framework:

o Phase 1 (Month 1-2): survey actual student access, segmented by
aid status and accommodation registration.

o Phase 2 (Month 3-4): negotiate enterprise terms that include all
enrolled students, not opt-in paid tiers.

o Phase 3 (semester end): audit usage parity against the baseline.

Required resources: enterprise license differential; disability-services
consultation hours. Success metrics: usage parity across aid and ac-
commodation status; not raw adoption. Risk mitigation: parity of
access is not parity of benefit — pair with the pedagogy grant above.

4. Govern the algorithmic systems you deploy on stu-
dents before you govern their chatbots.

Leadership attention flows to student-facing AI while the higher-
stakes systems enter quietly: retention-prediction and enrollment-risk
algorithms that shape advising, aid, and admissions. The scholarship
now names this directly — Al as a policy response to institutional
crisis, with the institution itself becoming algorithmic [13]. The failure
mode is documented in the adjacent hiring market, where Al screening
reproduces racial bias and systemic rejection [5]. A retention model
that quietly deprioritizes "high-risk” students is the same architecture
pointed at your enrollment cliff.

Recommended alternative: extend IRB-grade review and bias audit-
ing to administrative Al, not just research Al.

Implementation framework:

o Phase 1 (Month 1-2): inventory every predictive/algorithmic sys-
tem touching admissions, advising, and aid.

o Phase 2 (Month 3-4): require vendor disclosure of training data
and disparate-impact testing as a contract condition.

o Phase 3 (semester end): publish a bias-audit summary to shared
governance.

[12] Personnaliser ’apprentissage pour
les étudiants handicapés a 'aide de
I'TA

[13] Risk, Retention, and the Algo-

rithmic Institution

[5] AI Hiring Tools Can Yield Racial
Bias and Systemic Rejection
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Required resources: institutional-research analyst time; outside
audit for high-stakes models. Success metrics: documented disparate-
impact testing per deployed system; governance visibility. Risk mitiga-
tion: vendors will resist disclosure as ”proprietary.” Make it a procure-
ment gate, not a request.

5. Position on demonstrated learning, not adoption the-
ater.

The competitive instinct is to announce an embrace — and the
press will note when ”students and faculty aren’t all on board” [18].
Adoption announcements are cheap and converging; everyone has one.
The 2026 Al Index confirms the sector-wide saturation [14]. Differenti-
ation now comes from demonstrable learning and credible assessment,
not from a vendor logo on the homepage.

The deeper structural risk to your credential is that AI can now
mass-produce work indistinguishable from human output, including
finance research papers [3]. When output is uncoupled from learning,
the institution’s only defensible product is verified competence.

The temporal trap is real: models update quarterly while your
curriculum moves on a two-semester cycle and accreditation on a
multi-year one — the acceleration mismatch [2] describes. Don’t an-
chor a strategic position to a model version. Anchor it to assessment
integrity and learning evidence, which survive the next release. Build
positioning on the kind of granular, learning-centered evaluation the
field is moving toward [8], and on what the UK’s 96-institution review
surfaces about real practice [10].

Success metric: can your institution show, externally, that its grad-
uates learned what the credential claims? Everything else is theater.

Supporting Evidence
Leadership Brief: The Evidence Behind Your AI Strategy

FEvidence Landscape

This week’s analysis drew on 5,001 sources, with 1,735 falling under
the higher-education category. The evidence base has matured in a

specific direction: away from speculative promise and toward measured

effects on learning. That shift matters for how you read it.

[18] This big university system is
embracing Al. Students and faculty
aren’t all on board

[14] The 2026 AI Index Report

[3] AI can mass-produce finance
research papers indistinguishable from
human work

(2] After shock

[8] Beyond Scales
[10] Martha Horler’s Post
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On one side, the strongest experimental evidence is genuinely favor-
able. A randomized controlled trial published in Nature found Al tu-
toring outperformed in-class active learning [7]. On the other, survey
and observational evidence runs the opposite way: a Forbes-reported
figure has 90% of faculty saying Al is weakening student learning [1].
These do not contradict each other as cleanly as they appear — the
RCT measures a controlled tutoring intervention; the faculty survey
measures unsupervised student use. What the evidence cannot tell
you is what happens in the gap between those two conditions, which is
exactly where your institution operates.

Stakeholder Perspective Gaps

The mapped gap data for this week is thin — no formal perspective
gaps were quantified — but the citable record makes one absence
loud. The largest study of undergraduate AI use surfaced disparities
in access and cheating that break along existing equity lines [15]. Stu-
dents with disabilities, whose use of generative Al as accommodation
is documented separately [16], are rarely in the room when blanket
detection-and-prohibition policies get written. A policy that treats
all AT use as a single integrity problem misclassifies accommodation
as cheating — and that is a Title IX and ADA exposure, not just a
pedagogical one.

Documented Failure Patterns

No structured failure-pattern dataset was supplied this week, so treat
the following as observed-in-the-record rather than tallied. Three
distinct failure types appear. Technical failure: AI hiring tools — the
same vendor logic now being marketed for admissions and retention
— produce racial bias and systemic rejection [5]. Implementation
failure: AI detection has generated a documented body of student
lawsuits with adverse outcomes for institutions [4]. Cognitive failure:
research on the ”speedup illusion” shows users offload thinking and
overestimate their own gains [9].

The risk-management read: your largest liabilities are not the mod-
els themselves but the enforcement infrastructure built around them.
Detection tools convert a learning problem into a litigation problem.
The piece arguing your policy is "probably solving the wrong problem”
makes precisely this case [17].

[7] AI tutoring outperforms in-class
active learning: an RCT ... - Nature

(1] 90% Of Faculty Say AI Is Weak-
ening Student Learning: How ... -
Forbes

[15] The largest study of AI use by
undergrads is in, revealing ...

[16] The use of generative Al by
students with disabilities in higher
education

[5] AI Hiring Tools Can Yield Racial
Bias and Systemic Rejection

[4] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...

[9] Cognitive offloading and the
speedup illusion in human-AlI interac-
tion

[17] The Wrong Battle: Why Your
Institution’s Al Policy Is Probably
Solving ...
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Power and Framing Analysis

No formal power-dynamics dataset accompanied this week’s evidence,
but the framing move is visible without one. Al is being positioned

as a policy response to institutional crisis — enrollment pressure,
retention shortfalls — rather than as a pedagogical choice [13]. Watch
this move: when Al is framed as the answer to the enrollment cliff,
the vendor sets the terms of a decision that shared governance should
own. The "tool” metaphor obscures that a procurement contract is
also a delegation of pedagogical judgment. Credit for gains accrues to
the platform; blame for cheating falls on students. Neither attribution
touches the institution that chose the deployment.

Research Gaps Affecting Strategy

The evidence does not give you a longitudinal cost-benefit model. The
Nature RCT measures short-term outcomes, not retention-to-degree or
post-graduation competence. No source tells you the durable effect of
substituting AT tutoring for human instruction across an assessment
cycle. You are deciding under genuine uncertainty, and the honest
move is to budget for evaluation, not to assume the RCT generalizes
to your FTE.

Secondary Tensions

Beyond the learning-effects tension sits an equity-versus-integrity con-
flict that cannot be traded away cleanly: the same generative tools
that extend access for disabled students [16] are the ones triggering
integrity enforcement. Global-north/global-south access disparities
compound it [6]. And oral exams, now spreading as an anti-Al assess-
ment method [11], carry their own accessibility costs. Every integrity
fix has an equity price; your policy will pay it whether or not it names
it.
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