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Every era invents a new way to sort people. The nineteenth century
had the eugenicist’s calipers; the twentieth had the credit bureau’s
filing cabinet and the IQ test’s bell curve. The twenty-first has the
model — a probability machine that ingests millions of past decisions
and emits new ones at the speed of a server fan. The pitch is that this
time the sorting will be different: faster, fairer, freed from the bigotries
of any single human reviewer. The reality, accumulating now in a
half-decade’s worth of audits, lawsuits, and leaked vendor contracts, is
that the machine has not corrected the sorting of the past so much as
laminated it onto the future.

This is the equity double-edge in its operational form. The same
systems that promise to remove bias from hiring, lending, policing,
and benefits eligibility are reproducing — and in several documented
cases amplifying — the discrimination they were marketed to dis-
solve. Worse, they are doing so under a presumption of mathematical
neutrality that makes the discrimination harder to see, harder to con-
test, and harder to undo. As the Spanish-language reporting on Latin
American bias documents in painful detail, Al systems trained on
globally skewed data import racism, sexism, and xenophobia into local

decisions while wearing the costume of objectivity [6]. [6] Género, racismo y xenofobia:
asi son los sesgos de la Inteligencia
The question is not whether AT is biased. That question has been Artificial en Latinoamérica

answered, repeatedly, in courtrooms and peer-reviewed journals. The

question is who has the power to shape the discourse around that bias,

who gets to define what counts as harm, and — most importantly —

who escapes accountability when the harm lands. Ruha Benjamin’s

argument that algorithmic systems constitute a "New Jim Code” — a

regime of discrimination engineered through ostensibly neutral tools —

was once a provocation [1]. It is now a description. [1] Race After Technology

The Filter Before the Interview

Begin with hiring, because hiring is where most working adults will
first encounter the sorting machine and where the asymmetry of power
is most stark. The applicant submits a resume to a portal. Somewhere
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on the other side, a model scores it. The model has been trained on
the company’s prior hires — which is to say, on a record of past deci-
sions made by humans operating inside the labor market we actually
have, not the one any ethics statement describes. The model learns
what ”successful candidates” look like. It does not know, and can-
not know, that successful candidates look the way they do because of
decades of exclusion.

The canonical case is Amazon’s resume screener, which the com-
pany quietly killed after engineers discovered it was downgrading
applications that contained the word "women’s” and rewarding candi-
dates named Jared who had played lacrosse [1]. Amazon was unusual
only in that it caught the problem and pulled the system. Most de-
ployments do not. A growing legal record now documents wrongful
denial of employment to women, older workers, and applicants with
disabilities at scale, with class actions winding through American
courts and EEOC settlements beginning to clarify the liability surface
[2].

Notice what the model treats as a signal. Gaps in employment
history — the structural fingerprint of caregiving, of recovery from
illness, of immigration, of the bouts of unemployment that recessions
inflict unevenly on Black and Latino workers — read to the algorithm
as risk. The system has no concept of why the gap exists. It only
knows that, in its training data, candidates without gaps were hired
more often. The result is a feedback loop dressed in the language of
meritocracy: women who left the workforce to raise children are pe-
nalized for having left the workforce to raise children, and the penalty
is administered by a vendor that earns its margin by promising to
remove human bias from the process.

There is a corollary that the industry would prefer you not notice.
The CNBC reporting on the ”AI economy” is exuberant about a shift
toward blue-collar trades, framing electricians and welders as the un-
expected winners of an Al-driven hiring slowdown in white-collar work
[15]. Read against the bias literature, the cheerful framing reveals its
underside: Al is not so much expanding opportunity for skilled trades
as it is contracting the entry-level white-collar rungs that historically
allowed women, first-generation graduates, and workers of color to
climb. The machine isn’t creating new opportunity; it is closing the
door behind a generation.

Kate Crawford’s caution is the right one to keep in mind here.
Classification is not a neutral act of description but an exercise of
power, and once classification is embedded in working infrastructure
it becomes invisible without losing any of its force [1]. The resume

[1] You Look Like a Thing and I Love
You

[2] AT hiring bias: real cases, legal
consequences, and prevention

[15] The AI economy is rewriting the
American Dream — and blue-collar
workers are poised to win

[1] The Atlas of AI - Power, Politics,
and the Planetary Costs


https://responsibleailabs.ai/knowledge-hub/articles/ai-hiring-bias-legal-cases
https://responsibleailabs.ai/knowledge-hub/articles/ai-hiring-bias-legal-cases
https://responsibleailabs.ai/knowledge-hub/articles/ai-hiring-bias-legal-cases
https://www.cnbc.com/2026/05/19/ai-hiring-slowdown-skilled-trade-workers.html
https://www.cnbc.com/2026/05/19/ai-hiring-slowdown-skilled-trade-workers.html
https://www.cnbc.com/2026/05/19/ai-hiring-slowdown-skilled-trade-workers.html
https://www.cnbc.com/2026/05/19/ai-hiring-slowdown-skilled-trade-workers.html

screener is classification infrastructure. Its invisibility is the product.

The Camera That Knows Who to Stop

If hiring is where the sorting machine narrows your future, policing

is where it narrows your present. Facial recognition systems sold to
American and European police departments have error rates between
ten and one hundred times higher for Black faces than for white ones,
a disparity established now across multiple NIST audits and indepen-
dent academic studies. Departments have continued to deploy these
systems anyway, often through procurement pipelines that bypass any
meaningful public oversight, and the wrongful arrests have accumu-
lated — disproportionately of Black men, who are then asked to prove
their innocence against a machine that the prosecution treats as more
credible than their alibi.

The deployment is now extending past identification into the writ-
ing of reports themselves. The ACLU’s analysis of Al-assisted police
reporting tools — products like Axon’s "Draft One,” which gener-
ates narrative incident reports from body-camera audio — finds that
the systems introduce fabrications, omit context, and create a docu-
mentary record that is harder to challenge precisely because it bears
the imprimatur of a "neutral” transcription [14]. The officer’s ac- [14] Studies Question Value of Al-
count, which a defense attorney could once cross-examine line by line, Assisted Police Reports
becomes the algorithm’s account, which the officer has merely "re-

viewed.” The chain of accountability dissolves into the prompt.

And then there is the targeted surveillance of dissent. Amnesty
International’s reporting on Palantir and Babel Street’s contracts to
monitor pro-Palestinian protesters and migrants in the United States
documents an infrastructure of political sorting that has nothing to
do with crime as ordinarily understood [9]. It is the construction of [9] La tecnologia amenaza con vigilar
a watchlist apparatus capable of identifying, tracking, and pressuring a manifestantes pro Palestina
people for the content of their speech and the company they keep. The
systems are sold to governments by private vendors whose lobbying
budgets dwarf those of any civil liberties organization in the field,
and the contracts are typically classified or shielded by trade-secret
provisions that prevent the public — or the surveilled — from learning
what categories of behavior are being scored, or how.

The structural silence here is deafening. The people sorted into
the "potential threat” bucket by an opaque proprietary model have
no notice, no right of inspection, no meaningful appeal. The vendor
cites intellectual property; the agency cites operational security; the
legislature cites complexity. The harm is real and the discourse around
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it is dominated almost entirely by the institutions doing the harming.
When civil society does push back, it does so on a delay measured in
years and with a fraction of the resources available to the deploying
side.

Algorithms at the Welfare Window

The third deployment site — and the one where Virginia Eubanks’s
work has been most prescient — is the administration of public ben-
efits. State governments across the United States and Furope have
outsourced welfare eligibility decisions to automated systems whose
error rates are not theoretical but documented: thousands of eligible
applicants wrongfully denied food assistance, Medicaid, housing vouch-
ers, and disability benefits because a database had the wrong birth
date or a model misclassified a household composition [1].

The Michigan unemployment fraud detection system, MiDAS,
falsely accused tens of thousands of unemployed workers of fraud,
garnishing wages and seizing tax refunds before any human reviewed
the cases; the state eventually paid out a settlement, but the families
that lost their homes and savings in the meantime did not get those
years back. Australia’s "Robodebt” system did the same to welfare re-
cipients, generating phantom debts through a flawed income-averaging
algorithm and using the threat of legal collection to extract repay-
ment. The political response in both cases came years after the harm,
and only after sustained pressure from journalists and lawyers working
largely without compensation.

What makes the welfare case especially clarifying is that the people
being sorted are by definition the people with the least capacity to
push back. An applicant denied a credit card can usually find another
lender. An applicant denied SNAP because an algorithm misread their
pay stub may not eat. The harm is bound by the same condition that
prevents recourse: poverty produces both the vulnerability and the
silence. The relevant scholarship on algorithmic equity has been clear
that the populations most damaged by these systems are also the ones
with the least access to the journalists, attorneys, and academics who
would otherwise document the damage [10].

This is the part of the equity double-edge that the most polished
vendor decks tend to skip. The ”efficiency gains” of automated eli-
gibility determination are real, but they are realized by the agency,
not by the applicant. The applicant absorbs the cost of every false
negative — every wrongful denial, every cycle of appeal, every month
without the benefit they were legally entitled to receive — as if it were

[1] Automating Inequality

[10] Les biais algorithmiques : un
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a private misfortune rather than a structural feature of the system as
designed.

Who Speaks, Who Is Spoken About

Step back from the deployments and look at the discourse itself. Who
is in the room when Al policy is debated? Whose voice carries weight
when a model is audited? Whose harm gets reported, and whose gets
coded as anecdote?

The pattern is consistent across jurisdictions. The institutions
that build, sell, and deploy Al systems — major cloud providers,
defense and surveillance vendors, large employers, state and federal
agencies — staff their policy shops with former regulators, fund think
tanks that produce "responsible AI” white papers, and underwrite the
academic centers that train the next cohort of ethics researchers. The
institutions that suffer from AI systems — tenants, applicants, welfare
recipients, surveilled communities — have at best a few underfunded
civil-rights nonprofits speaking on their behalf, and at worst nothing.
The asymmetry is not subtle.

A new techpolicy.press inventory of grassroots resistance to AT —
strikes, lawsuits, ordinance campaigns, refusal movements — docu-
ments both the breadth of the pushback and its structural disadvan-
tage. Hundreds of organized actions across dozens of countries, almost
all of them working on a fraction of the budget that a single vendor
commits to a single product launch [16]. The list is heartening as ev- [16] The World Is Already Resisting
idence of resistance and chastening as evidence of the field on which AL Now, There is a List to Prove It.

that resistance is being waged.

The asymmetry shapes the discourse in concrete ways. Ethical
failures dominate the news coverage of AI — by some weekly counts,
nearly two of every five Al-related stories — but coverage does not
equal accountability. The same vendor whose product wrongly ar-
rested a man in Detroit on Monday is presenting at the responsible-Al
conference on Wednesday and selling to a sheriff’s department in Ten-
nessee on Friday. The harm gets a news cycle; the contract gets a re-
newal. Documenting failure has become its own genre, and the genre’s
productivity has not visibly slowed the deployments it documents.

There is also a geographic asymmetry that English-language cover-
age routinely flattens. Most of the foundational AI models are trained
on data scraped from a relatively small set of Anglophone sources,
then exported globally as universal infrastructure. When those mod-
els are deployed in Latin America, sub-Saharan Africa, or South and
Southeast Asia, they bring with them the categories and assumptions
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of the contexts in which they were trained, and they impose those cat-
egories on people who had no say in their construction. The Medium
analysis of "digital colonialism” lays out seven dimensions of this de-
pendency, from training-data extraction to compute concentration to
the export of content-moderation regimes that misclassify non-English

political speech [5]. The framing is sharp because it names the rela- [5] El colonialismo digital en la era
de la IA: siete dimensiones de una
dependencia sistémica

tionship correctly: the populations being sorted by Al in the Global
South are sorted according to categories defined elsewhere, by people
they will never meet, on the basis of optimization targets they were
never consulted about.

A similar dynamic plays out closer to home. The Stanford HAI
finding that Al text-detection tools systematically misclassify the
writing of non-native English speakers as ”Al-generated” is a small
example of the same logic operating at the level of language [3]. The [3] AI-Detectors Biased Against Non-
detector encodes a particular dialect of English as "human” and treats Native English Writers
deviation from that dialect — including the simplified syntax and
limited lexical range characteristic of second-language writing — as
suspect. The writers most likely to be falsely accused of cheating are

those least likely to have the social capital to fight the accusation.

The Documentation Trap

There is a particular failure mode in the current discourse that de-

serves naming. Call it the documentation trap. A great deal of in-

tellectual and journalistic energy has been poured into proving, in

case after case, that specific Al systems produce specific discrimina-

tory outcomes. The literature on algorithmic bias in education alone

now constitutes a substantial body of peer-reviewed work, with lon-

gitudinal studies, audit protocols, and proposed mitigations [4]. The [4] Algorithmic Bias in Education
literature on hiring bias is comparably mature. The literature on facial

recognition bias is older still.

And yet the deployment curve has barely bent. The systems get
audited, the audits get published, the auditors get cited — and the
systems stay in production. New vendors enter the market with
marginally adjusted training procedures and the cycle restarts. What
the documentation has not yet produced, in proportion to its volume,
is binding remedy.

Part of the reason is structural. Documenting harm is compara-
tively cheap; an academic team with grant funding can run an audit
on a public model. Building remedy is expensive in a different cur-
rency — it requires legislation, enforcement budgets, technical stan-
dards bodies, independent audit infrastructure with subpoena power,


https://medium.com/@ernesto.celdeiro/el-colonialismo-digital-en-la-era-de-la-ia-siete-dimensiones-de-una-dependencia-sist%C3%A9mica-e28b7956ad1b
https://medium.com/@ernesto.celdeiro/el-colonialismo-digital-en-la-era-de-la-ia-siete-dimensiones-de-una-dependencia-sist%C3%A9mica-e28b7956ad1b
https://medium.com/@ernesto.celdeiro/el-colonialismo-digital-en-la-era-de-la-ia-siete-dimensiones-de-una-dependencia-sist%C3%A9mica-e28b7956ad1b
https://medium.com/@ernesto.celdeiro/el-colonialismo-digital-en-la-era-de-la-ia-siete-dimensiones-de-una-dependencia-sist%C3%A9mica-e28b7956ad1b
https://hai.stanford.edu/news/ai-detectors-biased-against-non-native-english-writers
https://hai.stanford.edu/news/ai-detectors-biased-against-non-native-english-writers
https://hai.stanford.edu/news/ai-detectors-biased-against-non-native-english-writers
https://learninganalytics.upenn.edu/ryanbaker/AlgorithmicBiasInEducation_rsb3.7.pdf
https://learninganalytics.upenn.edu/ryanbaker/AlgorithmicBiasInEducation_rsb3.7.pdf

and a political coalition durable enough to outlast a vendor’s lobby-
ing. The documentation side has scaled rapidly because its inputs are
abundant. The remedy side has not, because its inputs are scarce: en-
forceable regulation requires political will, and political will in the Al
policy space is heavily mediated by the institutions with the largest
stake in non-regulation.

The grezan.cl analysis of how algorithms amplify human bias in
education and civic life is unusually direct about this asymmetry,
naming the gap between the analytical sophistication of bias research
and the institutional weakness of the bodies that would translate that
research into binding constraint [8]. The same point is made, in a
French institutional register, by the tnova analysis of Al in political
decision-making, which notes that the deployment of decision-support
algorithms in democratic governance has run far ahead of the legal
frameworks that would make those algorithms reviewable [7].

There is a darker version of the documentation trap. The constant
production of audit reports can itself become a form of legitimation.
A vendor whose product has been studied and critiqued in fifteen
academic papers can credibly tell a procurement officer that their
system is the most thoroughly examined on the market — turning
the evidence of harm into a marketing asset. "Responsibly developed”
comes to mean "audited often enough that the auditing has become
routine.” The audits do not stop the deployment; they accompany it.

This is the move worth watching: the same institutions that fund
critical AI research are increasingly the ones deploying critical Al sys-
tems. The boundary between the watchers and the watched is being
absorbed into a single managerial apparatus that produces both the
harm and the discourse about the harm. Noam Chomsky’s account of
how filters operate in mass media — ownership, advertising, sourcing,
flak, ideology — has obvious resonance with the political economy
of AT ethics discourse [1]. The five filters are not identical, but the
underlying observation translates: a discourse whose production is
dominated by a small set of well-resourced institutions will, over time,
come to reflect the interests of those institutions, regardless of the
stated convictions of any individual participant.

Surveillance as a Default Setting

The clearest place to watch the sorting machine extend its reach is
the gradual normalization of surveillance as a default condition of
participation in ordinary institutions. Public schools have become a
particularly active testbed, not because children are uniquely worth

[8] La amplificacién de los sesgos
humanos por algoritmos: educacién,
ciudadania digital y ética tecnolégica
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d’aide, voire d’influence sur la décision
‘?

[1] Manufacturing Consent
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watching but because schools are politically captive customers — they
cannot easily refuse a procurement decision made at the district level,
and the people most affected (students) have no standing to contest it.

New America’s investigation of EdTech monitoring documents
how surveillance products marketed as suicide-prevention or threat-
detection tools have been deployed across American public schools,
often with minimal transparency about what is being monitored, who
has access to the flags, and what happens to the data [12]. The AP’s
reporting on Gaggle, the leading vendor in this space, documents
specific cases in which flagged student communications produced dis-
ciplinary referrals and police contact for behavior that, in any prior
generation, would have been unremarkable [11]. The Daily Record’s
coverage of a Tennessee teenager arrested after a school Al flagged a
joke as a threat is the kind of edge case that vendors prefer to treat as
anomaly but that critics correctly identify as the predictable output of
the system as designed [13].

The pattern matters beyond the school context because it sets
the template. Children habituated to having their text, their voice,
and their faces continuously scored by a model are being trained for
an adult life in which that scoring is the baseline. The labor market
they enter will have already absorbed the resume screener. The credit
market will have already absorbed the affordability model. The justice
system will have already absorbed the facial-recognition kiosk. The
political question — whether to consent to this infrastructure at all —
will have been pre-answered by the time they are old enough to ask it.

Who Gets Blamed, Who Walks Free

Pay attention to the accountability geometry whenever a deployment
fails. A model wrongly denies a benefit; the agency points to the ven-
dor. The vendor points to the data. The data was assembled by a
subcontractor. The subcontractor used a third-party labeling service.
The labeling service used gig workers in three countries paid by the
hour. By the time the lawyer for the wrongfully denied applicant has
traced the chain, the statute of limitations has run out and the rele-
vant decision-maker has moved to a different firm.

This dispersion is not accidental. It is the operational form of what
AT ethics literature now consistently identifies as the responsibility gap
— the structural condition in which the more parties participate in
an automated decision, the less any single party can be held account-
able for it [1]. The gap is treated, in much of the field, as a technical
problem to be solved through better documentation standards. It is

[12] Public Schools, Private Eyes:
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Public Schools
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more accurately understood as a political achievement: a feature of
the system, not a bug, designed (whether consciously or not) to absorb
the friction that would otherwise produce binding remedy.

The most recent generation of Al hiring lawsuits in the United
States illustrates the geometry well. Plaintiffs must sue the employer
(who can plausibly claim ignorance of vendor methodology), the ven-
dor (who can plausibly claim that the employer set the parameters),
and sometimes the platform that hosted the model (who can plau-
sibly claim safe-harbor status). The result is settlement structures
that compensate individual plaintiffs at modest amounts and leave
the underlying systems in production [2]. Each settlement is treated
by the industry as a cost of doing business; none of them, so far, has
produced the kind of structural injunction that would actually change
deployment practice.

Compare this to the accountability geometry of, say, food safety.
When a contaminated product injures consumers, the chain of supply
is mapped, the responsible party is identified, recalls are mandatory,
and the regulatory regime has both the staff and the legal authority
to shut down a producer. Nothing remotely comparable exists for al-
gorithmic decision systems in employment, credit, or benefits. The
infrastructure of accountability that took the twentieth century a hun-
dred years of labor struggle and consumer-protection legislation to
build has simply not been extended to this domain, and the institu-
tions with the resources to fight that extension are precisely the ones
most invested in its non-extension.

There is a corollary worth naming. The discourse around Al bias
has, for a decade, been disproportionately focused on the question of
how to make models less biased — better training data, more repre-
sentative test sets, clearer documentation standards. These are rea-
sonable engineering questions. They are also, conveniently, questions
whose answers do not threaten the deployment model. A model that
has been ”"debiased” through a more representative training corpus is
still a model that automates the sorting of human lives at scale, still
operating on a presumption of accuracy that the affected parties can-
not meaningfully contest. The framing of the problem as one of model
quality has the effect — whether intended or not — of preserving
the underlying political economy of automated decision-making while
making it incrementally more palatable.

[2] AI hiring bias: real cases, legal
consequences, and prevention
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The Choice That Has Not Yet Been Made

The shape of the equity double-edge is now visible. Al systems can be
a leveller — a way to make some decisions faster, more consistent, and
less subject to the worst forms of individual prejudice. They can also
be a magnifier — a way to encode historical discrimination into infras-
tructure that operates at machine speed and without recourse. Which
version we get is not a technical question. It is a political question
about who has the power to set the terms.

The technical community has done its part. The auditors have
audited. The journalists have documented. The academics have pub-
lished. The civil-society organizations have litigated. What remains is
the political work of translating documentation into binding constraint
— the work of writing regulation with teeth, funding enforcement,
mandating transparency in procurement, requiring independent audits
with subpoena power, and creating real liability for the institutions
that deploy these systems on populations who cannot consent to the

deployment.

The current trajectory is not toward that work. It is toward the
proliferation of voluntary frameworks, "responsible AI” pledges, and
disclosure standards that allow the deploying institutions to define
both the harm and the remedy. The frameworks are not worthless
— they create some friction, raise some baselines, document some
practices. But they are not sufficient, and treating them as if they
were is its own form of capture.

There is one structural fact that the optimistic accounts consis-
tently understate. The benefits of Al accrue most reliably to the in-
stitutions that can afford to deploy it well — large employers, well-
resourced agencies, established creditors. The harms accrue most
reliably to the populations that have always borne the costs of ad-
ministrative discretion: the unemployed, the recently incarcerated,
the undocumented, the disabled, the linguistically marginalized, the
politically dissenting. Unless something interrupts the trajectory, Al
will not be a leveller. It will be the most efficient sorting machine ever
built, sorting in the same direction that the prior sorting machines
have always sorted, only faster and with less friction.

The interruption is possible. The grassroots resistance is real, the
legal precedents are accumulating, the regulatory frameworks in the
FEuropean Union and elsewhere are beginning to take shape. But the
interruption will not happen on its own, and it will not be produced
by the institutions whose business model depends on its absence. It
will require the kind of organized political pressure that has histori-



cally been required to make any infrastructure of power answerable

to the people it sorts — and that pressure has to be applied now,
while the infrastructure is still being installed, rather than later, when
removal will cost an order of magnitude more.

The sorting machine is being built in front of us. The question is
whether the building is something that happens to us, or something
we have any meaningful say in. The discourse that treats this as a
question of model accuracy has already conceded the political point.
The discourse that treats it as a question of power has not yet won,
but it is the only one that gives the answer a chance of being anything
other than what the past has always given us.
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