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Ninety percent of faculty now report that Al is weakening student
learning [1], yet the causal evidence base supporting that perception
remains startlingly thin. The consensus is running well ahead of the
design quality required to defend it. The most-cited experimental
work — Stanford SCALE’s finding that generative Al can degrade
unaided performance [5] — measures short-horizon test outcomes in
controlled settings, not the longitudinal metacognitive trajectories that
the ”cognitive offloading” literature actually theorizes [14]. The field is

building policy on a mismatch between construct and measurement.

The core theoretical challenge

The undertheorized problem is this: "metacognitive laziness” is being
operationalized as performance degradation on isolated tasks, while
the construct it names is a developmental claim about self-regulation
over semesters. Resolving this requires study designs that few research
groups are running — multi-semester panels with within-subject base-
lines, separation of tool-use intensity from tool-use type, and instru-
mentation that distinguishes offloading-as-skill (productive) from
offloading-as-avoidance (corrosive). The Tutor CoPilot RCT [21] is one
of the few designs that actually isolates a mechanism; most of the "Al
weakens learning” corpus is cross-sectional or self-report.

A second blind spot: the bias evidence is single-instance. Asian
American students losing points in Al-graded essays [15] has not been
systematically replicated across detection systems, despite detection-
driven litigation accelerating [3].

What this briefing provides

Mapping of unstudied questions in the cognitive-offloading literature,
analysis of the construct-measurement mismatch driving the faculty-
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consensus narrative, and identification of high-impact replication tar-
gets — particularly in detection bias and longitudinal self-regulation
outcomes.

Critical Tenston

The Theoretical Problem

The field studying AI in higher education is converging on a find-
ing it cannot yet explain. Roughly 90% of faculty report that Al is
weakening student learning [1], while controlled human-AT tutoring
deployments show meaningful learning gains when expertise is scaf-
folded in real time [21]. The construct doing the work on both sides
— "learning” — is the same word measuring incompatible things.
One side measures persistent capability formation under conditions
of productive struggle; the other measures task completion, retention
proxies, or post-test performance on bounded items. The contradiction
is not empirical noise. It is a definitional vacancy at the center of the
literature.

The emerging Spanish-language work on pereza metacognitiva
(metacognitive laziness) and cognitive offloading frames this more pre-
cisely than the Anglophone discourse has managed [14]. The question
is not whether AT helps or harms learning — it is which cognitive op-
erations students delegate, under what conditions delegation becomes
structural rather than situational, and whether the offloaded function
ever returns. Stanford’s SCALE work documents that generative Al
can produce immediate performance gains while degrading durable
learning [5]. The field lacks a theoretical apparatus distinguishing
scaffolding (temporary external support that builds internal capacity)
from substitution (permanent externalization that atrophies it). Until
that distinction is operationalized, the 90%-faculty finding and the
Tutor CoPilot finding will keep being cited as if they contradict each
other when they may simply be measuring different objects.

Paradigm Limitations

The dominant metaphor remains Al-as-tool — a framing that fore-
closes the questions most worth asking. Tools are inert; users are
agents; effects are attributable to use. But UCLA researchers study-
ing agentic systems describe Al agents as "button-pushing explorers”
that can ”do amazing things while knowing nothing” [4] — a descrip-
tion that breaks the tool metaphor immediately. If the system has
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no semantic grounding for the tasks it completes, then the locus of
cognition in the student-AI dyad is genuinely unsettled, and research
designs that treat Al as a fixed independent variable are mismeasuring
the phenomenon.

The causal-attribution pattern compounds this. When essays
graded by Al lose more points for Asian American students [15], the
field’s instinct is to assign agency to "the model” or ”the data.” This
obscures the institutional decisions — procurement, vendor selection,
the choice to deploy at scale before audit — that produced the harm.
A research program that named those decisions as objects of study
would look very different from one that benchmarks models.

Whose Knowledge Is Missing?

The corpus underwriting this week’s discourse — 6327 sources — is
structurally lopsided. Student voices constitute 3.76% of represented
perspectives. Critical scholarship registers at 0.29%. Parent and com-
munity perspectives sit at 0.29%. Yet students are the population
whose cognition the field claims to study, and their phenomenological
reports of what delegation feels like — when it relieves load, when it
produces the hollowness that the pereza metacognitiva literature names
— are nearly absent from the evidence base. A student-centered re-
search program would treat the Adelphi lawsuit, where a student sued
after being accused of AT use [2], not as a compliance anecdote but as
data about how detection regimes restructure the student-institution
relationship.

The 0.29% critical share matters differently. The Castlereagh State-
ment work on practice gives direction but acknowledges the field has
not yet talked seriously about implementation [19], and Canadian
policy scholarship is beginning to read institutional AI adoption as a
response to enrollment and retention crises rather than as pedagogical
innovation [17]. That reframing — AT as crisis-management infrastruc-
ture — is exactly what 0.29% representation suppresses. Until critical
and community perspectives move from rounding error to constitu-
tive presence, the theoretical work cannot get done; the field will keep
producing studies whose framing assumptions were settled before the
research began.
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Actionable Recommendations

Researcher Briefing: High-Impact Directions in Al-Education
Scholarship

Across the 6,327 sources surfaced this week, the empirical foundation
of Al-in-higher-education scholarship looks thinner than the policy
discourse suggests. Faculty-perception surveys are doing heavy theo-
retical lifting [1]; short-horizon experimental studies are extrapolated
into curriculum policy [5]; and student experience appears mostly as
the dependent variable in someone else’s instrument. The directions
below target documented gaps, not generic calls for more work.

1. The accused student as research subject, not data
point

Current gap: The fastest-growing genre of Al-education evidence is
litigation — students suing over false-positive detection results — yet
there is almost no peer-reviewed study of the accused student’s epis-
temic and procedural experience [2]. The docket is now large enough
to constitute a sampling frame [3].

The field has largely approached detection through tool-validation
studies — accuracy rates against synthetic corpora — which sidesteps
the actual mechanism of harm: how an institution converts a proba-
bilistic score into a disciplinary finding. The bias evidence is already
in [15].

Research questions:

e What is the procedural pathway from detector output to academic-
integrity finding across institutions, and at which step does the
burden of proof invert?

¢ How do accused students experience the demand to prove a neg-
ative, and what evidentiary practices (version histories, keystroke
logs) do they adopt or refuse?

e Do non-native English writers and racialized students dispropor-
tionately face second-stage adjudication after first-stage flags?

Methodological considerations: Mixed-methods — FOIA / public-
records requests for adjudication outcomes at public institutions,
paired with interview cohorts recruited through student legal-defense
networks. Centering missing voices here means recruiting outside
institutional channels, since the institution is a party to the dispute.
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IRB review will be non-trivial; protections against re-identification

matter when sample sizes per institution are small.

Potential contribution: Moves the literature past tool-accuracy and
into the sociology of algorithmic adjudication — which is where the

actual harm lives.

2. Longitudinal designs for metacognitive offloading

Current gap: The strongest theoretical construct to emerge this
cycle — pereza metacognitiva, metacognitive laziness — rests almost
entirely on cross-sectional and short-intervention evidence [14]. We do
not know whether the effect persists, attenuates, or compounds across

a degree program.

Existing studies treat one assignment or one semester as the unit.
That is the wrong temporal frame for a construct claiming to reshape

cognitive disposition [20].
Research questions:
¢ Do students who heavily use generative Al in years 1-2 show mea-

surable differences in self-regulated learning by year 4, controlling

for entry characteristics?

« Is metacognitive offloading domain-general or domain-specific (e.g.,

persists in writing, absent in lab work)?

o What patterns of strategic offloading correlate with improved rather

than degraded metacognition?

Methodological considerations: Requires cohort designs spanning 3—
5 years, ideally seeded now while Al-use heterogeneity remains. Major
threats: the comparison group (non-users) is vanishing, and self-report

of AT use is unreliable. Consider institutional partnerships that can

link LMS telemetry to longitudinal cognitive measures — with explicit

student consent and data-governance terms that do not default to

vendor access.

Potential contribution: Converts a popular construct into a testable

developmental claim, and produces the first evidence base capable of
distinguishing acute from chronic effects.

3. The algorithmic institution as object of study

Current gap: Al in higher education is now being deployed at the
administrative layer — admissions, retention prediction, advising
triage — under the framing of an enrollment-cliff crisis response [17].
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The pedagogical literature treats this as adjacent; it is in fact the
dominant site of institutional AI spending. French scholarship is al-
ready naming the governance problem [8].

Research questions:

e When a retention algorithm flags a student, what intervention is

triggered, by whom, with what training, and with what right of
appeal?

e How are model-update cycles (quarterly vendor releases) reconciled
with accreditation review cycles (multi-year)?

o« Whose definition of ”student success” is encoded in the loss func-
tion — registrar, provost, vendor, board?

Methodological considerations: Institutional ethnography paired
with technical audit. The harder problem is access: vendor contracts
increasingly include nondisclosure clauses that complicate publication.
Researchers will need to budget for legal review and consider consor-
tium models (multi-institution studies that aggregate findings to dilute
vendor-specific exposure).

Potential contribution: Reframes ”Al in higher ed” from a teaching-
and-learning question to a governance question, and produces the
evidentiary base that shared-governance bodies currently lack.

4. Access asymmetry as a confounder in every other
study

Current gap: Roughly half of U.S. colleges still do not grant stu-
dents institutional access to generative Al tools [7]. Almost no current
study treats institutional access status as a covariate, which means
the literature is silently aggregating across two quite different policy
environments.

Research questions:

¢ Do learning, integrity, and equity outcomes differ between insti-
tutions providing licensed access and those leaving students to
consumer accounts?

e How does the absence of institutional access shape student data
exposure to vendors (where consumer accounts train on inputs)?

e Does access asymmetry track existing institutional-resource gra-
dients, and if so, is the gen-Al-divide widening or compressing the
prior digital divide?
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Methodological considerations: Requires national-scale survey work
paired with institutional-policy coding. Carnegie classification and
IPEDS variables are available; the missing layer is a current, validated
policy taxonomy. Collaboration with EDUCAUSE or comparable
bodies would accelerate this.

Potential contribution: Gives every downstream study a covariate
it currently lacks, and surfaces a structural inequity that the "Al
literacy” discourse has tended to abstract away.

5. Tutor-Al complementarity beyond the efficacy head-
line

Current gap: The Tutor CoPilot study is the most-cited evidence
of human-AI pedagogical complementarity, but its sub-group findings
— strongest gains for the least-experienced tutors working with the
lowest-performing students — have not been replicated in higher-
education settings [21].

Research questions:

e Does the complementarity pattern transfer to adjunct-heavy gate-
way courses, where instructor experience varies most?

o What happens to the effect when the Al suggestion is visible to the
student as well as the tutor?

e Does sustained use produce tutor deskilling — the long-run cost
the original RCT could not detect?

Methodological considerations: Cluster-randomized designs at the
section level, with pre-registered attention to deskilling outcomes (not
only student gains). Requires partnerships with institutions willing to
randomize, which is rarer than the literature implies.

Potential contribution: Tests whether a celebrated finding general-
izes, and — critically — whether the workforce cost is being external-
ized onto the instructional staff who make the system work.

Supporting Evidence

FEvidence Base Characteristics

This week’s corpus surfaces 6,327 total items, with 2,424 falling into
the higher-education category. The distribution skews heavily toward
commentary and practitioner reflection — LinkedIn essays, blog posts,
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vendor explainers, and trade-press features — with a thinner layer of
empirical work and a still thinner layer of peer-reviewed scholarship.
The Microsoft Learn modules on large language models and speech
captioning ([16], [18]) sit in the same retrieval pool as the Stanford
SCALE synthesis ([5]) and the 2026 AI Index ([6]). For a researcher,
that asymmetry is the first finding: the evidentiary substrate of ”Al in
education” discourse is dominated by sources that have a commercial
or institutional stake in adoption.

Empirical anchors do exist. The Tutor CoPilot randomized study
([21]), the metacognitive-laziness work out of UNAM’s medical-
education journal ([14]), and the Hechinger Report’s coverage of de-
mographic bias in Al essay scoring ([15]) represent the field’s stronger
empirical tier. They are outnumbered.

Perspective Distribution Analysis

The contradiction and missing-perspectives maps for this week re-
turned zero mapped tensions and zero documented gaps — which is
itself a methodological signal, not an absence of problems. It means
the retrieval pipeline did not surface adversarial pairings, so any ten-

sion visible here is one a reader must reconstruct manually.

Doing that reconstruction: Anglophone North American sources
dominate, with a secondary Francophone cluster ([10], [9]) and an
Iberoamerican one ([12], [11]). African, South Asian, and East Asian
higher-education contexts are essentially unrepresented, despite en-
rolling the majority of the world’s tertiary students. Theoretical
frameworks track this geography: cognitive-load and metacognition
framings dominate the Spanish-language work; pedagogical-disruption
and governance framings dominate the French; academic-integrity and
litigation framings dominate the English.

Failure Pattern Analysis

With no failure patterns formally tagged in this week’s metadata,

the visible cases cluster into three uneven categories. Implementation
failures appear in coverage of access asymmetry — half of US colleges
do not provide students gen-AI tools ([7]). Ethical and procedural
failures dominate the integrity-litigation thread ([2], [3]). Technical
failures — model errors, hallucination rates, evaluation invalidity

— receive the least sustained attention despite being upstream of

the other two. The distribution suggests a field more comfortable
adjudicating student conduct than auditing the systems doing the
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adjudicating.

Discourse Analysis Findings

The dominant metaphors are cognitive-hygienic (brain to mush” in
[20]) and developmental (”Al-native graduate” in [13]). Causal at-
tribution skews toward student agency — students offload, students
cheat, students must build resilience — while institutional and vendor
design choices are treated as background conditions. The Forbes fram-
ing that ”90% of faculty say AI is weakening student learning” ([1]) is
exemplary: it foregrounds faculty perception while leaving unexamined
the procurement decisions that put the tools in front of students.

Methodological Observations

Cross-sectional surveys and self-report instruments dominate. Lon-
gitudinal designs are nearly absent — a serious limitation when the
core claims concern skill atrophy and habit formation over years.
RCTs exist (Tutor CoPilot) but tend to measure short-horizon task
performance, not durable learning. Algorithmic-audit work targeting
admissions and retention systems ([17], [8]) is emerging but method-
ologically heterogeneous. Generalizability claims routinely outrun
sample composition.

Theoretical Development Needs

Three unresolved constructs deserve sustained theoretical work. First,
“cognitive offloading” needs disambiguation from productive dis-
tributed cognition — the [22] gestures at the distinction but does

not operationalize it. Second, the gap between agent capability and
agent understanding ([4]) lacks a pedagogical translation: what does
it mean to teach students to use systems that perform without com-
prehending? Third, governance frameworks like the Castlereagh State-
ment ([19]) name principles but leave the institutional-implementation
theory thin. The field has empirical fragments and normative declara-
tions; the connective theoretical tissue is what is missing.
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