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Ezecutive Summary

Leadership Brief: The Access Paradox Your Policy Has to Sur-

vive

Across 6,327 sources this week, the leadership-level evidence converges
on a contradiction your AI policy cannot finesse: 90% of faculty now

say generative Al is weakening student learning [1], while roughly [1] 90% Of Faculty Say Al Is Weaken-
ing Student Learning: How Higher Ed

L. . . . Can Reverse It
the tools [7]. The missing voice in both datasets is the same one your [7] Half of Colleges Don’t Grant

board will eventually ask about: students themselves, and the equity Students Access to Gen Al Tools

consequences of whichever path you choose.

half of U.S. institutions still deny students any sanctioned access to

The strategic challenge. This is not an operational question
about which license to procure. It is a governance question about
which liability you would rather hold. Restrict access and you concen-
trate Al use in students who can pay for it privately — replicating the
same opportunity gap your strategic plan likely names as a priority.
Sanction access and you inherit the faculty-trust deficit documented
above, plus the detection-and-discipline exposure now visible in suits

like the Adelphi case [2] and the broader litigation pattern [3]. Detec- [2] Adelphi University accused a
tion itself carries a documented bias signal — Asian American student student of using Al to ... - Newsday

. . . [3] AI Detection Lawsuits: Every
essays disproportionately flagged [11] — which converts a faculty Student Case, Outcome, and What
workflow into a Title VI exposure. the Data Shows

[11] PROOF POINTS: Asian Ameri-
What this briefing provides. Policy framework options with im- can students lose more points in an Al

plementation evidence from peer institutions, the documented failure essay grader

patterns to avoid (detection-as-discipline, vendor-EULA-as-governance,
restriction-as-equity-strategy), and the resource implications — legal,
instructional-design, and assessment-redesign — your cabinet will need
to cost before the next academic-year calendar locks.
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Critical Tension

The Strategic Dilemma

The governance question on your desk is not whether to adopt AI but
how to adjudicate between optimizing for efficiency and scalabil-
ity versus preserving and fostering deep cognitive processes.
Those are the actual stakes, and they pull in opposite directions inside
the same institution. Provost-side metrics — completion, time-to-
degree, advising load, instructional cost per credit-hour — reward
whichever tool flattens the workload curve. Faculty-side judgment, the
kind that gets defended at tenure review and accreditation site visits,
rewards whatever produces durable learning. A Stanford SCALE syn-
thesis of recent studies finds that generative Al use, particularly as a
substitute for effortful practice, measurably depresses learning gains
[6]; a Forbes summary of recent survey work reports that roughly

nine in ten faculty believe Al is weakening student learning [1]. The
Spanish-language clinical-education literature has begun naming the
mechanism directly as pereza metacognitiva — metacognitive laziness
— in which students offload not just tasks but the monitoring of their

own thinking [10].

This is a hard problem, not a data problem. More dashboards will
not resolve it because the two objectives are measured on incommensu-
rate timescales — a semester’s throughput versus a graduate’s capac-
ity five years out. Any policy you write is implicitly assigning weights
to those two horizons, and the vendors selling into your procurement
cycle are not neutral on the question.

Why Peer Institutions Aren’t Helping

The sector is incoherent and copying is risky. Roughly half of U.S.
colleges still do not grant students institutional access to generative Al
tools [7], which means equity-of-access norms are being set by whoever
can afford a personal ChatGPT subscription. At the other pole, insti-
tutions leaning into algorithmic retention and admissions tooling are
being analyzed as a distinct governance form — the ”algorithmic insti-
tution” — in which Al is positioned as a policy response to enrollment
and fiscal crisis rather than as a pedagogical question [12]. Mid-sector,
peers are leaning on Al-detection vendors, and that strategy is now
generating litigation: the Adelphi suit is the visible case [2], and a run-
ning tracker of detection-related student suits documents the broader
exposure [3]. Detection tools also carry documented demographic bias

[6] Generative AI Can Harm Learning

[1] 90% Of Faculty Say AI Is Weaken-
ing Student Learning: How Higher Ed
Can Reverse It

[10] Pereza metacognitiva y descarga
cognitiva en la era de la IA generativa

[7] Half of Colleges Don’t Grant
Students Access to Gen Al Tools

[12] Risk, Retention, and the Algo-
rithmic Institution

(2] Adelphi University accused a
student of using Al to ...

[3] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data Show
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— Asian American students lose more points in Al-flagged essays [11]
— which converts a procurement decision into a Title VI exposure.

Australia’s Castlereagh Statement offers direction but is candid that
practice has not caught up [15]. Borrowing a peer’s policy imports
their unresolved tradeoffs and their vendor entanglements.

What Complicates Navigation

The discourse you are governing is unrepresentative of the people gov-
erned by it. In the broader corpus this week (6327 sources), student
voices appear at 3.76%, parents at 0.29%, named critics at 0.29%, and
vendors — despite shaping product roadmaps that determine what
your faculty can even opt into — at 0.29%. The dominant framing is
institutional and administrative; the people who carry the cognitive
cost of these decisions are barely audible in the record that informs
them. A policy built on this evidentiary base will systematically over-
weight operational concerns and under-weight learning-side harms.

The metaphor doing the most quiet work is AI-as-tool. It is the
framing that lets a procurement office decide a pedagogical question,
because tools are just adopted. The Tutor CoPilot work is more hon-
est, describing Al as a human-AlT scaffold for real-time expertise [16]
— which is a curricular intervention requiring faculty governance, not
an IT line item. The library’s diagnosis applies: institutional cycles
run in semesters while model cycles run in weeks, and the asymmetry
is structural [5]. Your governance question is which cycle sets the pace
— and currently, by default, the vendors’ does.

Actionable Recommendations

When half of US institutions still don’t grant students access to gen-
erative AT tools [7], and 90% of faculty report Al is weakening student
learning [1], the gap between institutional posture and student prac-
tice has become the policy problem itself. The recommendations below
assume you cannot close that gap by issuing another statement.

1. Replace the ”"comprehensive Al policy” with ver-
sioned governance tied to the model release cycle

The common institutional approach is to commission a task force,
produce a single multi-page Al policy, and route it through shared

[11] PROOF POINTS: Asian Ameri-
can students lose more points in an Al
essay

[15] The Castlereagh Statement gives
us direction on Al

[16] Tutor CoPilot: A Human-Al
Approach for Scaling Real-Time
Expertise

(5] Future Shock

[7] Half of Colleges Don’t Grant
Students Access to Gen Al Tools
[1] 90% Of Faculty Say AI Is Weak-
ening Student Learning: How ... -
Forbes
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governance over an academic year. By the time it ratifies, the under-

lying model behavior has shifted two or three generations. This is the

temporal asymmetry [5] anticipated at a structural level: quarterly [5] Future Shock
vendor releases against a two-semester curriculum cycle and a multi-

year accreditation horizon. A static policy is obsolete on arrival.

Recommended alternative: a thin standing policy (rights, prohi-
bitions, due process) paired with a quarterly “operating guidance”
document that the provost’s office is authorized to revise without

re-opening governance.

Implementation framework:

o Phase 1 (Month 1-2): Separate the policy stack into (a) durable
principles requiring senate approval and (b) operational guidance
the CIO/provost may revise. Identify which current language be-
longs in which.

o Phase 2 (Month 3-4): Stand up a quarterly review with faculty
senate, IT, general counsel, and at least two student government
representatives. Publish a redline log.

e Phase 3 (Semester end): Audit which guidance was followed, which
was ignored, and why. Adjust enforcement authority accordingly.

Required resources: ~0.25 FTE policy staffer, legal review retainer
expansion (~$15-30K /year), faculty senate liaison stipends. Success
metrics: Time-from-model-release to updated guidance under 90 days;
fewer than 10% of syllabi contradicting current operating guidance by
year two. Risk mitigation: Without a redline log, the ”thin policy +
operational guidance” model becomes administrative fiat. The log is
the governance.

This addresses the core tension between Al’s pace and the institu-
tion’s deliberative timeline — the same tension that produced Aus-
tralia’s Castlereagh Statement as a baseline rather than an endpoint

[15]. [15] The Castlereagh Statement gives
us direction on Al. Now we ...

2. Stop funding detection. Fund assessment redesign
instead.

The reflexive institutional move is to procure an Al-detection prod-
uct and instruct faculty to use it as evidence in academic integrity
cases. The litigation record is now clear enough to call this what it
is: a liability transfer from vendor to institution. The Adelphi case

[2] is not an isolated event; aggregated case data shows a consistent [2] Adelphi University accused a
student of using AI to ... - Newsday
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pattern of institutions losing or settling when detection is the primary
evidence [3]. The bias problem compounds the legal one — detec-
tion tools penalize non-native English writers and produce racially
disparate false-positive rates [11].

Recommended alternative: redirect the detection-software line item
into assessment-redesign grants for departments.

Implementation framework:

o Phase 1 (Month 1-2): Cancel or do not renew detection contracts.
Issue a CTL-administered RFP for departmental assessment re-
design, $5-15K per department.

o Phase 2 (Month 3-4): Require funded departments to pilot at least
one oral defense, in-process artifact, or scaffolded-draft assessment
per gateway course.

o Phase 3 (Semester end): Compare integrity referrals, grade distri-
butions, and student survey data against prior-year baselines.

Required resources: $150-400K reallocated (most institutions are
already spending this on detection licenses); CTL staff time for grant
administration. Success metrics: Reduction in integrity cases that
hinge on detection-tool output; faculty reporting higher confidence
in assessment validity; no increase in disparate-impact complaints.
Risk mitigation: Track which departments under-spend or revert to
prior assessments. Redesign fatigue is real; budget for the second-year

iteration.

3. Treat the access gap as an equity and liability issue,
not a procurement preference

The default leadership posture has been to ”"wait and see” on en-
terprise licensing for ChatGPT, Copilot, Claude, or Gemini, leaving
students to use personal accounts. This produces three predictable
failures: students at institutions without access fall behind peers at
institutions with access [7]; FERPA-protected information flows into
consumer accounts the institution has not vetted; and students on
financial aid subsidize a tool their tuition does not cover.

Recommended alternative: a tiered enterprise license that names

the equity rationale explicitly, paired with an opt-out for faculty whose

pedagogy requires Al-free conditions.

Implementation framework:

[3] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...

[11] PROOF POINTS: Asian Ameri-
can students lose more points in an Al
essay ...

[7] Half of Colleges Don’t Grant
Students Access to Gen Al Tools
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o Phase 1 (Month 1-2): Procurement RFP with FERPA, data-
residency, and model-update-disclosure terms as non-negotiable.
Include a "right to audit training-data use” clause; vendors will
resist it — that resistance is informative.

e Phase 2 (Month 3-4): Roll out to gateway courses first, where the
equity gap is widest. Provide faculty an ”Al-restricted course” des-
ignation in the LMS with technical enforcement (not just syllabus

language).

o Phase 3 (Semester end): Disaggregate usage data by Pell-eligible
status, first-generation status, and discipline. Publish the report

internally.

Required resources: $20-80 per FTE depending on vendor and
negotiation; one procurement officer’s quarter; legal review. Success
metrics: Closure of self-reported access gap between Pell and non-
Pell students; zero FERPA incidents traceable to consumer-account
use; faculty Al-restricted designation honored in >95% of cases. Risk
mitigation: Vendor lock-in is the predictable second-order failure.
Require data-portability and exit clauses up front. Veia’s analysis
of admissions-algorithm governance in French grandes écoles [8] is a [8] IA et grandes écoles : quand un
algorithme d’admission ...

useful cautionary read on what happens when procurement outpaces

governance.

4. Build faculty capacity for the cognitive-offloading
problem, not the prompting problem

Most faculty development budgets are flowing to "prompt engi-
neering” workshops. The actual pedagogical problem faculty face is
metacognitive — students offloading the thinking work itself, what the
Mexican medical-education literature is now calling pereza metacogni-
tiva [10]. Prompt training without metacognitive scaffolding acceler- [10] Pereza metacognitiva y descarga

cognitiva en la era de la IA generativa

ates the offloading.

Recommended alternative: fund a CTL program that pairs dis-
ciplinary faculty with learning scientists to redesign one assignment
sequence per course around process visibility.

Implementation framework:
o Phase 1 (Month 1-2): Identify 15-20 faculty fellows across colleges.

Use stipends ($2-4K) rather than course release where possible —
release creates coverage problems that discourage participation.
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o Phase 2 (Month 3-4): Each fellow redesigns one assignment se-
quence; CTL captures the design decisions, not just the artifacts.
Stanford’s Tutor CoPilot work [16] provides a useful model for
human-in-the-loop scaffolding.

o Phase 3 (Semester end): Disseminate redesigns through department
chairs, not optional brown-bags. Chairs commit to one adoption per
department.

Required resources: $60-100K in stipends, 0.5 FTE CTL coordi-
nator, evaluation support. Success metrics: Number of redesigned se-
quences adopted beyond the fellow’s own section; student self-reported
metacognitive engagement (pre/post); faculty retention in the program
year two. Risk mitigation: Watch for fellows whose "redesign” is cos-
metic. Require submission of the prior assignment alongside the new

one.

5. Resist the retention-algorithm pitch

Vendors will arrive this year promising Al-driven retention analytics
keyed to the enrollment cliff. The peer-reviewed scrutiny of these sys-
tems is now explicit: algorithmic retention tools function as a policy
response to institutional crisis, not as a learning intervention, and they
shift risk from institution to student [12]. A "flagged at-risk” student
is a student whose advising relationship has been pre-shaped by an
opaque model.

Recommended alternative: if you procure such a system, require
model documentation, disparate-impact testing on your own student
population before deployment, and an advisor-override default. Do not
let the dashboard set the meeting agenda.

Implementation framework:

o Phase 1 (Month 1-2): Require any retention-AI vendor to submit
model cards, training-data provenance, and validation cohorts.
Vendors who decline are disqualified.

o Phase 2 (Month 3-4): Run the model in shadow mode against last
year’s cohort. Compare flagged populations against actual outcomes
by race, Pell status, and major.

o Phase 3 (Semester end): If shadow-mode disparate impact exceeds
institutional thresholds, do not deploy. This is the decision the
procurement timeline must accommodate.

[16] PDF Tutor CoPilot: A Human-
AI Approach for Scaling Real-Time
Expertise

[12] Risk, Retention, and the Algo-
rithmic Institution: Artificial Intelli-
gence as a Policy Response to Higher
Education in Crisis
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Required resources: Institutional research analyst time; legal re-
view; willingness to walk away from a signed LOI. Success metrics:
Advisor override rates; outcomes for flagged-but-overridden students;
absence of demographic disparities in flag rates. Risk mitigation: The
reputational damage from a disparate-impact finding after deployment
exceeds the cost of a slower procurement. Build that into the timeline
before the board asks why retention numbers haven’t moved.

Supporting Evidence

Evidence Landscape

This week’s analysis draws on 6,327 articles, with 2,424 inside the
higher-education category. The evidence is uneven in rigor. The
strongest signals come from peer-reviewed work and large-scale em-
pirical studies: Stanford’s randomized evaluation of [16] on real-
time tutoring expertise, the [13], Cambridge’s review of [9], and the
Iberoamerican mapping by OEI on [14]. The weakest signals are ven-
dor training pages and LinkedIn essays — useful for tracking dis-
course, not for grounding capital allocation.

The evidence can tell you what is being deployed, where ethical and
legal exposure is accumulating, and which pedagogical effects have
been measured. It cannot tell you which strategy will hold across a
five-year accreditation cycle, because the artifact itself changes faster
than the studies tracking it.

Stakeholder Perspective Gaps

The contradictiondata and missingperspectives fields in this week’s ev-
idence architecture are empty — no specific percentages were mapped.
Treat that as a finding, not a blank. Decisions made this term will
rest on a corpus dominated by faculty surveys, vendor case studies,
and policy commentary. Students appear largely as data points in
cheating-detection cases (see Adelphi’s lawsuit, [2], and the broader
[3]) rather than as governance participants. Contingent faculty, IT
staff who actually administer the contracts, and disability-services
offices are nearly invisible. A policy ratified without those voices is
procedurally legitimate and substantively brittle.

[16] PDF Tutor CoPilot: A Human-
AT Approach for Scaling Real-Time
Expertise

[13] PDF hai.stanford.edu

[9] Natural language processing for
social good: Where we are, what is
missing, and where we should go
[14] PDF La llegada de la IA a la
educacion superior en Iberoamérica:
Un mapa ...

(2] Adelphi University accused a
student of using AI to ... - Newsday
[3] AI Detection Lawsuits: Every
Student Case, Outcome, and What
the Data ...
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Documented Failure Patterns

The failure_patterns field is also unpopulated this week, but the
citable record contains specific, named failures worth mapping into
your risk register. Pedagogical failure: Stanford SCALE’s synthe-
sis documents that [6] when deployed without scaffolding, and the
Hechinger Report finds [11] — a measurable bias, not a hypothetical.
Cognitive failure: the RIEM study on [10] names the mechanism
behind faculty concern that 90% report [1]. Legal-procedural fail-
ure: detection-tool false positives are now generating litigation, and
institutions — not vendors — are the named defendants.

These cluster around governance, not technology. The technical
artifact works as advertised; the institutional procedures around it do
not.

Power and Framing Analysis

The dominant frame in this week’s corpus is the ”tool” metaphor —
AT as something faculty adopt, students misuse, and administrators
procure. That framing obscures who actually shapes the decision
space. Half of US colleges still [7], which means the default access
path runs through consumer accounts the institution cannot au-
dit. The vendor sets the terms; the institution inherits the liability.
French commentary on [8] names the same pattern: governance is
being relocated into procurement, where shared governance has the

least traction. Credit for "innovation” accrues to leadership; blame for

“academic dishonesty” accrues to students; the vendor is structurally
absent from both ledgers.

Research Gaps Affecting Strategy

Three questions matter for five-year planning and have no adequate
evidence base. First, longitudinal effects on graduate competence —
the [4] discourse is aspirational, not measured. Second, the [12] —
whether Al advising actually moves persistence numbers, or merely
shifts the cost structure. Third, total cost of ownership once vendor
pricing stabilizes post-subsidy. You will be making capital commit-

ments inside these gaps.

[6] generative AI can harm learning

[11] Asian American students lose
more points in Al essay grading
[10] metacognitive lazyness and
cognitive offloading

[1] AI is weakening student learning

[7] do not grant students institutional
access to generative Al tools

[8] IA et grandes écoles : quand un
algorithme d’admission ...

[4] The AI-Native Graduate: Redefin-
ing What a University ...

[12] Risk, Retention, and the Algo-
rithmic Institution: Artificial Intelli-
gence as a Policy Response to Higher
Education in Crisis
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Secondary Tensions

Beyond the productivity-versus-learning debate, three tensions cut
against each other: equity-of-access (institutional licensing) versus
equity-of-assessment (detection regimes that misfire on non-native En-
glish writers); faculty autonomy versus institutional risk management
on syllabus-level AI policy; and the [15] call for principled practice ver-
sus the operational reality that practice is being set by whichever ven-
dor signs first. These are not tradeoffs that resolve through a strategic
plan. They require standing governance — the kind that meets after
the contract is signed, not before.

References

1. 90% Of Faculty Say AI Is Weakening Student Learning: How
Higher Ed Can Reverse It

2. Adelphi University accused a student of using Al to ... - Newsday

3. AI Detection Lawsuits: Every Student Case, Outcome, and What
the Data Shows

4. The Al-Native Graduate: Redefining What a University ...

5. Future Shock

6. Generative Al Can Harm Learning

7. Half of Colleges Don’t Grant Students Access to Gen Al Tools
8. TA et grandes écoles : quand un algorithme d’admission ...

9. Natural language processing for social good: Where we are, what is
missing, and where we should go

10. Pereza metacognitiva y descarga cognitiva en la era de la TA gen-

erativa

11. PROOF POINTS: Asian American students lose more points in
an Al essay grader

12. Risk, Retention, and the Algorithmic Institution
13. PDF hai.stanford.edu

14. PDF La llegada de la IA a la educacién superior en Iberoamérica:
Un mapa ...

15. The Castlereagh Statement gives us direction on Al

[15] Castlereagh Statement’s

10


https://blog.aare.edu.au/the-castlereagh-statement-gives-us-direction-on-ai-now-we-need-to-talk-about-practice/
https://blog.aare.edu.au/the-castlereagh-statement-gives-us-direction-on-ai-now-we-need-to-talk-about-practice/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://www.forbes.com/sites/avivalegatt/2026/01/27/90-of-faculty-say-ai-is-weakening-student-learning-how-higher-ed-can-reverse-it/
https://www.newsday.com/long-island/education/adelphi-university-ai-plagiarism-lawsuit-oh07enyz
https://detectiondrama.com/ai-detection-lawsuits/
https://detectiondrama.com/ai-detection-lawsuits/
https://www.linkedin.com/pulse/ai-native-graduate-redefining-what-university-education-mishra-anhnc
https://scale.stanford.edu/ai/repository/generative-ai-can-harm-learning
https://www.insidehighered.com/news/tech-innovation/artificial-intelligence/2025/04/21/half-colleges-dont-grant-students-access
https://www.veia.ai/blog/ia-gouvernance-enseignement-superieur.html
https://www.cambridge.org/core/journals/natural-language-processing/article/natural-language-processing-for-social-good-where-we-are-what-is-missing-and-where-we-should-go/9E06C5A3B964A637E745AE6FAB2EE7DC
https://www.cambridge.org/core/journals/natural-language-processing/article/natural-language-processing-for-social-good-where-we-are-what-is-missing-and-where-we-should-go/9E06C5A3B964A637E745AE6FAB2EE7DC
https://www.scielo.org.mx/scielo.php?script=sci_arttext&pid=S2007-50572025000400006
https://www.scielo.org.mx/scielo.php?script=sci_arttext&pid=S2007-50572025000400006
https://hechingerreport.org/proof-points-asian-american-ai-bias/
https://hechingerreport.org/proof-points-asian-american-ai-bias/
https://utppublishing.com/doi/abs/10.3138/cpp.2025-030
https://hai.stanford.edu/assets/files/ai_index_report_2026.pdf
https://oei.int/wp-content/uploads/2026/01/la-llegada-de-la-ia-a-la-educacion-superior-en-iberoamerica-final-1.pdf
https://oei.int/wp-content/uploads/2026/01/la-llegada-de-la-ia-a-la-educacion-superior-en-iberoamerica-final-1.pdf
https://blog.aare.edu.au/the-castlereagh-statement-gives-us-direction-on-ai-now-we-need-to-talk-about-practice/

16. Tutor CoPilot: A Human-AI Approach for Scaling Real-Time
Expertise

11


https://nssa.stanford.edu/sites/default/files/Tutor%20CoPilot.pdf
https://nssa.stanford.edu/sites/default/files/Tutor%20CoPilot.pdf

	Executive Summary
	Leadership Brief: The Access Paradox Your Policy Has to Survive
	Critical Tension
	The Strategic Dilemma
	Why Peer Institutions Aren't Helping
	What Complicates Navigation
	Actionable Recommendations
	Supporting Evidence
	Evidence Landscape
	Stakeholder Perspective Gaps
	Documented Failure Patterns
	Power and Framing Analysis
	Research Gaps Affecting Strategy
	Secondary Tensions
	References

