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Supporting Evidence

Evidence Landscape
The analysis examined 724 articles on AI in higher education from

a total corpus of 1,617 sources, representing a comprehensive scan of
current discourse during November 18-24, 2025. The evidence base
reveals significant methodological variation, from controlled experi-
ments like [4] to institutional policy frameworks such as [10]. While [4] AI tutoring outperforms in-class

active learning: an RCT ... - Nature
[10] Toward an AI-Ready University -
University of Toronto

the volume of sources suggests robust engagement with AI adoption,
the quality remains uneven—many articles focus on implementation
mechanics rather than longitudinal impact assessment or critical ex-
amination of underlying assumptions about learning and knowledge
production.

This evidence can reliably inform decisions about technical inte-
gration and immediate classroom applications, as demonstrated by
practical guides like [7]. However, the evidence cannot adequately ad- [7] Clemson introduces new AI micro-

credential program for ...dress questions of long-term cognitive impact, authentic assessment
of AI-mediated learning, or the transformation of academic disciplines
themselves. Most critically, the research lacks sufficient data on how
AI systems reshape fundamental academic practices beyond surface-
level efficiency gains.

Stakeholder Perspective Gaps
The evidence base contains no documented perspectives from key

stakeholder groups, representing a complete absence of critical voices
in shaping institutional AI strategy. Without student perspectives
on cognitive load, learning preferences, or ethical concerns, policies
risk misalignment with actual educational needs. The absence of staff
voices—from IT administrators managing infrastructure to teaching
assistants navigating AI-generated submissions—creates blind spots in
implementation planning. This systematic exclusion undermines both
policy legitimacy and practical effectiveness, as decisions made with-
out stakeholder input often face resistance, workarounds, or outright
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failure during implementation.

Documented Failure Patterns
While the dataset identifies no specific failure patterns in the pro-

vided evidence, several articles hint at emerging concerns. [6] docu- [6] ChatGPT: The End of Online
Exam Integrity? - MDPIments assessment validity threats, while [2] warns of cognitive depen-
[2] Addressing Overreliance on AI |
Springer Nature Link (formerly ...dency risks. The research on [5] reveals performance inconsistencies in
[5] Can ChatGPT-4o Really Pass
Medical Science Exams? A Pragmatic
Analysis ...

high-stakes contexts. These scattered warnings suggest three failure
categories requiring systematic investigation: ethical failures (academic
integrity violations), implementation failures (technical integration
problems), and pedagogical failures (reduced critical thinking skills).
The absence of comprehensive failure documentation itself represents a
critical gap—institutions cannot manage risks they haven’t systemati-
cally studied.

Power and Framing Analysis
The evidence reveals AI-education discourse dominated by technol-

ogy providers and institutional administrators, with minimal repre-
sentation from educators or learners. The pervasive ”tool” metaphor,
evident across policy documents like [11], frames AI as neutral instru- [11] Un cadre australien pour l’IA

dans l’enseignement supérieur : entre
...

ments rather than active agents reshaping educational relationships.
This framing obscures how AI systems embed particular pedagogical
assumptions, redistribute cognitive labor, and alter power dynamics
between students and institutions. Credit for educational improve-
ments flows to AI developers and early-adopting institutions, while
blame for failures typically targets individual educators’ ”resistance”
or students’ ”misuse”—a pattern that deflects scrutiny from systemic
design choices.

Research Gaps Affecting Strategy
Leadership requires evidence on long-term learning outcomes, trans-

ferable skill development, and AI’s impact on academic integrity
culture—none adequately addressed in current research. Critical ques-
tions remain unanswered: How do AI-mediated learning experiences
affect deep understanding versus surface pattern recognition? What
happens to academic disciplines when AI can generate disciplinary
artifacts? Studies like [8] begin addressing cognitive diversity but lack [8] Rethinking AI Literacy in Higher

Education: Cognitive Modes,
Metacognition, and Neurodiversity

the longitudinal scope needed for strategic planning. Without this
evidence, institutions make irreversible infrastructure and curricular
decisions based on speculation rather than demonstrated impact.
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Secondary Tensions
Beyond primary adoption debates, the evidence reveals unresolved

tensions between standardization and personalization, efficiency and
reflection, access and quality. [9] demonstrates how AI systems create [9] The Social Blindspot in Human-AI

Collaboration: How Undetected AI
Personas Reshape Team Dynamics

new forms of social complexity in collaborative learning. The push
for rapid AI literacy, exemplified by [1], conflicts with calls for critical [1] 2026 : la vague des cours d’IA

gratuits de Microsoft, Google ...engagement found in [3]. These tensions cannot be resolved through
[3] AI policy in higher education
through an ecopedagogical frame

simple trade-offs but require fundamental reconsideration of educa-
tional values and institutional priorities.
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